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Abstract
The association between everyday activities, health and subjective wellbeing in older adults
has mostly been examined using different activities as separate variables. Which activities
are likely to come together in individuals’ daily time-use patterns, or in what context, has
not yet been analysed. This study looks at a broad range of spontaneously reported activ-
ities, their location and social context to identify latent behavioural classes. The data used
in the study came from a sample of 200 non-institutionalised adults aged 65 and above.
Activity data were collected using the Experience Sampling Method. Generalised struc-
tural equation modelling was used to identify the classes. Three distinctive behavioural
classes, representing different lifestyles, emerged: passive domiciliary, active functional
and social recreational. They constituted 30, 53 and 17 per cent of the sample, respectively.
Class membership was related to individuals’ age, education and selected dimensions of
health measured using the Nottingham Health Profile: energy levels and emotional
response. There was consistency between the objectively measured class and an indivi-
dual’s subjective assessment of their physical and emotional health. While both class
membership and subjective wellbeing were associated with health, the relationship
between class and wellbeing was weak and fully explained by socio-demographic and
health-related variables.
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Introduction
The association between everyday activities, health and wellbeing in older adults
has received substantial theoretical and research attention. Studies have found
that a greater frequency of participation in certain types of activities is associated
with better long-term outcomes including health, wellbeing and survival (Menec,
2003; Agahi and Parker, 2008; Adams et al., 2011). Overall, the range of activities
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which have been shown to influence wellbeing is very broad, but their effect on
wellbeing may differ depending on the individual’s socio-demographic characteris-
tics (Luo et al., 2019).

The concept of lifestyle is rarely researched in this context. While initially life-
style described conspicuous behavioural patterns, social conduct and consumption,
with time the concept was expanded to include a broad range of everyday practices
such leisure, eating or socialising (Sobel, 1981). In a lifestyle-based approach to
individuals’ behaviours, such as one adopted by the health lifestyle theory
(Cockerham, 1999) or by structural constructivism (Bourdieu, 1984), behaviours
or practices are seen in a synthesised manner, and they are linked with one another
through their common denominators such as structural position or class habitus.
Such a synthesised approach is uncommon in the field of gerontology, where stud-
ies looking at the time use of older adults typically focus on selected activities as
independent units, not as a reflection of unobservable dispositions.

This study examined older adults’ daily activities and their context as observable
indicators of the different lifestyles adopted by older adults to match their prefer-
ences and abilities. It used information on a broad range of spontaneously reported
daily activities as well as where and with whom they took place. There were three
research objectives. First, to identify the different lifestyles of older adults – using a
bottom-up approach that looked at the daily activities and their contextual charac-
teristics as indicators. Second, to investigate how these lifestyles were associated
with individuals’ socio-demographic characteristics, self-rated general health and
the detailed dimensions of health: energy levels, emotional response, social isolation
and sleep disturbances. Third, it analysed the association between individuals’ life-
style, structural position, health and subjective wellbeing.

Literature review
Theoretical views on the role of activities in later life

Rewarding daily activities are seen as an essential component of living a ‘good life’
in old age. Their importance has been acknowledged in the activity theory of ageing
(Havighurst, 1961; Lemon et al., 1972), the studies on the quality of life of older
adults (Raphael et al., 1997), and reflected in the classic version of the concept
of successful ageing which lists good physical functioning and ‘active engagement
with life’ as key indicators of successful ageing (Rowe and Kahn, 1987, 1997).
Noteworthy, the types of activities seen as contributing to good ageing are not
fixed and vary depending on the theoretical approach. An alternative perspective
on successful ageing offered by the psychosocial approach (Baltes and Baltes,
1990; Kahana and Kahana, 1996) frames it in terms of a positive adaptation to
increasing limitations and challenges related to ageing. In this case, good ageing
would translate to the ability to maintain social roles, compensate for losses and
safeguard wellbeing in the face of increasing functional limitations. In behavioural
terms, the psychosocial approach emphasises selecting appropriate leisure and
meaningful social activities (Adams, 2004).

The concept of the Valuation of Life (Lawton et al., 1999) is another take on the
foundations of a good life and mental resilience in late adulthood. It postulates that
there is a strong link between activities and positive health and wellbeing outcomes,
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but does not emphasise particular activities (Moss et al., 2007). Studies on the
Valuation of Life conclude that there is no one-size-fits-all approach. Different
aspects of life may be endorsed by different older adults to maintain a positive valu-
ation of life while adapting to changes associated with ageing (Jopp et al., 2008).
Activity participation is seen as a way to fulfil personal goals and, regardless of
the nature of a particular activity, add meaning to life and boost wellbeing
(Lawton et al., 2002). Review studies on activities and wellbeing generally support
this view and state that not all activities are equally appealing to all older adults
(Adams et al., 2011). There are various ways of living which can promote wellbeing
in late adulthood, and they depend on individuals’ characteristics, their health and
preferences.

Differentiation and the significance of daily activities

Everyday time-use patterns of older adults are socially differentiated. Differentiation
runs along the lines of the basic socio-demographic characteristics, primarily indi-
viduals’ age and gender (Gauthier and Smeeding, 2003), marital status (Chen et al.,
2015), educational attainment (Zhu et al., 2017) and social status (Chen et al.,
2012). Living arrangements and area of residence may also affect daily behaviours.
Living with others, as opposed to living alone, may facilitate social activities, as it gen-
erates opportunities for meaningful social interaction (Ayalon, 2009). Area of resi-
dence affects daily lives, in particular for individuals with functional limitations.
Older adults living in rural areas face greater obstacles to mobility and activity
choices, which results in less travel and overall more monotonous lifestyles (Li, 2006).

Daily activities are also closely linked with an individual’s health condition,
which has been seen as both a determinant and an outcome. On the one hand,
a high share of passive leisure may be indicative of living with a disability or having
long-term health problems (Espinel et al., 2015). On the other, greater physical
activity has been linked with better long-term physical health and wellbeing
(Mullen et al., 2011), and predicted lower rates of cognitive decline among older
adults (Yaffe et al., 2001). Overall, studies have analysed a broad range of different
activities and found different associations with both positive or negative health out-
comes. Involvement in productive activities, such as work, informal help, care work
or volunteering, has been associated with better health and wellbeing (Luo et al.,
2019). Socialising (Talmage et al., 2020), child care (Drew and Silverstein, 2007)
or pursuing diverse types of leisure (Cho et al., 2018) have been associated with
older adults’ psychosocial wellbeing, and have affected their future outlooks, includ-
ing mortality rates (Agahi and Parker, 2008). Conversely, some activities have been
associated with negative health outcomes. In particular, time spent watching tele-
vision has been associated with declining cognitive functioning in the older popu-
lation (Kesse-Guyot et al., 2012).

It seems that different activities may influence different aspects of physical or
mental health. For example, productive activities seem to have a better effect on
physical functioning, whereas personal hobbies may increase happiness (Menec,
2003). Likewise, the same activities may affect different individuals in different
ways. For example, productive activities, such as housework or shopping, were
shown to have the greatest impact on reducing the risk of cognitive decline for
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urban women compared to other groups of respondents (Luo et al., 2019).
Differences in the benefits derived from the same activities suggest that their effects
on individuals might be moderated by certain individual-level characteristics, e.g.
activity preferences.

The complex association between daily behaviours, health and subjective wellbeing

Having rewarding daily activities may promote healthy ageing and help maintain
meaningful social relationships (Steptoe and Fancourt, 2019), but at the same
time it is conceivable that being healthy or having fulfilling social relations may
make daily life better. While numerous observational studies report links between
selected activities and wellbeing in later life (e.g. Warr et al., 2004; Litwin and
Shiovitz-Ezra, 2006; Nimrod, 2008; Grønning et al., 2018), determining the direc-
tion of this association is not straightforward, even in research using longitudinal
data (Adams et al., 2011). Overall, most articles assume that an activity promotes
wellbeing (Menec, 2003), however, some provide strong evidence for the opposite
to be the case, i.e. wellbeing being the causal factor influencing activity participation
(Janke et al., 2008).

Intervention studies targeting physical health, psychological functioning, or
both, add detail to the picture of complex associations between activities, health
and wellbeing. Studies describing interventions targeting both physical and mental
health report improved wellbeing post-intervention (Clark et al., 2012). However,
this improvement may be due to better physical functioning. Conversely, reports
from studies targeting mental health alone do not find lifestyle intervention to be
effective in improving or sustaining mental wellbeing (Mountain et al., 2017). As
physical and mental health are closely linked, in particular in the population of
older adults (Fillenbaum and World Health Organization, 1984), analysing indivi-
duals’ health profile in more detail might help better understand the association
between these variables and daily activities.

Lastly, there are also confounding factors that may affect the relationship
between what older adults do and how they feel about their lives or themselves.
Additional activity characteristics including, its social context and location, may
change the meaning and effect of a given activity, yet those are rarely included
in research on wellbeing (Adams et al., 2011). For example, eating typically brings
greater joy when it is done with others (Vailas and Nitzke, 1998), and particular
eating locations may improve appetite (Stroebele-Benschop et al., 2016). While
older adults spend most of their time at home, their overall time spent out of
the home has been associated with better physical, cognitive and emotional func-
tioning (Petersen et al., 2015). The broader lifestyle context may also shape the
effect of specific activities. For example, the proportion of time individuals spent
alone may have an effect on how much enjoyment they derive from their social
activities (Klumb, 2004). Likewise, even though being out of the home is seen as
generally beneficial for wellbeing, older adults report much higher satisfaction
with home-based activities compared to younger individuals (Fortuijn et al., 2006).

This study assumes that it is not a single activity that could make one’s life good
in later adulthood, but multiple factors operating at the level of daily living, which
are reflected in the different things individuals do, as well where and with whom
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they spend their time. These should be analysed together to get a better under-
standing of the everyday reality of older adults and how it affects them. This
study assumes that the main drivers behind individuals’ daily behaviours are struc-
tural factors, on the one hand, and their health profile, on the other. The assumed
influence of structural factors is in line with structural constructivism and the
related theoretical approaches, and it is supported by the empirical evidence
cited earlier. Health status has been shown to be one of the major predictors of
wellbeing in later life, and the degree to which poor health affects daily functioning
is seen as the main factor negatively impacting happiness (Angner et al., 2013).

Design and methods
Data

The data used in the study came from a sample of 200 non-institutionalised adults
aged 65 and above collected at the beginning of 2020 in Poland. Individuals were
randomly sampled with quotas for age (using two categories: 65–74, and 75 and
over), gender and the size of their place of residence. They were contacted using
the Polish telephone directory or approached in public spaces by trained inter-
viewers. A screening questionnaire was used to select eligible respondents. The
overall response rate was 27 per cent. The main reason for refusing to participate
in the study was due to concerns about sharing one’s telephone number for the
purpose of data collection; the length of fieldwork was also discouraging. The
final sample characteristics are given in Table S1 in the online supplementary
material.

Respondents’ background information was collected using a standard survey
questionnaire. Activity data were collected during five days of fieldwork using
the Experience Sampling Method. The Experience Sampling Method records activ-
ities in real time, removing memory bias and allowing for a greater accuracy of mea-
sures (Csikszentmihalyi and Hunter, 2003). Each respondent received a phone call
twice a day, at random times, and was asked about an activity he or she was doing at
that time. The calls were distributed across time and days to ensure that all parts of
the day were covered for each respondent and that equal representation was
achieved for the whole sample. The interviewers asked about their current activity
including what it was, where it was happening and who else was present. The data-
set is available at Zenodo.org (Jarosz, 2020). All respondents provided written
informed consent to participate in the study. The project received ethical clearance
from the University of Warsaw Rector’s Committee for the Ethics of Research
Involving Human Participants.

Measures

All activities were recorded verbatim and then collapsed into broader categories for
the purpose of the study. The information on daily activities was used to construct
count variables representing the number of reported activities that fell within each
of the categories: (a) necessary, (b) passive, (c) productive, (d) active, (e) social, and
(f) leisure pursuits. Necessary activities largely correspond to the conceptualisation
of ‘necessary time’ by Ås (1982), and include sleeping, eating or drinking, and self-
care. Passive activities represent sedentary restful activities requiring little cognitive
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effort, such as passive rest or relaxation, and watching television, with the latter
being the most commonly reported primary activity in the dataset. Productive
activities represent unpaid work (housework, care work), informal help, running
errands (shopping, using services), as well as related travel. Active time denotes
any form of physical activity, the most common of which was walking. Social
time represents any form of meaningful social interaction, both in person and
over the phone or online. Leisure pursuits include leisure activities involving cog-
nitive effort such as hobbies, handicrafts, reading, crosswords and computer use.

The detailed location code was recoded into a count variable representing the
number of times a respondent was away from their home. Respondents’ own
homes were the most frequent location for the reported activities. Two binary vari-
ables were constructed to denote whether a respondent reported at least one episode
when he or she was accompanied by (a) a family member or (b) by a friend/
acquaintance. The binary variables were used in this case due to the fact that a
high share of respondents reported only solitary activities throughout the fieldwork.
As the Experience Sampling Method does not allow for the reconstruction of indi-
viduals’ entire time-use sequences, all of these variables indicate the likelihood of
particular events occurring during the day rather than provide exact estimates of
their frequency.

Age (continuous) and sex (binary) were used as demographic variables in
the models explaining latent class membership. Information on respondents’
educational attainment was used in the form of a categorical variable using
International Standard Classification of Education-based categories differentiating
between individuals with primary and below, secondary and tertiary education.
Respondents’ occupational class prior to retirement (or during the fieldwork, if
the respondent was working at that time) was used as a proxy indicator of their
social position with two categories: having held a managerial or professional pos-
ition (International Standard Classification of Occupations, ISCO codes 1 or 2), or
a different occupational position. A binary variable was generated to represent
whether a respondent worked for pay at the time of the survey. Living arrangements
were represented by an individual’s marital status and household size. The primary
purpose of the latter variable was to differentiate between individuals who lived
alone and those who did not. The variable describing a respondent’s area of resi-
dence differentiated between ‘rural’ and ‘urban’.

No objective measures of health were available in the dataset, but it included
information on self-reported health. The original variable used a five-point Likert
scale, varying from very good (5) to very poor (1). In this study, this variable is
recorded as a binary variable in which the ‘poor’ and ‘very poor’ answers are col-
lapsed into the ‘poor health’ category, and all other answers into ‘average and good
health’. In addition to that, a set of binary variables were constructed using the
items from a short version of the Nottingham Health Profile (NHP) questionnaire
(Kaplan, 2001) which was also collected in the study. The NHP items included
statements pertaining to individuals’ energy levels: ‘Everything is an effort’; and
‘I soon run out of energy’. Emotional response was measured using the following
items: ‘The days seem to drag’, ‘I have forgotten what it is like to enjoy myself’,
‘I feel that life is not worth living’ and ‘I feel I am losing control over my life’.
Social isolation was measured using the items: ‘I feel lonely’, ‘I feel there is nobody

6 E Jarosz

https://doi.org/10.1017/S0144686X21001586 Published online by Cambridge University Press

https://doi.org/10.1017/S0144686X21001586


that I am close to’ and ‘I’m finding it hard to make contact with people’. Finally,
sleep disturbances were indicated by one item: ‘I sleep badly at night.’ Because
the study used a short version of the questionnaire, and the NHP does not provide
relative-importance weighting for its different dimensions, using these dimensions
separately was more informative and easier to interpret in the context of the present
research. The four dimensions (energy levels, emotional response, social isolation
and sleep disturbances) were thus constructed as binary variables, with 1 corre-
sponding to at least one of the items being answered with ‘yes’, and 0 meaning
the respondent answered ‘no’ to all items within the given dimension.
Frequencies for the four composite variables are given in Table 1.

Lastly, individuals’ satisfaction with life in general was used as a proxy for sub-
jective wellbeing. It was measured using the following question: ‘How satisfied are
you with your life in general?’, with answers ranging between not satisfied at all (1)
to very satisfied (7).

Analytical approach

Data on daily activities (activity type, location and co-presence) were used in a
latent class analysis (LCA) by fitting the generalised structural equation models
in Stata 16 (StataCorp, College Station, TX). A Poisson link was used for count vari-
ables (activities, location), and a logit link for binary indicators (co-presence). There
were no constraints on estimated parameters. LCA as a method fitted well with the
theoretical assumptions of this study. Compared to a cluster analysis, it allows cap-
turing the latent structure behind the data as opposed to merely categorising indi-
viduals based on similarities in the observable variables. An additional benefit of
LCA is its probabilistic character which allows for selecting the model with optimal
fit to the data.

Four models were estimated using different combinations of activities, and specify-
ing two or three classes. In two models the category of necessary activities was
excluded due to its highly non-specific character (everyone engages in those activities).
The maximum number of classes was set to three due to the low sample size and the
fact that individuals’ class assignment was used for further analyses. The models were
not adjusted for gender, age or health status. These variables were later used to exam-
ine class belonging. The model with optimal fit to the data was selected based on the
fit statistics, the Bayesian Information Criterion (BIC), the Akaike Information
Criterion (AIC), the log likelihood ratio and the interpretative criteria.

Individuals’ class membership was then used as an outcome variable in a multi-
nomial logistic regression model. The model used the following explanatory vari-
ables: age, gender, self-reported poor health, education, work status, occupational

Table 1. Nottingham Health Profile items: distribution of answers, excluding missing

Energy levels Emotional response Social isolation Sleep

Percentages

0 (good) 43 46 77 60

1 (compromised) 50 40 23 37
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position, marital status, household size, area of residence, and detailed measures of
individuals’ subjective health derived from the NHP – emotional response, energy
levels, social isolation and sleep.

Individuals’ subjective wellbeing was analysed in relation to their class membership,
socio-demographic characteristics and health profile. Nested multivariable linear regres-
sion models were used to examine this association. In the first model, wellbeing was
regressed on class membership alone. The second model added the rest of the variables.
In all of the above models, missing values were retained to preserve the sample size.1

Results
Fit indices for the four models are given in Table S2 in the online supplementary
material. Overall, the models which excluded necessary activities, Models 3 and 4,
had the best fit to the data. Model 3 assumed the existence of two latent classes
while Model 4 specified three classes. In terms of the goodness of fit, the difference
between the two models was negligible. The three-class model was chosen based on
interpretative grounds. It offered a more nuanced representation of different life-
styles, each of which was distinctive (Figure 1). The probabilities for class member-
ship are given in Table S3 in the online supplementary material, and the proportion
of individuals in each class are given in Table 2.

Individuals in Class 1 constituted 30 per cent of the sample. In most cases they
were at home during the calls, typically involved in passive activities such as resting
and watching television. They also reported engaging in home-based productive
activities or leisure pursuits. They were relatively likely to report the presence of a
family member. The lifestyle captured by this class was labelled ‘passive domiciliary’.

Class 2 was the largest class accounting for 53 per cent of the sample.
Individuals’ activities were often located outside their homes, and productive activ-
ities were reported most often, with passive leisure being the second most frequent
type of activity. The third most commonly reported activity was being physically
active, which is a distinctive feature of this class compared to other classes.
Individuals in Class 2 were likely to be accompanied by a family member but
very unlikely to report the presence of a friend. The lifestyle represented by indivi-
duals in this class was labelled ‘active functional’.

Class 3 was the smallest class, representing 17 per cent of the sample. Individuals
in this class were most likely to be involved in productive activities. However, in
contrast to Class 2, they also reported a high share of leisure pursuits (reading,
games, hobbies) and almost equally as many social activities. Passive activities
were almost as numerous as social activities, but with a substantially larger standard
error. A distinctive feature of lifestyle represented by this class is a relatively high
incidence of reporting the presence of a friend which was more commonly reported
than the presence of family members. This lifestyle was labelled ‘social recreational’.

Multinomial logistic regression was used to examine the probability of belonging
to Class 2 and to Class 3, compared to Class 1. Class 1 was selected as the reference
category because the passive domiciliary lifestyle was characterised by the lowest
levels of productive, physical and social activity, which are the activities most com-
monly associated with better health and wellbeing in later life. Furthermore, indi-
viduals in this class reported the highest levels of passive rest and were mostly at
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Figure 1. Predictive margins per class.
Notes: Margins at 95 per cent confidence intervals. Product.: productive.
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home, which is a potential indicator of some level of functional or other health
impairment. The probabilities for class membership are given in Table 3.

Compared to Class 1, individuals in Class 2 were on average younger ( p < 0.01)
and less likely to experience problems with their energy levels ( p < 0.05).
Individuals in Class 3 were also younger than those in Class 1 ( p < 0.05), and

Table 2. Share of individuals in each class

Predicted class Type of lifestyle (label) N %

Class 1 Passive domiciliary 61 30

Class 2 Active functional 105 53

Class 3 Social recreational 34 17

Table 3. Class membership –multinomial logistic regression; relative risk ratio for belonging to a given
class compared to the reference

Class 2 compared to
Class 1

Class 3 compared to
Class 1

Relative risk ratios (SE)

Female (Ref. Male) 0.66 (0.27) 2.56 (1.57)

Age 0.91 (0.03)** 0.90 (0.05)*

Poor health 0.52 (0.28) 0.56 (0.46)

Education (Ref. Primary):

Secondary 2.22 (1. 12) 1.02 (0.74)

Tertiary 0.43 (0.42) 20.09 (27.65)*

Working for pay (Ref. Not working) 0.41 (0.26) 0.32 (0.31)

Managerial/professional occupation
prior to retiring

1.26 (1.13) 0.03 (0.04)*

Urban area of residence 0.42 (0.19) 1.60 (1.08)

Marital status (Ref. Married):

Single 0.78 (0.76) 2.14 (2.29)

Widowed/divorced 1.45 (0.95) 2.31 (1.97)

Single-person household 3.40 (2.30) 3.31 (2.82)

Poor emotional response (Ref. Good) 1.42 (0.74) 0.07 (0.06)***

Low energy levels (Ref. Good) 0.37 (0.18)* 2.86 (1.95)

Social isolation (Ref. Not isolated) 0.63 (0.40) 0.22 (0.30)

Poor sleep (Ref. Good sleep) 0.93 (0.42) 0.95 (0.66)

Intercept 4,923 (12,761)*** 1,477 (5,678)

N observations 200 200

Notes: Missing values were retained in the models to preserve sample size, but they are not reported in the table. SE:
standard error. Ref.: reference category.
Significance levels : * p < 0.05, ** p < 0.01, *** p < 0.001.
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tended to be better-educated ( p < 0.05), but were less likely to have held a manager-
ial or professional position ( p < 0.05). They were also less likely to report poor emo-
tional response ( p < 0.001) in their subjective health assessment. Aside from the
differences in the detailed dimensions of health as measured by the NHP, the
three classes did not differ significantly with regard to the self-reported poor health.

The mean satisfaction with life in the sample was 5.05 (95% confidence interval
= 4.87–5.23), and the distribution of the variable was close to normal. Univariate
linear regression models showed significant class differences in the levels of satis-
faction with life in general, with Class 1 reporting the lowest wellbeing among all
classes (Table 4, Model 1). However, the multivariable model (Table 4, Model 2)

Table 4. Satisfaction with life in general – ordinary least squares (OLS)regression

Model 1 Model 2

Coefficient (SE)

Class (Ref. Class 1):

Class 2 0.46 (0.21)* 0.07 (0.19)

Class 3 0.55 (0.27)* −0.09 (0.26)

Female gender – −0.07 (0.17)

Age – −0.00 (0.01)

Poor health – −0.79 (0.23)***

Education (Ref. Primary):

Secondary – 0.07 (0.20)

Tertiary – −0.06 (0.38)

Working for pay (Ref. Not working) – −0.24 (0.26)

Managerial/professional occupation prior to
retiring

– 0.31 (0.35)

Urban – 0.10 (0.18)

Single-person household – −0.52 (0.26)*

Marital status (Ref. Married):

Single – 0.35 (0.38)

Divorced/widowed – 0.21 (0.26)

Poor emotional response (Ref. Good) – −0.71 (0.21)***

Low energy levels (Ref. Good) – −0.18 (0.21)

Social isolation (Ref. Not isolated) – −0.42 (0.28)

Poor sleep (Ref. Good sleep) – −0.20 (0.19)

Intercept 4.72 (0.16)*** 6.10 (1.09)***

N observations / Adjusted R2 200 / 0.02 200 / 0.37

Notes: Missing values were retained in the models to preserve sample size, but they are not reported in the table. Ref.:
reference category.
Significance levels : * p < 0.05, *** p < 0.001.
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showed that between-class differences in wellbeing were fully accounted for by indi-
viduals’ socio-demographic profile and subjective health assessment, i.e. self-
reported poor health and emotional response (both significant at p < 0.001).
Noteworthy, Model 2 which included socio-demographic and health variables
explained a substantial share of the variation in individuals’ wellbeing (R2 = 0.37)
which was a major increase compared to the share of variance explained by
Model 1 (R2 = 0.02).

Discussion
This study used information on everyday activities, their location and social context
to look at lifestyle differentiation among older adults. Using LCA, three behavioural
classes representing unique lifestyles were identified: passive domiciliary, active
functional and social recreational. These lifestyles were associated with distinctive
socio-demographic and health profiles. Individuals leading the passive domiciliary
lifestyle (Class 1) were on average older, and more likely to report compromised
energy levels compared to those in Class 2, or worse emotional response compared
to those in Class 3. Individuals leading the active functional lifestyle (Class 2) had
good energy levels, were frequently out of the home, often engaged in productive
activities and were most likely to be physically active. Individuals leading the social
recreational lifestyle (Class 3) were more likely to be tertiary-educated, score high
on their emotional response, and socialise or spend time with their friends.

The fact that individuals in Class 2 (active functional) reported better energy
levels compared to respondents in Class 1, and individuals in Class 3 (social recre-
ational) had the better emotional response suggests that there was consistency
between objectively measured lifestyle characteristics and individuals’ subjective
assessment of the different aspects of their health. This consistency is worth atten-
tion. It supports earlier findings stating that different behaviours or their contextual
characteristics may be linked with different aspects of physical or mental health
(Menec, 2003).

Earlier studies on the healthy lifestyles of older adults demonstrated that indivi-
duals’ perceived health status was a predictor of leading a healthy lifestyle, as
opposed to demographic variables which predicted a perceived health status but
not a health-related lifestyle (Speake et al., 1989). Self-assessment of energy levels
or emotional response might also be affected by multiple factors and in a bidirec-
tional manner. For example, greater frequency of social contacts may boost emo-
tional response which in turn could encourage more social interaction. Overall,
separating activities from outcomes is challenging as both activity participation
and health or wellbeing are likely determined by individuals’ characteristics, prefer-
ences or habits acquired earlier in life (Adams et al., 2011). However, an important
question is whether a change in a person’s lifestyle could improve their emotional
response. This is particularly relevant because many of the questionnaire items
measuring emotional response (such as ‘The days seem to drag’ or ‘I have forgotten
what it is like to enjoy myself’) de facto represent the subjective assessment of a per-
son’s daily activities.

Classes differed with regard to their mean subjective wellbeing in the univariate
model, but these differences were fully accounted for by individuals’ socio-
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demographic and health profiles. There was also a major difference in the percent-
age of variance in wellbeing explained by the model including behavioural class
alone (R2 = 0.02) compared to the model including class, health profile and socio-
demographic characteristics (R2 = 0.37). There are two possible explanations for
that, and they can be seen as complementary. First, these findings may suggest
that while respondents’ lifestyles may be associated with wellbeing, this association
is largely due to factors that determine the daily behaviours of older adults, such as
their health, including its different psychosocial dimensions. This is in line with
earlier evidence suggesting that health limitations may impact wellbeing through
the way they affect the daily functioning of older adults (Angner et al., 2013).
An alternative explanation would be one in line with earlier studies on the
Valuation of Life (e.g. Jopp et al., 2008) which argue that different activities may
be selected to boost meaning and maximise wellbeing by different individuals.
Older adults’ diverse lifestyles would thus reflect their particular lifestage and hab-
itus, which seems likely taking into account the significant age and education effects
on class belonging. Lifestyles are also affected by health, but not in a deterministic
manner. That means older adults can still do what they consider meaningful or
enjoyable but they may be limited in their choices. Nonetheless, some of the life-
styles identified in this article are potentially more likely to correspond to the con-
cept of ‘engaged lifestyle’ (Rowe and Kahn, 1997), and their link with individuals’
health status is eminent.

Limitations

The cross-sectional design of this study does not allow a causal relationship
between the variables to be established. This is a major weakness since it is not
known to what extent particular dimensions of individuals’ health affect their
daily activities, and to what extent it is lifestyle and daily experiences that shapes
individuals’ health perception.

The sample size was small, which resulted in the fact that many differences between
the classes were statistically non-significant due to large standard errors. Potentially,
more classes could be specified with a larger sample, and differences between them
could be analysed in greater detail. The measures of NHP did not use the full long
version of the questionnaire which could give a more detailed picture of the associa-
tions between particular dimensions of health and individuals’ lifestyles. Furthermore,
the detailed NHP measures were dichotomised for the models as opposed to being
used as continuous scales, which made the estimates less precise. However, this was
necessary due to the limitations resulting from the small sample size.

Information about respondents’ functional or cognitive impairment or add-
itional indicators of subjective wellbeing would permit more nuanced analyses.
The present study also did not account for the subjective characteristics of analysed
activities, such as how much respondents actually enjoyed what they did; that has
been done elsewhere (Jarosz, 2021). Earlier research on older adults (Scott et al.,
2015) demonstrated that the same activity may carry different meaning for different
individuals, and various aspects of a particular activity may be emphasised.
Possibly, the meaning attached to an activity may also moderate its effect on an
individual’s wellbeing.

Ageing & Society 13

https://doi.org/10.1017/S0144686X21001586 Published online by Cambridge University Press

https://doi.org/10.1017/S0144686X21001586


Conclusions

This study captures various dimensions of lifestyle differentiation at an older age. It
identifies three distinct behavioural classes and finds an association between indi-
viduals’ lifestyles, their socio-demographic characteristics and health profile.
Individuals who engage in multiple productive activities over the day and are fre-
quently out of home report good energy levels; socially engaged individuals display
good emotional response.

The association between individuals’ lifestyle and their subjective wellbeing was sig-
nificant in the univariate models. However, in the multivariable models the class effects
were accounted for by other characteristics, primarily related to health. Overall, while
daily lifestyles are differentiated by individuals’ age, education and health profile, they
are not the decisive factor in shaping older adults’ subjective wellbeing.

Supplementary material. The supplementary material for this article can be found at https://doi.org/10.
1017/S0144686X21001586
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Note
1 There were only single cases of missing values for behavioural and socio-demographic variables. A higher
number of missing values was recorded for the items in the NHP, with the overall highest number of miss-
ing values being recorded for social isolation (ten). There were eight missing values for emotional response,
seven for energy levels and six for sleep.
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