Adv. Appl. Prob. 44, 87-116 (2012)
Printed in Northern Ireland
© Applied Probability Trust 2012
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Abstract

In this work we analyze a class of 2 x 2 Pdélya—Eggenberger urn models with ball
replacement matrix M = (¢ _Od), a,d € Nand ¢ = pa with p € Ng. We determine
limiting distributions by obtaining a precise recursive description of the moments of
the considered random variables, which allows us to deduce asymptotic expansions
of the moments. In particular, we obtain limiting distributions for the pills problem
a = ¢ = d = 1, originally proposed by Knuth and McCarthy. Furthermore, we
also obtain limiting distributions for the well-known sampling without replacement urn,
a =d = 1and ¢ = 0, and generalizations of it to arbitrary a,d € N and ¢ = 0.
Moreover, we obtain a recursive description of the moment sequence for a generalized
problem.
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1. Introduction

1.1. Polya-Eggenberger urn models

Polya—Eggenberger urn models are defined in the following way. We start with an urn
containing n white balls and m black balls. The evolution of the urn occurs in discrete time
steps. At every step a ball is drawn at random from the urn. The color of the ball is inspected
and then the ball is returned to the urn. According to the observed color of the ball there are
added/removed balls due to the following rules. If a white ball has been drawn, we put into
the urn a white balls and b black balls, but if a black ball has been drawn, we put into the urn
¢ white balls and d black balls. The values a, b, c,d € Z are fixed integer values and the urn
model is specified by the 2 x 2 ball replacement matrix

M:(i g).

This definition extends naturally also to higher dimensions. Urn models are simple, useful
mathematical tools for describing many evolutionary processes in diverse fields of application,
such as analysis of algorithms and data structures, statistics, and genetics. Owing to their
importance in applications, there is a huge literature on the stochastic behavior of urn models;
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see, for example, [12] and [18]. Recently, a few different approaches have been proposed, which
yield deep and far-reaching results for very general urn models; see [5], [6], [10], and [11].
Most papers in the literature impose the so-called tenability condition on the ball replacement
matrix, so that the process can be continued ad infinitum, or no balls of a given color being
completely removed. However, in some applications, there are urn models with a very different
nature, which we will refer to as diminishing urn models. We refer the reader to [9] for a
detailed description of diminishing urn models.

A well-known example of a diminishing urn model is the classical sampling without replace-
ment urn model with transition matrix

M:(ﬁ ﬂ)

In this model, balls are drawn at random one after another from an urn containing balls of two
different colors and not replaced. What is the probability that & balls of one color remain when
balls of the other color are all removed? Another famous diminishing urn model is the so-called
OK Corral urn, which serves as a mathematical model of the historic gun fight at the OK Corral.
The ball transition matrix of the OK Corral urn model is given by

M:(i Bv.

This problem was introduced by Williams and Mcllroy [23], and can be viewed as a mathemat-
ical model for warfare and conflicts; see [14] and [15]. It was studied by several authors using
different approaches, leading to very deep and interesting results; see, for example, Stadje [21],
Kingman [13] and [14], and Kingman and Volkov [15], or the recent works of Puyhaubert [20],
Flajolet et al. [5], and Turner [22]. A vivid interpretation is as follows. Two groups of gunmen,
group A and group B (with n and m gunmen, respectively), face each other. At every discrete
time step, one gunman is chosen uniformly at random, who then shoots and kills exactly one
gunman of the other group. The gunfight ends when one group is completely ‘eliminated’.
Several questions are of interest: what is the probability that group A (group B) survives, and
what is the probability that the gunfight ends with & survivors of group A (group B)? Moreover,
one is also interested in the total number of survivors, regardless of the group. It turns out that the
limit laws arising in the OK Corral urn model are of a different nature compared to the limit laws
arising in the sampling without replacement urn model, which can easily be seen by comparing
the limit laws given in [5], [13], [14], [15], [20], and [21], basically normal distributions or
related distributions, with the limit laws—beta distributions, exponential distributions, and
geometric distributions—arising from the sampling without replacement urn model:

—1 —k
P{Xm,n=k}=(m o )/(mnf”) 0<k=n.

This explicit formula can be proven in various ways, e.g. via lattice path counting arguments
or generating functions [9]. Here X,, , denotes the random variable representing the number
of white balls, when all black balls have been drawn, starting with n white and m black balls,
in the sampling without replacement urn model.

In this work we will analyze diminishing Pélya—Eggenberger urn models with ball replace-
ment matrix M given by

M=<_Ca _Od> witha,d € Nand ¢ = pa, p € Ny. @))]
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Throughout this work we use the notation N := {1,2,3,...}and Ny := {0, 1,2, ...}. We are
interested in the distribution of the random variable X,, ,, representing the number of white
balls, when all black balls have been drawn, starting with n white and m black balls. We
assume that the initial number of white balls is a multiple of a and that the initial number
of black balls is a multiple of d; equivalently, we consider the random variables X 4,4, With
m,n € Np. The distribution of the random variable X, 4, in the context of the evolution
of an urn, with ball replacement matrix given by M, may be described as follows. We have
a state space 4 := {(dm,an) | m,n € Ny}, where the evolution of the urn takes place. The
evolution stops at absorbing states A := {(0, an) | n € Np}. The question is then to determine
the probability P{X4mu.4n = k} that a certain state k € # is reached, starting with an white
balls and dm black balls. The aim of this work is the derivation of limiting distributions of
the random variables X, 4, for diminishing urn models, when the urn evolves according to a
ball replacement matrix M given by (1). We will see that different limiting distributions arise
according to the growth of m and n. Note that, when starting with an 4+ « white balls, where
1 < o < a, the urn model is no longer well defined. It may happen that at some stage only
o white balls are left, but we are forced to remove a white balls, when choosing a white ball.
The same problem occurs when the parameter ¢ # pa is not a multiple of the parameter a in
the definition of the ball replacement matrix.

1.2. Motivation

Our studies of the class of diminishing urns with a ball replacement matrix given by (1) is
motivated by the following problems.

1.2.1. The pills problem. The pills problem was originally proposed by Knuth and McCarthy
[17, p. 264]; the solution appeared in [16]. A vivid interpretation of the pills problem is the
following. In a bottle there are m large pills and n small pills. A large pill is equivalent to
two small pills. Every day a person chooses a pill at random. If a small pill is chosen, it is
swallowed, but if a large pill is chosen, it is broken into two halves, one half is swallowed and
the other half, which is now considered a small pill, is returned to the bottle. The problem,
proposed in [17], was to find the expected number of small pills remaining when there are no
more large pills left in the bottle. Brennan and Prodinger revisited this problem in [2], where
they showed how one can derive the exact moments of the pills problem (at least in principle),
and computed them up to the third moment. Furthermore, they also considered variations of the
problem, assuming, e.g. that a large pill is equal to p small pills, where they also succeeded in
computing the expected value. The pills problem corresponds to the derivation of the expected
value of X, , for a diminishing urn model with ball replacement matrix

-1 0
M= ( : _1> |
In the recent work of Hwang et al. [9] the limiting distributions of the pills problem and a
related model, namely
-1 0
=(0 %)
were obtained by using generating functions. It was shown that the limiting distributions
significantly differ for these two problems. The generating functions approach of [9] has the

benefit that one not only obtains the limiting distributions, but also the exact distribution of
Xm n for the two considered urn models. However, it seems difficult to extend the generating
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function approach to study the class with a ball replacement given by (1) in full generality.
Hence, the results of [9] motivated us to analyze the class of urns with replacement matrix

M= (‘C“ _Od>.

1.2.2. Sampling without replacement. This classical urn model corresponds to the urn with ball

replacement matrix
-1 0
w=(3 %)

The distribution of the types of balls after # draws is very well known (see, e.g. [S]), but here
we will focus on the limiting distributions of X,, ,. Note that this problem is often treated by
introducing two absorbing axes, i.e. {(0,n): n > 0} U {(m, 0): m > 0}, but we rather simply
use the absorbing axis A = {(0,n): n > 0}, which is fully sufficient. We will also derive
limiting distributions for the generalizations

—a 0
M= ( . _d) .
1.3. Weighted lattice paths

It is useful to describe and visualize the evolution of an urn with ball replacement matrix

a b
()

by weighted paths, which is described here in the case of urns with two types of balls. If the
urn contains m black balls and n white balls, and we pick a white ball, which appears with
probability n/(m + n), this corresponds to a step (m, n) — (m + a, n + b), which has weight
n/(m + n), and if we pick a black ball, this corresponds to a step (m,n) — (m +c,n + d),
which appears with probability m /(m +n) and thus has weight m /(m +n). The weight of a path
after  successive draws consists of the product of the weights of every step. For a diminishing
urn, we find that the sum of the weights of all possible paths starting at state (m, n) and ending
at the absorbing state (i, j) € 4 (which did not pass another absorbing state earlier) gives the
required probability that, when starting at (m, n), we end at (i, j).

Unfortunately, the weighted path approach is in general not effective for studying the
behavior of urn models. An example for a weighted path corresponding to the evolution of a
diminishing urn is given in Figure 1. The steps associated with a ball replacement matrix

= 1)

are visualized in Figure 2.

1.4. Goal

We will determine the structure of the moments of X 4y, 4, for urn models with ball replace-
ment matrix

M=<_ca —0d> a,d € Nand ¢ = pa with p € Ny,
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(0,2)¢

4,00 (5,0

FIGURE 1: An example of a weighted path from (6, 1) to the absorbing state (0, 2) for the so-called pills
problem with ball replacement matrix M = ( l_lfl) ) and the vertical absorbing axis A = {(0, n): n > 0}.

: : 62151432321 _ _3
The illustrated path has weight 352557353755 = 3935~

(dm—1),an +c)
(dm—1),an)  (dm, an) dm (dm, an)
dm an dm + an

dm+an| gm + an dma-’:- e
([ ] [
(dm, a(n-1)) (dm, a(n—-1))

FIGURE 2: The steps associated with the transition matrix M = ( ;“ f; ) for ¢ = 0 (left) and ¢ > O (right).

as well as providing explicit formulae for the expectation and variance of X4, 4. Moreover,
we will determine limiting distributions of the random variable X 4,,, 4, With replacement matrix
M as given in (1). As a byproduct we (re)obtain limiting distributions for the pills problem,
and also for generalizations of it.

For fixed m and n tending to oo, we can show that Xy, 4n/(an) tends to a so-called
Kumaraswamy-distributed random variable. Furthermore, we show that, for m tending to oo,
the limiting distribution for ¢ > 0 changes according to the quotienta/d, witha, d € N, and the
proportion of m and n. We will also encounter Weibull distributions as limiting distributions.

1.5. Notation

We denote by X, Lx the weak convergence, i.e. the convergence in distribution, of the
sequence of random variables X, to a random variable X. We use the notation X = Y for
the equality in distribution of the random variables X and Y. Furthermore, we define H, :=
Y i—; 1/k to be the nth harmonic number and Hn(z) =31/ k? to be the nth second-order
harmonic number. We denote by [} ] the unsigned Stirling number of the first kind, and by {}}
the Stirling numbers of the second kind; see, e.g. [7]. Furthermore, throughout this work, we
use the Pochhammer symbol for the falling factorial (x); := x(x — 1) - - - (x — £+ 1). Note that
in combinatorics (x), is used for the falling factorial, whereas in the theory of special functions
the same notation is used for the rising factorial. Alternate notation for the falling factorials
include x£, as propagated by Graham et al. [7]. Moreover, we use standard asymptotic notation,
such as the big-O notation, small-o notation, and also the asymptotic equivalence of functions

f~g<elim(f/g) =1
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1.6. Plan of the paper

The main results of this work are the characterization of the limiting distributions of X g an
depending on the ball replacement matrix M and the initial states, which are contained in the
next section. In Section 4 we give a recursive description of the moments of Xy, 4, together
with the derivation of the expectation and the variance. Section 5 is devoted to the proofs of
the limiting distribution results. A generalization of the considered urn model is then discussed
in Section 6.

2. Preliminaries

In the following we collect some basic facts about important probability distributions
appearing later in our analysis.

The Kumaraswamy distribution with parameters «, 8 > 0 is the distribution of a random
variable K = K («, 8) with density f(t) = fx(¢) and distribution function given by

F@O =aft* 1 =1*)P1 and PK<x}=1—-(1-x9f, xe[0, 1. ()
The sth moment of a Kumaraswamy-distributed random variable K = K (¢, B) is given by

Bty = DB+ DI +s/a)
T +B+s/a)

s=>1, 3)

and the Kumaraswamy distribution is uniquely determined by its sequence of moments
(E(K*))sen. The Kumaraswamy distribution is closely related to the beta distribution: a
Kumaraswamy-distributed random variable K = K («, ) can be expressed in terms of a beta-

distributed random variable B = B(1, B) with parameters 1 and § as follows: K £ Bl/e,

The Weibull distribution with parameters k, A > 0 is the distribution of a random variable
W = W(k, A) with support [0, o), where the density function and distribution function are
given by

k[t k—1
f(t) = X(X) WM 50, PW<x}j=1—e M x>o.

The sth moment of W is given by
E(W“):X‘F(l—l—%), s> 1,

and it is known that, for k > 1, the Weibull distribution is uniquely determined by its sequence
of moments (E(W?®)),en. Special instances of the Weibull distribution are the exponential
distribution & = 1 and the Rayleigh distribution kX = 2. Note that it is known that the Weibull
distribution can be expressed as the (1/k)th power of a standard exponentially distributed
random variable & = Exp(1) with intensity 1 times A, i.e. W = A(e)!/*.

For a given parameter p > 0, there exists a discrete distribution ¥ = Y, with probability
mass function given by

ot

d [ a
P{Y — Z} — Fa\/ xf-f—d/a—le—xd/ —pX dx, (4)
ba Jo
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such that the factorial moments of Y are essentially given by the power moments of a Weibull-
distributed random variable W with parameters k = d/a and A = 1:

e as 53[5, a
E((Y),) = p r(1+d>, E(Y)—;Hp r(1+d).

Moreover, the moment generating function ¢(z) = E(e?¥) of Y is related to the moment
generating function ¥ (z) = E(e*V) of W, if it exists, by

p(2) =¥ (p(e* —1).

This can easily be verified by a direct computation: the sth factorial moment E((Y)y) satisfies

E((Y)s) = ) (O P{Y = ¢}

>0
td > a
S0 [
i>s L a 0
l—s [e'¢)
=Py - ‘ / xlrdfa=tg=x=px g
= €—=s)'aJy
_ xd * s+d/a—1 7xd/”7px pexe d
=p Z A X € ZT X

d [ . 4 _.dja
— pA_ erl/u le x4 dx
a Jo

=pr(1+%
=p 7))

This implies the stated results for the ordinary moments E(Y*) = Zj‘:l {j} E((Y);). The
moment generating function of Y is given by

¢(z) = E(e*")
= Py = ¢

>0
¢
_d /ooxd/uflefxd/“fpx 3 %xeeze dx
a Jo =0 !
e,
a Jo
=y (pE® —1)).

For d/a > 1, or, equivalently, a/d < 1, the moment generating function v (z) of the Weibull
distribution exists, and, therefore, by the result above, the moment generating function ¢(z) of
the discrete distribution Y exists too, and the discrete distribution of Y is characterized by its
moments.
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3. Results

Next we state our limiting distribution results for X, 4., divided into three cases, namely,
¢c=0,¢c#0anda/d < 1,and ¢ # 0 and a/d > 1. We start with the simplest case
¢ = 0, which seems to be well known (at least implicitly), and is covered here for the sake of
completeness and as another application of our approach.

3.1. Limiting distributions for ¢ = 0

Theorem 1. For the ball replacement matrix

—a 0
= (o %)

the random variable X gy an, representing the number of white balls when all black balls
have been removed, starting with an white and dm black balls, has the following limiting
behavior.

1. For fixed m and n — oo, the scaled random variable X gm an/(an) converges in distri-
bution to a Kumaraswamy-distributed random variable:
Xaman £ (4,
an a
2. Form,n — oo such that m¥4 = o(n), the scaled random variable m“/dde,,m/(an)
converges in distribution to a Weibull-distributed random variable:

ma/dde,an i W(il).
an a

3. For m,n — 0o such that n ~ pm“/d, with p € RY, the random variable Xdm.an/a
converges to a discrete random variable X with moments

X u ¢
Ddman Low ith E(X*) = > {;}pﬁ“(l + %)
a
=1

4. Form — oo and n = n(m) = o(m®?), the random variable Xdm.an converges to a
limit X, which has all its mass concentrated at O:

L
Xdam.an — 0.
Remark 1. For a = d = 1, we obtain the limit laws for the well-known sampling without

replacement urn model
-1 0
v=(o %)

which seem to be mathematical folklore, although we could not find a proper reference to the
literature. In particular, as mentioned in the introduction, we obtain a beta limiting distribution
for fixed m and n — o0, an exponential distribution for m, n — oo such that m = o(n), and
geometric distributions for m, n — oo such that n ~ pm.

Remark 2. Strictly speaking, for a/d > 1, we can only show moment convergence in (2) and
(3) by our approach. However, it is possible to improve to general a,d € N using different
approaches. First, we would like to mention a generating functions approach similar to the

https://doi.org/10.1239/aap/1331216646 Published online by Cambridge University Press


https://doi.org/10.1239/aap/1331216646

Limiting distributions for a class of diminishing urn models 95

works [6] and [9] to obtain a closed-form expression:

X 1
P{ dm,an — k} — T(’/Z)/ ql/a"rk/d—l(l _ ql/d)m—l(l _ ql/d)n_dea (5)
a a \k/ Jo

valid for 1 < k < n. By using the definition of the beta function, we readily obtain the
expressions

Xaman _ | _ x>, -1 (m\(k—1+¢d/a n+4td/a
AR == () /)
ey ek (M) [t m + ta/d

2 (/)

which allow us to extend the results to general a, d € N. Second, as pointed out to us by the
referee, it is possible to use a decoupling approach; see, for example, [11] and [15]: we consider
two independent linear death processes, W; (white) with death rate 1, and B; (black) with rate
W = d/a, starting at time O with n white balls and m black balls. Let T = inf;-o{B; = 0} be the
time when the black process dies out. Then W; = Xy, 4 /a. By the independence assumption
P{r <t} = (1 — e #)™ the number of white balls is determined by the binomial distribution
B(n, p) with parameter p = e~’. Consequently, we can strengthen part 1 of Theorem 1 to
almost-sure convergence, and readily (re)obtain the closed-form expression (5) after a simple
substitution.

3.2. Limiting distributions for c # 0 and a/d < 1

Theorem 2. For the ball replacement matrix

—a 0
= (%)

where ¢ = pa > O with p € N, and a/d < 1, the random variable X gy qn, counting the
number of white balls when all black balls have been removed, starting with an white and dm
black balls, has the following limiting behavior.

1. For fixed m and n — oo, the random variable X 4y, qn/(an) converges in distribution to
a Kumaraswamy-distributed random variable K (d /a, m):

X d
dm,an i K(—, m>
an a

2. For m — oo and arbitrary n = n(m), possibly constant or a function of m, the random
variable X gm an/&m.n converges in distribution to a Weibull-distributed random variable:

de,an i W(C—l, 1)
8m,n a
The normalization values g, , are given as

an +mced/(d — a) a 1
ald forg <1,

8m,n = gm,n(a» c,d) = an a
— +clogm for — =1.
m d

Remark 3. The special case « = ¢ = d = 1 of Theorem 2 has already been proved by Hwang
et al. [9]. Furthermore, the special case a = ¢ = 1, d = 2 of Theorem 2 reproves the Rayleigh
limiting distribution for «/m X, 2,,/(n + 2m), also stated in Hwang et al. [9].
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3.3. Limiting distributions for ¢ # 0 and a/d > 1

Theorem 3. For the ball replacement matrix

—a 0
= (%)

where ¢ = pa > O with p € N, and a/d > 1, the random variable X 4 an, representing the
number of white balls when all black balls have been removed, starting with an white and dm
black balls, has the following limiting behavior.

1. For fixed m and n — 00, the scaled random variable X gy an/(an) converges in distri-
bution to a Kumaraswamy-distributed random variable:

X d
dm,an ﬁ) K <_’ m>

an a

2. For myn — oo such that m*¢ = o(n), the moments of the random variable
ma/ dde,a,, /(an) converge to the moments of the Weibull-distributed random variable
W(d/a,1).

3. Form,n — oo such thatn ~ pm“/d, with p € RY, the moments of the random variable
Xdm,an converge:

S S
al K
E(X g an) = @’ szl‘<1 e ) Z {r}ﬂr,w,o, s> 1.

=0 r=~_
The values Vs ¢; 1,4 satisfy a system of recurrence relations given in Proposition I below.

4. Form — oo and arbitrary n = n(m) satisfying n = o(m®%), the moments of the random
variable X g 4n converge:
s
r

N
E(X},.an) — @ Z { }ﬁr,o;o,o, s> 1.
r=0

The values Vs ¢; 1,4 satisfy a system of recurrence relations given in Proposition I below.

Note that we can prove convergence of the moments, but we are not able to show that the
resulting moment sequences define a unique distribution.

4. The structure of the moments

4.1. A recurrence for the moments

By the definition of Pélya—Eggenberger urn models with ball replacement matrix given by
(1), the probability generating function A, , (v) := Zkzo P{Xdam.an = k}vk of Xgm,an satisfies
the recurrence (recall that ¢ = pa, p € Np)

i (V) = hmn—1n+p(v) forn>0,m>1, (6)

) + "
_1(v _
m.n=1 an +dm

with initial values given by &g ,(v) = v foralln > 0.

Our aim is to derive limiting distributions of X4, 4n for max{m, n} — oo. To do this, we
will give a precise description of the moments, which enables us to obtain an exact expression
for the expected value, and to determine the limiting distributions using the so-called method

—h
an +dm
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of moments, i.e. by applying the moment convergence theorem of Fréchet and Shohat, the
second central limit theorem; see, e.g. [19]. Of course, it follows from (6) that the moments

em = E(de n) Satisty the recurrence
] _ _ 4n s dm s
Cmin = = +dme’"*"_1 + = +dmem_1’"+p forn >0, m > 1, (7
with initial values e[ ] = a*n® forn € Ny.

Our first observatlon for determlmng the structure of the moments is that em nisa polynom1a1
of degree s in n; in other words, the sth moment is of the form e%n = Ze:o s, g,mn , Where
the numbers Ag ¢, are independent of n. In the following we obtain an explicit result for A g ,,,
and a recursive description of the quantities A ¢,n, 1 < £ < s — 1, in terms of Ay; ;, with
{+1<i<sandl <j<m.

Lemma 1. The sth moments eLl]n =E(X} ) of the random variable X gm qan satisfy the

(m+as/d)'

dm,an
expansion eEn n = Zk oMs, kmn where Agsm =a’/

As.ems 1 <€ <s — 1, satisfy the recurrence relations

-1 m
S0
s, l,m = mtat/d M. b.m—ks

k=0 ( k )

Furthermore, the values

where
N N
a k dm k
=) —DFtia — > k1.
M, t.m al +dm (Z— l)( ) skm T al+dm ¢ )4 s,k,m—1

For ¢ = 0, we have

vOm—ZMkaa with MYOm:—Zp }‘vkm

The initial values are given by As 50 = a® and hs 40 = Ofor 0<t<s—1

Proof. In order to prove the stated expansion of em n, We start with the ansatz e[s] =

> 1=0 s, nt, and obtain from the recurrence relation (7) the equation
) S S
(an+dm) Y dsemn’ =an) oo =D +dm Y dsem-i(+p). (®)
£=0 £=0 £=0

By comparing the coefficients of n¢ for 0 < £ < s + 1 in (8) we obtain a system of s + 2
equations, i.e.
As,s,m = )\s,s,mv

N
k
dm)\s,ﬁ,m + a)\s,éfl,m =a Z (_l)k_“_l)\s,k,m
k=t—1 t-1

s
_ k
+dmzpk Z)\s,k,m—l(e)a 1<t<sys,
k=¢
s
)Ls,O,m = Z pk)\s,k,mfl ,
k=0
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with initial values A; 50 = a® and A; 0 = 0 for 0 < £ < s — 1, which are determined by
e([)sjl = a’n’. The first equation is trivially true, so there remain s+ 1 equations, which determine
the values Ag ¢.m, 0 < £ < 5. The term As ¢—1 , on the left-hand side cancels with the first
summand of ) ;_, (=D em ((fl) on the right-hand side, and we obtain

N
k
dmisem = —alhsem+a Y (=D, ( . 1) +dms m—1
k=t+1

N

_ k

+dm Y pt ‘As,k,m_1(£>, 1<t<s.
k=0+1

The key step is to note that, for computing the values As ¢, for 1 < £ < s, only values Ag ;
and Ag;m—1 With £ +1 < i < s are needed, which allows us to recursively describe these
values. Hence, we can obtain, for the values A, ¢ ,, the recurrence relations

dm
)”s,l,m = mks,i,m—l + Us,e.m forl <€ <y,
with
s s
a k k—t—1 dm K\ i_s
Hstm i = Z ( )(_1) )\s,k,m + — Z p )\s,k,m—l-
dm+a£k=e+1 -1 dm—i—aﬁk:Hl 12

In the case ¢ = 0 we directly obtain

s
k
)"s,O,m = As,O,m—l + Z p )\s,k,m—l
k=1

and, further,

s
: . k
)LS,O,m = )\s,O,m—l + s, 0,m—1 with Ms,0,m = E p )‘s,k,m-
k=1

Using induction with respect to m and n, we conclude that recurrence (7) has a unique solution
for the given initial values A; 50 = a® and A; g0 =0for0 < £ <s — 1.
Now we will compute A; s ,,. We have

dm)hx,x,m + a)ts,sfl,m = _sa)hs,s,m + a)hs,sfl,m + dm)\s,s,mfh

leading to
(dm +as)hssm = dmhs s m—1.
This gives
dm m! a‘
As.som = As.s.m—1 and, further, Agm = =

dm 4+ as (m +as/d), (m+:1s/d) )

where (m+as/d)y, = (m+as/d) --- (1+as/d) is written using the falling factorials notation.

By Lemma 1 we can derive arbitrarily high moments of X 4,,, 4. In particular, we will derive
the expectation of X4, qn, and use Lemma 1 to prove our limiting distribution results.
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4.2. Factorial moments and an explicit formula for the moments in the case c = 0

The computation of several moments using Lemma 1 suggested that an alternative description
of the moments can be obtained. Let

e,(;>=E((Xd+> ) :E(Xd+<xd%_1)<xd%_s+l>)
)

denote the sth factorial moment of the normalized random variable X 4, 4, /a, with initial value
e((f; = (n)s. In the following we obtain an alternative expansion for e,(,f )n in terms of (n);, the

falling factorial powers of n.

Lemma 2. The sth factorial moments e,Sf?n = E((Xam.an/a)s) of the normalized random vari-

m+rzrlls/d)

able X g qn /a satisfies the expansion e,(;f?n =Y 90 Ns.em(n)g, with Ag s = l/( and

Asom, 1 <€ <s — 1, recursively described by

1 "2 ktat/d < ()
As,e,m=WZ( X ) Z (K)(p)j—/ZAs,j,ko

m k=0 j=t+1

The initial values are given by Ag 50 =1 and Ag g0 =0for0 <€ <s— 1.
oreover, the values Ag ¢ m, With ey, = =) s_o N A o.m, arising in the expan-
M the values ks, ¢ m, with ey = B(X3, v st g inthe exp
sion of the ordinary moments of X gm an, are related to Ay j m via

S r .
b=t RO i 0205

r={ j=t
where [Z] denotes the unsigned Stirling numbers of the first kind and {Z} denotes the Stirling

numbers of the second kind.

As an immediate consequence of the above result, we obtain explicit results for all moments
in the case ¢ = 0.

Corollary 1. In the case ¢ = 0 the sth factorial moment E((Xgm.an/a)s) of the normalized
random variable X gm.an/a is given by

Xdm,an (n)s
()2
a ) (")

Consequently, the ordinary sth moment of X gm an is given by

g =0t a0 /(M)
{=0 j=t

Proof of Lemma 2. First we note that the factorial moments e,(,f,),, satisfy the same recur-

rence relations (7) as their ordinary counterparts e%n, only the initial condition changes to
e(()szl = E(Xo,4an/a)s = (n)s. We proceed as in the proof of Lemma 1 and obtain, by the ansatz

e,(,f?n =Y 1_0 As.k.m(n)s, the equation

S A )
(an+dm) Y " Asem@e=any_ Aqem—De+dm Y Asom1(+pi. 9
=0 =0 =0
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Next we use the facts that
(an +dm)(n)g = (a(n — £) +al +dm)(n)g = a(n)g+1 + al + dm(n)g,
nmn—1)¢ = ()11,

and the binomial theorem for falling factorials

@+ba=Y (’;) (@ (D)t (10)

k=0

in order to write (9) as

> Asem@m)eqs + (@t + dm)(n)e)

£=0
s s N g
=a Z As.em(M)ey1 +dm Z(”)j Z (J) (P)e—jAs.em—1-
=0 =)

j=0

The equation above simplifies to

(e
Z < ) (p)ﬁ—jAs,(Z,m—l-
J

=)

> Asem(@l+dm)(n) =dmy (n);
j=0

£=0
Comparing the coefficients of (n)¢, the falling factorial powers of n, we obtain the equations
As,s,m(as +dm) = dmAs,s,m—la L =s,
—~ (J
As.em(as +dm) =dmAsem+dm Y (£)<p),~_zAs,j,m_1, 0<tf<s—1 (11
j=t+1

Consequently, we obtain

m 1
As,s,m = mf\s,s,m—l and, further, As,s,m = W'

Moreover, we also obtain from (4.2) the stated recurrence relation for Ag ¢ n:

S .
m m J
A =——A _ _ E oA im—1.
S,6.m m+al/d S,6.m 1+m+a€/d ) L (P)j—tAs.jm=1
j=t+1

In order to obtain the stated relation between A ¢, and Ay jn, 0 < £, j < s, we use the
expansion of the ordinary moments into factorial moments using the Stirling numbers of the
first and second kinds:

s s de,an y
E(de’an)za E T

s
)
r a
r=0 r

N r

* {j} Z(n)jAr,j,m

r=0 j=0

I
Q
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S (5] J |::| ‘
=da Ar m (_1)1_2716
P

£=0

a®y nt { }ZAr]m[}(_l)je-

=0 r=¢{

On the other hand, E(Xj,, ) = Yo )s.¢.m» which proves the stated result.

Proof of Corollary 1. In the case of ¢ = ap = 0, or, equivalently, p = 0, we obtain from
Lemma 2 the result

s
(n)
f(ﬁ)n = § AS,E,m(”)Z = (M)sAg5.m = —m—i-ass/d s
£=0 ( m )

since all the terms Ag ¢, 0 < € < s — 1, are O due to the factor p:

1 "2 ktat/d <~ ()
Asem = W Z < r ) Z <Z)(P)j—ZAx,j,k
k=0

m Jj=t+1
m—1 s .
P k+at/d Jj
= (m+a€/d) Z ( k Z ¢ (p— 1)-/—5_1‘/\&-/’/"
m k=0 j=t+1

This implies that the ordinary moments are explicitly given by

E(XS0n) = @ Z” ]Z( b Z{ ” ]/(m +njj/d>

4.3. The fine structure of the moments for a/d > 1
Next we are going to use Lemma 2 to obtain a refinement of the description of the factorial
moments.

Proposition 1. For a /d > 1 and ¢ # 0, the values A ¢.m, arising in the expansion of the sth
factorial moment em n = E((Xam.an/a)s) = Ze o) e As ¢.m of the random variable X 4 an,

satisfy
s 1 h—¢
Nsom = Z Tmtahjdy Z 0S,K;h,gmgv
h=¢ ( m ) g=0

where the values Vs g, j i satisfy U5 550 = 1,

s h—j
Vs 00,0 = — Z ()(P)] Zzzﬁsjht%< ,(if)v

j=t+1 h=j i=0

and, further, for{ +1 <h <s—1and0 < g <h — ¢,

min{h,h—g+1} ] h—j ah al
dns = 2 (o X vumans( 55
j=t+1 i=max{0,g—1}

The quantities p; ((X,Y), 0 <€ <i+1, and q;(X, Y) arising here will be defined in Lemma 3
below.
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In order to give the proof of the result above, we need the following identity.

Lemma 3. The sum

can be expanded as

LSS G oy mipu ) gt 1)
") i (1) (") ")

k=0 £=0

assuming thatY + h+1—X #0for0 <h <i, i >0, with

i+1 .
J i
pio(X, Y)=ZM(—1)J ¢
j=t
J " Xp1—;

RO A Y AT ) .
2 Y +h+1- ]«2_;1( X) <f>{h} 0<e<i+]l,

h:maX{O j—1}
_ i—f f (X)n+1
“(X 1) = hz(:)fz;f X) ( ){h}(Y+1+h—X)'

Proof. We use the identity,

— Y) (" 4+ X) (X) 41 0
Z k+X X)j = — N U S A (12)
h= GH1+Yy-—-x)("}") J+1+

with j+14X—Y # Oand j > 0, which can be proven using induction with respect to m. The
identity was observed by the authors for small values of j using a computer algebra system,
and then proved in general by induction. In order to apply the above result to the sum

1 m—1 (k+Y) '
kX kl,

—~~
3
I +
~
SN—
~
Il
(=]
—~
~
>~
~

we expand k' in the following way:

=Gk+X-X)

= (})(—X)"—f (k + X
£=0
i ; i f
=Z< )( X) Z{ }(k+X)h
=0 h=0

=i(k+x>h (}){ }(—X)"—f.

h=0
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Consequently, we obtain

= Y +X (k"'X)h . (=X)'~
>t 2 w3 ()| o

f=h

(m + X)ng1 (X1 L (i f} i
- _ —Xx)"~7.
Z((h+1+Y X) ("X (h+1+Y—X)(”’;Y)>Z(f){h =0

f=h

This proves the stated result for g; (X, Y). In order to obtain the expressions for p; ((X, Y),
0 <€ <i+1, we have to expand (m + X — h)("+%) in terms of ordinary powers of m. We
use the binomial theorem for falling factorials (10), and also the expansion

i
(m)j=) [ﬂ(—l)j_eml.

£=0
Consequently, we obtain

h+1

h+1
(m+ X)ny1 = Z( j )(m),(xml i

j=0

h+1 J .
h+1
( ; )ZB](—DJ “Cmt (XOns1-g
=0
1

+

=0

k‘\

+

h+1
h+1
=S m Z( j )[ }( DI X1 ).

=0 j=t
Interchanging summations then leads directly to the stated results for p; ¢(X, Y).

Proof of Proposition 1. We proceed by induction with respecttom and £. We readily observe
that Ay, satisfies the stated expansion. Assuming that the values Ay jx have the stated
expansion for all k < m and £ +1 < j < s, we obtain, by Lemma 2 and the induction
hypothesis,

m—1 K .
1 k+at/d J
Agem = (m+a@/d) E ( k > E <E>(p)j—ZAs,j,k

m k=0 j=t+1

s h—j - k+a€/d)
= 3 () X St e 3 e
Jj=t+1 h=j i=0 :0

Before we can apply Lemma 3 we need to check that the conditions Y 4-14+g—X # 0 are satisfied
forY =al/d, X =ah/d,and0 < g <i.Wehave | <1+4+g<i+1<h—j+1<h-—4¢,
with equality only in the case j = £ 4+ 1. Hence, from our assumption that a/d > 1 we obtain
l1+g<h—€<a(h—{)/d,suchthatl + g —a(h —£)/d # 0, 0 < g < i. We obtain, by
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Lemma 3,
S,/ s A S\ mEp g(ahd, at/d)  qi(ah/d,al)d)
Avem= D () Pie 2D s jini\ D= omaiia—— —  mratia )
Jj=t+1 h=j i=0 g=0 ( m ) ( m )

This implies the stated result for ¥ 4.¢ ¢. Furthermore, we obtain

s . N h_/ i+1 g
J mé pig(ah/d, at/d)
> () X v X
j=t+1 h=j i=0 g=0 m

s h—¢  min{h,h—g+1} h—j

| : hoat
=2 WZW > (é)(pm 3 ﬁs,j;h,ipi,g<%,%),

h=(0+1 m g=0 j=t+1 i=max{0,g—1}
which leads to the stated results.

4.4. Derivation of the expected value

Next we will derive the explicit expressions for the expectation of X4, 4n» using Lemma 1.
Proposition 2. The expectation of X gm an is given as

an
m+1

an c dm +a a
(m+a/d) +d—a((m+”‘ll/d) —a) forg#l.

m

+ cH,, forg =1,

E(de,an) =

Proof. In order to obtain the expected value of X4 4n, we use Lemma 1 to obtain
E(de,an) = Al,l,mn + )\1,0,m»

where the values A1 1, and A1 o, are given by

a
(m+a/d) ’

m

1
AMim = ALOm = A,0,m—1 + P Al lm-

This implies that A1 ¢, can be written as
m—1 m—1 1
A0m =P Z Alkm = pa Z TFrardy
k=0 k=0 ( k )

We have to distinguish between the cases a/d = 1 and a/d # 1. First, assume that a/d = 1.

We obtain
m—1 1 m—1 1 mz—l 1
> i = i = Ly =
k+ajd Z k+1 m
k=0( l[cl) k=0(k) k:Ok_i_1
and, further, E(X4m 4n) = an/(m + 1) 4+ cH,,. For the case a/d # 1, we use the summation
formula
”il 1 m+X X
k+X\ — Xy 1_vx’
o (%) a=x("7) 1-X
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which can be easily deduced from another summation formula, namely (see [7, p. 188]),

k ¢
K\ (=D¢ 1
Z(z)xu Cox (Y

£=0
using the fact that ZZL:_()I (]Z) = (/). We obtain
m—1 1

Z _ dm +a __a
k=0 (k+Z/d) (d— a)(mt:/d) d—a’

which directly leads to the result

oy _an c(dm +a) ca
( dm.an) = (m+a/d) d— a)(m+a/d) B d—a’
m m

4.5. Asymptotic expansions of the expected value

Next we derive asymptotic expansions of the expected value E(X g 4n) for max{m, n} —
oo. These expansions serve as an indicator for the normalizations used in Theorems 1-3 for
the random variables X g, an.

Lemma 4. Form € N fixed, n — oo, and arbitrary a, c, and d, the expected value of X gm an,
as given in Theorem 2, is asymptotically given by

an
EXam,an) = o + O(D).

(")

Form — o0, a/d <1, ¢ # 0, and arbitrary n = n(m), the expected value of X g an always

tends to oo:
an a
— +clogm for — =1,
m d
E(Xdm,an) ~ rf1.@ an +cdm/(d — a) a_,
+ 7 mald for 7 < 1.

Form — oo, a/d > 1, ora/d < 1 together with ¢ = 0, we have the following three regions
in the asymptotic behavior of the expected value of X gm an-

d

o Form®? = o(n), we have

a an n C
E(de,an) =r{1+ E mald +0 ma/d+1 + ma/d—1 +1).

o Forn ~ pm®?, with p € RY, we have

148 ca 1 c 1
E(Xdam,an) = al’ +E P+a_d+(9 ;—}—W—FW .

e Forn = n(m) such that n = o(m®'?), we have

ca n c
EXaman) = —— + 0\ 2 + o |- (13)
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Remark 4. Our results above say in principle that the asymptotic behavior of X, 4n is
governed by the quotient a/d, together with the (non)positivity of c. A similar situation occurs
in tenable triangular urn schemes; compare with [11]. A simple explanation for the above
results is as follows. For fixed m and n tending to oo, the actual values of a, d, and c are
irrelevant. For m tending to oo such that a/d < 1 and ¢ # 0, the positivity of ¢ ensures that
the random variable always tends to co. In the remaining cases with m tending to oo such
that a/d > 1, or ¢ = 0 and arbitrary a, d, the random variable X, 4, can be rather small,
depending on the growth of n = n(m) compared to m.

Proof of Lemma 4. We use the explicit results stated in Theorem 2. For fixed m andn — oo,
we use Stirling’s formula for the gamma function, i.e.

2\ V2 1 1 1

and obtain, for arbitrary a, ¢, and d, the expansion

an
E(Xdm,an) = W +0()

_ Tm+ DI +a/d)

S T v O

=r(1+%4) 100
=T\ g ) e 7O

Next assume that m — 00, a/d < 1, and ¢ # 0, and that we have arbitrary n = n(m). We use
the asymptotic expansion of the harmonic numbers

1 1
Hy, :10gm+y—%+(9(m>,

where y = 0.577215664 9. .. denotes the Euler—Mascheroni constant, to obtain, fora/d = 1,
the result

an an
E(de,an) = ——+cH, ~ — +clogm.
m—+ 1 m

Fora/d < 1, we obtain

an c dm +a
E(de,an) = (m+a/d) + d—a (m+a/d) —a
m m

a\ an cd a
~T(1+=)— + —T(1+ = |m'4,
( +d>m“/d+d—a ( +d)m

where we have again used Stirling’s formula (14). For m — oo, a/d > 1,ora/d < 1
together with ¢ = 0, we proceed similarly to the previous cases. For example, assuming that
m? = o(n), we obtain, by Stirling’s formula (14), the result

an c dm +a
E(Xam,an) = (m+a/d) + d—a (m+a/d) —a
m m

a\ an 1 c
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5. Derivation of the limiting distributions

In the following we will present our proofs of Theorems 1-3. First we prove simultaneously
the limit laws of Theorems 1-3 in the case of fixed m and n tending to oo. Then, we
separately provide the remaining proofs of Theorems 1-3 for m tending to co and n = n(m) in
Subsections 5.2, 5.3, and 5.4.

5.1. The case of fixed m

We assume that m is an arbitrary but fixed natural number, and derive the limit of Xz an
for n tending to oco. Using Lemma 1, we can expand the sth moment of X4, 4, for arbitrary
values of a, d, ¢ € N in powers of n as

E(Xfim,an) = 65]}1

s
k
= Z )\s,k,mn
k=0

s—1

= )\s,s,mns + Z )\s,k,mnk
k=0

= )\s,s,mns + (D(nS71)

a’n® |
— s—
- (m+as/d) +O0Mm),
m
since we assumed that m is an arbitrary but fixed natural number. Consequently, the moments
of the normalized random variable X 4, 4, /(an) satisfy the following asymptotic expansion:

E<X5@4">==35% _ 1 (1*_0(1>>:= m!T(1 + as/d) <1%_0(1)).
asn’ asn’ (’"+":ls/d) n I'(l4+m+4as/d) n

Hence, the sth moment of the scaled random variable X4, 4, /(an) tends to the sth moment
of a Kuramaswamy-distributed random variable K = K(d/a, m) with parameters « = d/a
and § = m for any s > 1, ie. E(Xflm’an/(asns)) — E(K*). The theorem of Fréchet and
Shohat, see [19], states that the moment convergence implies the convergence in distribution,

if the moments sequence determines a unique distribution. Hence, we obtain the convergence
in distribution of X ., 4n/(an) to K.

5.2. Proof of Theorem 1

We use the explicit results for the moments of X, 4, in the case ¢ = 0 and arbitrary a, d
stated in Corollary 1:

N s - . i—¢)S ] m+(1]/d
(X} an) = @ Z”/;(‘”] ZHW( m )

£=0

Hence, using Stirling’s formula (14) we obtain, for m — oo, the asymptotic expansions

1 Ir'(+aj/d) LS _ T +aj/d) Y]]
(m+aj/d) - maij/d ’ E(Xfim,an) ~a' gn Zg(_l)] maild ! .
m — j=

5)

https://doi.org/10.1239/aap/1331216646 Published online by Cambridge University Press


https://doi.org/10.1239/aap/1331216646

108 M. KUBA AND A. PANHOLZER

Assume first that m,n — oo such that m*/¢ = o(n). The dominant term in the expansion
above is given by a*n*T'(1 + as/d)/m“/?, and we obtain

/d
g Kima™ N () e,
a’n’ d

Hence, in the region m, n — oo such that ma/d = o(n), we can use the moment convergence
theorem of Fréchet and Shohat, and obtain the convergence in distribution of X dm,anm“/ d /(an)
to W(d/a, 1) fora/d < 1.

For m, n — oo such that n ~ pm“/d, with p € R, we obtain from (15) the expansion

> T(1+at/d){}} (s at
- S NG e s ¢
E(inm,an) a’ ;('Oma ) mat/d =a Z {E}P F<1 + 4 )

=0

Consequently,

XS N Z
. dm,an \ _ e S{ e a_
mly}g(ﬁE(g—j) =ns, Wwhere 7n;:= Z {E}p F<1 + y )
=0
Hence, by (4), there exists a discrete distribution with the moment sequence as stated above.
Moreover, for a/d < 1, we know that the moment sequence determines a unique distribution,
with probability mass function as given in (4).
In the remaining case m — oo, with arbitrary n = n(m) satisfying that n = o(m®/?), we
obtain E(X 2 man) = 0 for all s > 1, which proves the stated result.
5.3. Proof of Theorem 2
The limiting distributions of Xgm 4 fora/d < 1, ¢ # 0, and m — oo, will be obtained
by giving precise estimates for the sth moments elﬁ}n. Lemma 4 suggests the right scaling
factors g, » chosen according to the ratio a/d. We will provide the following estimates for the
moments of Xy an:

as\ (an +mcd/(d — a)\’ 1 a
o) () (eolm)) e

Cmn = an 5 1 a
s!<—+clogm) <1+(9< >> for — = 1.

m logm d

Note that the above expansions will imply the limiting distribution results by applying the
method of moments, i.e.

rl1+ %\ (140 for & <1
— — or — < 1,
E<X2m,an> . egﬂn _ d ma/d d

s T oos 1
8m.n 8m.n g <1 + (9( >> for a =1,
logm d

since the sth moment of Xy, an/8gm,n converges to the sth moment of a Weibull distribution
with suitably chosen parameters.
First we consider the case a/d < 1. Since we want to prove the asymptotic expansion

5] as\ (an +mcd/(d — a)\’ 1
enj,n_l“(1+7)< il 1+0 ard ) )

https://doi.org/10.1239/aap/1331216646 Published online by Cambridge University Press



https://doi.org/10.1239/aap/1331216646

Limiting distributions for a class of diminishing urn models 109

we have to determine the asymptotic growth of the coefficients A ¢, appearing in the
recursive description of the moments e,[q‘ﬂ,, in Lemma 1. The shape of the sth moment e,[ﬂn =

Yoi_oAs.e, nn® implies that we have to show the following asymptotic expansion of the numbers

As.em:
o 14 as S s—L—as/d (Cd)x_e 1
)\.S)g,m:ar 1+g ¢ m m +(9 a/d

To show this, we will use induction with respect to £ and apply Euler’s summation formula.
The statement is true for £ = s, since we know by Lemma 1 that

a® as\ (s 1
)\s,s,m - (m+5ls/d) - a”“(l + 7) (l) " (1 + 0( a/d))

Using the induction hypothesis for £ 4+ 1 up to s — 1, we see that the dominant contribution to
Ws.¢.m 18 stemming from the term A ¢41,,—1, and we obtain

N £+ 1 dm (16)
Ms,e,m ‘ dm + ZP s, 0+1,m—1-
Owing to Lemma 1 we also have
' m! Tk +at/d+1)
Agom =Y —K _ : ek (17
s,4,m g (m_l_zg/d) Ms t.m—k = Tm+ ae/d T 1) Z ! Ms, e,k (17)

Using the induction hypothesis, we obtain the approximation

m i~
I'k+al/d+1) er1 as\[¢+1 s (cd)’
ey = r(1+= A

2. X! Hotk =4 T )es)Paza e

k=1
2 Tk +at/d)ks—tas/d 1
> d (1+@( /))

k=|logm |

Now an application of Euler’s summation formula (see, e.g. [7, p. 469]) leads to

1
« /0 S—t=1-a(s— det(l +(9< 1/d>>
= aﬁcl"(l + ﬁ)( ’ )(@ + 1>ms£as/dc (cdy !
d J\L+1 14 d— 115 ——a(s — 0)/d)
(1+<9< ! /d>>
()0 G (el

which proves the stated result for 0 < £ < s. For £ = 0, we have, owing to Lemma 1,

m—1 s

YOE_ZZP)LYlk_pZ)\;lk<1+(9( a/d))

k=0 i=1
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Using Euler’s summation formula and the fact that ¢ = ap, we obtain

as\ (s (Cd)s_l "o 1
Aso0=pal'(1+— — | pleldg (140
st = pa ( + d)<1)(d_a)”/0 vo(—
as Csds—l 1
=sTl1 il s—as/d o)
! ( " d)’" (d—a)H(s—sa/d)( O\

e e )
_1"<1+ d)m d—ay 14+0 ard .

This completes the proof of Theorem 2 for a/d < 1.
Now we consider the remaining case a/d = 1. We have to prove that

an N 1
e,[z}n =ys! (; —i—clogm) <1 + (9<logm>>'

This implies that we have to show the following asymptotic expansion of the numbers Ag ¢ ;:

s\ atcstlogm)s—*t 1
As.oom = 8! —— |1+ 0 .
™ 14 mt log m

We proceed exactly as in the previous case a/d < 1. Using (16) and (17), we finally obtain

e e+1 s m! m (logt)s ¢! 1
)\' — (Z+l ) M 1 ' / dt 1 (9
st =@ P New 1) mt o1 ) : T togm
s—1e
atcsts! e+l s L—(log(m)) 1+0 :
1 L+1)mt  s—¢ logm
s\ atcSt(logm)*—* 1
=s! ———1140 ,
O e ()

which proves the stated result for 0 < ¢ < 5. The remaining case £ = 0 is treated in a fully
analogous manner. Hence, for m — oo, the limiting distribution is given by an exponential
distribution with parameter 1, which also proves the part a/d = 1 of Theorem 2.

5.4. Proof of Theorem 3

We use the results of Lemma 2, and (12), to study the moments

h—j

B, ) = o Z DI IEIE T }Zﬁiﬂm

=0 r={ j=¢ h=j m g=0

for m — oo. Interchanging the summations gives

s s h—t
B = T Y it St 3 0o
=0 h=¢( m

g=0 r=h j=g+¢

Proceeding as in Subsection 5.2 we use the expansions 1/("T*"/4) ~ (1 + ah/d)/m*/4,
and obtain

T'(1+ah/d g
B~ Yon S LD S5 37 et 2] o

g=0 r=h j=g+¢
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First we consider the case m, n — oo such that m%/4 = o(n), and directly obtain

n’ as as/dxflm an as
s ~ § — — — ~ —
EXam.an) ~ @ m‘”/dr(l * d ) E( a’n® ) F<1 * d >
We again use the moment convergence theorem of Fréchet and Shohat and obtain the converg-

ence in distribution of X 4, 4 .m%? /(an) to the Weibull-distributed random variable W (d /a, 1).
Next assume that m, n — oo such that n ~ pm?/¢, with p € R*. We have

MR S p S b S S oY I | A8

=0 h=¢ g=0 r=h j=g+¢
u al\ < (s
~at Zpﬁ‘(l + 7) Z {r}ﬁr,u,(r
£=0 r=¢

It seems difficult to obtain suitable bounds on ¥, 4. o in order to prove that the moment sequence
determines a unique distribution, which is necessary to apply the theorem of Fréchet and Shohat.
In the remaining case n = o(m®?), only the constant term being independent of n and m,

case £ = h = g = 0, in the expansion of E(X?, dm.an) is relevant, and we obtain

K
S
E(Xflm,an) ~a’ Z {r}ﬂr,O;0,0-
r=0

Note that this expansion is consistent with p = 0 in the case considered before. Unfortunately,
again we are not able to show that the moment sequence determines a unique distribution.

6. Generalization: a biased Pélya—Eggenberger urn model

In the ordinary Pélya—Eggenberger urn model at every step a ball is chosen at random from
the urn. For example, if the urn contains n white and m black balls, the probability of choosing
a white ball is given by n/(m + n), whereas the probability of choosing a black ball is given
by m/(m 4 n). We now consider a biased Pélya—Eggenberger urn model defined as follows.
Starting with an urn with ball replacement matrix

~1 0
v=(E5)

we associate with the states of the urn a sequence P of positive real numbers P = (py)meN,>
with po = 0 and p,, € RT, where P is independent of n. For the sake of simplicity, we
have chosena = d = 1in M. The casesd > 1 ora > 1 (with ¢ = pa) can be reobtained
by properly choosing the sequence P = (p;;)meN, = (dm/a)men,. Assuming that the urn
contains n white and m black balls, for this class of biased diminishing urns, the probability of
choosing a white ball is given by n/(n + p,,), whereas the probability of choosing a black ball
is given by pp,/(n + pm). Let X, , denote the random variable that represents the number of
white balls remaining in the urn when all the black balls have been removed. By definition we
have the following recurrence for P{X,, , = k}:

P{Xm,n—l =k} + D

P{X;n =k} =
{ m,n } nt pm nt Pm

P{Xm—l,n+c = k}v
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with initial values P{Xo , = n} = 1 for n € Ny. We also have the following recurrence for the
moments e,[i,]n =E(X;, ,):

I L O Pm__ ls)
Vl+17m m,n—1,m n+pm m—1,n+c’

m,n
with initial values e([)f]rl = n® for n € Ny. Obviously, the recurrence for the moment sequence
is almost identical to the previous recurrence (7). This suggests that, as before, the sth moment
is again a polynomial of degree s in n, with coefficients depending only on m. The next
result makes this precise—we recursively determine the moments of X, , for a given sequence
P = (pm)men,, and also obtain an alternative description for the factorial moments of X, ,,
similar to Lemmas 1-2.

Proposition 3. The sth moment e,[ﬂn = E(X,, ,) of the random variable Xy, n satisfies the

expansion ei,sl}n = Zf&:o As,g,mnk. The values As ¢ are recursively given by

m m—1 m
Pk Pj
)\s,s,m = l_[ and )\S,E,m = Z M. b, m—k 1_[ ,
o PETS k=0 jemii Pi Tk
where
1 - k k—£—1 Pm : <k> k—t
m = —— - Askem + " Askom—1-
i pka;l(e_l)( e B Ol 1 L
For £ = 0, we have
m—1 s
As,0,m = Z Ws. 0.k, With g om = Z)\s,k,mck-
k=0 k=1

The initial values are given by As 50 = l and Ag p0 =0for0 <€ <s — 1.
Furthermore, the sth factorial moment
e =E(Xmn)s) = EXmn X — D+ X — s + 1))
of the random variable X,, , satisfies the expansion e,(,f?n = Zi:o As k.m(n)k. The values
Ag k,m are recursively given by N s m = ]_[kmzl pr/(pr + ) and

m oh m—1 , k oh s ]
A = C)i—elNg ik—1,
e ({2 B2 £ (e v

k=0 j=t+1

with initial values given by Ag 50 =1 and Ag 00 =0for0 <€ <s— 1.

The proof of the above result is fully analogous to the proofs of Lemmas 1 and 2, and is
therefore omitted. We refrain from studying this new generalized urn problem in full generality,
and only state the following immediate consequences.

Corollary 2. In the biased urn model with ¢ = 0 the factorial moments E((Xpm n)s) =
EXmn(Xmn—1) - (Xmn — s+ 1)) of the random variable X,, ,, are given by

A
E Xm nls) — K .
(Xmn)s) m>£1pk+s
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Consequently, for c = 0 and any given sequence P = (pp)men, satisfying Zmzl 1/ pm < 00,
we obtain the following limiting distribution results.

e For m fixed and n — 00, the normalized random variable X, ,/n converges in distri-
bution to a random variable V,,, with convergence of all moments:

m

X X;
Zmn Loy E( ”“") ~ BV =[] 2.
n ns oy PETS

Moreover, V,,, can be written as fﬁhe exponential of a weighted sum of m independent
exponential random variables g, = Exp(1):

m
Vin = exp(— Z 8—k>

=1 Pk

e Forn fixedandm — oo, the random variable X, , converges in distribution to a random
variable Z,, with convergence of all moments:

00
L

S
) . N Dk
Xon = Zn,  EXS,,) — E(Z) = Z(n»{ j}
j=0

ey Pt

e Formin{m, n} — oo, the normalized random variable X, , /n converges in distribution
to a random variable W, with convergence of all moments:
(0.¢]

Xm,n L

X, Pk
S w, E(—”Z") — E(W%) =
n

ey Pk + s

n

Moreover, W can be Dvcvritten as the exponential of a series of independent exponential
random variables e, = Exp(1):

W= exp(—ig—k).

=1 Pk

Moreover, the random variables Z,/n and V,, both converge in distribution to W, with
convergence of all moments, for n and m tending to oo.

Note that related questions (and random variables) have been studied in the literature, for
example, in the context of random walks [4], or probability laws related to the Jacobi theta and
Riemann zeta functions [1], but questions directly related to the distribution of X,, , were not
considered before, to the best of the authors’ knowledge.

Proof of Corollary 2. In the case ¢ = 0 the factorial moments e,(,f,)n of X,, , are given by

m

pe
11 Pt +s

s
ey('i’)n = Z As,k,m () = (n)sAx,x,m = (n)s
k=0

since the values Ag k. m, 0 < k < s — 1, all have a factor ¢. The assumption Zm>1 1/pm < o0
on the sequence P ensures that the product [ ;- pe/(pe + s) converges for s > 1 and m
tending to co. Consequently, the limiting distributions are obtained in a straightforward way
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using Fréchet—Shohat’s moment convergence theorem; see, e.g. [19]. In order to decompose the
random variables V,, and W into sums of exponential random variables, we proceed as follows.
Let ¢ = Exp(A) denote an exponentially distributed random variable with parameter . The
Laplace transform E(e 7"¢) of ¢ is given by E(e™"¢) = 1/(1+1/A). Let (¢)¢en be independent,
identically Exp(1)-distributed random variables. Using the fact that (1/A)e £ Exp(X), we

obtain
m

_ —teg/ t)
E(eXp< 521176)) HE(e ’ 1_[ —H/Pe

The moments of the random variables V,, and W are given by
m

EVs = ¢ = . EWs = ¢ = .
Vi) Z:lpe-i-s £1+S/pz W) ll:llpe+s g1+s/pg

Hence, we obtain the stated decompositions
"e g
Vi £ exp(—Z—k) and W iexp(—Z—k)
k=1 Pk k=1 Pk

Remark 5. A particularly interesting case is the biased sampling without replacement urn

-1 0
= 2)
with sequence P = (pm)meN, = (mz)meNo. The factorial moments
E((Xm,n)s) = E(Xm,n (Xm,n -1 (Xm,n —s+1))

and the ordinary moments of X,, , are given by

s

1 ] 1
E((Xm,n)s) = (n)s 1_[ T/kz’ E(Xjnn) = Z {]}( )J 1_[ 14+ j/k2

Jj=0

A closed-form expression for the product [}, 1/(1 +s /k?) is readily obtained using the
Euler product form of the sine function, together with the product form of the gamma function:

. = 22 e v: = etk
Sln(ﬂz)=ﬂzl_[<1—k—2), reo=—Il77¢ (18)
k=1 k=1
Since sinh(z) = —isin(iz), where i denotes the imaginary unit, we obtain sinh(wz) =

7z [[52, (1 4 z2/k?). Moreover, by (18) we have

L (m + 1) _m+ D42 5 (4 m 4 D/ + 22K
Tm+1+ix)lm+1—iz)  (m+1)2 e (1+ (m+1)/k)?
D)+ ktm )42
T o m+1)? P (k +m+1)2
(5
- 1+)
k=m+1 k2
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Consequently, we obtain, for the product [}, 1/(1 + s/ k%) appearing in E((Xm,n)s), the
expression

T Snh(T /)T + 1+ /)T + 1 — i/5)

ﬁ 1 /5T (m + 1)?
i 1+ s/k2

moreover,

ﬁ 1 T
1+s/k?  sinh(z./s)

k=1

Note that the random variable W = exp(— Z,fi 1 €/ k%) arising in the limit min{m, n} — oo
is closely related to distributions considered by Biane ef al. [1] in the context of Brownian
excursions and theta functions. For example, we can further show that the random variable W
has support [0, 1], and its distribution function can be expressed in terms of the Jacobi theta

function ©(q) = 3,5 (—1)"g",
P{W <gq} =1-0(q), 0<g=1
We also refer the reader to Crane et al. [3], who studied somewhat related urn models.

7. Conclusion

By applying the method of moments we were able to describe in a quite precise manner the
asymptotic behavior of a class of 2 x 2 urn models with replacement matrix

—a 0
M_(c —d)’ a,d,p € Nand c = ap.

InTable 1 we give a short summary of our findings, using the asymptotic small-o and equivalence
notation.

It is an interesting question to ask whether the approach used for a study of 2 x 2 urn
models can be generalized to an analysis of certain diminishing urn models with more types of
balls. Moreover, the biased variant of the considered urn models has interesting connections to
distributions considered by Biane et al. [1]. Furthermore, as mentioned in Remark 2, it seems
that alternative approaches, e.g. generating functions and birth and death processes, offer new
perspectives and insights into the problems discussed in this work. The authors are currently
investigating these matters.

TABLE 1.
n— oo m — oo m— oo m — 0o
Fixed m m = o(n®?) m~ pn®d peRt n = o(m%/?)
a/d <1,c e N Kuramaswamy Weibull Weibull Weibull
a/d > 1,c € N Kuramaswamy Moment convergence Moment convergence Moment convergence
a,d € N,c =0 Kuramaswamy Weibull Discrete distribution Degenerate
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