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Abstract

We consider the stochastic Allen—Cahn equation perturbed by smooth additive Gaussian
noise in a spatial domain with smooth boundary in dimension d < 3, and study the
semidiscretization in time of the equation by an implicit Euler method. We show that the
method converges pathwise with a rate O (At?) for any y < % We also prove that the
scheme converges uniformly in the strong L”-sense but with no rate given.
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1. Introduction

Let D c RY, d <3, bea spatial domain with smooth boundary 94 and consider the
stochastic partial differential equation (SPDE) written in the abstract 1t6 form

du + Audt + fu)dt =dW fort € (0, T1, u(0) = uo, (1.1)

where {W (#)};>0 is an L%(D)-valued Q-Wiener process on a filtered probability space (€2, ¥,
P, {#:}:>0) with respect to the normal filtration {¥7};>0. We use the notation H = LZ(JD) with
inner product (-, -) and induced norm ||-||and V = H(} (D). Moreover, A: V — V’ denotes the
linear elliptic operator Au = —V - (kVu) foru € V, where k (x) > ko > 0is smooth. Asusual,
we consider the bilinear forma: V x V — R defined by a(u, v) = (Au, v) foru,v € V, and
(-, -) denotes the duality pairing of V' and V. We denote by {E(#)};>¢ the analytic semigroup
in H generated by the realization of —A in H with D(A) = H 2D) N HO1 (D). Finally,
f: Dy C H— Hisgiven by (f(u))(x) = F'(u(x)), where F(s) = c(s*> — 2% (c > 0)
is a double well potential. Note that f is only locally Lipschitz and does not satisfy a linear
growth condition. It does, however, satisfy a global one-sided Lipschitz condition, which is a
key property for proving uniform moment bounds.
We consider a fully implicit backward Euler discretization of (1.1) via the iteration

w — w7V AtAW 4+ Atf )y =AW for j=1,2,...,N, u® = uo, (1.2)

where At > 0. Note that this scheme is implicit also in the drift term f. In return, the scheme
preserves key qualitative aspects of the solution of (1.1) such as moment bounds.
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The following two results constitute the main results of the paper. For notation, we refer to
Section2. Let N e N,T = NAt,andt, = nAtforn =1,2,..., N. InTheorem 5.1 (pathwise
convergence), we show that if A2 Q1/2||gs < oo for some small ¢ > 0, E||u0||% < 00,
and0 <y < %, then there are finite random variables K > 0 and Afg > 0 such that, a.s.,

sup lu(t,) —u"|| < KAt?, At < At.
1,€[0,T]

In Theorem 5.2 (strong convergence), we prove that if, in addition to ||A/>+¢ Q1/?||gs < oo
for some small € > 0, we have p > 1 and E||u0||? < oo forg > p,q > 2, then

lim E sup |lu(s) —u||? =0.
At—0 1,€[0,T]

Since the method of proof uses a priori bounds obtained via energy arguments together
with a pathwise error analysis based on the mild formulation of the equation, a strong rate
cannot be obtained via this line of argument. We would like to point out that the strong
convergence of the backward Euler scheme is somewhat surprising given the superlinearly
growing character of f; see also the discussion in [14]. The authors are not aware of any
results where strong convergence results, with or without rates, have been obtained for a time-
discretization scheme for an SPDE with nonglobal Lipschitz nonlinearity without linear growth
(for stochastic ordinary differential equations, we refer the reader to [13]). There are many
results on pathwise and strong convergence of the backward Euler scheme (usually explicit
in the drift term f) under global Lipschitz conditions (or local Lipschitz with linear growth
conditions); see, for example, [5] and [9]-[12] and the references therein. Gyongy and Millet
[10] also considered monotone nonglobal Lipschitz nonlinearity but with finite-dimensional
noise. For nonglobal Lipschitz nonlinearities the relatively recent method developed in [14]
uses a scheme which is based on the mild formulation of the SPDE. This is also employed,
for example, in [3]. In that setting pathwise error estimates are derived but strong convergence
results would be rather difficult to obtain as the method loses the information about the one-
sided Lipschitz condition on f, which can only be exploited in a variational or weak solution
approach. We also mention Printems [25] where convergence in probability is obtained without
global Lipschitz conditions for the backward Euler scheme.

Spatial pathwise convergence results for certain semilinear SPDEs with nonglobal Lipschitz
f without linear growth are obtained in [2] and [3], both using a spectral Galerkin approxima-
tion. Concerning spatial strong convergence the authors are only aware of [19] and [26], both
with rates, based on a spectral Galerkin method and a finite difference method, respectively. In
the latter two papers the authors use energy type arguments, and, hence, they can fully exploit the
one-sided Lipschitz character of f. In [1] Alabert and Gyongy obtained pathwise convergence
rates for a finite difference spatial semidiscretization of a white-noise driven stochastic Burgers’
equation in one spatial dimension.

Finally, we would like to note that (1.2) is also referred to as Rothe’s method. Since we can
prove both pathwise and strong convergence, we can set up a nonlinear wavelet-based adaptive
algorithm to solve the elliptic equation in each time-step and obtain an implementable scheme,
which converges both pathwise and strongly in a similar way as in [4] and [17].

This paper is organized as follows. In Section 2 we collect frequently used results from
infinite dimensional analysis and introduce some notation. In Section 3 we discuss the spatial
Sobolev regularity of the solution and the Holder regularity in time. In Section 4 we prove
maximal type pth moment bounds on u” (Propositions 4.1 and 4.2), which are in fact the exact
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analogues of the ones on u(¢) (Proposition 3.1). Here, we highlight that for p = 2 the bounds
only grow linearly in 7', while for p > 2 they grow exponentially because of a Gronwall
argument. In Section 5 we state and prove the main results of this paper, on the convergence
of (1.2). An important part of the proof is a maximal type error estimate for the linear part
(Proposition 5.1), where we employ a discrete version of the celebrated factorization method.

2. Preliminaries

Throughout this paper we will use various norms for linear operators on a Hilbert space.
We denote by L (H ), the space of bounded linear operators on H with the usual operator norm

denoted by || - ||. If for a positive semidefinite operator 7: H — H, the sum
o
TeT =) (Ter. ex) < 00
k=1

for an orthonormal basis (ONB) {e}ren of H, then we say that T is trace-class. In this case
Tr T, the trace of T, is independent of the choice of the ONB. If for an operator T: H — H,
the sum

o
ITlfs = D ITexl)* < oo
k=1
for an ONB {ey }xen of H, then we say that T is Hilbert—Schmidt and call || T ||gs the Hilbert—
Schmidt norm of T'. The Hilbert-Schmidt norm of 7 is independent of the choice of the ONB.

We have the following well-known properties of the trace and Hilbert—Schmidt norms; see, for
example, [7, Appendix C],

ITI < ITllus,  I7Slas < ITuslSI, — ISTlus < ISIITlws,  (2.1)
TrQ = 10"24s = ITl}s = IT*l}s,  ifQ=TT* (2.2)

Next, we introduce fractional order spaces and norms. It is well known that our assumptions
on A and on the spatial domain D imply the existence of a sequence of nondecreasing positive
real numbers {A;}i>1 and an orthonormal basis {ex }x>1 of H such that

Aer = Arey, kljrfoo A = +o00.

Using the spectral functional calculus for A, we introduce the fractional powers A®, s € R, of
A as

o0
Ay = Z,\;(v,ek)ek, D(A%) = {v € H: |A|? = Z,\ (v, ex)* < oo}

k=1

and spaces HP = D(AP/?) with inner product (u, v)g = (AP/?u, AB/Zy) and induced norms
||v||,3 = |AP/2v||. 1t is well-known that if 0 < B < 5 then HP = HP and 1f < B < 2then
={u e HP: u|yp = 0}, where H? denotes the standard Sobolev space of order 8.
We recall the fact that the semigroup {E (t)};>0 generated by —A is analytic and therefore it
follows from [23, Theorem 6.13] that forr > s > 0,
IAPE@w] < CrPllvll, B =0, 23)

IAP(E@t) — E@)vll < Cs™ P — s/ APv)l,  B>0,0<y+p<1 (24
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We will also use It6’s isometry and the Burkholder-Davies—Gundy inequality for It integrals
of the form fé (n(s),dW(s)), where W is a Q-Wiener process. For this kind of integral, 1t6’s
isometry, [7, Proposition 4.5] reads as

2 t
E _E / 1020 (s)P ds, 25)
0

t
/0 (n(s), dW (s))

and the Burkholder-Davies—Gundy inequality, [7, Lemma 7.2], takes the form

p o r/2
scpIE{ / ||Q”2n(s>||2ds} forp>2.  (26)
0

t
/0 (n(s), dW(s))

E sup
t€[0,1]
Finally, if Y is an H-valued Gaussian random variable with covariance operator Q then by
[7, Corollary 2.17], we can bound its pth moments via its covariance operator as

E[Y|?? < C,(E[Y[>)” = C,p(Tr )7 = 0" |14 Q2.7)

3. Regularity of the solution

The following existence, uniqueness, and regularity result can essentially be found in [21,
Example 3.5] for D = [0, 1], where it is stated with ess sup instead of sup for the second term in
(3.1). Itis remarked there, [21, Remark 3.4], that the result can be proved in higher dimensions
by using [22, Example 3.2], where domains with smooth boundary are considered. Finally, by
[20, Theorem 1.1], the ess sup can be replaced by sup in the second term as stated below in
(3.1). We also note that for the equation considered in this paper, this result can be obtained by
using the deterministic Ljapunov functional J(u) = || Vu ||% + /. o F(u) dx and 1t6’s formula in
a way analogous to [16, Theorem 3.1 and Corollary 3.2]; see also [6].

For the definition of variational solution; see [24, Definition 4.2.1].

Proposition 3.1. I |AY/20!2|lus < co and E|lugll] < oo for some p > 2, then there is a
unique variational solution u of (1.1). Furthermore, there is Ct > 0 such that

E sup [lu®)]”+E sup [u(l{ < Cr. 3.1
1€[0,T] 1€[0,T1]

In this case, u is also a mild solution; see [24, Proposition F.0.5 and Remark F.0.6]; i.e. u
satisfies the integral equation

t
u(t) = E(t)ug +/ E(t —s) f(u(s))ds + Wa(0), 1€[0,T], (3.2
0

a.s., where the stochastic convolution Wy is defined by

t
Wa(t) :/ E@t —s)dW(s).
0

This ultimately follows from the fact that the noise is additive trace class and that, by Sobolev’s
inequality,
Lf @@l < CUu@ ]+ lu@l}e) < CUlu@ I + lu@]3), (3.3)

which is bounded a.s. for ¢ € [0, T'] by Proposition 3.1. Note that here, in order to be able to
use Sobolev’s inequality, it is crucial that d < 3 and that the nonlinearity f is at most cubic.

Next, we look at the pathwise Holder regularity of u. First, we consider the stochastic
convolution Wy.
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Lemma3.l. Let 0 < B < 1, |[AB=D2012||us < oo, and p > 2/B. Then there is a
nonnegative real random variable K with EK?P < 0o such that, a.s.,

IWa® = WaG)l _ oo Bp/D—1

1#£5€[0,T] |t — s|¥
Proof. Lett > s > 0. Note that the stochastic integrals below are Gaussian random
variables and, hence, we can use (2.7) to bound their pth moments. Therefore,

P
EWa(t) = Wa(s)|IP < CpE‘

t
/ E(t —o)dW(o)

p
+C,E

/‘Y E(t—o)—E(s —o0)dW(o)
0

t p/2
scp(f IIE(I—G)Q‘/ZIIﬁst>

Lc, </0 IEG =) — EGs — )02 do)

< Clt —s|PP2,

p/2

where the last inequality is shown in the proof of [17, Theorem 4.2]. Then the statement follows
from Kolmogorov’s criterion; see, for example, [18, Theorem 1.4.1].

With the above preparations, we now prove the Holder continuity of . Note that the result
is suboptimal compared to the corresponding result for W4 in Lemma 3.1, which requires only
B = 1 to obtain the same Holder exponent, while here we assume that § = 2. This is a
consequence of the fact that we use the mild formulation here and, hence, cannot exploit the
one-sided Lipschitz condition on f but only its cubic growth.

Proposition 3.2. Let |A/2Q1/?||gs < oo, ]E||u0||% <ooand T > 0. Then forall y € [0, %)
there is a finite nonnegative random variable K such that, a.s.,

lu(®) —uls)|l <K
i£sefo,r] |t —slY

Proof. LetT >0,0<s<t<T,and0 <y < % We use the mild formulation (3.2) to
represent u(t) — u(s) as follows:

t
u(t) —u(s) = (E(t) — E(s))uo +/ E(@—r)f(u@))dr
+ / (E(t =) — E(s — ) fu(r)) dr + Wa(t) — Wa(s).
0

The estimate in (2.4) with 8 = y = 0 and p = % implies that || (E(t) — E(s))ugl|l < C|t —
s1Y2|lug]l1. The second term can be bounded, using Proposition 3.1 and (3.3),

t t
’f E(t —r)f(u(r) 5/ IE@ =) ILf @) dr

<Clr—s| sup (lu()ll + llu)I}) < K|t —s].
rel0,T]
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In a similar fashion, using this time (2.4) with 8 = p = 0 and % <y<l,

‘/O (E(t = 1) — E(s — ) f(u(r) dr

< /0 ICE@t —r) = E(s —=r)Ildr sup ([u()ll + lu()]7)

rel0,T]
N
< K|t—s|”/ rVdr
0
<KT'™7|t —s|".

Finally, we note that | Q'/2|lys < C|A2Q'/?||ys < co by (2.1)as A~1/2 € £(H) so that
we can use Lemma 3.1 with 8 = 1 to conclude the proof.

4. A priori moment bounds

Our first result bounds the second moment of the Euler iterates in (1.2). The proof uses a
kind of bootstrapping argument and as a result we avoid Gronwall’s lemma. Therefore, we
are able to obtain bounds that only grow linearly with 7 instead of exponentially. Since these
bounds will be used in the Gronwall step in the pathwise convergence analysis, the constants
appearing there will grow exponentially with time instead of double-exponentially. We have
to use test functions in the energy arguments below that are different from the ones used in
the deterministic setting, for example, in [8], because of the presence of a nondifferentiable
right-hand side. This ultimately forces us to choose a scheme that is also implicit in the drift in
order to be able to use the one-sided Lipschitz property of f.

Proposition4.1. Let Iy = {1,2,... ., N} and T = NAt. If |[AV?Q'?|us < oo and
E||u0||% < 00, then there is C > 0 independent of T such that

E sup [|lu'[|* + E sup a7 < C(1 +T).

lely lely

Proof. First note that it is enough to bound the second term on the left-hand side since
-l <C| - |l1. Taking the inner product of (1.2) with u/, we obtain

(/== )+ A 1T+ A (@), ud) = (AW ud).

Using the identity (x — y, x) = 1(|lx[|> = [lyI®) + 1|lx — y||* and the fact that for some C > 0,
we have sf (s) > —C for all s € R, we obtain

SO0 11 = 0w =N02) + Ml — w7+ A |1
< CAt+ (AW, ul —ud=Yy 4+ (AW, W™y,

Using a kick back argument on the second term on the right and summing from 1 ton (1 <
n < N) it follows that

n n
[ R R I 7R
j=1 j=1

n
< c(r + lluoll® + D _IAW/ > + (aw/, uf—1>>>.
j=1
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Taking expectation, using the fact that AW/ is Gaussian with covariance operator Ar Q and,
hence, E|AW/|> = AtTrQ = At]|Q'?|%g, and that EY_((aW/, w7l = 0, we
conclude,

" "
E{ a2+ lud — /TP Ay ||uf'||%} < C(T +Elluol* + T Ifs).  (4.1)
j=1 j=1
Next, we take the inner product of (1.2) with Au/ and obtain, similarly as above,
S/ 1T = 1 7HT) + Sllwd = w7+ Arllud 15 + At (f@d), uly = (AW ud)).
Since f'(s) > —C, we have
(f@h),ul)y = (Vf@!), Vuly = (f' @)Vul, Vul)y = —C|lu’|}.

Hence,
1 2 i—12 1 j j—12 2
s 17 = M 7M7) + 3llw! — w71+ At llud |15

< AtCllul |13 + (AW ) —u/ ™Y+ (AW w7y,

Thus, using a kick back argument on the second term, we obtain

1 1
12 j j—12 i 112
I 17+ lud — w7+ A w113
j=1 j=1

I
< c(uuon% + Y (At |+ AW ] + (AW, uf—lm). 4.2)
j=l1
Therefore,
E sup (nu’n% Yl =TT+ A ||%)
ZEIN j:1 j:1

1
< CElluo|{ + CE sup (Z(Atnufn% + AW/ + (AW, uHm)

lE[N j:1

N 1
56]E||uoll?+C]E{§ (At ||uf||%+||AWf||%)}+CIE:sup§ (AWT =1y, (4.3)
. lely ;
]=1 N i—1

J
Since A/ AW/ is a Gaussian random variable with covariance operator,
Q = AtAl/le/z(Al/2Ql/2)*,
it follows, by (2.2), that
E[AW/ T = At Tr O = At]|A2 Q12 |3s.

Next, note that le=1 (AWY, /=1y, is an Itd integral of the form fé’ (n(@), dAV2W (1)), where
n is a piecewise continuous process, and, hence, also a martingale. Then using Holder’s
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inequality, the martingale inequality [7, Theorem 3.8], Itd’s Isometry (2.5), (2.1), (2.2), and
(4.1), we obtain

l 2 l 2
(E sup Z(AWj,uj_1)1> §]Esup<Z(AWj uj_1)1>
IGIN j:1 IGIN

=1

I 2

§4supIE{ N2 }

lely 2::

= 4EAt Z 1012 AV 212
j=1

N
<4102 I1PAr Y Ellud "3

j=1

N
<4102 IfsAr Y Efu/ N7
j=1
< CIIA2 Q"2 |I5s(T +Elluoll* + T110'?Ilfs)-
Therefore, by (4.3), using also (4.1), we conclude that
l 1

Esup<|u (R T +Ar2||uf||2) <CU1+T)

lely j=1 Jj=1
and the proof is complete.

When proving strong convergence, even without rate, one needs bounds on higher moments
of the time discretization. This will be achieved via a discrete Gronwall inequality, resulting
in a bound that grows exponentially with time. However, since our approach does not provide
rates for the strong error, this is not a major drawback. Note also, that this result is the exact
time-discrete analogue of the bounds on the solution from Proposition 3.1.

Proposition4.2. Letp >2,1,={1,2,....,n}, 1 <n < N,andT = NAt. If|A'20'/?||ys
< 00, E”M()”f < 09, then there is ¢ = c¢(p, T, B) such that if cAt < %, then

E sup [lu’ |I”+ESUP l' I} < C(T, p, uo).
lel, le

Proof. As noted in the proof of the previous proposition it is enough to bound the second
term on the left-hand side. We start from (4.2) and take the pth power of both sides for p > 1
to obtain

l p [ p
2 2 i i
||u’||1”sc(||uo||1”+<§ jAruufn%) +<§ ||AWJ||%> (§ (AW ™! ) )
Jj=1 j=1 =1

l
< C(||u0||f” + APTUPTIAL Y |17

j=1

1 ! P
+ TS AW + (Z NN ) >

j=1 Jj=1
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Therefore,

n
2 2 — 2
Esup [lu'||{7 < C(]Elluolllp + TP~ Aty Esup [lu’ [}

lel, j=1 lelj
1 2p 1 r
+nP~ IE||AW]|| +]Esup< AWJ ul™ ) > “4.4)
)3 sup Z

j=l1 j=1
Next, we bound the last two terms in (4.4). We already noted that AY2ZAW/ is a Gaussian
random variable with covariance operator Q = AtAY2QY2(AY2Q1/2)* Hence, we use (2.2)
and (2.7) to bound its 2 pth moment as
P2 ~ 2
E[AW/ |7 < Cp(Tr 0)P = C, AtP|| A2 Q2|1

Therefore, it follows that

n n
_ P2 - 2
n? VS TEIAWI T < ConP A 3 AV QP IEE < €, TP A2 QP IRE. 4.5)
j=1 j=1
For the last term in (4.4), we use the Burkholder—Davies—Gundy inequality (2.6), (2.1), and
(2.2) to conclude that

p n _ . o2

lel, j=1 j=1

n
< CIIQ 1P AP PuP 27NN "R w7}
j=1
n—1

< CIQ'2hTP* ‘AtZ( + Esup||u I3 )

n—1
2
x Z(E sup ||u’||1”>. (4.6)
j=0 lE[j

Finally, substituting (4.5) and (4.6) into (4.4) yields the desired bound by using the discrete
Gronwall inequality. Before applying the discrete Gronwall 1nequahty, we use a kick back
argument on the last term from the sum 77 ' Az Z] 1IEdsuplE, lla! ||l in (4.4) using the
condition cAt < —.

5. The convergence results

We begin by showing a maximal type error estimate for the linear problem. Define the
backward Euler approximation of the stochastic convolution Wy (#,) by

n n

173

. —k+1 k —k+1

Wi= > E"*Aw =§/tk 1E" Haws),
k=1 k=1

where E" = (I + AtA)™". The following result has been proved in a wider generality for
multiplicative noise in Banach spaces using heavy machinery intherange 0 < 8 < 1.This would
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be enough for the purposes of the semilinear problem with additive noise. However, itis possible
to obtain the range 0 < 8 < 2 because the noise is additive and the approximation of the noise
is exact at the mesh points. Since this result is interesting on its own, and the proof presented
here is rather elementary based on a discrete version of the factorization method, we present
the result and the proof for the full range 0 < g < 2.

Proposition 5.1. Ler ¢ € (0, %), p > 1/, 0 < B <2 and T = NAt. Then there is
C =C(p,e, T) such that

I/p
(B sup IWat) = WiIP) " < CAPRIA=DIRH 012 s 4y = nar.
t,€[0,T]

Proof. Define the deterministic error operator F, by F, = E(t,) — E". It is well known
that the following error estimate holds:

IAP2 Fyul| < CAtPP BTV EPR2 472y 0<y <B+p, p,y =0, Bel0,2].
.1)

Next, we consider the decomposition
n tk
Wa(tn) — Wh = Z/ (E(t — 0) — E" 1) dW (o)
— Jt

= Z " (Bl — o) — Elty141)) dW (o)

1tk1

+ Z (Bl is) — B dW (o)

k=1 " k-1

=: el +62.

To estimate e, we first write
I
el = Z/ E(t,—0) —E(c —tx_1))dW(o) = /0 E(t, —o)¥(o)dW (o)
Tk—1

with W(o) = (I — E(0 — tx—1)) for o € (fx—1, tx]. Next, we use the factorization method
from [7, Chapter 5] to write

el =cqy /Otn E(ty, — o) /l" (tn — )1 (s — o) ¥ ds dW (o)
= Ca /Otn (tn — ) HUE(t, — 5) fos(s —0)V(o)E(s —o)dW(o)ds
— ¢q fotn (b — )" T E(ty — )Y (5) ds,
where @ € (0, 1), ¢! = [1(t —s)71*%(s — o)~ ds and

Y(s) = /S(s — o)V (o)E(s —o)dW (o).
0
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Therefore, by Holder’s inequality and ||E(¢)|| < 1 forall ¢ > 0,

T p—1l ,T
E sup ||e§||f’sca(/ s<—1+“><ﬁ/<"—”>ds> | Evore.
1,€[0,T] 0 0

The first integral is finite for p > 1/c«. To bound the second integral, note that Y (s) is a Gaussian
random variable for all s € [0, T'] and, therefore, we use (2.7) to bound its pth moment, (2.1),
(2.3) with g = % —¢,and (2.4) with 8 = y = 0 and p = 8/2, to obtain

s p/2
E|Y(s)|” < cp</ (s —0) | W()E(s — )02 Es da)
0
s p/2
=C, (/ (s — ) 2| W(0)APRPAY2E E(s — o) APTD/DFe o172 2 dU)
0
1)/2 1/2 s 2 1+2. 212 r/2
< C, | AB-DPIe g1/ ||ﬁs( / (s — 0) 2w (o) AP do)
0

r/2
< CAPPRY AB-DDHe 12 (/s(s P ds)
0

< Crpac S AGDDTEQ I

provided that @ < €. Given p > 1/¢, we thus need to choose « € (1/p, €). We conclude with
T
/ EIY(©II” ds < TCr,pac APPRIAPDDH QU2 )5
0

which proves the bound on e’f. To bound eg, we use a discrete version of the factorization
method. First introduce the constants

n —1
o —1+4a ,—o
Cn k= (At > :tn—l+1tl—k+1) :
1=k

It is not difficult to see that ¢, x < C forall 1 < k < n. Then, we have
n n
e = Z E(ty_t+1)Cn i (At Z N tl_",‘{H) AWk
k=1 1=k

n n
n—k+1 —1+a . —«a k
—ZE cn,k<AzZtn_,+ltl_k+l>AW
k=1 1=k
1

n
-1+ - k
= At Yt FAE@W) Y enrti 5 Etiy ) AW
=1 k=1
I

n

—l+a pn—l —a I—k+1 k

— Aty e S ETY et S B AW
=1 k=1
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n n
-1 -1 —iy
= At Ztnj;"‘lE(t,,_,)Y’ — At ZrnjflE" Lyl
=1 =1

n n
= Aty o AR Y Ay R E (! — 1
=1 =1

=: ej) + e,
where
! !
Y, = ch,ktff,iHE(tszﬂ)AWk, Y, = ch,kt,:%HEl_kHAWk-
k=1 k=1

Next, we bound ¢35, by Holder’s inequality and (5.1) with p = 0 and y = B, such that
p-1 N

EAt Z | AP/2y ! P

N
E sup ey, |” < <At Z(tl_l+a||FIA_f5/2||)p/(p—l))
! =1 =

t,€[0,T

n [)—1 N
< CAbP <At ) tl(1+a)<p/<p1))) EAr Y 4Py,
=1 =1

where the first sum is finite if p > 1/a. To estimate the last sum, note that A?/2Y" is a Gaussian
random variable and, hence, as before, we use (2.7) to bound its pth moment. Therefore, using
also (2.1) and (2.3),

N N 1
EAr Y JAPRY! P = Aty EH (Z ki % Aﬂ/zE(tl—k+l)AWk>
=1 =1 k=1

p

N ! p/2
= At Z(At e ||Aﬁ/2E(t1_k+1)Q”2||%s>

=1 k=1
2

N N r/
S CAt Z(At Ztk—Za ||E(tk)Al/z_EA((ﬂ_l)/2)+8 Q1/2||2HS)
=1 k=1

N P2
— —1-2a+42
< CT“A((ﬂ 1)/2)+£Q1/2||]1_7[S(Atztk a+ e)
k=1
< Cropael|APTDDTEQI2 B

provided that @ < ¢. Finally, we estimate ¢/,. By Holder’s inequality, we first obtain

N p—] N
E sup |le5,)l” < (Ar Zr,‘1+°‘||E’||P/<P—“) EY YD) - YOI
1,€[0,T1] =1 =1

N p—l N .
< (Atzt;””“’/“"”> EY YD) -YOI

=1 =1

N
~ . 1
< Cap) YO =YOI" ifp>—.
=1
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To estimate the last term, we use (2.7) to bound the pth moment of a Gaussian random variable
and also (2.1) and (5.1) with p = 1 — 2¢ and y = B to obtain

N _ N
P OESLOTEEDY

=1 =1

=G, Z(Af Zrﬁ“lleQ”n%Is)

=1 k=1

! p
— k
E Cn,ktl_t);(+1Fl—k+lAW H
k=1

N N

p/2
=C, Z(At Ztk—2<x”A1/2—sFkA—ﬂ/ZA((ﬂ—l)/2)+s Q1/2”%IS>
=1 k=1

N p/2
< CpAtﬁp/z <At Z tk—1—206+28> ”A((ﬁ—l)/2)+8 Q1/2||ﬁs
k=1
< Cropas AP ACTD2FE QU2 B
whenever o < ¢, which concludes the proof.

Next, we state a Lipschitz estimate for f (#). Here, we use Sobolev’s inequality and, similarly
to (3.3), it is crucial that d < 3 and that the nonlinearity f is at most cubic. For a proof; see
[16, Lemma 2.5].

Lemma 5.1. Forallu,v € H! we have
IA™Y2(f ) = FDIT < Cul? + ol P)llu — v].

We are now ready to state and prove the pathwise convergence of the backward Euler scheme
defined in (1.2).

Theorem 5.1. Lete > 0, |AY/2F2 Q12 ||ys < 00,0 <y < 1, and T = NAt. IfE|ug? < o0
then there are finite random variables K > 0 and Atg > 0 such that, a.s.

sup |lu(ty) —u| < KA, t, = nAt, At < Aty.
1,€[0,T]

Proof. Since the arguments are pathwise and, hence, basically deterministic, we omit
standard details. Lete, = u(t;,) —u" and 0 < y < % We decompose the error, using
the mild formulation of (1.2) and (3.2), as follows:

T

¢" = (E(ta)uo — E"uo) + (Walta) = Wi + > | Ety — ) f(u(s)) — E"*H f¥) ds
k=1

Tk—1
=:e] + e +ej.
By (5.1), we may estimate e as
el < €At flugll1.
For ¢4, by Proposition 5.1 with 8 = 2, we have

lesll < LA|AY2H Q12 s
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a.s. for some finite nonnegative random variable L. Next, we can further decompose e3 as

n t
=y f E" N (f () — f@®)) ds
k=1"%~1
n f
2 [ Bk = £ plat ds
k=1 " k-1
n 1
3 [ B (s - st ds
k=111

n 1
+y / (E(ty = $) = E(ta—i+1)) f (u(s)) ds
k=1""1k=1
=: €5 €3 + €53 + 5y

To bound e%,, we use Propositions 3.1 and 4.1 together with Lemma 5.1 to conclude that for
some finite nonnegative random variable L, we have a.s.

llezy Il =

n A
S [ AEEAT f ) - fat ds
k=1 "1

S 12 4 k
=LY [ Ladnas

k=1"1-1

n
—1/2 k
=LAt )t lebl,
k=1

where we used the well-known fact that ||A1/ 2Ek | <C tk_ 12 (see, for example, [27, Lemma
7.3]). Next, we use Proposition 3.1, Lemma 5.1, and (5.1) withy =0, p =l and § = 2y to
estimate egz as

le5 |l =

n 1
> / AVAE 1) — B ATR ) ds
k=1"%~1

n t
< AtyLzZ/ t,;l/zf” ds
k=1 T=1

n
= A LyArYy 1 P
k=1

a.s. for some finite nonnegative random variable L,. For e§3, we use the Holder continuity of u
from Proposition 3.2 together with Proposition 3.1, Lemma 5.1, and (2.3) with 8 = % and
obtain

lless |l =

n 7%
Z/ AV2E(ty iy DAV (f u(s)) — fu(n)) ds
k=1 7Tk

n t
SAIVL3Z/ 1'% ds
k=1 Y k-1

n
— At”L3AtZtk_l/2
k=1
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a.s. for some finite nonnegative random variable L3. Finally, by Proposition 3.1, Lemma 5.1,
and (2.4) with 8 = % and p = 0, we have

llesall =

n t
> [ " AVAE@, —5) — Btk DA™ fu(s)) ds
k=1 YTk

n t
ALy Y / 127 ds
k=1 Y k=1

n
= A LyAry 1T
k=1

IA

a.s. for some finite nonnegative random variable L. Combining the estimates and using a
generalized discrete Gronwall lemma [8, Lemma 7.1] concludes the proof.

Finally, we show strong convergence in L”, albeit without rate.

Theorem 5.2. Lete > 0, p > 1, and NAt = T. If | A2+ Q12 ||ys < 0o and El|uol|? < oo
forq > p, q > 2, then

lim E sup |lu(s) —u"||? =0, t, = nAt.
At—0 1,€[0,T]
Proof. Let
Yy = sup |lu(t,) —u"||".
1,€[0,T]

By Theorem 5.1 it follows that Yy — 0 a.s., and, hence, in probability, as N — oo. Lets > 1
with sp < ¢. By Propositions 3.1 and 4.2 there is M > 0 such that for T9~'Ar < %,

EYYy <CE sup (lu(t)II”” + u"*") < M.
t,€[0,T1]

Therefore, it follows that {Yn}nyen is uniformly integrable. Being convergent in probability
and uniformly integrable, it converges in L'; i.e.

lim E sup |lu(ty) —u"||? = lim EYy =0;
A0 pe00.7] N-—oo

see [15, Proposition 3.12].
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