
Methods: Based on the literature and expert opinion, we developed a
level of oral health risk model from the claim records of 2019. The
model uses oral outpatient claim data to analyze: (i) the degree of
caries disease; (ii) the level of dental fear or cooperation; and (iii) the
level of tooth structure. Each factor was given a score from zero to
four and a total score was calculated. Low-, medium-, and high-risk
groups were formed based on the total points. The oral health risk
capitation models are estimated by ordinary least squares using an
individual’s annual outpatient dental expenditure in 2019 as the
dependent variable. For subgroups based on age group and level of
disability, expenditures predicted by the models are compared with
actual outpatient dental expenditures. Predictive R-squared and pre-
dictive ratios were used to evaluate the model’s predictability.
Results: The demographic variables, level of oral health risk, pre-
ventive dental care, and the type of dental health care predicted
30 percent of subsequent outpatient dental expenditure in children
with autism. For subgroups (age group and disability level) of high-
risk patients, the model substantially overpredicted the expenditure,
whereas underprediction occurred in the low-risk group.
Conclusions: The risk-adjusted model based on principal oral health
was more accurate in predicting an individual’s future expenditure
than the relevant study in Taiwan. The finding provides insight into
the important risk factor in the outpatient dental expenditure of
children with autism and the fund planning of dental services for
people with specific disabilities.
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Introduction: New methodologies such as machine learning are
becoming widely available and are increasingly used. However, more
guidance on their role in the context of economic evaluations would
be beneficial.
Methods:We developed a machine learning model to predict recur-
rent depressive episodes and incorporated the model outcomes in a
health economic model to assess the cost effectiveness of offering
targeted prevention of recurrent depression. We considered the
impact on cost effectiveness (defined as cost per quality-adjusted
life-year) for machine learning models with different thresholds for
classifying a patient as being at risk, resulting in different precision-
recall pairs.
Results: Targeted prevention of recurrent depression could enhance
the cost effectiveness of depression treatment by preventing a small
number of recurrent depressive episodes in patients where the esti-
mated risk of recurrence is relatively high. More depressive episodes
could be prevented with the trade-off of less cost effectiveness for the
healthcare system.
Conclusions: Health economic modeling approaches can be aug-
mented with machine learning methods, which broadens the areas in
which evidence can be generated for policy makers to base their
budget allocation. The precision of such predictive machine learning

models must be high enough to be able to improve a care-as-usual
healthcare system. Machine learning models generally let you set the
level of precision acquired, at the cost of a possibly low recall, thereby
limiting the impact on the healthcare system as a whole. More and
better data for training these machine learning models will allow
developed models to better distinguish patients who will and won’t
develop a recurrent depressive episode, and for higher recall given a
desired precision threshold. This will translate into amore substantial
improvement in the treatment of depressive disorders in the health-
care system.
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Introduction: The Philippine National Formulary (PNF) System
preceded the health technology assessment (HTA) process in the
Philippines, which was institutionalized in 2019. The transition led to
previously prioritized topics of expert bodies overseeing the PNF
System being endorsed to the HTA Council. However, the advent of
COVID-19 forced the HTA Philippines to focus on emergency
assessment needs and financing recommendations for the national
government, resulting in limited capacity to assess non-public health
emergency topics. To address this and improve patient access to
medicines, we adopted the World Health Organization (WHO)
process for evaluating and selecting medicines in the National Essen-
tial Medicines List (NEML).
Methods: In assessing the pre-pandemic topics, we matched the
population, intervention, comparator, and outcomes of the WHO
clinical evidence reviews with those scoped with relevant stake-
holders and performed local costing analyses to ensure applicabil-
ity of findings to the Philippine setting.When needed, we subjected
the topics to price negotiation or conducted qualitative assess-
ments.
Results: We found the method efficient in expediting the decision-
making process of the HTA Council. However, given the limited
internal capacity of the HTA Philippines to conduct assessments for
all ongoing HTA tracks, some of the topics responsive to Universal
Health Care will be outsourced to the HTA Research Network, which
is yet to be established. There is also a need to improve alignment
among the topics being assessed, since the priorities of the propon-
ents, national health program, and national payer have already
evolved.
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