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Abstract

Explicit formulae are derived for the projected gradient vector and trial
dual variables required in the application of Rosen’s method [4] to the
solution of a Minimum Cost Network problem.

1. Introduction
This paper considers mathematical programmes of the form:
Minimize f(x)

subject to:

x;z0; j=1- (k) (1)
k=1,---, K

The components x} of the point x may represent chain flows on a multiple
origin-destination (OD) network. For example, the programme can be
interpreted as the mathematical formulation of a problem of practical
importance in the economic design of alternative routing telephone networks.
For each distinct OD pair k there exist ¢ (k) routes (chains) available to carry
traffic. The equality constraints ensure that the total traffic carried on these
routes is a specified quantity b*. A feasible set of chain flaws on the network
defines a chain flow pattern x, which incurs a corresponding cost f(x). The
problem is to determine a chain flow pattern x* with minimum cost f(x*).
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Applications of the above type [1] give rise to large programmes,
typically 5,000-10,000 variables. The non-linear function f, which represents
the cost of circuits required to give specified OD performances, is a
differentiable function [2] permitting the use of gradient solution methods.

When formulae developed in this paper are incorporated, the Gradient
Projection algorithm becomes a very efficient method for solving the
minimum cost circuit allocation problem for Metropolitan Telephone Net-
works ([1], [3])-

Rosen noted that to make the Gradient Projection method computation-
anty practical for a general problem an efficient computational procedure was
required to find the inverse matrix (NN’)”', where the rows of N are the
gradient vectors of the current active constraints. A new inverse obtained by
adding or deleting rows of N is usually required at each step. Rosen suggested
recursion relations to obtain the new inverse from the old inverse.

For the structured constraints given in (1) it is not necessary to perform
either matrix multiplication or inversion, as both the projected gradient
vector and trial dual variables (see (4)) can be expressed explicitly in terms of
the components of Vf(x).

2. Some properties of projection matrices
The projection matrix
P=1T—-N[NN'1'N 2

projects the vector — Vf(x) into the subspace satisfying the active constraints.
The directions of search in Rosen’s method are provided by the projected
gradient vector

v= — PVf(x). 3

Direct application of (2) and (3) in the projection algorithm is not practical.
Instead a suitable transformation is chosen which gives an equivalent
programme from which v can be deduced in explicit form. Suppose N is an
r X n matrix. It is assumed that N has full row rank (i.e. r < n).

LemMma 1. If T(rXr) is non-singular then TN determines the same
projection matrix as N.

PROOF:
I-(TNY[TN(TN)Y]'TN

= I-N'T(T)'[NN)T'TN
= I-N[NNTJ'N.
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If P,---, P, are projection matrices the transformation P,--- P, Vf(x) is
called a ‘“‘successive projection” of the gradient vector.

LemMaA 2. If the row vectors of N are mutually orthogonal then successive
projection of a vector onto each individual active constraint is equivalent to a
single projection onto the intersection of the active constraints.

Proor: We show that the two matrices transforming the vector are
identical. First consider projection onto the intersection. Let

n,
N=1:
n,
As
nin, =0 (i#]),
NN’ = diag. (n'n,).
Thus

I-N[NNT'N=1-> n (nn)"n,
j=1

The transformation matrix which projects a vector successively onto the r
active constraints is given by

r

[T1=n (min)" m]=1=23 n, (njm)" n)
the terms n,(n), n,) "' n), n,(n'> n>)"" n}; vanishing due to the orthogonality of
distinct vectors n,, n,.

During the application of the projection algorithm whenever v becomes
a null vector it is necessary to examine the trial dual variables, that is the
components of

[NN]' NVf(x). 4)

If each component is non-negative the Kuhn-Tucker optimality conditions
are satisfied and the algorithm terminates. Otherwise, a row of N correspond-
ing to a negative component of (4) is deleted and a new projection matrix
determined. The following lemma is used to obtain explicit expressions for
the trial dual variables in terms of the components of Vf(x).

LemMA 3. If the matrix T(r X r) is non-singular,

[NN']"' N = T'[(TNXTNY]" TN.
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PRroOF:

T'[(TNXTNY]"'TN = T(T)'[NN'|"'(T'T)N =[NN']"'N.

3. The projection vector
Let the component of v corresponding to variable x} be denoted by v}.

THeEOREM: Let p(k) be the number of routes with positive flow between
OD pair k at the current point x, that is

k)
plk)=">, 8t

where
5% = { 1 if x¥>0
! 0 otherwise
then
0 if x'=0,
vk - .
) ok k af(x)_ of(x) otherwise. 5)
(k) =1 ' ,1( 6x',‘

Proor: Suppose the active constraints are

5o

k)

xi=b"; k=1,---,K

1

~
[

xfhi=0
(6)
xp=0.

Clearly an equivalent system of active constraints having the property that the
gradient vectors are mutually orthogonal is given by

i Sk =b*; k=1, K
xip=0
)
xp=0.

The result (5) was obtained by projecting — Vf(x) ‘successively’ onto first the
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active non-negativity constraints and then the new equality constraints in
turn. To verify equation (5) we first show that the transformation of — Vf(x)
to v is a projection.

(P-PYfY: = (P-(— o))t
o)1 L 0f)
=BT T p 2 B e

@ (k)
:k)i ak{ { _—lk-i

X | =

_of(x) 2 ® L of(x)
mmis

axk * axk

X s

nk“

W)

Next, we show that v is orthogonal to the gradlent vectors for the new
constraint set. The case x* =0 is immediate. If x¥ >0 we have

PEES R e ey

Ix

%% }mi&m?

Equations (5) show that the projection algorithm attempts to transfer
flow onto the j’th route for OD pair k if and only if its marginal cost is less
than the average marginal cost for routes with positive flow. On the other
hand, if the marginal cost on some route with positive flow is greater than the
average marginal cost for routes with positive flow then flow is removed.

4. The transformation matrix producing the orthogonalization

Let gq(k)= ¢(k)— p(k), i.e. the number of routes with zero flow for OD
pair k. Suppose that there are g = Z_, q(k) active non-negativity constraints.
We define the matrix
-1 ~-1----1 0 cen
0 0o--- 0 -1 -1---=-1 0
Q(Kxq)=
0 “ee 0 —1----1

with row i having g(i) non-zero elements, each — 1. Then the matrix which
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transforms the constraint set (6) into the orthogonal system (7) is given by
[I(Kx K)l O(K Xq)}
T=|-~=——L___
0(g %K) i I(gxq)

5. Trial dual variables

Consider the active constraint set given by (7). Denote the i’th row of TN

by #.. For the equality constraints it is clear that (A}A,)”" = 1/p (i), whereas for

the active non-negativity constraints (f,7;)"' = 1. From Lemma 2, the compo-
nents of [(TN)(TN)]'TN are of the form (&) i}, thus

p(l) i EY af(x)/ax,

[(TN)YTNY] TNVf(x) = F(lK_) Tﬁo 8% af(x)/axk

=1

af (x)/ox

L af (x)/oxj: ]

By Lemma 3'the trial dual variables for the original constraint set (6) are now
given by
[I(KXK) O(KXq)]

Q'(g XK) I(g %X q) (1)2 81 9f(x)/ax.

af (x)/ax;:
a(1) T

S O )ax:

&(K)

(K) 2 8% af (x)/ax¥

(k)

= | of(x)/oxk — (lk)z 8% af(x)/ax

&(k,)

_af(x)/ax,t-—;ﬁ S, 8% af ()it
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6. Equilibrium conditions

The necessary optimality conditions follow directly from the above
results. Firstly, the vector » is a null vector, hence if x| is positive,

From the non-negativity of the dual variables, if x',‘ =0,

V

f(x)

ax',‘ =p(k) i ' 3x:

It follows that at the optimal point for each OD pair k, there is an ordering of
the component of the gradient vector

of(x)_ofx)_ .. _

Ixf ax) dx

oY
B
A
v
B
A

b
D
=

bl

)

k ’
ax lek)

v

where the routes j,,- - -, j, are those with positive flow.

7. Remark

The above results generalize in a straightforward way to include upper
bounds on the variables and arbitrary coefficients of the variables in the
equality constraints. The inclusion of link capacity constraints introduces
some interesting problems which are currently under consideration.

References

[1} L. T. M. Berry, ‘A mathematical model for optimizing telephone networks’, (Ph.D. Thesis,
University of Adelaide, December 1971).

[2] L. T. M. Berry, ‘An explicit formula for dimensioning links offered overflow traffic’,
Australian Telecommunication Research 8(1) (1974), 13-17.

[3] R. B. Potts and L. T. M. Berry, Adelaide Telephone Network Study, (University of Adelaide
— Australian Post Office Reports, Sept. 1970-Dec. 1971).

[4] J. B. Rosen, ‘The gradient projection method for nonlinear programming, Part 1. Linear
Constraints’, J. Soc. Indust. Appl. Math. 8 (1960), 181-217.

Department of Applied Mathematics,
University of Adelaide,

Adelaide, S.A., 5000,

Australia.

https://doi.org/10.1017/50334270000001119 Published online by Cambridge University Press


https://doi.org/10.1017/S0334270000001119

