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Abstract
It is well known that politicians speak differently when campaigning. The shadow of elections may affect
candidates’ change in tone during campaigns. However, to date, we lack a systematic study of the changes
in communication patterns between campaign and non-campaign periods. In this study, we examine the
sentiment expressed in 4.3 million tweets posted by members of national parliaments in the EU27 from
2018 to 2020. Our results show that (1) the opposition, even populists and Eurosceptics, send more posi-
tive messages during campaigns, (2) parties trailing in the polls communicate more negatively, and (3)
that the changes are similar in national and European elections. These findings show the need to look
beyond campaign times to understand parties’ appeals and highlight the promises of social media data
to move beyond traditional analyses of manifestos and speeches.
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Political debate constitutes a cornerstone of democratic societies. The tone set by political elites in
their rhetoric plays an important role in this debate. For example, the sentiment and emotions
that politicians and parties convey during electoral campaigns affect how voters react to their
message (see, for example, Kosmidis et al. 2019; Ridout and Searles 2011). Negativity during cam-
paigns is also known to draw more media attention to political actors (Maier and Nai 2020), and
it has been linked to increased affective polarization (Marchal 2022). Crabtree et al. (2020) were
among the first to investigate the strategic usage of sentiment in campaign communication cross-
nationally, using a sample of electoral manifestos from eight European countries. Their results
suggest that political and structural factors affect parties’ sentiment: poor economic performance
makes everyone use more negative language, although the effect is less intense for incumbents,
and extreme parties tend to be more negative overall.

While there is increasing attention from scholars to estimate and explain the emotive rhetoric
of politicians, this knowledge is usually limited to specific campaign periods (see, for example,
Crabtree et al. 2020; Ridout and Searles 2011), communication in parliamentary arenas
(for example, Louwerse et al. 2021; Osnabrügge, Hobolt, and Rodon 2021; Proksch et al. 2019;
Schwalbach 2022), or high-profile political statements or speeches by political leaders (for
example, Ceccobelli 2018; Kosmidis et al. 2019). In contrast, we know little about how parties
modify their sentiment in pre- and post-election periods. This is because campaigns are
exceptional times and short-lived, while post-electoral times comprise most of parties’ commu-
nication. This study proposes a new way to measure party sentiment using Twitter data

© The Author(s), 2023. Published by Cambridge University Press. This is an Open Access article, distributed under the terms of the Creative
Commons Attribution licence (http://creativecommons.org/licenses/by/4.0/), which permits unrestricted re-use, distribution and reproduction,
provided the original article is properly cited.

British Journal of Political Science (2024), 54, 339–354
doi:10.1017/S0007123423000169

https://doi.org/10.1017/S0007123423000169 Published online by Cambridge University Press

https://orcid.org/0000-0001-9363-4704
https://orcid.org/0000-0002-2444-7486
https://orcid.org/0000-0002-6130-6498
mailto:b.paula.castanho.e.silva@fu-berlin.de
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1017/S0007123423000169


cross-nationally, which allows us to answer hitherto unresolved questions with regard to the effect
of party competition dynamics, ideology, changing popular support, and the importance of elec-
tions. We do so using a novel dataset that references all tweets by every member of a national
parliament in the EU27 between February 2018 and February 2020.1 As seventeen national elec-
tions took place in EU member states during this period, in addition to the European Parliament
elections, we are able to compare parties’ sentiment during campaign and non-campaign times.

We find that the strategic constraints identified by Crabtree et al. (2020) hold: incumbents are
generally more positive than the opposition, while extreme and populist parties are more nega-
tive. We also find that the government and opposition are closest in terms of sentiment in elect-
oral campaigns, with governing parties exhibiting a more negative tone than usual, while
opposition parties usually become more positive. This finding holds even for populist and
Eurosceptic opposition parties, who are generally more negative than other party families but
who also become more positive during electoral campaigns. Finally, we also find that politicians
belonging to parties that are polling badly are more negative than those whose party is polling
well.

Results also indicate that the effects of these contextual factors are the same in both national
and European campaigns, which suggests that politicians’ change in communication during the
2019 European Parliament elections followed the same pattern as that of national elections, show-
ing the increased importance of the European elections against what would be expected by the
second-order model. These findings help us better understand how political communication
changes when elections approach and highlight the need to look at politics during ‘regular
times’ to better understand political actors’ strategic use of sentiment.

The Tone in Political Communication
Emotive appeals are effective ways of (de)mobilizing electorates and influencing political attitudes
and behaviour (see, for example, Lau, Sigelman, and Rovner 2007; Marcus 2000; Utych 2018). An
extensive literature has looked at the effects of negative campaigning by parties and politicians on
political attitudes and behaviour, including, for example, turnout (Kahn and Kenney 1999;
Wattenberg and Brians 1999) and candidate evaluations (see, for example, Fridkin and Kenney
2011; Krupnikov and Piston 2015). This focus is warranted given the negativity bias in news pro-
cessing: people pay more attention to and engage more with negative news than positive ones
(Hansen and Pedersen 2008; Soroka 2006). Therefore, it is unsurprising that political actors delib-
erately modulate their tone depending on the prevailing political circumstances.

Crabtree et al. (2020) were among the first to investigate the patterns of negative and positive
tones in partisan campaign communication across countries, looking at electoral manifestos from
eight European democracies between 1980 and 2012. Based on retrospective voting theories, they
find that governing parties, particularly prime minister (PM) parties, communicate more posi-
tively and that extremist parties are the most negative. This finding aligns with the idea that par-
ties try to frame the world in a way more advantageous to them: incumbents praise their record
and paint a rosy scenario under their rule. At the same time, the opposition and extremists want
to portray the state of the world more negatively and highlight a need for change. However,
Crabtree et al. (2020) also find that parties in democracies are limited in their depictions: object-
ive economic conditions moderate the effects of political variables. When the economy performs
poorly, all parties – including incumbents – communicate with a greater negative sentiment.

During non-campaign times, researchers examined sentiment in parliamentary arenas to inves-
tigate legislative conflict across several European countries and found that opposition parties were
consistently more negative than governing ones (see, for example, Castanho Silva and Proksch

1We stop the analysis at the start of the Covid-19 pandemic to not confound pandemic effects with sentiment during
‘regular’ times.
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2022; Proksch et al. 2019; Rheault et al. 2016). Post-election, the role of the opposition is to critique
the government. Naturally, this will make its communications increasingly negative. Conversely, gov-
ernments use highly positive language to praise their bills and proposals. However, these studies look
only at the campaign or non-campaign times. Therefore, it is reasonable to expect systematic differ-
ences from one period to another, which we investigate in this study. Specifically, we expect three
dimensions related to a party’s sentiment change: status, ideology, and popular support.

Government vs Opposition Dynamic

Crabtree et al. (2020) argue that retrospective voting influences how parties use sentiment during
campaigns: government parties are more positive in their attempt to draw attention to their good
record in office, while opposition parties are more negative and try to show how the government
failed its citizens. Dolezal et al. (2018) also found this clear split when examining manifestos from
Austria, where governing parties consistently show fewer attacks on opponents than the oppos-
ition. One problem of focusing exclusively on campaigns is that it does not provide a baseline
against which party tone can be compared. Before an election, even some of the most critical
opposition parties will run on something other than an anti-government platform. Instead,
they praise their policies or candidates, being comparatively more positive than when the election
was far off the horizon. Because they wish to woo voters with positive prospects in case they get
elected, the prospective voting theory would suggest that opposition parties become more positive
during electoral campaigns. Conversely, governing parties criticize the opposition during electoral
campaigns, highlighting the risks associated with a potential government led by their opponents.2

Our second expectation is that government parties become more negative during campaign times
than non-campaign ones. In sum, our hypotheses are as follows:

H1: Opposition parties are more positive during campaign than non-campaign times.

H2: Governing parties are more negative during campaign than non-campaign times.

Party Ideology

Previous studies have not found an association between left-right ideology and sentiment (see, for
example, Castanho Silva andProksch 2022; Crabtree et al. 2020; Proksch et al. 2019), but there are spe-
cific aspects of a party’s discourse, which should be associated with a more or less positive tone. First,
there is evidence that populist politicians use more negative emotions in their communication
(Widmann 2021), which is driven by the nature of populist discourse. It inherently contains an anti-
elite element which is necessarily oppositional or confrontational (Mudde 2004). Populists consist-
ently rally against someone or something, be it the current government or international and supra-
national organizations (Mudde and Kaltwasser 2017). Along this line, given that our case study
includes EU member states, almost every populist party is also Eurosceptic (Meijers and Zaslove
2021). These two discourses correlate highly because the EU becomes a scapegoat for the perfect
unaccountable elite for populist discourse (Castanho Silva and Wratil 2023; Taggart 2017).
Moreover, Eurosceptic parties generally communicate with more negative sentiments (Castanho
Silva and Proksch 2022; Nai et al. 2022). Therefore, our third and fourth hypotheses are the following:

H3: The more populist a party is, the more negative its tone.

H4: The more Eurosceptic a party is, the more negative its tone.

2Note that Ceccobelli (2018), looking at the personal Facebook pages of thirty-nine national leaders, find that they do not
get more negative during campaigns.

British Journal of Political Science 341

https://doi.org/10.1017/S0007123423000169 Published online by Cambridge University Press

https://doi.org/10.1017/S0007123423000169


We do not expect a different tone between campaign and non-campaign periods for populist par-
ties. Populist parties in government adopt what has been called a ‘permanent campaign’
(Conaghan and De la Torre 2008; Taggart and Kaltwasser 2016), whereby instruments such as
referenda or national consultations are used often to keep political disputes at a constant confron-
tational level. While populists in power use these instruments, such discourse throughout the
electoral cycle should be observed by all populists. Therefore, our fifth hypothesis is:

H5: Populist parties show no difference in sentiment between electoral and non-electoral
periods.

Party Support

Findings in US politics indicate that a positive tone can attract voters for one’s party, while a
negative tone is used to demotivate their opponent’s voters (Harrington and Hess 1996;
Skaperdas and Grofman 1995). This causes trailing candidates, who appear to be failing to attract
voters to their cause, to increase negative attacks to reduce the appeal of their opponents (Auter
and Fine 2016), while negative ads have been found to become more frequent as an election
draws near (Damore 2002). This is the ‘desperation’ mode identified by Hassell (2021). In an
experiment, campaign operatives are more likely to recommend negative advertising when they
are told the candidate is behind in the polls. Focusing on the Danish case,
Elmelund-Præstekær (2008, 2010) also find that parties with a prospect of electoral failure
have more negative ads. Our sixth hypothesis is thus:

H6: Politicians from parties polling poorly are more negative than those from parties polling better.

However, not all parties are in desperation mode. Government parties leading in the polls might
have more to gain from going negative than remaining positive. This process would be due to the
higher credibility of negative ads by leading candidates: voters can tell the desperation from a
trailing opposition party that goes negative before an election. For instance, among a sample
of Taipei voters, Chou and Lien (2010) find that negative ads sponsored by a leading or incum-
bent candidate generate more positive responses than negative ads by trailing or opposition can-
didates. We, therefore, test an interaction between polling and party status in hypothesis seven:

H7: Politicians from governing parties that are polling well are more negative.

National vs European Elections

Finally, we embed our study into the multi-level nature of European elections. While campaign
tone is often studied for singular elections, an obvious connection might exist between
national politics and European elections. Our data allow us to examine whether politicians
change their tone for European elections as they do during national elections since the
European Parliament elections took place in the middle of our study (May 2019). The
second-order election model for European Parliament elections is well-established (Hix and
Marsh 2007; Reif and Schmitt 1980; Reif, Schmitt, and Norris 1997), and it states that in
European elections voters make decisions based on domestic political considerations. The elec-
tions serve as an opportunity to retrospectively evaluate the national incumbent’s performance
(Hix and Marsh 2007; Hobolt and Wittrock 2011; Marsh 1998) rather than as a dispute over
European issues. While there has been an increase in the salience of European integration in
national political disputes (Hooghe and Marks 2018), the main drivers of voting behaviour in
the 2019 European parliament elections were still government approval and left-right positions
rather than EU integration preferences (Plescia, Wilhelm, and Kritzinger 2020). If so, the logic
we presented for H1 and H2 should not apply to European Parliament elections. Opposition

342 Bruno Castanho Silva et al.

https://doi.org/10.1017/S0007123423000169 Published online by Cambridge University Press

https://doi.org/10.1017/S0007123423000169


parties should remain negative, as that election would be fought to evaluate the national govern-
ment without the need to propose alternatives. The government should, therefore, retain positive
communication. This is our final hypothesis:

H8: Politicians from government or opposition parties do not change their tone during the
European Parliament election campaign in relation to non-EP-campaign times.

Sentiment on Twitter
We analysed a dataset of 4.3 million tweets posted by all members of national parliaments from
all 27 EU countries between February 2018 and February 2020. We compiled a list of Twitter
handles for all MPs who held an account on February 2018. We subsequently updated this to
reflect the newly-elected MPs, in any election, until February 2020. The final list included
4,352 MPs. Tweets were downloaded in real time with the streamR package for R (Barbera
2018).3 While we also collected data from the UK, political debates in the UK during this period
were dominated by Brexit, which happened during our time frame. Due to that, and our partial
focus on EU integration for some hypotheses, we removed British MPs from the analysis to avoid
bias in the results since they were numerous and very active on Twitter, constituting up to 20 per
cent of the sample of tweets. Nevertheless, we present the results in the Online Appendix with
British MPs included, and all substantive findings hold.

We group all tweets by each MP into two-week intervals and estimate the sentiment in each
two-week bloc per MP using the Lexicoder Sentiment Dictionary (Young and Soroka 2012),
translated into all official EU languages by Proksch et al. (2019). This is a list with (originally)
6000 + terms that convey either a positive or a negative tone. Next, the sentiment for each MP
is calculated as the ratio of the sum of positive terms divided by the sum of negative terms
they used so that more positive values denote more positive sentiment. The sentiment is grouped
into two-week periods, allowing us to observe a minimum number of posts by each MP without
averaging over too long a period, making it possible to capture longitudinal trends.4

To validate this estimate, we sampled almost 6,000 tweets from the seventeen countries that had
national elections and asked two coders to classify the tone expressed in each tweet as positive, neu-
tral, or negative. We then aggregated the hand-coded scores up to the MP two-week level used for
the analysis to evaluate the accuracy of the dictionary measure. The F1 score, a standard measure in
machine learning to evaluate the accuracy of classifiers ranging from 0 to 1, was 0.75, indicating a
high degree of accuracy of the dictionary sentiment measure compared to hand coding. All details
about the sampling and coding process can be found in the Online Appendix.

To illustrate what is captured as sentiment, we selected as examples tweets classified in each
category. Two with clearly negative tones are:

The Prime Minister’s Brexit negotiating strategy has been a disaster. From day one,
@Theresa_may has looked incapable of delivering a good deal for Britain – Jeremy
Corbyn, 21/09/2018.

The tragic loss of life and destruction caused by the flooding in Pakistan is heartbreaking – my
thoughts go out to everyone affected. The government must now provide urgent humanitarian
support, and we must take action to prevent further devastation caused by climate change –
Keir Starmer, 31/08/2022.

3Table A.12 in the Online Appendix shows descriptives by country, including the number of MPs on Twitter and the num-
ber of tweets they posted.

4MPs who did not tweet in a two-week period are not included in the models since missing data is dealt with listwise
deletion. That drops the final sample of analysis to 3,656 MPs for the final models.
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We note that one is a clear criticism of their political opponents and their policies. At the same
time, the other refers to a tragic event without the tone being related to the mention of political
competitors. Two typical examples of positive tweets are the following; one with a positive tone to
announce a daily activity and the other praising the government’s actions:

Morning folks! Fantastic coffee to start day two of our campaign – Boris Johnson, 07/11/2019

Announcing new licensing laws today with @HMcEntee @cathmartingreen and
@McConalogue: good for hospitality businesses, will boost the experience economy, and create
jobs. Will also improve cultural and entertainment offerings in our towns, cities and rural
areas – Leo Varadkar, 25/10/2022

As these examples show, tone is not necessarily related to specific issues. Golbeck, Grimes, and
Rogers (2010) pointed out that most politicians’ social media communication is used to broadcast
their daily activities and spread news about themselves, which is seen here.

Pre- and Post-Electoral Periods

The distinction between pre- and post-electoral periods, our main independent variable, is done
sequentially. When there was an official date to start the electoral campaign, we used the period
between that date and election day. However, there is no official starting date for cases where elec-
tions are fixed, so we considered the three months before election day as the campaign period.
Across countries, this constitutes a period when campaigns are the most intense. The overview
of all countries with election dates can be found in Fig. 1. The subsequent analysis does not
include Hungary, Italy, and Slovenia in the list because the elections happened shortly after
the data collection began. In addition, several sitting MPs appear in the data for a very short
time, meaning we cannot see how they changed their behaviour during pre-electoral times.

Figure 2 shows the evolution of sentiment over time, centred around the timing of the national
election – at zero for each country – at the top and the EU elections at the bottom. In general,
governing parties, both that of the prime minister and coalition partners, are more positive than
the opposition. Still, this difference is reduced shortly before an election takes place – a pattern

Figure 1. Overview of call for election and election dates.
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observed in relation to national and European elections. However, we note that these are simple
averages across these parties without controlling for other factors. Moreover, the national election
results could lead parties to change their government status post-election, suggesting that these
results serve only as a first indication.

Independent Variables and Model

We model the data using a longitudinal within-person multi-level model where the lowest obser-
vation unit is an MP-period (two weeks), with random intercepts that vary at the MP, party, and
country levels. The models allow the slope of time (our two-week period predictor) to vary across
MPs since it would be a strong assumption that this constitutes a fixed effect. It would mean that

Figure 2. Sentiment relative to national (top) and EU (bottom) elections.
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all MPs become more positive/negative at the same rate over time, all of the time. Further, the
models include an autoregressive covariance structure to account for the temporal residual cor-
relation (AR1, Pinheiro and Bates 2006). This is necessary because, in multi-level models, we
assume that residuals within clusters follow a normal distribution with a mean of 0. In longitu-
dinal data structures, this assumption is likely violated. For example, the residual sentiment for a
given MP’s tweets in December 2018 is probably more similar to the residual sentiment for that
MP’s tweets in November 2018 than in February 2020. We thus specify an error covariance struc-
ture to account for this temporal autocorrelation in the residuals.5 The dependent variable is sen-
timent in MPs’ tweets group-mean centred at the country level, meaning the country average is
set to 0 and the standard deviation to 1. We take this standardized measure because our primary
interest is in longitudinal changes within the country. Moreover, we do not have a substantive
interest in differences in sentiment across countries, which may be due to linguistic differences.
Therefore, we do not consider any substantive country-level predictors.6

To test Hypotheses 1 and 2 on party status, we use data from ParlGov (Döring and Manow
2012). Parties are split into the opposition, PM, and junior coalition partners. Next, for hypoth-
eses on party ideology (H3, H4, and H5), we use data from the Chapel Hill Expert Survey (CHES,
Polk et al. 2017). Finally, we use the general left-right scale (from 0 = left to 10 = right);
anti-elitism salience as a proxy for populism, where 0 indicates that anti-elite discourse is not
salient at all for a party and 10 indicates high salience;7 and the EU position (where 0 =
anti-EU and 7 = pro-EU integration).

To test the hypotheses on polling trends (H6 and H7), we take data from Europe Elects
(europeelects.eu), which compiles polls for all EU countries. Since the data contains several
surveys, including fieldwork timing, we take the average party support across all surveys in
each period as the level of electoral support during that moment. From that, we built a binary
indicator based on whether the party at the time of measurement was outperforming their last
electoral result (1) or underperforming it (0). While this approach needs more information, it
is the most parsimonious and comparable across countries and parties. Looking at absolute
numbers would muddle the fact that percentage differences may mean very different things
across electoral systems.

Results
The results from our models for national elections are in Table 1. These are restricted to the
seventeen countries that held a national election between 2018 and 2020.8 Model 1 corroborates
that governing parties communicate more positively. The coefficient for PM parties is + 0.29
(SE = 0.02) and that of junior coalition partners + 0.21 (SE = 0.02), with the opposition as the ref-
erence category. This was expected from the literature on sentiment in party communication. The
same is true for the effects of the squared term for parties’ left-right ideology. We observe an
inverted U-shaped relationship where centrist parties are more positive, while both left and

5The error covariance matrix can have different forms. For example, an AR1 structure defines two parameters in the diag-
onal, which is the residual variance for each time in point and is the same for all, and ρ, which is a parameter that determines
by how much the covariance between residuals diminishes as time points are further from one another, whereby 0 < ρ < 1.
Theoretically, this structure is sensible in that residuals should correlate across time points closest to each other and gradually
less so as more time passes between periods of tweets. In the Online Appendix, we alternatively tested two other structures,
linear and compound symmetry. Substantive results are the same, but the AR1 structure gives a better model fit based on AIC
and BIC.

6Crabtree et al. (2020) find that economic factors impact sentiment. However, their analysis period comprises several dec-
ades, while ours lasts only two years but with a much more fine-grained resolution. Most economic indicators they look at,
such as inflation or growth, have little meaningful variation across our countries within such a short time.

7This variable has a high correlation with other measures of populism, such as that by Meijers and Zaslove (2021).
8Spain held two national elections during this time.
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right extremes are mostly negative. All of these effects are robust across all models, regardless of
other controls or interactions.

Turning to campaigns, still using Model 1, we observe a positive effect (β = +0.07, SE = 0.01),
whereby communication is generally more positive during electoral campaigns than post-election
periods. Next, we notice evidence favouring H6. Politicians from parties polling better than their
last electoral result are indeed more positive (β = +0.03, SE = 0.01). This effect does not change as
we add more controls or interactions in Models 2–5.

Model 2 introduces interactions between campaign times and other political factors to see how
communication changes between periods. We observe a significant effect on the interaction with
junior partners, but for PM parties the sentiment difference between them and the opposition
gets smaller during campaigns. We visualize those effects in the upper panel of Fig. 3. It
shows that the effect is driven mainly by opposition parties being more positive during campaign
times in favour of H1, while PM parties are only a bit more negative during campaigns, which is
evidence against H2. None of the other interactions is significant, indicating that (1) polling
trends continue to have a generally positive effect, which does not change during campaigns,
and (2) extremist parties continue to be more negative than centrist ones during electoral
campaigns.

The top panel in Fig. 3 shows how, during electoral campaigns, opposition sentiment is, on aver-
age, positive (above 0), while it is generally negative (below 0) during non-electoral periods. This
indicates a substantive shift between the two. Compared to previous studies, the gap between PM
parties and the opposition is similar to that observed in Proksch et al. (2019, 123), looking at gov-
ernment/opposition sentiment in parliamentary speeches from seven countries (their coefficient for
PM parties is 0.19).

Table 1. Sentiment on Tweets between 2018 and 2020

Model 1 Model 2 Model 3 Model 4 Model 5

Intercept −0.70 (0.10)*** −0.71 (0.10)*** −0.73 (0.10)*** −0.44 (0.12)*** −0.86 (0.10)***
Time 0.00 (0.00) 0.00 (0.00) 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)
Campaign 0.07 (0.01)*** 0.12 (0.07) 0.13 (0.07) 0.11 (0.09) 0.14 (0.08)
Junior partner 0.21 (0.02)*** 0.22 (0.02)*** 0.21 (0.03)*** 0.22 (0.02)*** 0.22 (0.02)***
PM party 0.29 (0.02)*** 0.31 (0.02)*** 0.34 (0.02)*** 0.31 (0.02)*** 0.32 (0.02)***
Positive polling trend 0.03 (0.01)** 0.03 (0.01)** 0.05 (0.01)*** 0.03 (0.01)** 0.03 (0.01)**
Left-right 0.23 (0.04)*** 0.23 (0.04)*** 0.24 (0.04)*** 0.19 (0.04)*** 0.13 (0.04)**
Left-right squared −0.02 (0.00)*** −0.02 (0.00)*** −0.02 (0.00)*** −0.02 (0.00)*** −0.01 (0.00)*
Campaign × Junior partner –0.06 (0.05) –0.01 (0.06) –0.07 (0.05) –0.06 (0.05)
Campaign × PM party −0.15 (0.03)*** −0.17 (0.04)*** −0.15 (0.03)*** −0.15 (0.03)***
Campaign × Positive polling −0.04 (0.02) −0.04 (0.03) −0.04 (0.02) −0.04 (0.02)
Campaign × Left-right –0.01 (0.03) –0.02 (0.03) –0.01 (0.03) –0.00 (0.03)
Campaign × Left-right squared 0.00 (0.00) 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)
Positive polling × Junior partner 0.01 (0.03)
Positive polling × PM party −0.07 (0.02)**
Positive polling × Junior partner × Campaign –0.20 (0.11)
Positive polling × PM party × Campaign 0.03 (0.06)
Populism −0.04 (0.01)***
Populism × Campaign 0.00 (0.01)
EU position 0.06 (0.02)***
EU position × campaign –0.01 (0.01)

AIC 200, 029.34 200, 028.38 200, 041.17 200, 033.83 200, 031.77
BIC 200, 204.50 200, 249.63 200, 299.28 200, 273.52 200, 271.46
Num. obs. 74, 517 74, 517 74, 517 74, 517 74, 517
Num. groups: MPs 2, 719 2, 719 2, 719 2, 719 2, 719
Num. groups: Parties 125 125 125 125 125
Num. groups: Countries 17 17 17 17 17

***p < 0.001; **p < 0.01; *p < 0.05.
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Moving on to Model 3, we look at how public opinion support in polls relates to the discourse
of governing and opposition parties. Again, there is a negative significant effect in the interaction
between polling and PM parties (β =−0.07, SE = 0.02), indicating that under positive polling, the
gap in sentiment between PM parties and the opposition is narrower. The bottom panel in Fig. 3
shows this is due to the opposition being more positive and the PM party tweeting more nega-
tively when polling favourably. Again, this is in line with H7, which expects that politicians from
governing parties that poll well are more negative. However, these effects do not change between
campaigns and regular legislative times.

Finally, the last two models take populism and Euroscepticism into account. Since these two
are highly correlated, we do not have them in the same model due to multi-collinearity.
Nevertheless, the effects are in the hypothesized directions. Parties for whom the

Figure 3. Selected Interactions from Models 2 and 3 in Table 1.
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people-versus-elite rhetoric is more salient are more negative (β =−0.04, SE = 0.01, Model 4),
while those with more pro-EU positions have more positive discourse (β = +0.06, SE = 0.02,
Model 5). These findings support H3 and H4, which states that populists and Eurosceptics are
generally more negative. National campaigns do not change that picture. Populists and
Eurosceptics become more positive at the same rate as non-populists and pro-European parties.
Therefore, this is evidence against H5 – those parties might be running permanent campaigns,
but even they become more positive during the campaign period. These effects are visualized
in Fig. 4.

Lastly, we turn to Table 2, which models the effect of the EU campaign period on sentiment in
MPs’ tweets. We include all twenty-seven EU countries for these models. In Model 1, many find-
ings from national campaigns in the seventeen countries are replicated. For example, governing

Figure 4. Selected Interactions from Models 4 and 5 in Table 1.
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parties are significantly more positive than the opposition, pro-European parties are more positive,
and there is a significant quadratic term for left-right orientation, meaning that extreme parties on
both the left and right are more negative.

Turning to the H8 test, the gap in sentiment between PM parties and the opposition becomes
smaller during the EU campaign than during non-campaign periods, the same pattern we
observed for national campaigns. This interaction from Model 2 is visualized in the top panel
of Fig. 5. This is evidence against H8, which theorized that EU elections are second order and
are treated as an evaluation of the performance of the current national government. Therefore,
opposition parties would remain negative, while governing parties would remain positive.
Furthermore, Model 3 shows a significant positive interaction between the parties’ EU position
and the EU campaign dummy, which is visualized in the bottom panel of Fig. 5, the relationship
between sentiment and position on the EU becomes stronger during an EU campaign than in
other periods. This suggests that parties reinforce their EU-related message during the EU cam-
paign, pro-European parties are more positive, and anti-European parties are more negative.
Taken together, these two tests suggest that the 2019 European Parliament elections did not
entirely conform to the second-order election model. The European issue featured more prom-
inently during the EU campaign, even in national politicians’ communications. Those national
politicians who were not running in the EP elections still had a different tone in their tweets,
the same way they did in elections when their offices were at stake.

Robustness Tests

We present a series of robustness tests in the Online Appendix. First, we re-run the models from
Tables 1 and 2, including observations from the UK. All substantive results hold, and coefficients
get even larger, particularly the opposition’s positive shift during electoral campaigns. Second, we
test the models without group-mean centering the sentiment variable at the country-level. In the
main analyses in the paper we centered the dependent variable in order to remove residual vari-
ance that is not of substantive interest, e.g. due to language effects, and also because we do not
have theoretically relevant variables at the country-level to test their effects. Regardless, the results
in the Online Appendix show that our substantive conclusions on the hypotheses tested stay the

Table 2. Sentiment on Tweets between 2018 and 2020

Model 1 Model 2 Model 3

Intercept −0.97 (0.09)*** −0.97 (0.09)*** −0.95 (0.09)***
Time 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)
EU Campaign 0.04 (0.01)*** 0.09 (0.01)*** −0.04 (0.03)
Junior partner 0.22 (0.02)*** 0.23 (0.02)*** 0.23 (0.02)***
PM party 0.30 (0.02)*** 0.33 (0.02)*** 0.33 (0.02)***
Positive polling trend 0.02 (0.01) 0.02 (0.01) 0.02 (0.01)
EU position 0.07 (0.02)*** 0.07 (0.02)*** 0.07 (0.02)***
Left-right 0.15 (0.04)** 0.15 (0.04)** 0.15 (0.04)**
Left-right squared −0.01 (0.00)* −0.01 (0.00)* −0.01 (0.00)*
EU Campaign × Junior partner −0.09 (0.02)*** −0.10 (0.02)***
EU Campaign × PM party −0.14 (0.02)*** −0.13 (0.02)***
EU Campaign × EU position 0.02 (0.01)***
AIC 293, 071.52 293, 036.11 293, 028.61
BIC 293, 263.72 293, 247.52 293, 249.63
Log Likelihood −146, 515.76 −146, 496.06 −146, 491.31
Num. obs. 110, 154 110, 154 110, 154
Num. groups: user_id 3, 661 3, 661 3, 661
Num. groups: group 178 178 178
Num. groups: country 27 27 27

***p < 0.001;**p < 0.01; *p < 0.05.
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same if we run the models with the raw sentiment scores as the dependent variable instead of the
scaled sentiment.

Third, most countries in this sample are multi-party parliamentary democracies where the
period after an election is usually characterized by coalition talks when there is a caretaker gov-
ernment in place. During these times, it is likely that parties who are officially in opposition are
still discussing government formation and may behave differently and communicate more like a
government than an opposition party. Therefore, in the Online Appendix, we re-run the models,
removing periods of caretaker governments. All substantive results hold. Fourth, as mentioned
earlier, we use an AR1 error covariance structure for the temporal residual correlations. In the
Online Appendix, we present results using two alternative structures: linear and compound sym-
metry. The results remain the same with both.

Figure 5. Selected Interactions from Model 3 in Table 2.
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Another modelling choice was the aggregation of MPs’ tweets into two-week intervals. In the
Online Appendix, we show results obtained if MPs’ tweets are aggregated at the a) one-week
and b) one-month period level. All substantive results hold. Finally, we also repeat the main mod-
els using an alternative measure of populism. The CHES measure captures two dimensions of the
concept – anti-elitism and people-centrism – but a significant part of the literature would claim
there are three (Mudde 2004), including the claim of a homogeneous people with a general will.
For that, we also run the models using populism measures from the POPPA dataset (Meijers and
Zaslove 2021), which captures more dimensions, and all results hold.

Conclusion
Ask any politically interested member of the public, and they will tell you that politicians speak
differently when elections are approaching. Moreover, we know from previous literature that the
tone parties and politicians use in their communications influences voters, but there has been no
study to date on how politicians change the tone of their communication during electoral cam-
paigns. Closing that gap was the goal of this study. Using a dataset of 4.3 million tweets by mem-
bers of national parliaments in the EU27 between 2018 and 2020, we find that changes in the
sentiment expressed by MPs follow predictable political factors.

More specifically, opposition MPs, including populists and Eurosceptics, express themselves
more negatively but become more positive when elections are near. These findings show how pre-
vious literature, looking only at campaign material or non-electoral texts, fails to capture this
important dynamic. We also find that parties trailing in the polls tend to be more negative,
which is observed in the US, but for which we had not yet enough evidence in Europe.
Finally, results indicate that changes between campaign and non-campaign times are similar
during both national and European elections. Contrary to what the second-order model would
suggest, national politicians become more positive on social media ahead of European
Parliament elections, much like they do ahead of national elections, in an effort to praise their
co-partisans – and instead of criticizing the government in an effort to make the elections a con-
test of incumbents’ approval.

Our results show how European politicians’ discourse systematically changes when they cam-
paign. This also highlights one of the main promises of social media data over other traditional
sources, such as electoral manifestos or parliamentary speeches. We can capture political dis-
course during different phases of the legislative cycle, including the final moments before a gen-
eral election. This analysis could be expanded in several directions in the future. For example,
much of contemporary political science is dedicated to studying affective polarization. It is
now possible to see how politicians’ tone during campaigns, particularly in social media posts
that mention their opponents directly, is connected to polarization among the public.

Furthermore, the tone may vary across issues, which could be a fruitful avenue for future ana-
lysis. For example, Heidenreich et al. (2020) use sentiment analysis of social media posts to esti-
mate politicians’ positions on immigration, while Castanho Silva and Proksch (2022) do so to
measure Euroscepticism. Future research can look into how politicians change their tone depend-
ing on issues being discussed and further strategic considerations.

For that, the final contribution of this project, the dataset itself, comes in handy. While bound by
the Twitter Terms of Service not to share the full text of individual tweets, the replication files contain
the complete list of all status IDs so that researchers with access to the Twitter API can retrieve all
tweets, as well as the weekly estimates of sentiment in MPs’ tweets. This study shows one example
of how new social media data allows us to test pre-existing theories of political communication at
a much higher resolution than before. Moreover, it opens the door to plenty of new applications.

Supplementary material. The supplementary material for this article can be found at https://doi.org/10.1017/
S0007123423000169.
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