“...an elegant and persuasive account” Malcolm Gladwell D AVI D WElSB U R D,

CLAIR V. UDING,
BEIDI DONG and
KISEONG KUEN

L

~ Social Structure and Social Context at
the Micro Geographic Level

RN an e e s
i — e e



https://www.cambridge.org/core/terms
https://www.cambridge.org/core/product/BBD8ED9F2F59D9CD28D27D5BBDA4DD3C
https://www.cambridge.org/core

Downloaded from https://www.cambridge.org/core. IP address: 18.97.9.175, on 09 Sep 2026 at 18:37:56, subject to the Cambridge Core terms of use
, available at https://www.cambridge.org/core/terms. https://www.cambridge.org/core/product/BBD8EDIF2F59D9CD28D27D5BBDA4DD3C



Hot Spots of Crime

While hot spots of crime have become an important focus of study in
criminology and an important focus of crime prevention in programs
like hot spots policing, to date we know little about these places. Who
lives in hot spots of crime? What factors lead to these places becoming
crime hot spots? What other social and health problems are found in
these places? The book draws on more than surveys of people
living on crime hot spot and non hot spot streets, systematic physical
and social observations, and structured qualitative data collection. The
results of this study illustrate that hot spots of crime are not just hot
spots for crime, but also for many other social ills. By shedding light
on the social and structural features of hot spots of crime, the book
recognizes the importance of informal social controls in understanding
and preventing crime at crime hot spots. This title is also available as
open access on Cambridge Core.
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Introduction

Over the last half century, criminologists have pioneered a new way of
thinking about the crime problem. In contrast to traditional criminology
which focused on why people commit crime, these criminologists looked
to understand why crime occurs in speci ¢ places. In colloquial terms, the
new emphasis looked to identify and understand wheredunit, in contrast
to an approach that emphasized whodunit (Sherman, ). The focus
primarily on offenders was not just a predominant theme for criminology,
but offenders have formed the primary focus of everyday media attention to
crime, and indeed of efforts to do something about the crime problem. When
we think of crime, we naturally think of offenders. But as the science writer,
Malcolm Gladwell ( ), has noted, crime is tied to speci c places and
contexts (p. ).

Behind the emergence of this new perspective in criminology was a group
of empirical ndings about the distribution of crime in cities. In the rst sec-
tion of this chapter, we will detail this body of research because of its impor-
tance to the enterprise of studying crime hot spots. But suf ce to say here
that there is strong evidence that crime is strongly clustered at very micro
geographic units of analysis. Half of crime in cities is generally produced by
about percent of streets from intersection to intersection, what we call a
street segment in this book. The evidence of such strong concentrations of
crime at street segments led Weisburd ( ) to argue that there is a law of
crime concentration operating within cities.

This new perspective focused not on the large geographies that intrigued
early European criminologists (e.g., see Ducp@tiaux, ; Guerry, ) or

At the same time, it is important to note that criminologists have known for almost two centuries
that crime concentrates in large geographic or administrative areas (Weisburd, Bruinsma, and
Bernasco, ).
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Introduction

sociologists at the University of Chicago in the rst half of the twentieth cen-
tury (Shaw and McKay, [ ]; Shaw, ) but rather on small geog-
raphies, such as addresses, street segments, or small clusters of these units.
The law of crime concentration has in uenced crime prevention, especially
in the area of policing (Weisburd, ; Weisburd and Majmundar, ).
Simply stated, if crime is concentrated at a relatively small number of streets
in the city, should our efforts to do something about crime not also be focused
on those crime hot spots? This is the logic that led to the development of
hot spots policing programs. The rst such program was evaluated in a large,
randomized trial in Minneapolis, MN (Sherman and Weisburd, ). The
results of that study provided not just evidence for the potential of focusing
police resources on crime hot spots but also overturned a long-term assump-
tion among scholars that the police more generally could not prevent crime
(e.g., see Bayley, ; Gottfredson and Hirschi, ; Skolnick and Bayley,

). Since then, there have been scores of strongly designed studies that
show that hot spots policing is an effective crime control approach (Braga
and Weisburd, ; Braga et al., ). Indeed, two National Academy of
Sciences reports have concluded that there is strong evidence that hot spots
policing is effective and more likely to lead to a diffusion of crime control
bene ts (Clarke and Weisburd, ) to areas nearby, than displacement of
crime (Frydl and Skogan, ; Weisburd and Majmundar, )-

The importance of the law of crime concentration for crime prevention
is now well-established. But surprisingly, our knowledge of why crime is
concentrated at places is not extensive to date. There are increasingly more
studies that show crime is concentrated in crime hot spots (see Weisburd,
Zastrow, et al., for a recent review) but only a handful of studies that
try to understand the characteristics of crime hot spots and why they emerge
or develop (e.g. see Weisburd et al., . ; Connealy, ; O brien
etal., ; see also Haberman et al., ; Koper et al., ; Weisburd and
Green, ). This can be compared to perhaps thousands of studies that try
to understand why people commit crime, and a smaller though still large num-
ber of studies that try to explain why some large geographies such as regions,
cities, or neighborhoods have more crime than others.

A key reason for this failure to focus research on micro geographic crime
places can be found in the fact that governmental data are not generally
available at such small geographic units. The US census, for example, does
not release detailed information about speci c streets or indeed its smallest
unit of analysis, the census block. At this juncture only information on land
use such as public parks and businesses and several crime opportunity

For an important exception to this rule, see Weisburd et al. ( ) using data from the Israeli
Central Bureau of Statistics. However, since the Census, Israel has used an approach of
sampling within statistical areas, making it impossible to gain reliable samples of micro geo-
graphic units such as street segments.
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Introduction

measures such as bus stops and closed-circuit television (CCTV) are avail-
able at the street segment level (see Groff and McCord, ; Piza et al.,

; Zahnow and Corcoran, ). The rst level at which detailed census
data can be accessed is the census block group. Census block groups include
on average thirty-nine census blocks, which encompass four block faces,
making them unusable for examining micro geographic hot spots of crime.
The census, and other government agencies, do not release information at
units such as street segments because they are concerned with the privacy and
con dentiality of people who live on such streets. At small units of analysis,
publicly available data are seen to lead to the identi cation of characteristics
of speci ¢ people or households.

While there are good explanations for why governmental data are not avail-
able at the micro geographic level, this fact means that we are constrained in
what we know about hot spots of crime. A decade ago, Weisburd, Groff
and Yang ( ) collected what is now sometimes referred to as big data
on crime, school outcomes, housing sales, business activity, voting behavior,
and more in Seattle, Washington, from a variety of agencies, including the
police, schools, and city government, as well as information from private ven-
dors. More recently, O Brien ( ) employed a big data approach through
urban informatics, using administrative records, sensor networks, and
internet-generated data to analyze urban conditions, including crime, envi-
ronmental conditions, and social behaviors, at a granular level. Additionally,
Hipp and colleagues, using machine learning techniques, analyzed images
from Google Street View taken every meters along street segments in
Santa Ana, CA, to capture diverse built environments and physical features to
understand crime patterns at the street-segment level (see Hipp et al., a,

b; Leeetal., ). However, such data collection efforts, while provid-
ing important knowledge about crime at place, are not able to provide much
detail about the people who live on these streets and their experiences, views
of their circumstances, and their attitudes.

This book seeks to 1l this important gap in our understanding of crime hot
spots. We conducted a study that provides unique data on who lives at crime
hot spots (in comparison to other types of places) and allows us to examine
the largely ignored social structure and social context of hot spots of crime.
Studies of crime hot spots to date have generally not been able to describe
the social conditions of crime hot spots, such as levels of concentrated disad-
vantage, home ownership, or residential tenure, factors that are often seen as
re ecting the social structure of communities, or in our case speci ¢ streets.
Nor have they been able to provide much detail concerning the broader social

The census block group is not only a very large unit and inconsistent in size across units; it also
splits the street segments on its edges into two block faces breaking up the natural relationship
between both block faces on a street segment. See our discussion later of the choice of a street
segment as a unit of analysis.
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Introduction

context of hot spot streets, which include factors such as the strength of social
ties and social networks of neighbors, and levels of informal social controls as
indicated by trust in neighbors and willingness to intervene to solve problems
on the street. Our book provides a comprehensive portrait of social structure
and social context at crime hot spots (as compared with non hot spot streets)
that goes much beyond prior work.

The data were collected in the context of a large research program sup-
ported by the National Institutes of Health in Baltimore City, Maryland,
between and . In this chapter, we want to set the stage for what
we learned from our study detailed in Chapters . We begin in the rst
section of this chapter with a discussion of the law of crime concentration. In
some sense, it is the rst law of study of crime and place, because it provides
a logic for why it is important to examine hot spots of crime. We then turn to
a brief history and description of the research site for our study Baltimore,
Maryland. It is important to put Baltimore in historical context to be able to
understand the speci c research environment from which we draw our data.
Following this, we detail our data collection. It is important to describe here
the main features of our research program, which employed rigorous meth-
ods to identify places for study and collecting data for analyses. Finally, we
provide an overview of the directions we take in the book, introducing the
chapters that follow.

Perhaps the rstand mostimportant empirical observation in the criminology
of place is that crime concentrates at very small units of geography (Weisburd
et al., ; Weisburd ). A number of studies beginning in the late

s found that there is signi cant clustering of crime at micro geographic
units of analysis (see Andresen and Malleson, ; Brantingham and
Brantingham, ; Curmen et al., ; Pierce et al., ; Roncek, ;
Sherman et al., ; Weisburd and Amram, ; Weisburd et al., ;
Weisburd and Green, ; Weisburd et al., ). For example, two early
studies examining street addresses and general measures of crime calls to
the police found strikingly similar outcomes. Sherman et al. ( ; see also
Sherman, ) in an analysis of emergency calls to street addresses found
that only . percent of the addresses in Minneapolis produced percent
of all crime calls to the police in a single year. Similarly, Pierce et al. ( )

A full explanation of the technical methodologies and a series of appendices describing how we
carried out our research, including data collection instruments, are available at the Center for
Evidence Based Crime Policy s (CEBCP) website on Crime and Place projects: https://cebcp.org/
crime-and-place/current-projects/. Direct link to methodology: https://cebcp.org/wp-content/
uploads/ /' INIDA-Methodology.pdf.
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The Law of Crime Concentration

found that . percent of street addresses in Boston included percent of
emergency calls to the police. Eck et al. ( ) also examined crime calls at
addresses and found that the most active percent of places (in terms of
crime) in the Bronx and Baltimore accounted for approximately  percent
of a combination of robberies, assaults, burglaries, grand larcenies, and auto
thefts. Looking at public places, such as high schools, public housing proj-
ects, subway stations, and parks, Spelman ( ) found that the worst
percent of locations produced  percent of crime calls.

Other scholars have looked at crime incidents at street segments or clusters
of street segments. Street segments have generally been de ned as including
both block faces between two intersections (sometimes including both inter-
sections). A study conducted by Weisburd et al. ( ) not only con rmed
the concentration of crime at place but also the stability of such concentration
across a long-time span. They examined street segments in the city of Seattle,
Washington, from through . They found that  percent of crime
incidents over a fourteen-year period occurred at only . percent of the street
segments. Curman et al. ( ) also examined crime incidents in VVancouver,
Canada, at the street segment using incident data. They found that . percent
of street segments produced percent of crime and that crime patterns at
high-rate places are relatively stable over time. Weisburd and Mazerolle ( )
studied drug markets, which often included clusters of street segments. They
found that approximately percent of all disorder crimes and percent
of crimes against persons were concentrated in just fty-six drug hot spots
in Jersey City, New Jersey, an area that comprised only . percent of street
segments and intersections in the city (see also Weisburd and Green, ).

Some studies report crime concentration for speci ¢ types of crime. In
Sherman et al. s ( ) original work, they also documented crime concen-
trations by speci ¢ crime types. All robbery calls came from only . % of
addresses in the city, all motor vehicle theft calls came from . % of addresses,
and all rape calls came from . % of addresses. All burglary calls came from

% of addresses, all assault calls from 9% of addresses, and all domestic
disturbance calls came from % of addresses. While the study of crime concen-
tration for speci c crimes has often been hindered because of low base rates in
micro geographic areas, more recent study of speci ¢ crime types also shows

strong evidence of high levels of concentration (Braga et al., ; Dong et al.,
; Townsley et al., ). For example, in Boston, Braga and colleagues
( ) examined incidents of gun violence between and . They

found that incidents of gun violence were stable and concentrated at less than

percent of street segments and intersections. Braga et al. ( ) also reported
that between % and % of street segments and intersections were responsible
for nearly % of all commercial robberies and % of all street robberies. In
studying juvenile crime hot spots, Weisburd, Morris, and Groff ( ) found
that only  street segments out of about in Seattle accounted for one-
third of all of cial juvenile crime over a fourteen-year period.
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These studies established that crime is concentrated at micro geographic
units. But it is dif cult to draw strong conclusions regarding the extent to
which there are similarities in crime concentration across cities because of the
varied nature of the units of analysis employed, types of data, and types of
crime that have been studied. To further assess a law of crime concentration,
Weisburd ( ) tried to develop more consistent analyses of crime concen-
tration by using similar metrics in eight cities with differing characteristics.
Examining general crime incidents at street segments, he identi ed a remark-
able consistency in crime concentrations, with % of crime in the cities stud-
ied found on between . % and . % of street segments. Weisburd ( )
reported as well that % of crime was found at between . % and . % for
the eight-city study. These ndings regarding a general law of crime concen-
tration were further reinforced in a recent review that found scores of studies
have been conducted on crime incidents at the street-segment level (Weisburd,
Zastrow, et al., ). Based on forty-nine estimates of crime concentrations,

% of crime was found on between . % and % of streets in the cities
studied; and based on twenty-two estimates, % of crime was found on
between . % and . % of streets in the cities examined. The median pro-
portion of streets that included  percent of crime is about . percent both
for Weisburd s original study and this recent review of crime concentrations,
and the median proportion of streets producing % of crime was . % in
the former study and . % in the recent review (see also Hipp and Kim, ;
Leeet al., for similar average concentrations across cities and studies).

It is important to note that studies not only show that crime is concentrated
at speci c places, but there is also strong evidence of a high degree of stability
of crime at places over time. The rst study to show this was Weisburd et al. s
( ) study in Seattle that examined street segments over a fourteen-year
period. Using group-based trajectory approaches (see Nagin, ), they found
that about percent of the street segments in Seattle produced over per-
cent of crime incidents consistently over the study period. These ndings have
been replicated in later studies conducted in various cities (e.g., Andresen and
Malleson, ; Harinam et al., ; Schnell and McManus, ; Wheeler
et al., ). While there is some debate regarding the degree to which streets
have stable crime trajectories over time, it is clear that most high-crime streets
retain a very high degree of stability in crime rates.

The law of crime concentration (Weisburd, ; see also Weisburd et al.,

) is now well established by empirical data. Malcolm Gladwell ( )
argues that this idea captures something close to a fundamental truth about
human behavior (p. ). This law of crime concentration naturally leads
us to ask what these hot spots of crime are like and how they differ from
places with little crime. As we noted earlier, studies to date have not been
able to describe the social structure and social context of crime at place
because detailed data on micro-units of geography are not available from tra-
ditional government sources. Our study sought to overcome these barriers to
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understanding crime hot spots by collecting primary data at the street-segment
level. Our goal is to 1l in the gaps in our understanding of crime hot spots by
describing the people who live there and their circumstances, by asking them
about how they view crime, disorder, policing, and other realities on their
streets. We also have observed these streets allowing us to compare their per-
ceptions to what observers see when they come to hot spot streets. We sought
to bring to light the types of people who live on crime hot spots and how
they view the world they live in, as well as compare them and the hot spots
themselves to non hot spot streets. Before turning directly to our study and

ndings, we need to put our study in context by rst describing our research
site, Baltimore, Maryland, and the research methods we used to gain insights
about hot spots of crime.

’

Given our interest in crime hot spots, we looked to focus upon a city that
evidenced high levels of crime. We were particularly interested in identifying a
city for study that evidenced very high levels of violent crime and drug crime
we hypothesized that violent and drug crime would have particularly strong
impacts on people who lived on such streets. There is a long history of research
demonstrating the negative effects of such crimes on residents perceptions,
attitudes, behaviors, and physical and mental health status (Brunton-Smith
and Sturgis, ; Margolin and Gordis, ; Sampson, ; Sampson and
Raudenbush, ; Wilson-Genderson and Pruchno, ).

In turn, because our study was the rst to be able to collect comprehensive
data on the social structure and social context of crime hot spots, we wanted
to be certain that the crime hot spots we studied were particularly hot in
terms of crime. Such intensity was likely to ensure that the contrasts between
hot and non hot spot streets would be more easily observed in our study. At
the same time, we assumed that there would be many streets with very low
levels of crime irrespective of high levels of crime for the city more generally.
A recent study showed that in larger cities about half of streets experience
no crime incidents in a single year (Zastrow, ). This suggests that we
would not have trouble identifying streets with little crime, even if we chose
a high-crime city.

We also wanted to have a research site that was close to George Mason
University (GMU) in Fairfax, Virginia, where our research was housed, and
that was suf ciently large in terms of population so that we could draw
a large sample of crime hot spots. We thought , was a reasonable
criterion re population size. The importance of the research site being close
to GMU was primarily related to managing a large amount of data collec-
tion in the eld. During data collection periods, we would have as many
as sixty researchers collecting data at the same time. Additionally, collect-
ing data on crime hot spots can be dangerous for eld researchers, so we
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needed to develop protocols for data collection that protected data collec-
tors. Managing such protocols with senior project staff required that the
study site not be too far from GMU.
We considered Washington, DC and Baltimore, as both cities were over
. population and within commuting distance by car, and we had
informal contacts with both police departments. In , at the initiation
of our study, Baltimore had a population of approximately , ,and
Washington, DC had roughly . residents. Both had very high violent
crime and drug crime rates at that time. In , Baltimore was listed as the
th highest violent crime city, with , violent crimes per , popu-
lation. Washington, DC, was listed as the twenty- rst most violent crime city
with violent crimes per , residents. We piloted data collection
instruments in Washington, DC, but ultimately chose Baltimore as the study
site, in good part because of the cooperation of the police department in the
provision of up-to-date crime information. Baltimore t our initial criteria for
a research city quite well. The violent crime rate in Baltimore at the initiation
of the study was nearly four times the national average (City Data, ).
Drug crime in the city was also a serious problem. Based on the call data
received from the Baltimore PD, there were more than emergency calls
for service (CFS) for drug crime in Baltimore in
In a study of crime and disorder in Baltimore, the criminologist, Ralph
Taylor, noted that crime rates had increased in the second half of the twenti-
eth century, as it had in other large industrial cities in the Eastern US rust-
belt (Taylor, ). Where Baltimore differed from other cities was often
in the timing of crime spikes. Unlike other East Coast cities such as New
York, Washington, DC, and Philadelphia, where crime rates did not start
to spike until the s, crime in Baltimore dramatically worsened in the
s, slightly improving in the mid- s, to then increase again in
and the early- s (Taylor, ). Taylor ( ) summarized robbery rates
in the city in , the city s robbery rate was , per , , peaking
in at , [, and then dropping below , [ by the
mid- s. Associated with the onset of crack cocaine, crime rates started
increasing again and the robbery rate reached about , [/ in
(Taylor, ). Collected from the FBI s UCR crime statistics, Figure
shows robbery rates for Baltimore from through , and points
to the extent of variability of crime rates in the city. In the robbery
rate was at about , per , population, much lower than the rate
in , but still well above the national robbery rate of per .
By the robbery rate dropped by nearly half ( per , ) but had
again reached above per . in compared to the national rob-
bery rate of  per .

Our data collection ended in March , but was the last full year in which we collected
primary data in our study.
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Overall, violent crime rates show a similar trend (see Figure . ). For total
violent crime, Baltimore s violent crime rate in the year was nearly
ve times the national rate at roughly violent crimes per ,
compared to a national rate of violent crimes per , . The violent
crime rate in Baltimore steadily declined to below violent crimes until
, When rates started to increase again. In terms of property crime (see
Figure . ), between and , the property crime rate was also high-
est in (, crimes per , ), more than doubling the national
average. The property crime rate also started to decline and became fairly
stable in , uctuating between , and , property crimes per
, , still well above the national property crime rate, decreasing from
just over , property crimes in to below , property crimes in
. Unlike violent crime rates, Baltimore did not see increases in property
crimes between and
As we describe in more detail below, our study included three waves of
data collection conducted between and . During the second wave in
, Freddie Gray Jr. died in police custody and police of cers were charged
with causing his death. On April , Freddie Gray Jr. had been arrested for
carrying a switchblade knife and was transported unsecured to a police sta-
tion. During the transportation in the van, he sustained serious injuries. Video
of the arrest showed Gray being dragged to a police van seeming limp and
screaming in pain (Stolberg and Babcock, ). After Gray underwent sur-
gery and went into a coma on April  th, residents began protesting on April
th, and Freddie Gray died on April  th because of a spinal injury that
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occurred while in custody. In the following days, protests escalated to rioting
and violence in many parts of the city. We had started collecting surveys and
observations only weeks prior to Freddie Gray s death, and we postponed
data collection until May to avoid risk to eld researchers and possible hesi-
tancy among residents to participate in the survey. Once the protests subsided
and the city curfew was lifted, we started data collection again.
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The events did not disrupt the project for a long period of time, but we
think it important to note that this was a tumultuous time in Baltimore, and
murder rates spiked in , with more than ~ homicides during the month
of May alone (Rector, ). In the summer of , there was a record
homicides in July, and a total of homicides for the year, after falling
below homicides in (Rector, , ). Figure . shows the
high homicide rate continued through , the last full year of our data
collection. In , Baltimore had the highest homicide rate of any city in
the country. We highlight the death of Freddie Gray Jr. and the subsequent
riots because we think it important to keep in mind that attitudes of citi-
zens toward the police and crime may have been affected during this period,
though as we will see later in the book, there remain strong consistencies in
perspectives on crime and policing across our waves of data collection.

In studying Baltimore, we also think it important to recognize the degree
of abandoned housing and urban blight in the city. In particular, there is
evidence of widespread physical disorder in the city, for example, in the num-
ber of vacant houses or amount of graf ti (Gunts, ; McHugh, ;
Meehan, ; Scott, ). The number of vacancies dramatically increased
during the s, from roughly vacant homes in to , by the
mid- s (Taylor, ). The percentage of streets with at least one vacant
dwelling unit increased from % in to % in (Taylor, ).
Under a new mayor, the city was going to work with community leaders to
demolish boarded-up and dilapidated buildings, including entire blocks, for
urban renewal, but plans never made it to fruition, and by there were
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nearly vacant dwelling units (Taylor, ). Scandals in public hous-
ing and the misappropriation of federal funds meant to provide affordable
housing were contributing factors to the deterioration of city housing and
living conditions (Pietila, ). By , it is estimated that there were
over vacant buildings. It was only in that funds would be allo-
cated for demolition efforts (Baltimore City Planning Commission, b;
City of Baltimore, ; Maryland Department of Housing and Community
Development, ).

More generally, physical disorder is very high on streets in the city as depicted
in the hit television series, The Wire on HBO in the early s, with video
footage of boarded-up and abandoned row houses accompanied by drug use
and poverty. Taylor ( ) argued that perceptions of dangerousness and inci-
vilities stemmed from the differences between the city, characterized by vacant
housing, dilapidated buildings, and graf ti, compared to the surrounding county
area, where it was much safer and physical disorder was not present. The widely
held view of Baltimore as a disordered city was noted by Donald Trump, who
described Baltimore as the worst city in the U.S. and a disgusting, rat and
rodent infested mess where no one would want to live (Holcombe, ).
At the same time, as we will describe in Chapter , our data suggest there is a
good deal of variability in physical disorder on the streets we studied, with some
streets (especially crime hot spots) with exceedingly high levels of abandoned
buildings, graf ti, broken windows, litter or broken glass, and other streets
(generally with little crime) evidencing relatively lower levels of such disorder.
Abandoned housing and urban blight are more persistent in Baltimore than in
many other larger cities in the United States, and that should be kept in mind
in considering our ndings. But there is also a great deal of variability across
streets in the city, and even on higher crime streets. As we illustrate throughout
our book, Trump s description poorly ts what we observed and the way many
Baltimore residents feel about their streets and their city.

Understanding Baltimore Crime in Historical Perspective

Of course, to understand why Baltimore ends up among the highest crime
cities in the United States, it is important to look a bit closer at its history.
Our description in this regard is not meant to be a comprehensive assess-
ment of social and economic trends in Baltimore, for that we refer the reader
to a series of other insightful studies (e.g., see Creson, ; Kelly, ;
McDougall, ; Olson, ; Taylor, ). Nonetheless, the historical
context of Baltimore helps us understand how it became a city with high
levels of crime and disorder.

Baltimore is located on the East Coast of the United States, and its geogra-
phy is centered at the Inner Harbor as the downtown district and spreads in
all directions away from the harbor, including a small area located across the
harbor (see Figure . ).

Downloaded from https://www.cambridge.org/core. IP address: 18.97.9.175, on 09 Sep 2026 at 18:37:56, subject to the Cambridge Core terms of use
, available at https://www.cambridge.org/core/terms. https://www.cambridge.org/core/product/BBD8ED9F2F59D9CD28D27D5BBDA4DD3C



Baltimore, Maryland

L Lt Ll t b e ety F-—-—----—@ 1
1
1 orthern patWay E |
1 Qvern-Parkway € 1
| ©
K 1
| v '
\ Pimlico = !
' Racecourse B !
| Morgan !
State 1
1 Johns Univ: 1
I Hopkins
| uny = [
Maryland, Zoo! B o !
! in Baltimore 7 1
¥ DruidHill s O]
I Park a Clifton Park !
i Gonenn i |
) = State 1
1 (%ﬁ:vyr&nsgali(s BRIE Univ_Lyric Opera- 2 ]
=t et W:North Ave Houses o |
® Baltimore® Univ of

Symphon: Baltimore
Orchestrdl

L
&
/})
EasternAve V_
o

1
I
! |
1 Baltimore 1
: e N ational Aquarium, 1
B&OH Q. I
1 Railroad \ | “% 7, - 1
[} Museumom?(lel {Q\p )y 5 % h
ark al
S Carroll Park Camden S oy 21
> Yards %. s

7 )
%
Z
©
Fort

- A.
Faeld /1 Stapsc, o AACRS
Terminal Ve IDundaH<

W
Vi

v

May 6, 2025 1:126.720 Virgina
----- Baltimore City Boundary 0 075 15 3ml
-
Interstate 0 125 25 5 km

Map of Baltimore City, Maryland

Baltimore, once a  -acre township grew to  square-miles and is located

miles northeast of Washington, DC and miles southeast of Philadelphia,
PA. With a population of approximately , ,thecity wasthe thlarg-
est city in the United States in when the study began. The city is home to
the N.F.L. team, the Baltimore Ravens, a new franchise started in , and
the Baltimore Orioles, a major league baseball team. Oriole Park at Camden
Yards, located near the Inner Harbor, was built in to emulate old base-
ball parks built in the early s, and has become a major tourist attraction
in Baltimore. There are several universities throughout the city of Baltimore,
notably Johns Hopkins University founded in , along with University of
Maryland, Baltimore ( ), Morgan State University ( ), Coppin State
University ( ), and University of Baltimore ( ), among others.

Settled in , Baltimore Town was established in as a port
located at the head of the Patapsco River about  miles above Chesapeake
Bay. Baltimore was not a major colonial settlement such as New York,
Philadelphia, and Boston, and had to make signi cant efforts to be included
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in trade and growth. As an early settlement, the town s main industries con-
sisted of tobacco and grain. The establishment of roads to other cities and
shipping routes led to signi cant growth throughout the late eighteenth cen-
tury and Baltimore became well-known during the American Revolution for
building ships that were exceptional in maneuverability and speed (Olson,

). Baltimore grew from houses in to , in the mid- S,
and was of cially incorporated as a city in (Olson, ). Baltimore
was also a vital player in the War of when Britain unsuccessfully tried

to capture Fort McHenry, located at the mouth of Baltimore s Inner Harbor,
which was the inspiration for The Star-Spangled Banner written in ,
later to become the U.S. national anthem in

For the next century, Baltimore continued to grow as waves of immigration,
primarily from Germany and Ireland, settled in Baltimore contributing to the
city s diversity and its thriving mercantile economy, eventually transitioning
to our milling, which put Baltimore on the map for trade and commerce
around the world. Baltimore made a name for itself in multiple industries
including textiles, ship building, copper and steel, and cast-iron, as well as
farming and shery. Alongside growing industries and manufacturing, the
arts and sciences also ourished with the growth of the city, and theaters
and museums started to emerge. Baltimore also was a leader in the railroad
expansion on the East Coast through the establishment of the Baltimore &
Ohio Railway Company.

With increasing population, the city struggled to keep up with housing
and infrastructure. Roads and housing were built in a tight hierarchical, grid
system with housing for different classes in very close quarters, from large
homes on main roads, to small homes on the side streets, to alleys that housed
laborers and immigrants in tiny houses (Baltimore City Planning Commission,

a). As the population grew, so did the city and innovations such as the
horsecar railways, steam power, and a city water supply connected neighbor-
hoods and new areas. In , Baltimore was the rst U.S. city to establish a
commercial electric street railway, further connecting city and suburban areas
(Olson, ). Many suburban areas were incorporated into the city, and
between and , the city grew from , to , residents
(Baltimore City Planning Commission, a).

Baltimore experienced a devastating rein that destroyed much of the
city and wiped out the business district. The city was able to quickly rebuild
and took advantage of the opportunity to make substantial improvements to
the city center, such as the water and sewer systems and underground utili-
ties. Soon after, the city annexed more land in , growing from  square
miles to almost ~ square miles, roughly the size it is today. Development in
these areas looked very different from the inner-city, doing away with alleys,
row houses, and the grid layout of streets, for more curved road patterns and
single-family homes. This expansion largely excluded Black residents, the
population of which grew signi cantly between and as more rural
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southerners moved to Baltimore. Property taxes were substantially lower in
the early suburban developments, while poorer residents in the inner-city
continued to pay higher taxes.

The African American community in early Baltimore is notable. In the late

s, immigrants from the Caribbean contributed to the growing Black-

minority population. In , Baltimore held the largest Black population
in the country, with over free Black people and roughly slaves
before the Civil War began. In fact, Baltimore had the largest free Black pop-
ulation of any city in the US at that time (Pietila, ). However, even with
growing industries, large immigrant populations created competition for jobs,
contributing to signi cantly lower wages and poor living conditions for Black
people. While new housing was being developed around the city, this was not
the case for Black people, who continued to be crowded into the existing inner-
city neighborhoods and small alley houses.

Segregation grew in the early s following the Supreme Court s Plessy
v. Ferguson decision in , and many cities, including Baltimore, developed
strategies to exclude Black residents from White neighborhoods and establish-
ments. In , Baltimore was the rst city in the country to pass zoning legis-
lation that prohibited Black residents from living in the same neighborhood as
White residents, which was enforced down to the street level. This segregation
also applied to Jewish immigrants who were excluded from living in White
neighborhoods. Major roadways also demarked boundaries to separate neigh-
borhoods and intolerance toward Black residents grew, as more stores, schools,
theaters, hotels, hospitals, and cemeteries were separate for White and Black
people. In , a Supreme Court decision, Buchanan v. Warley, prohibited
residential segregation laws, nullifying Baltimore s segregation law and sup-
porting property owners to sell real estate to whomever they chose. However,
restrictive racial covenants became the tool for continuing segregation.

Baltimore served as a major navy center during World War |, and steelwork,
oil re neries, and other war-related industries provided employment opportu-
nities, particularly for unemployed Black migrants moving from the rural south
to urban areas for work during the war. Housing availability continued to be
a major problem for Baltimore as new homes were not being built fast enough,
particularly for the population that was restricted from moving to new homes
built in the suburbs. As more housing was being built in the suburban areas,
many White residents moved from the inner areas of the city, allowing for the
growth of Black and immigrant communities.

Again, the population of Baltimore grew from roughly , in
to nearly , in . Throughout the early s, Baltimore s cultural
entities, such as museums and universities, movie theatres and performing arts
venues were established. The Baltimore Museum of Art was founded in ,
the Baltimore Orchestra in , and the Lyric Opera House in

While the shortage of housing persisted, the Depression exacerbated the
problem with the stopping of building of new homes that would persist through
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World War Il as another wave of rural southerners moved to Baltimore to
work in the multiple factories that supported the war efforts. Among vari-
ous industries that supported the war, Baltimore had one of the largest steel
mills in the world that provided employment opportunities. Large houses were
divided into smaller apartment units and multiple beds were put in row houses
for the workers, while White residents continued to move to the suburbs and
surrounding counties (Olson, ).

Baltimore s population peaked at around one million people in and
then started to steadily decrease as suburban living became more popular, and
as people moved away, industries and employment opportunities followed.
During the rst half of the century, Black residents comprised around
percent of the city s population, which began to steadily increase over the next
several decades. This was also during the time when practices such as redlin-
ing and blockbusting were becoming increasingly more popular as ways to
maintain racial segregation. Blockbusting went hand in hand with a practice
called land-installment contracts. Since banks would not provide mortgage
loans to Black residents or loans for building houses for Black people more
generally, landlords used land installment contracts that provided a way for
residents to rent homes with an option to buy, but it also took advantage of
tenants. The practice was targeted toward Black residents who aspired to own
homes, but was highly abusive as slumlords charged higher than market-value
rent, included multiple fees, and charged tenants costs for repairs, and rarely
would the tenant end up actually owning the home (Olson, ; Pietila,

). At the same time, White residents, fearing integration, would sell their
homes for less than market-value. Multiple studies have con rmed that Black
families paid more than White families for the same housing in Baltimore
while earning signi cantly less income (Olson, ). While blockbusting
and land-installment contracts had a negative nancial impact on Black (and
Jewish) residents, it provided an opening for residents to move into histor-
ically White neighborhoods. Though once a Black or Jewish family moved
onto the block, White residents often moved out the White ight was
markedly apparent (Orser, )-

Another signi cant point in Baltimore s history was the Riots of
following the assassination of Martin Luther King, Jr. With Baltimore being
more than percent Black at that time, the Civil Rights Movement was

Redlining came out of programs that were developed under the New Deal meant to assist home-
owners with re nancing and loans following the Great Depression. The Home Owners Loan
Corporation (HOLC) and the Federal Housing Administration (FHA) went through a process
of de ning neighborhoods with color codes based on desirability from Best to Hazardous,
which subsequently impacted the accessibility of mortgage loans. Blockbusting was a popu-
lar way to earn pro ts in real estate by convincing homeowners to sell their properties below
market-value with scare tactics regarding minorities moving into neighborhoods. Real estate
agents would then sell the homes at higher cost to Black residents who had aspirations of
homeownership.
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strong in Baltimore, with many prominent leaders, and when Martin Luther
King, Jr. was killed, there was widespread rioting, burning of buildings, loot-
ing, and violence. Over the course of three days over , people were
arrested, thousands of houses and businesses were destroyed, people
were injured and  people died (Pietila, . p- ). Like many cities
throughout the U.S., the National Guard and army troops were called in to
patrol the city. The Civil Rights Act of was passed within eight days
of Martin Luther King, Jr. s assassination, outlawing redlining and including
a provision for fair housing which outlawed discrimination based on race,
religion, national origin, and gender in the sale, rental, and nancing of hous-
ing (Pietila, . p- ). While this legislation ended legal segregation and
diminished much of the discrimination in housing, it did not stop banks from
moving out of the inner-city and favoring home loans in the suburban areas
of Baltimore (Gomez, ).

While Baltimore was experiencing rapid racial changes in neighborhoods,
the city was also adapting to modern urbanism with signi cant improvements
and urban renewal. The renowned Charles Center was built between
and that consisted of of ce buildings, residential towers, a hotel, movie
theater, and new retail outlets across several city blocks. This was followed
by redeveloping the Inner Harbor in the s to provide multiuse purposes
and several attractions for tourism in the city. The B&O Railroad Museum,
highlighting Baltimore s signi cant role in railway development opened in the
early s with signi cant innovations and restorations made in the S.
The National Aquarium broke ground in , gaining national recogni-
tion by Congress in and opened to the public in . Today it is the
only National Aquarium in the U.S., as the Washington DC aquarium closed
in . The Inner Harbor is also home to a Civil War-era ship, the USS
Constellation built in , where it is docked as a museum ship and classi-

ed as a National Historical Landmark. Under Baltimore s rst Black mayor,
William Donald Shaefer ( ), these renovations and growth in urban
development earned Baltimore the nickname of Renaissance City in Time
(Olson, ); however, school budgets were being cut and there was signi -
cant population loss in the city during this time. The city population dropped
below , and the region lost over factory jobs between
and (Olson, ).

During this period, the city transitioned from a majority White residents
to majority Black residents, and by , the city was roughly percent
Black residents. The growing income gap and isolation of inner-city com-
munities greatly impacted the safety of Baltimore neighborhoods, not only
in terms of crime, but also in the unsanitary living conditions of homes and
neighborhoods. Neighborhoods that once experienced severe housing short-
ages in the s and s, were becoming increasingly more vacant. Many
neighborhoods, often dominated by Black residents, were now hot beds for
drug addiction, HIV/AIDS, and violence (Olson, ). In the s, the
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illegal drug industry was growing among younger people, and homicide and
suicide rates began to increase, with a combined rate of a thousand deaths
per year in the late s (Olson, ). With some of the highest AIDS/HIV
rates in the country, since the epidemic started in the early s, Baltimore
recorded , deaths due to AIDs in . people had symptoms
of AIDS and another were living with HIV infection; in some Black
neighborhoods, the rates were as high as in persons infected with HIV
(Olson, . p- ). The spread of this disease can be attributed to injec-
tion of drugs, which were also a contributing factor to juvenile crime and
violence that was also increasing in the early S.

The rst decade of the twenty- rst century was a period of optimism
and development in Baltimore. In a brochure published by the city in .
Baltimore government could claim that it led the big cities in reducing
crime, and noted that violent crime was at its lowest level since the S
(Baltimore City Department of Planning, a). The brochure noted that

(o)ur rst and second graders are scoring above the national average in read-
ing and math for the rsttimein  years and three of our high schools are
ranked among the State s top ten and each year more students are graduating
from our high schools. The brochure acknowledged that stubborn urban
ills still plague Baltimore, and noted that the city had been scorched by dev-
astating res, real and gurative, but stated optimistically that from these
ashes, Baltimore, once again, is rising. Indeed, as we illustrated earlier, at
least in terms of crime, in the rst decade and a half of the twenty- rst century
crime rates had improved substantially. But many of those gains appear to
have been lost after with the death of Freddie Gray in police custody and
subsequent rioting in the city.

As we noted earlier, until our study, there was almost no systematic knowl-
edge about the people who live in crime hot spots. Adding complication to
providing such descriptions, there has not been consensus among researchers
about the geographic unit that should de ne a micro geographic crime hot
spot. Some authors have looked at speci ¢ addresses with high numbers of
crimes (Pierce et al., ; Sherman et al., ), others have focused sim-
ilarly on facilities such as stores or factories (Eck et al., ). Still others
have focused on clusters of streets, which are characterized by similar crime
problems (Bernasco and Block, ; Haberman et al., ). Often the
de nition of a hot spot is driven by a particular crime prevention program,
or the focus of police or other prevention agents.

We de ne the geographic unit of our study as the street segment, which
includes both sides of the street between two intersections (see Figure . ).
We chose the street segment for a variety of theoretical and operational rea-
sons. In geographic terms, it is a very small building block from which to
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examine hot spots of crime. At the same time, it is a social unit that has
been recognized as important in the rhythms of everyday living in cities.
It is important to note that street segments are different from street blocks
de ned by the US census. Street blocks include all four block faces extending
around a block which means that block faces that face each other on the
street are not part of the same micro geographic unit (see Figure ., th
St. between th and rd Ave.). A key criterion for de ning hot spots in our
study is that they form social as well as geographic units, so a census block,
which separates two block faces immediately across from each other, was not
an appropriate geographic unit for our study.

Theoretically, scholars have long recognized the relevance of street
segments in organizing life in the city (Appleyard, ; Brower, ;
Jacobs, ; Tayloretal., ; Unger and Wandersman, ). Ecological
psychology, in particular, has attempted to understand how places func-
tion as social units (Barker, ; Wicker, ). From his observations of
places, Barker developed behavior settings theory. Wicker ( ) de nes
behavior settings as small-scale social systems whose components include
people and inanimate objects. He goes on to say that within the temporal
and spatial boundaries of the system, the various components interact in an
orderly, established fashion to carry out the setting s essential functions
(Wicker, . p. ).

Weisburd et al. ( ) following Taylor ( , ), made the case
for why street segments function as behavior settings. First, people who
frequent a street segment get to know one another and become familiar
with each other s routines. Second, residents develop certain roles they play

We note that Taylor ( , ) termed street segments street blocks.
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in the life of the street segment (e.g., the busybody, the organizer, the dog-
walker). Consistency of roles increases the stability of activities at places.
On many streets, for example, there is often at least one neighbor who will
accept packages for other residents when they are not at home. Third, norms
about acceptable behavior develop and are generally shared. Shared norms
develop from interactions with other residents and observations of behav-
iors that take place on the street without being challenged. Fourth, streets
have standing patterns of behavior that are temporally speci c. The mail
carrier delivers at a certain time of day, the corner resident is always home
by pm, another neighbor always mows the lawn on Saturday. Fifth, a
street segment has boundaries that contain its setting. It is bounded by the
cross streets on each end. Interaction is focused inward toward the street.
Finally, street segments, like other behavior settings, are dynamic. Residents
move out, and new ones move in. Land use could shift as residential units
become stores at the street-level and remain residential on the upper oors.
These types of changes to the social and physical environment of the street
segment can alter the standing patterns of behavior.

Beyond the theoretical justi cation for using street segments to under-
standing crime and place, there are other advantages. Unlike neighborhood
boundaries, street segments are easily recognized by residents and have
well-de ned boundaries (Taylor, ). Moreover, the small size of street
segments minimizes spatial heterogeneity and makes it easier to link char-
acteristics of street segments to outcomes such as crime (Rice and Smith,

; Smith et al., ). In turn, scholars have argued that informal social
control and territoriality (Taylor et al., ) are more effective in smaller
settings such as street segments. Operationally, the choice of street segments
over even smaller units, such as addresses (see Sherman et al., ), also
minimizes the error likely to develop from miscoding of addresses in of cial
data (see Klinger and Bridges, ; Weisburd and Green, ). We rec-
ognize however, that crime events may be linked across street segments. For
example, a drug market may operate across a series of blocks (Weisburd and

Green, ; Worden et al., ), and a large housing project and prob-
lems associated with it may transverse street segments in multiple directions
(see Skogan and Annan, ). Nonetheless, we thought the street segment

offers a useful compromise because it allows a unit of analysis large enough
to avoid unnecessary crime coding errors, but small enough to avoid aggre-
gation that might hide speci c trends.

Our use of the street segment as a unit of analysis follows numerous studies
that examine crime concentrations and crime hot spots at the micro geographic
level. Weisburd et al. ( ) used street segments in their longitudinal study
of crime at place in Seattle (also see Weisburd et al., ). Additionally, stud-
ies conducted not only in North American cities but also in countries across
Europe, Latin America, and Africa have frequently used street segments as the
unit of analysis for examining crime concentrations (e.g., see Andresen and
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Linning, ; Bernasco and Steenbeek, ; Chainey et al., ; Chal n
et al., ; Gill et al., ; Steenbeek and Weisburd, ; Theron et al.,

). Indeed, a recent review of crime concentration research nds street
segments to be the most common geographic unit in research de ning crime
concentrations in cities (Weisburd, Zastrow, et al., ).

Sampling Hot Spot and Non Hot Spot Streets

The sampling for the study began with the full population of street
segments in Baltimore, and CFS data from the Baltimore Police Department
(BCPD) for were geocoded (match rate = . percent) to create aggre-

gate counts of violent crime (rape, robbery, bank hold up, aggravated assault,
common assault, carjacking, abduction, and sniper) calls and drug crime
(narcotics, narcotics outside, and narcotics on-view) calls (see Chapter
Appendix for an exhaustive list of included call types). We used crime calls
to the police because we wanted to include a broad measure of crime that
was less Itered by police decision-making. Crime incidents, which are more
often used for estimating crime levels in studies of police interventions, involve
police founding or identifying a reported crime as re ecting an actual crime
event. Most crime calls are generated by citizens calling the police. But crime
calls are also created when the police observe suspicious activity that they
believe might be a crime and call in to the dispatcher that they are responding.

Our goal was to identify a sample of street segments in which there
would be a larger sample of crime hot spots (about / ") and a comparison
sample of streets that were not hot spots. We conducted statistical power
analyses to ensure that this sample size of streets would allow for statistically
powerful tests of our main hypotheses. We wanted to be con dent that we
had a large enough sample to examine differences between hot spot and non
hot spot streets.

As discussed in more detail in Chapter , a number of scholars have pointed to the fact that
calls to the police often do not lead to recorded crime incidents (e.g., see Sherman et al., ;
Weisburd, Wilson, et al., ). Taylor et al. ( ) note that crime calls to the police contain
higher counts of events to the police mostly because these data represent an un Itered account
that might include behavior that is not criminal but is initially reported as criminal or incidents
that cannot be veri ed (p. ). Klinger and Bridges ( ) also identi ed the phenomenon of
community members reporting crimes where no evidence of a crime is subsequently found. Of
course, a lack of evidence may indicate that the police did not get to the scene in time, rather than
indicating that no crime occurred.

The BCPD could not distinguish between citizen- and police-initiated calls when they originally
provided us with data for our study in .In , their crime analysis department was able
to provide updated crime call information that distinguished the two types of calls. According
to this update, about % of all crime calls were police-initiated. Almost outof (%) of
drug crime calls in were police-initiated, while this was true for only % of violent crime
calls. In Chapter we examine only citizen initiated calls to focus on how people who live on
these streets view crime.

Downloaded from https://www.cambridge.org/core. IP address: 18.97.9.175, on 09 Sep 2026 at 18:37:56, subject to the Cambridge Core terms of use
, available at https://www.cambridge.org/core/terms. https://www.cambridge.org/core/product/BBD8ED9F2F59D9CD28D27D5BBDA4DD3C



Introduction

A key criterion for our study was that the streets we examined were resi-
dential streets. We wanted to be able to talk about how people on high-crime
streets experienced those streets, and because of this, we excluded exclusively
commercial streets from our study. We also restricted our sample streets to
residential streets with a minimum of twenty occupied addresses. This thresh-
old was created because we wanted a large enough sample of people on each
street that we could gain reliable portraits of characteristics of streets in the
study, for example, whether streets were characterized by high levels of peo-
ple willing to intervene on problems on the street or trust their neighbors, or
by high levels of mental or physical health problems, or whether streets had
more residents with high school educations, or who were employed.

Because there isa nite population of households on each street segment, we
had to consider the likely response rate of a survey in relation to this nite pop-
ulation, to identify whether it would be possible to include enough responses
on each street. Assuming a response rate of  percent, a minimum population
of or more occupied households on the street was likely to yield about
seven surveys. We believe that this sample goal represented a useful compro-
mise between the loss of sampling frame, or street segments available to study,
and the sample size needed to describe street-level characteristics. We used a
database from the Baltimore Mayor s Of ce for to determine occupied
housing on Baltimore streets, though as we note below, we also corrected these
totals based on observations by our research team. This criterion reduced the
sampling frame from over streetsto , street segments for study.

Crime hot spots were de ned as streets that were in the top  percent for
violent- or drug-related calls for service in order to assure a sample of very
high-crime streets. Three categories of crime hot spots were created drug
crime hot spots, violent crime hot spots, and combined violent drug hot spots
(those streets that met a minimum threshold for both drug and violent crime
calls). Hot spot street segments were then sampled from the three categories
of crime hot spots through a random sampling procedure developed in Model
Builder (in ArcGIS) that prevented any two sampled streets from being within

There were still mixed-use street segments selected for our sample, as long as they had at least
residential units.

Adjusting for the nite population correction, this size sample has a standard error of . per-
cent of what it would be compared to the same size sample from a large or in nite population.
The initial threshold for violent and drug crimewas  drug-related callsand  violence-related
calls, respectively approximately the top . % of segments in the city for each category. We
selected this threshold because it was roughly midway between the % and % thresholds
that have often been used to de ne crime hot spots (e.g., Weisburd, ; Weisburd, Zastrow,
et al., ). Although this was the nal threshold for the combined violent and drug crime
hot spots, to meet sampling goals for streets that were hot spots of violence or drug crime, the
threshold was reduced to  violent callsand  drug-related calls, respectively (approximately
the top % of all city street segments in each category). Additionally, we required that streets
show evidence of drug or violent crime throughout the year by setting a criterion that calls be
distributed over at least six months.
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a one-block buffer area. Once the sample of residential street segments was
selected, eld researchers conducted a physical census of each street segment
to identify any unusual barriers that would alter the street segment setting
(e.g., bridges, alleys), and to con rm the street met the criterion for occu-
pied dwelling units. If a street segment did not meet the sampling criteria
after the census, streets were replaced as needed to reach the sample goals. A
comparison group of non-hot spot street segments was sampled following
the same procedures carried out for the hot spot street segments. Based on a
review of the distribution of crime calls on these non-hot spot streets, the
non hot spot streets were further divided into cold spots (three or fewer
crime calls for service for drug or violent crime) and cool spots (four or
more calls for service for drug or violent crime, but less than the threshold
for a hot spot). The nal sample of street segments in the study consisted of
cold spots, cool spots, drug hot spots, violent hot spots, and
combined drug and violent crime hot spots.

Looking at the average number of violent and drug crime calls for service
and crime incidents (see Chapter Appendix for crime categories included)
for each street type presented in Table . , we can see both the very high
rates of crime calls and incidents that hot spot streets exhibited, as well as
the large differences between hot spots and non hot spots, and especially
between hot spots and cold spots. While cold spots evidenced on average
only drug and violent crime calls and cool spots about  drug and violent
calls, drug hot spots averaged drug and violent calls, violent crime hot
spots  drug and violent calls, and the combined hot spots about calls
for violent or drug crime during the selection year. Reinforcing their identi -
cation as crime hot spots, drug hot spots, and violent crime hot spots had on
average and total calls for crime in the selection year, and combined
hot spots averaged over calls. Total crime incidents averaged about ve
for cold spots and nine for cool spots. In crime hot spots, the average number
of crime incidents is nineteen for drug hot spots, twenty-seven for violent hot
spots, and thirty-three for combined drug and violence crime hot spots.

We recognize that the over-sampling of crime hot spots leads to a sample of
places that includes a much larger number of hot spots than would be included

Occupancy of dwelling units was assessed using a number of vacancy indicators, including
boarded-up doors and windows, eviction notices, neighbors telling us the unit was vacant, over-
owing mailboxes, heavy construction or demolition work, no furniture or personal belongings
seen through windows, and realtor locks. To be conservative in identifying vacant dwelling
units, four vacancy indicators were required to consider the dwelling unit vacant.
The study sought to identify streets for the violent and drug crime hot spots; and  com-
bined drug and violent crime hot spots. It also sought to include non hot spot streets in
the sample. The nal sample numbers depart slightly from these because of one street dropped
from the study during data collection, cases where street segments were reclassi ed when street
boundaries were corrected, and two streets that had to be dropped in wave because of safety
and data collection problems.
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> . Crime calls for service and crime incidents ( ) in sampled street
segments

Type of street segment

Cold Cool Drug Violent Combined

: (N=) (N= ) (N= ) (N= ) (N= )
Crime
measures Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)  F-score

Calls for service

Violent (.) (.) (.) () () L e
Drug () (.) () (.) ( ) e
Other S C) () () () «( ) L
Total () () () () « ) .7
Crime incidents

Violent (.) (.) (.) () () . KR
Drug () (.) (.) () () L
Other () (.) (.) ) () faialal
Total (.) (.) ( .) () () . R

Note: ***p < .

had the study randomly sampled streets from the full population of street
segments. At the same time, it is important to recognize that many residential
streets in the city do not have serious crime problems. Fully . percent of the
population of residential streets sampled in the study did not meet the criteria
for a hot spot, meaning that if the streets had been sampled randomly, only a
small number of crime hot spots as we de ne them would have been included
in the sample. Given our desire to describe the social structure and social con-
text of hot spots of crime, this overrepresentation is planned and allows us to
study hot spots in a way that would not be possible had we randomly sampled
streets in the city.

As shown in our map of Baltimore (Figure . ), the ve street segment types
appear to be spatially heterogeneous, though the crime hot spots are somewhat
more likely to be located in the central areas of the city, to the east and west
of the inner harbor. This is not surprising given our short history of Baltimore,
where segregation and other social policies pushed minority and disadvan-
taged populations into the inner-city, while better off White residents moved
away from the city center and often into the suburbs.

Survey Interviews of Residents Who Lived on the Study Streets

Perhaps the most important data we collected for describing the social struc-
ture and social context of street segments in our study were drawn from
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surveys of community members. Here we asked large numbers of residents
on our sample streets about their perceptions on a range of issues, including:
crime and disorder on the streets, fear of crime, their trust of their neighbors
and willingness to intervene in problems, their experiences on the streets
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with police and crime, their economic, educational and social circumstances,
as well as questions about their substance use, smoking, drinking behavior,
and physical and mental health status. The survey included questions
(and over unique items), and was conducted face-to-face using Scantron
bubble forms that the eld researchers read to the participant and lled in
with the responses provided by the respondent. The survey took an average
of minutes to complete, and respondents were compensated $  for
their participation.

We carried out three waves of survey data collection in the study: the rst
between August and June ; the second wave between April and
December , and wave was carried out between April and March

. Residential dwelling units were randomly sampled, and trained eld
researchers interviewed the rst adult resident contacted (twenty-one years
or older), who had lived on the street for at least three months. The contact
rate, which measures the proportion of people we were able to reach to ask
to participate in the survey, was . % inthe rstwave, . % in the second
wave, and . % in the third wave. The cooperation rate, or the proportion
of people we contacted who participated in the survey was . % in wave ,

. % inwave ,and % in wave . These are above average results for
door-to-door surveying (Babbie, ; Holbrook et al., ).

The survey was a massive endeavor for the research team, and there could
be as many as eld researchers employed at the same time during each
wave of data collection. Teams of three to four eld researchers, including
a team leader, visited street segments between the hours of amand pm,
seven days a week across the study period. In wave , interviewers returned
to dwelling units an average of four times and up to twenty- ve visits. In
wave , the teams visited the dwelling unit an average of . times, with
up to  visits. In wave , the number of visits to the streets ranged from
to visits, with a mean of  visits to the streets. Dwelling units where a
survey was not completed were visited an average of eight times (at which
point we resampled a new dwelling unit if no contact was made), but we
continued to visit these dwelling units over the course of the study unless
a hard refusal was made by a resident of the dwelling unit. When residents
were not available to complete the survey at that time or the identi ed adult
from a previous wave was not at home, interviewers scheduled timeframes or
appointments to return to the household to complete the survey.

An important part of our planning of the survey data collection, and other

eld research on the sampled streets, was ensuring the safety of data collec-
tors. Working in hot spots of crime can be dangerous. In our study we had
multiple events of shootings on the hot spot streets we visited, and during the

Undergraduate and graduate students were hired from local universities in Baltimore as eld
researchers. They participated in a two-day training on in-person survey data collection, con-
ducting physical observations, and safety protocols for working in high-crime areas.
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Freddie Gray riots, one research team had their windshield broken by a brick
thrown by rioters. We developed several safety protocols for procedures for
working in dangerous or high-risk conditions in the eld, which are available
in our online resources.

In wave , atotal of |, surveys were completed, were completed
inwave ,andinwave ,atotal of , surveys were completed, for a total
of eligible surveys across the three waves. With the exception of
six streets in wave and one street in wave , we completed at least surveys
on each street segment. Inwave , . percent of sample street segments had
seven or more surveys.

Physical Observations

A key set of indicators for our study was the physical attributes of the street.
The survey asked about such attributes, but we also wanted a measure
that was objective in the sense of researchers observing the street. Physical
observations are particularly important in our study because of perspectives
like Broken Windows theory (see Wilson and Kelling, ; Kelling and
Coles, ), which view physical decay as an important factor in under-
standing and predicting crime.

Our physical observations were conducted simultaneously during survey
data collection. For each of the street segments, two trained observers rated
the discrete characteristics of the street segment independently in order to
test for and periodically monitor inter-rater reliability. The observers went
to each street during the period of the survey data collection, but not when
other research activities were being carried out. Field researchers spent
between % hour and an hour carefully coding the physical attributes of the
street and moved to multiple viewing areas along the street to accurately code
the observation items.

The physical observation instrument had four separate focus areas to cap-
ture several dimensions of the street environment, including known ecological
risk factors for antisocial behavior (e.g., bars and bus stops). First, the num-
ber of buildings and physical structures on the street were documented along
with the use or purpose of the buildings, such as residential, commercial, and
public service. Next, there were several observational items related to physical
disorder, such as visual indicators of drug activity (drug paraphernalia) and

Of the wave respondents, . % were interviewed in wave , . % of the wave respon-
dents were interviewed in wave , and respondents (. % of the rst wave sample) par-
ticipated in all three waves. We note that our primary interest was in describing the street
segments and not in detailing individual change over time.

We relied on primary data collection rather than public data provided by Google Earth, as seen
in other research (e.g., see Odgers et al., ), because the street view images for Baltimore
were not current to our data collection.
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prostitution (e.g., condoms on the street), as well as broader signs of physical
disorder, such as burned-out or abandoned buildings, litter, graf ti, broken
windows, structural damage, and abandoned vehicles. Lastly, measures of
the physical design and conditions of the street were captured such as con-
struction on the street, number of street lanes and alleys, and the presence of
security cameras, benches, and bus stops.

Systematic Social Observations

Systematic social observations were conducted only in the rst wave of data
collection between April and June of . These observations were aimed
at measuring various types of social activities and the volume occurring in
public places using a structured observation protocol. Each street segment in
the sample received three systematic social observations, each lasting for

minutes. To observe the street at different days of the week and times of day,

one observation occurred during weekday hours ( : am : pm), one
observation during weeknight hours ( :  pm : pm), and one observa-
tion occurring on the weekends ( : am : pm), resulting in over

systematic social observations. Each observation provided a snapshot of the
social conditions of the street with the presence of different activities and
external conditions on the street segment, while also capturing the amount of
time speci c events occurred on the street.

Similar to the physical observations of the street, eld researchers worked
in pairs, and during the rst visit to the street segment, the team identi ed a
location on the street where the greatest amount of social activity could be
observed, an epicenter of the street. This location remained the same for
all subsequent visits to the street, and eld researchers generally stayed at this
spot for the entire observation period unless something obstructed their view,
or they felt concerned about their personal safety or well-being (in which case
they left the street).

One eld researcher focused on providing a snapshot of the street,
recording the presence of indicators of social disorder and antisocial behav-
ior such as people arguing, loitering, or drug activity; prosocial activities
such as recreation, children at play, adults working on their home and yards;
and levels of pedestrian activity (including some characteristics of the peo-
ple), traf c, and noise on the street. The other eld researcher focused more

We were not able to gain additional grant funding for future waves of systematic social obser-
vations. We thank the CEBCP for support for the rst wave of these observations.

The systematic social observation instrument and codebook were developed from observational
methods used during the Minneapolis Hotspots Experiment and the Jersey City Displacement

and Diffusion Study (Sherman and Weisburd, ; Weisburd et al., ), and the Reynald
( ) study of guardianship, and observation check sheets used to catalogue social behavior
in clinical settings (Kazdin, ; Mitchell, ).
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The Study

closely on speci c activities taking place and their duration, by timing each
event they observed, and the number of people involved. Some of these activ-
ities included soliciting sex, public drinking, drug selling and use, and gam-
bling, as well as certain types of people providing guardianship on the street
like place managers (e.g., a business owner or security of cer), police of cers,
or healthcare providers.

Qualitative Data Collection

During each wave of survey data collection, qualitative data collection includ-
ing ecological mapping, direct observation of street segments (including the
businesses, individuals, and groups within them) and in-depth, semi-structured
interviews were conducted. The use of multiple methodologies triangulates
the data sources, offering greater depth and reliability in the results (Lo and
et al., ; Morrill, ; Snow and Anderson, ). Qualitative data
is particularly suited to developing a deeper understanding of how people
who live, work, and visit these streets understand their social context. In the
chapters that follow, we often use qualitative narratives as a way of illustrat-
ing and contextualizing our quantitative ndings. During wave , we spoke
with individuals across interviews; in some instances, we spoke with

small groups ( individuals) on the street. In wave |, the eld researchers
conducted interviews, again, some were with small groups, for a total of
individuals interviewed. And in wave individuals were interviewed

across  interviews.

Qualitative methods included ethnographic observation and informal
interviewing of residents or occupants of each street segment during eld-
work. The qualitative research team spent roughly an equal time develop-
ing their eld notes as they did in the eld. During eldwork, researchers
spent one hour on each street segment in the qualitative subsample, gath-
ering observational and interview data to understand How do residents
view, use, and perceive the street segment? Within each street segment, we
maximized diversity in the recruitment of individuals by speaking with and
providing study information sheets to all eligible residents and inhabitants.
While paying attention to local demographics (i.e., age, race/ethnicity, and
gender), we interviewed individuals based on the following inclusion criteria:
( ) at least twenty-one years old; ( ) present on street segment during eld-
work; () voluntarily participates. Rather than engaging in formal interviews
(with interview questionnaires/protocols), we used direct observation time for
conducting semi-structured interviews (thematically focused interviews that
occur during the course of everyday conversation). We engaged participants

Field researchers brought printed maps into the eld for each segment and drew/labeled rel-
evant items on the map. These include drug areas, crime areas, residences, and pro-social/
community spaces.
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in conversations to delve for information using Snow and Anderson s inter-
viewing by comment procedure for eliciting information by making a state-
ment that sparks response (Snow and Anderson, ).

The comprehensive data collection we have just described allows us to develop
a more comprehensive picture of hot spots of crime than any prior study. And
it allows us to compare hot spots of crime with what we have termed cool and
cold spots, as well. In the chapters that follow, we use these data to answer a
series of questions about the social structure and social context of crime hot
spots and their relationship to crime, victimization, and health. Our work
seeks to bring social structure and social context into scholarly and policy
discussions of hot spots of crime.

Chapter  provides a descriptive portrait of hot spots of crime, focusing
in particular on social disadvantage and social disorganization across hot
spot and non hot spot streets in our study. We also examine characteristics
of hot spots that are often seen as tightly linked to crime, such as social and
physical disorder and fear of crime. As we describe in this chapter, while hot
spots of crime are characterized by high levels of concentrated disadvantage,
low informal social controls, high levels of social and physical disorder, and
an elevated fear of crime, these are places that also have strong social ties
among neighbors, and they include residents that hope that their streets will
improve. Chapter builds on this foundation by exploring whether the dif-
ferences between hot spot and non hot spot streets vary based on the type of
community they are nested in, categorized by levels of concentrated disad-
vantage. It also investigates how the characteristics of hot spot streets differ
depending on the broader community context in which they are situated. We

nd that hot spots of crime in very different types of neighborhoods have
many similar characteristics, but that the community context also in uences
characteristics of crime hot spots.

Chapter expands upon prior research on crime hot spots, which has pri-
marily focused on opportunity-related factors that explain crime, by showing
that social context, particularly informal social control, also plays a crucial
role in understanding crime at place. Our models add strong evidence to the
idea that we need to consider social context in understanding the emergence
of crime hot spots. Because of the very strong impact of informal social con-
trol on crime, in Chapter we examine speci cally what in uences informal
social control on streets. This is particularly important given criminological
work that has focused on physical and social disorder as impacting informal
community social controls. Our ndings suggest that the focus on physical dis-
order for increasing levels of informal social control may be misplaced, though
we also show that social disorder is an important in uence on informal social
controls at crime hot spots.
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What Follows

Chapter illustrates that the social structure and social context of streets
matter not only for understanding crime but also for understanding the risk of
property crime victimization experienced by residents, even after accounting
for individual lifestyles. Chapter demonstrates that the health conditions of
residents in crime hot spots constitute another critical dimension for under-
standing the broader social context of these places. Compared to non hot
spots, residents of crime hot spots exhibit higher rates of physical and mental
health problems, with this geographic overlap between crime and health risks
being at least partially attributable to the living conditions on those streets.

Finally, Chapter concludes the book by summarizing our key ndings and
discussing their implications for theory and policy. Together, these chapters
suggest that it is important to bring the social structure and social context of
hot spots of crime into our understanding of why these places have high rates
of crime, and what types of interventions are likely to help ameliorate crime
and related problems at crime hot spots.
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The Social Structure and Social Context
of Crime Hot Spots

Scholars, practitioners, and policymakers have all begun to recognize the
importance of crime hot spots for doing something about the crime problem.
However, this recognition of the potential for effective place-based interven-
tions at crime hot spots has not led to broad investigation of the social struc-
ture and social context of these places. One reason for this is the dominance in
the early interests of scholars of micro geographic hot spots in opportunities
for crime and routine activities. Opportunity theories provided strong justi ca-
tion for investigating the micro geographic places where crimes occur. Indeed,
such theories were tied to much of the early investigation of crime hot spots.

At the same time, scholars have for most part ignored the social structure
and social context of crime hot spots, arguing that it is not important for
untangling the relationship between crime and place (Braga and Clarke, ;
also see Sherman et al., ). Our approach, as we explained in Chapter
is quite different from this. People who live on and visit a street segment get
to know one another and become familiar with each other s routines (Wicker,

). Residents develop certain roles they play in the life of the street seg-
ment (e.g., the busybody and the organizer). Norms about acceptable behavior
develop and are generally shared. Blocks have standing patterns of behavior
(Barker , p. ); for example, people whose routines are regular, like the
mail carrier or the shop owner. Street segments in this context are perhaps the

rst building blocks of community. They are micro-communities, and in this
sense, social structure and social context, not simply opportunities for crime,
are important to examine (Sampson, ; Weisburd et al., ).

In this chapter, we want to bring social structure and social context into the
story of crime hot spots. We begin by examining why criminologists had for
the most part ignored micro geographic study of crime until the late twentieth
century. This was, in part, the result of not having data available at the micro
geographic level, but also related to the overriding interests of sociologists
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Ignoring the Micro Geographic Environment

concerned with meso-geographic units, such as neighborhoods and communi-
ties, in the study of spatial criminology. We then turn to the importance of new
theoretical innovations that focused on hot spots of crime but led criminologists
to mostly ignore the social structure and social context of these places. Having
placed the study of crime hot spots in historical perspective, we bring social
structure and social context into the study of crime and place by examining
variability of measures of social disadvantage and social disorganization across
hot spot and non hot spot streets in our study. We pay particular attention to
informal social control, which is generally measured in terms of what sociol-
ogists have called collective ef cacy (Sampson et al., ). We also examine
characteristics of hot spots that are often seen as tightly linked to crime, such
as social and physical disorder and fear of crime.

When criminologists rst began to consider hot spots of crime in the late

s, they were confronted with a landscape that had little interest in micro
geographic places as a unit of analysis. Most of criminology was focused
on offenders and trying to understand why they became involved in crime
(Weisburd, ; Weisburd and Piquero, ). The distancing of criminol-
ogy from micro geographic places came early and is well expressed by Edwin
Sutherland ( ) in his groundbreaking textbook on criminology. Sutherland
recognized the importance of place in the crime equation even as he presented
his theory of differential social learning among individuals. He noted that a
thief may steal from a fruit stand when the owner is not in sight but refrain
when the owner is in sight; a bank burglar may attack a bank which is poorly
protected but refrain from attacking a bank protected by watchmen and bur-
glar alarms ( , P- ). Nonetheless, like other early criminologists (e.g.,
Hirschi, ; Merton, ; Sykes and Matza, ), Sutherland did not see
such places as a relevant focus of criminological study. This was the case, in
part, because crime opportunities provided by places were assumed to be so
numerous as to make crime prevention strategies targeting speci c places of
little utility for theory or policy. In turn, criminologists traditionally assumed
that situational factors played a relatively minor role in explaining crime as
compared with the driving force of criminal dispositions (Clarke and Felson,

; Trasler, ).

Similarly, early criminologists who did look at geography, gave little attention
to the micro geographic environments in which crime occurred. These scholars
generally had access to crime at the level of large administrative areas which
allowed them to observe the spatial patterns of crime at a macro-geographic
level, and to link demographic characteristics such as education or poverty
with crime levels (e.g., see Guerry, ; Ducp@tiaux, ; Quetelet, ).
Such data was beginning to be collected routinely by European governments,
and provided an opportunity for cartographers, statisticians, and geographers
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Social Structure and Social Context

to examine the crime problem in new and insightful ways (e.g., see also Glyde,
; Quetlet, ).

The nineteenth century criminologists in Europe did not examine micro geo-
graphic trends in good part because such data were unavailable. The manage-
ment information systems that now provide police data at the addresses where
crimes occur were not to come into existence until the second half of the twen-
tieth century (Weisburd and McEwen, ). Regardless, the study of crime at
the macro-geographic level in the nineteenth century was a major advance in
studying spatial criminology, but the governmental data sources available did
not bring crime down to the micro geographic level.

At the same time, a few nineteenth-century European criminologists
began to challenge drawing strong conclusions about crime when looking at
macro-geographies. John Glyde ( ) from England, for example, questioned
the validity of research ndings when large areas were chosen as units of anal-
ysis in geographic criminology. In his paper Localities of crime in Suffolk,
he showed very clearly that larger units of analysis hide underlying variations
in crime. When considering units smaller than districts, signi cant differences
in crime rates across smaller areas appeared. Similarly, Henry Mayhew ( )
tried to uncover patterns in the distribution of crime in the city of London by
combining ethnographic methods with statistical data. He interviewed prosti-
tutes, criminals, and other citizens about alcoholism, poverty, housing condi-
tions, and economic uncertainty. He was the rst scholar who focused on small
areas such as squares, streets, and buildings as units of analysis in criminolog-
ical research, predating modern interests in the criminology of place by over a
century. European criminologists, however, did not follow up on these insights,
likely because such data were so dif cult to collect.

After the turn of the twentieth century, the locus of geographic research on
crime moved to the United States (Beirne and Messerschmidt, ; Bulmer,

; Faris, ; Harvey, ). University of Chicago sociologists such as
Robert Park, William Thomas, Louis Wirth, Ernest Burgess, Clifford Shaw,
and Henry McKay took a leadership role in advancing a theory of social
disorganization that focused on neighborhoods or communities. The unit of
analysis of geography was generally de ned in smaller units than the adminis-
trative areas of European criminology in the nineteenth century, but was still
much removed from the micro geographic studies of crime and place that have
recently focused criminologists attention on hot spots of crime. The concern
of this new school of criminology can be seen as focusing on meso-geographic
areas, which they de ned as neighborhoods. A distinct problem of this
approach was that administrative data available in Chicago, where most
empirical studies were carried out, were generally not de ned in this way,
which made the development of research in this tradition very dif cult. It was
not until the s that the census provided detailed social information at
the level of census block groups, which have become an important source for
study of crime by community criminologists, such as the Project on Human
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Social Disorganization and Crime in Communities

Development in Chicago Neighborhoods (PHDCN) (e.g., Sampson, ;
Sampson et al., ).

The theoretical idea that lay behind the study of communities and crime by
the Chicago School of criminologists was introduced by William Thomas,
who noted that the concept of social disorganization, could be de ned as a
decrease of the in uence of existing social rules of behavior upon individual
members of the group (see Thomas and Znaiecki, . p- ). Robert
Park, who was recruited by Thomas, was the initiator of urban social research
on communities and crime, shifting the unit of analyses from countries and
large areas to cities and their neighborhoods (Park, [ D. The city, in
his opinion was more than:

a congeries of individual men and of social conveniences streets, buildings, electric
lights, tramways, and telephones, etc; something more, also, than a mere constellation
of institutions and administrative devices courts, hospitals, schools, police and, civil
functionaries of various sorts. The city is, rather, a state of mind, a body of costumes
and traditions, and of the organized attitudes and sentiments that inhere in these cos-
tumes and are transmitted with this tradition. The city is not, in other words, merely a
physical mechanism and an arti cial construction. It is involved in the vital process of
the people who compose it; it is a product of nature, and particularly of human nature

(Park, [ 1, p. ).

Park argued that urban life must be studied in this context in terms of its
physical organization, its occupations, and its culture and especially the
changes therein (Park, [ 1, p. ). Neighborhoods in his view were the
elementary form of cohesion in urban life.

His younger colleague, Ernest Burgess, drawing from an inventory of price
changes in housing values in Chicago areas, developed a concentric zone
model of the distribution of social problems and crime for cities (especially for
Chicago) (Burgess, [ ]). Burgess suggested that Chicago included

ve concentric zones, each containing various neighborhoods, four of them
situated around The Loop (the business center of the city): the typical pro-
cesses of the expansion of the city can best be illustrated, perhaps, by a series
of concentric circles, which may be numbered to designate both the successive
zones of urban extension and the types of areas differentiated in the process
of expansion (Burgess, [ ], p- ). Burgess unit of analyses was
a series of neighborhoods within cities that share similar characteristics. He

A real estate agent had discovered zones in the city of Chicago when he made up an inventory of
price changes of houses and real estate. He contacted Burgess regarding his ndings, which led
to the now famous geographic model of crime and social problems in the urban context.

In reality, only half circles because Chicago is situated at the border of Lake Michigan.
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assumed that depending on the distances to the center and the structural fea-
tures of these zones, the levels of crime would vary.

Clifford Shaw was one of the rst Chicago sociologists to carry out exten-
sive empirical research on the geographical distribution of crime based on
Burgess zone model (Shaw, ). In , Shaw and Henry McKay pub-
lished their magnum opus Juvenile Delinquency and Urban Areas in which
they not only presented their geographical and etiological analyses of crime
rates in the city of Chicago, but also those of other cities: Philadelphia, Boston,
Cincinnati, Cleveland, and Richmond (Shaw and McKay, [ 1. In
all the cities studied, they found similar patterns in the geographical distribu-
tion of crime. However, the units of analysis differed a good deal between the
various cities. These differences were due to the lack of detailed of cial crime
data in cities other than Chicago. The rapid changes in the city of Chicago
over a long period of time enabled them to also study the effects of the city
dynamics on crime and other phenomena. One of their ndings was that

(t)he data on trends also demonstrate with equal sharpness the rapid rise in rates
of delinquents in certain areas when a population with a different history and
different institutions and values takes over areas in a very short period of time
(Shaw and McKay, [ 1, p. ). They identi ed delinquency areas
and identi ed structural features of these areas that were related to crime, such
as high infant mortality, overpopulation, poverty, and high rates of mobility.

While the Chicago School researchers focused on neighborhoods, Shaw
( ) began his efforts to identify delinquency areas with a micro geographic
focus on data collection. He did not begin with data on large areas, but with
plotting the home addresses of thousands of juvenile and adult offenders on a
map of Chicago:

each individual is represented by one spot, regardless of the number of times he
appeared in court. The plotting was done by street and number, each spot being placed
on or as near the exact address as possible. When the spots were so concentrated that
it was impossible to place all of them at the exact address, great care was observed to
keep them at the proper census tract so that the calculation of rates would be reliable
(Shaw, VP )

Shaw s con dent assertion that the study of such a problem as juvenile delin-
guency necessarily begins with a study of its geographical location was not
heeded by those who followed him (Shaw, , P. ). We suspect that the
dif culty of creating these micro geographic maps of crime discouraged other
researchers from studying crime at a micro geographic level. But more gener-
ally, the theoretical focus of the Chicago School was not on micro geographies
but rather on meso-geographic units such as neighborhoods or in Shaw and
McKay s ( [ ]) case, on delinquency areas.

Structural features of neighborhoods or communities were the primary
interests of these pioneering criminologists, which they saw as re ecting the
degree to which informal social controls could be marshalled to prevent crime
(Burgess, [ ]; Park and Burgess, [ ]; Shaw, ; Shaw and
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Hot spots of Crime

McKay, [ 1)- Such failures of social organization were seen to be the
result of the heterogeneity of populations, residential turnover, and poverty,
and related social disorganization found in speci ¢ urban neighborhoods in the

city (Bellair, ; Hipp, ; Mazerolle et al., ; Sampson and Groves,
; Shaw and McKay, [ ]; Silver and Miller, ; Warner and
Pierce, ; Warner and Rountree, ). In such areas, social ties are weak,

and residents do not invest in relationships necessary for informal social con-
trol, such as supervising youth, and self-regulation through shared values,
resulting in the presence of high crime rates (Kasarda and Janowitz, ;
Kornhauser, ; Bursik and Grasmick, ).

When criminologists began to observe the concentration of crime at crime hot

spotsin the sand s (Pierceetal., ; Sherman and Weisburd, ;
Sherman et al., ; Spelman, ; Weisburd and Green, ; Weisburd
et al., ), they found little in criminological thinking that would suggest

the importance of micro geographic places in the production or prevention of
crime. As we noted earlier, much of traditional criminology was focused on
understanding why individuals commit crime. In turn, when criminologists in
the last century were concerned with places, they focused on meso-geographic
areas such as delinquency areas or communities.
In this context, criminologists who began to study hot spots of crime in the
s and s, saw little relevance of social disorganization, which had
been linked strongly to communities and neighborhoods, to micro geographic
places. Sherman et al. ( ) who rst introduced the idea of a criminology
of place noted: Traditional collectivity theories [such as social disorganiza-
tion theory] may be appropriate for explaining community-level variation, but
they seem inappropriate for small, publicly visible places with highly transient
populations (p. ). More recently, Braga and Clarke ( ) argued that
the application of social disorganization to micro geographic hot spots goes
beyond the original domain of these theories (see also Schnell et al., ).
Such theories are large area-level theories, and they doubt that such commu-
nity level theories can adequately explain why a particular crime spot is per-
sistently hot over time (Braga and Clarke, . p- ).
Opportunity theories, which started to gain notice in criminology in the
s, appeared much more relevant to the new interest in hot spots of crime
since they explicitly recognized the key role that micro geographic places play
in the production of crime. For example, in , Lawrence Cohen and Marcus
Felson, were to suggest a new way to think about the crime problem that
departed radically from traditional criminology and placed micro geographic
places in the center of the crime equation. They argued that a more complete
understanding of crime must include a recognition that the availability of moti-
vated offenders, suitable crime targets, and the presence or absence of capable
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guardians all in uence crime events (Cohen and Felson, ). Importantly,
these three components of a crime event must converge in time and space for
a crime to occur. The space that Cohen and Felson were referring to was
the speci ¢ micro geographic places where crimes take place. In their theory of
routine activities and crime, a crime could only occur if motivated offenders
and suitable targets come together at a speci c place where there is the absence
of capable guardianship:

Unlike many criminological inquiries, we do not examine why individuals or groups
are inclined criminally, but rather we take criminal inclination as given and examine
the manner in which the spatio-temporal organization of social activities helps people
to translate their criminal inclinations into action. Criminal violations are treated here
as routine activities which share many attributes of, and are interdependent with, other
routine activities. This interdependence between the structure of illegal activities and
the organization of everyday sustenance activities leads us to consider certain concepts
from human ecological literature (Cohen and Felson, , p. ).

The importance of micro geographic places was also to be key to the devel-
opment of situational crime prevention (Clarke, ). Situational crime
prevention moved the critical unit of analysis of crime away from the peo-
ple who commit crime to the situations in which crime occurs. Situational
crime prevention is concerned with the opportunity structures of speci ¢
contexts and places. By opportunity structure, advocates of this perspective
are not referring to the broad societal structure of opportunities that underlie
individual motivations for crime (e.g., see Merton, ), but to the imme-
diate situational components of the context of crime. Importantly, place at a

micro level is key to situational crime prevention theory since it focuses on
the immediate opportunities for crime, which are generally structured within
very small geographic areas.

Around the same time as routine activities theory and situational crime
prevention developed, Paul and Patricia Brantingham published their seminal
book Patterns in Crime, which emphasized the role of place characteristics
and human activity in shaping the type and frequency of human interaction
(Brantingham and Brantingham, ). Crime pattern theory explores the dis-
tribution and interaction of targets, offenders, and opportunities across time
and space (Brantingham and Brantingham, ). The importance of micro
geographic places is essential to crime pattern theory. Not only are places log-
ically required (an offender must be in a place when an offense is committed),
but also the characteristics of places are seen to in uence the likelihood of
crime and the likelihood that speci ¢ places will become crime hot spots.

These theoretical innovations in the twentieth century provided a logic for
why micro geographic places are important to understanding and preventing
crime, and they naturally informed study of crime hot spots. However, we
think that the predominance of these theoretical perspectives has led to a myo-
pia in which the social structure and social context of crime hot spots has been
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ignored. Our work seeks to bring social structure and social context into the
study of crime hot spots, because we begin with the assumption that such hot
spots are not only physical environments but also social environments. They

are also social settings or, following Wicker ( . p- ), behaviour set-
tings that can be seen as small-scale social systems or small-scale communi-
ties (Sampson, ; Taylor, ; see also St. Jean, ). They have many of

the traits of communities that have been seen as crucial to social disorganiza-
tion theory in that these physical units also function as social units with speci ¢
norms and routines. In turn, if micro geographic units such as street segments
can be seen as a type of micro-community (Sampson, ; Weisburd et al.,

), then social structure and social context should have direct relevance to
our understanding of the level of crime on street segments.

In trying to understand how social disorganization develops in communities,
criminologists have focused on a series of indicators that suggest structural fac-
tors that can impede the development of social organization or informal social
control. Some of these are traditional demographic measures, for example,
poverty or low educational achievement (Sampson, ; Shaw and McKay,
[ ). Such disadvantages are accented by racial discrimination and
disparities. Together these characteristics of communities lead to what sociol-
ogists have called concentrated disadvantage (Sampson, ; Sampson et al.,
), which inhibits the ability of residents to carry out collective action and
subsequently leads to low community social control (Sampson et al., ).
There is strong evidence of the relationship between concentrated disadvan-
tage and crime in communities (Armstrong et al., ; Gerell and Kronkvist,
; Mazerolle et al., ; Morenoff et al., ; Sampson et al., ;
Zahnow et al., ). Do we similarly nd a strong relationship between hot
spots of crime and concentrated disadvantage in our study?

In Table . , we present four indicators of social and structural disadvan-
tage measured across the ve street types we described in Chapter percent
Black, percent with less than a high school diploma, percent not employed,
and percent earning less than $ annually. Importantly, when possible
in this chapter, we provide results for each of the three waves of our study.
This allows us to identify the degree of stability of outcomes across the waves
of data collection. In turn, samples are in the end, samples, and not popula-
tions, and our collection of multiple waves of data provides an ability to guard
against drawing strong conclusions from unusual outcomes that might re ect
sampling outcomes in a speci ¢ wave of data.

In some cases the inclusion of three waves of data becomes too unwieldy, and we present one
wave of data if the results in subsequent waves are very similar.
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Demographics capturing concentrated disadvantage by segment type

Type of street segment

Cold Cool Drug Violent Combined

Concentrated (N=) (N= ) (N= ) (N= ) (N= )

disadvantage measures Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)

% Black

Wave *** )y )y )y )y )
Wave *** )y )y )y )y )
Wave *** )y )y )y )y )
% Less than high

school

Wave *** () )y )y )y o)
Wave *** () )y )y )y o 0)
Wave *** - () )y )y )y o 0)
% Not employed

Wave *** )y )y )y )y )
Wave *** )y )y )y )y o 0)
Wave *** ) c.)y - C.) c.) - C.)
% Income less

than K

Wave *** - C) () « ) « ) ¢ )
Wave *** () « ) () () ¢ )
Wave *** () () () « ) ()
Note: ***p < . from ANOVAs.

We nd signi cant differences across street types for racial composition of the
streets across three waves (Table . ). We also nd that the samples across all
three waves are very consistent. The differences observed are most apparent in
comparing streets with little crime, what we term cold spots, with other streets
in the sample. While about % of the samples of cold spot streets are Black, this
is true for more than % of the other street types. It should be remembered that

% of residents of Baltimore were de ned as Black during the period of our
study (US Census Bureau, ). Overall, hot spots of crime have higher rates
than this, but so does our sample of cool spots. It is important to note that cool
spots in our sample evidence some degree of crime, but fail to reach the percent
threshold for violent and drug crime that we set in our sampling approach.

Looking at the percent of residents with less than a high school education,
we again nd statistically signi cant differences, with cold streets being very
different from hot spot streets. While less than 9% of the residents of cold spot
streets have less than a high school education, this is true for between . and

. % across the three hot spot types and three waves of data collection. The
cool spot streets fall somewhere in between.
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Concentrated disadvantage factor score by segment type

Type of street segment

Cold Cool Drug Violent Combined
N= ) (N= ) (N= ) (N= ) (N= )

Concentrated
disadvantage Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) F-score

Wave . . . . . L FEE
(. ) (. ) (. (. (.)

Wave . . . . . . EEE
(. ) (. ) (. ) (. ) (. )

Wave . . . . . L FEE

Note: ***p < . ; Overall mean for waves , ,and is .

Approximately half of the residents of hot spots streets are not employed,
and these outcomes are consistent across the three waves. This is true for less
than % of residents of cold spot streets, and about % of residents of cool
spot streets. Again, the differences between the street types are statistically sig-
ni cant, as are differences in yearly income. Over % of the residents of the
hot spot streets across the three waves had household incomes below $
Alternatively, fewer than . % of residents of cold spots and about % of
households of cool spot streets earned less than $ a year.

Examining a measure that combines these indicators into a single scale of con-
centrated disadvantage reinforces the idea that social/structural disadvantage is
much greater at hot spots of crime (see Table . ). The differences between the
streets are statistically signi cant, with the largest contrasts being between the
cold spot streets and the combined violent and drug crime streets. At the same
time, we can see strong differences between the hot spot streets and both the cold
and cool spot streets. Both cold and cool spot streets have negative values on our
scale, while all of the hot spot street types have positive values.

Residential tenure and home ownership are two other key social structural
measures of communities which are seen to promote collective efforts to main-
tain social control (Sampson et al., . p- ). The movement of popula-
tions in and out of communities was a key feature of early theories of social
disorganization (Sampson ; also see Shaw and McKay, [ 1,
re ecting the breakdown of social controls when residents become isolated and

Rather than using % Black as a separate measure of racial composition or racial heterogeneity,
we combined it with other structural disadvantage factors, based on the results of a principal
component analysis showing that the four measures loaded into one factor ( = . ; factor
loadings > . ; see Appendix . for the full results).
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Residential stability factor score by segment type

Type of street segment

Cold Cool Drug Violent Combined
oo o (N= )y (N= ) (N= ) (N= ) (N= )
Residential

Stability Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) F-score

Wave o)y o) o) () o (0) e
Wave PR R (D R (R NN G R G B
Wave o)y o) ) () () LR
Note: *p< . ; Overall mean for waves , ,and is .

unfamiliar with each other. Residential tenure and home ownership re ect sta-
bility of populations in many studies (Sampson ; Sampson et al., ).

We created a factor score for residential stability, which combined measures
of residential tenure and home ownership. Overall, we nd statistically signif-
icant differences between the streets across the three waves of data collection
(see Table . ). And as in our earlier analyses, the cold spot streets have much
higher levels of residential stability than combined hot spots. In this case, it
appears that violence has a particularly important relationship to residential
instability, as drug hot spots are closer in scores to cool spots than to the vio-
lent crime and combined violent and drug crime hot spots.

Social ties and social networks have also been linked to social disorganization
and community social controls (e.g., see Bellair, ; Bursik and Grasmick,

; Warner and Rountree, ; Wickes et al., ). It is assumed that
when social ties and social networks are stronger, communities will be able
to more effectively marshal informal social control (Hipp, ; Wickes and
Lanfear, ; Sampson, , ).

We measured social ties based on three questions from the survey that asked
how often residents ( ) chat with neighbors, ( ) visit with neighbors, and
() help each other out. Response options included never (), rarely
(), sometimes( ), and often( ). Inthiscase, we nd relatively smaller
differences between the residents of the different types of streets (see Table . ).
The differences here are not meaningful and are not statistically signi cant in
the rst and third waves of the study. Even in the second wave the differences
between the streets are not large, and do not follow a clear pattern.

These items loaded onto one factor (
These items loaded onto one factor (
for the full results).

; factor loadings > . ; see Appendix . ).
; factor loadings> . ; = . ;see Appendix .
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Social ties by segment type

Type of street segment

Cold Cool Drug Violent Combined
(N=") (N= ) (N= ) (N= ) (N= )

Social ties Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) F-score

Wave R D I (R R (RPRR I (R R (IR | .
Wave N D N G R D I R A (R
Wave A D I (R R (RPRR I (R R (R | .
Note: * p< . ; Overall mean for wave = . , overall meanforwave = . | and overall

mean for wave = .

Social networks by segment type

Type of street segment

Cold Cool Drug Violent Combined

i (N= ) (N=") (N= ) (N= ) (N= )
Social
networks Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) F-score

Wave () o) o (o) () ()
Wave o0 o) o) o (o) () ()
Wave () A D I (| () ()
Note: Overall mean for wave = . , overall mean forwave = . ,and overall mean for
wave = .

When it comes to the size of residents social networks measured by asking
residents how many of their neighbors on the street they consider to be friends
we again nd similar results across hot spots, cool spots, and cold spots. Across
all three waves, there were no signi cant differences in resident s number of
neighborly friends between the different types of streets (see Table . ).

These results may seem surprising at rst glance. But our qualitative data
provide a view of crime hot spots that in many ways is contradictory to the
stereotypes held by laypeople and scholars alike. Our review of social struc-
tural features of hot spot streets shows that they are generally disadvantaged,
especially as contrasted with streets with little or no crime. At the same time,
it would be wrong to suggest that these streets are places where people have
few ties to their neighbors. In our qualitative research, we heard numerous
accounts of residents knowing their neighbors and spending time with them.
A male in his fties, who lived on a violent street for over twenty years, talked
positively of the relationships between neighbors, even with changes in the
area. He said, |ve known my neighbors for years and have no issues with
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them. At the same time, he also acknowledged how people s interactions have
changed over time  in the past we would be gathering outside our homes,
sing, and play music etc., but now we tend to make those gathering inside our
houses  people are less open than before they shy out easily and prefer to
stay behind the walls.

Sometimes our qualitative eld researchers would talk to someone who
worked on the street or was visiting family on the street. One woman who
regularly visited her sister, who lived on a violent street segment, mentioned
that she felt comfortable that her kids and family lived on that street, and
she didnt mind coming to visit  people are friendly enough, me and my
family know a good amount of the neighbors and people get along all right.

Just as residents of hot spot streets had stronger social ties than might have
been assumed by levels of crime and structural disadvantage, it was not always
the case that residents of non hot spots had strong ties with their neighbors.
We heard a few stories from residents who lived on cold and cool streets and
indicated that while neighbors may know one another, people also kept to
themselves. For example, a young female who lived on a cold street said that

the neighborhood mostly got along and it was quiet . people don t really
do anything together but keep to themselves  people don t really come out of
their house to hang out or talk to one another.

At the outset we want to distinguish between informal social control
and nongovernmental efforts to reduce crime based on opportunity reduc-
tion approaches. John Eck and his colleagues have long argued that private
guardianship (e.g., place managers) is an essential way in which crime can be
reduced (Eck and Madensen-Herold, ; Linning and Eck, ). We saw
evidence of such approaches in our qualitative data, where speci ¢ business
owners or treatment facilities, located on crime hot spots, increased security
measures. For example, a drug rehabilitation clinic was located on one of the
drug hot spots and we spoke with the security of cer he noted his role in
keeping order on the street and that nuisance crimes are what escalate and
when unchecked lead up to more violent crime and drug crime in the city.
On another violent hot spot, a business owner talked about how his business
hires private security to provide protection, they share the cost with a couple
of other stores too. Of course, there is a direct relationship between infor-
mal social control and such efforts. When levels of informal social control
on a street are higher, people who live there are more likely to encourage and
evidence guardianship whether by neighbors or more formal agents such as
doormen or women, or other proprietary agents who control properties on the
street, such as landlords.

Despite the key importance of informal social control to social disorganization
theory, most scholars until the late s measured informal or community
social control in relationship only to the social structural indicators we examined
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earlier (Bursik and Grasmick, ; Shaw and McKay, [ 1). But by the
s, theorists began to emphasize the importance of directly assessing social

control in the community. Kornhauser ( ) made the case that social disor-
ganization leads to crime because residents are unable to realize common values
or solve shared problems within the community. Bursik and Grasmick ( )
noted that informal social control is the effort of the community to regulate
itself and the behavior of residents and visitors to the neighborhood (p. ).

Sampson et al. ( ) proposed a direct measure of informal social control
for communities. This measure extended the concept of social control to empha-
size the capacity of a community to realize common values and regulate behav-
ior through cohesive relationships and mutual trust among residents (see also
Sampson, . ). They termed this measure collective ef cacy which was
conceptualized as the willingness of neighborhood residents to take action and
intervene, which relied on mutual trust among residents (Sampson et al., ,

; Kubrin and Weitzer, ). Collective ef cacy measured informal commu-

nity social control by combining two scales, one of willingness to intervene (also
termed shared expectations for informal social control ) and the other of social
cohesion and trust. We follow Sampson et al. s ( ) approach in assessing lev-
els of informal social control on street segments (also see Sampson, ).

Before examining the overall scale results, we think it important to examine
the speci c items of the scale and their relationship to the street types in our
study. Table . provides the average responses for wave data for the distinct
items in the two scales that make up the collective ef cacy measure. The rela-
tionships observed are similar for waves and

Looking at social cohesion and trust, we see that each item is statistically
signi cant. As in earlier analyses, the largest differences are found between
the combined violent and drug spots and the cold spots. The largest difference
found is perhaps the most direct measure of trust: in general people on your
block can be trusted. Here  percent of respondents on cold streets agreed or
strongly agreed that people on their block could be trusted. In contrast, only
percent of respondents on combined streets agreed. On other social cohesion
items, there are also large differences. For example, about  percent of resi-
dents of hot spots say people on their street do not share the same values, but
this was true for only  percent of residents on cold spots. For this measure,

The items loaded into the two theoretically de ned dimensions (i.e., social cohesion/trust and
shared expectations for informal social control) as suggested by Sampson et al. ( ), with

a correlation of .  (in the wave data). We weighted the scales equally to create the nal
measure of collective ef cacy. While we recognize the value of disaggregating different elements
of collective ef cacy (see Hipp, ; Wickes et al., ), we believe that combining them is

appropriate for testing the role of collective ef cacy in reducing crime (see Chapter ) and in the
context of Broken Windows theory (see Chapter ). Following the approach of Sampson et al.
( ) and others (Armstrong et al., ; Sampson and Raudenbush, ), we recoded dont
know responses as a middle category ( ) in the ve-point Likert scale to represent neither
agree or disagree and neither likely or unlikely. We also ran our analyses using a four-point
scale that recodes don t know responses as missing. The results were substantively similar.
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Individual measures of collective ef cacy by segment type (wave )

Type of street segment

Cold Cool Drug Violent Combined

Collective ef cacy measures % % % % %

Social cohesion and trust

People on your block are willing to help their
neighbors***

Neighbors do not usually talk to each other on
your block®”

In general, people on your block can be
trusted***

People on your block usually do not get along
with each other?**#*

People on your block do not share the same
values®***

Neighbors watch out for each other on your
block***

Willingness to intervene

If some kids were skipping school and
hanging out on your block?***

If a group of kids was spraying graf tion a
building?***

If a teenager was showing disrespect to an
adult?

If there was a ght in front of your home?***

If a group of kids was climbing on a parked
car?***

If the local re station was going to be closed
down because of budget cuts?***

Note: *p< . ,***p< . ;% = Participants who responded agree or strongly agree;
Ns are at the individual level and vary between , and , for the individual items; @ = item
was reversed coded for creating the mean scale.

violent crime hot spots are very similar to the combined violent and drug crime
hot spots. Residents of drug hot spots report more positive levels on each of the
social cohesion measures as compared with the other hot spots, and cool spot
residents generally report more positive levels than drug hot spot residents.
While hot spots have much lower levels of social cohesion and trust, we
think it would be a mistake to assume that levels of social cohesion at hot
spots are negligible. Hot spots have signi cantly lower levels of social cohesion
as measured by these individual items; yet we see here that social cohesion is
far from absent on these streets. Even on the combined hot spot streets, more
than three-quarters of residents say they are willing to help their neighbors. We
think these ndings emphasize that such streets are not places without social

Downloaded from https://www.cambridge.org/core. IP address: 18.97.9.175, on 09 Sep 2026 at 18:37:56, subject to the Cambridge Core terms of use
, available at https://www.cambridge.org/core/terms. https://www.cambridge.org/core/product/BBD8ED9F2F59D9CD28D27D5BBDA4DD3C



Informal Social Control and Collective Ef cacy

cohesion and trust, but rather where social cohesion and trust are less evident
than on streets with little or no crime.

Measures of willingness to intervene show a similar set of relationships. The
combined hot spots and violent crime hot spots have the lowest levels of will-
ingness to intervene, and the cold spots have the highest levels. Drug hot spots
and cool spots fall in between, with the drug hot spots evidencing generally
less willingness to intervene. The differences are signi cant across the street
types in every case, except for the measure of intervening in the case where
a teenager was showing disrespect to an adult. Here about percent of
respondents on all streets answered agree or strongly agree. Again, it is import-
ant to note that the levels of willingness to agree are relatively high even for the
combined drug and violent crime hot spots. More than six out of ten residents
agree or strongly agree with almost every item.

These ndings are also re ected in our qualitative interviews. For example,
a woman who lived on a violent hot spot discussed how there are drugs and
crime nearby, but the street is quiet. At one point people tried to bring drugs
and crime into the housing, but the neighbors got together to make sure that
didn t happen and pushed them out. She continued, the area is friendly, and
people take care of each other, watch out for each other and each other s kids.
On a drug spot, where a female in her twenties described concerns about safety
for her children on the street, she still emphasized that the neighbors gener-
ally look out for each other, and we are a close and a strong community. She
said, a lot of people have lived in the area a long time and | feel like people
are looking out for me. She also highlighted that people take care of each
other more because they know what it s like to be hungry and to struggle so
they want to do what they can to keep someone else from having to go through
that  people help each other because they know what it s like.

A resident of a drug hot spot said that the neighbors were friendly, and
he and a woman down the street got together and organized neighborhood
meetings, and then coordinated residents to do trash pick up to make sure the
neighborhood stayed clean and they didn t have rats or other problems due
to trash in the street. He said, people were good about following up on it
and picked up the trash when they were supposed to. When asked whether
he would do more organizing in the community, he said yes, but we re just
focused on the trash pick-up for now.

One element of informal social control on the hot spot streets was the
involvement of religious communities. Multiple streets where the qualitative
data was collected had residents describe the role of the Muslim community on
the street. On a violent hot spot, one resident noted that the Muslim commu-
nity members look out for each other and all of the kids in the neighborhood,
and they keep the park near their mosque clean and the place around their
community safe. They pick up trash and have their kids playing around on the
playground, and it is better when people are outside.

Even though both social cohesion and willingness to intervene are at higher
levels than we might have expected absent empirical data on hot spot streets,
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Collective ef cacy mean scores by segment type

Type of street segment

Cold Cool Drug Violent Combined

o (N= ) (N= ) (N= ) (N= ) (N= )
Collective
ef cacy Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD) F-score
Wave A G I (R R (AP R (R R (R Lo EEE
Wave R (R I (R R (R IR (RPRND R (R | LR
Wave A G I (R R (R R (R S (| L EEE
Note: ***p< . ; Overall mean forwave = . ,overall meanforwave = . ,and

overall mean for wave = .

we still nd strong and signi cant differences in overall collective ef cacy
across the street types we examine (see Table . ).

In each wave we observe a consistent relationship between street type and
collective ef cacy. The combined violent and drug crime streets evidence the
lowest levels of collective ef cacy, followed by the violent crime hot spots, then
the drug crime hot spot. Cool spots have higher collective ef cacy than hot
spots, and cold spots have the highest levels overall. This follows what social
disorganization theorists predict, though we will more carefully examine the
relationship between collective ef cacy and crime using multiple waves of sur-
vey data while controlling for potentially confounding in uences in Chapter

The relationships we observe here are very consistent with the social struc-
tural variables we identi ed earlier in the chapter, but not similar to the measures
of social ties and social networks, where we found little difference between hot
spots and cool and cold spots. Shouldn t social ties and social networks enable
informal social controls? Robert Sampson and colleagues suggested one expla-
nation for this incongruity in our data. They argue that social structural features
of communities may inhibit the ability of residents to exercise informal social
control. In this context, concentrated disadvantage can be seen as operating as a

centrifugal force that stymies collective ef cacy (Sampson et al., . p. ;
see also Gerstner et al., ). They note that even if personal ties are strong
in areas of concentrated disadvantage, they may be weakly tethered to collective
actions (Sampson et al., , p. ; Wickes and Lanfear, ).

>

Our ndings regarding social structure and social context on hot spot streets
con rm the importance of our efforts to bring social disorganization and col-
lective ef cacy into the interests of the criminology of place. Hot spots of crime,
as contrasted with non hot spots, are places with high levels of concentrated
disadvantage and relatively low levels of informal social control. In this sense our

Downloaded from https://www.cambridge.org/core. IP address: 18.97.9.175, on 09 Sep 2026 at 18:37:56, subject to the Cambridge Core terms of use
, available at https://www.cambridge.org/core/terms. https://www.cambridge.org/core/product/BBD8ED9F2F59D9CD28D27D5BBDA4DD3C



Social and Physical Disorder and Fear of Crime

ndings reinforce those of community-level studies that emphasize the impor-
tance of social disorganization in understanding crime, though we nd this at the
level of crime hot spots. At the same time, we think that our ndings bring an
important correction to the images of high-crime streets in academic and popu-
lar literature that we noted in Chapter . Despite starkly higher levels of crime,
as described in Chapter , residents of hot spot streets have similar levels of
social ties and social networks as residents of non hot spot streets. Residents of
hot spot streets also evidence lower levels of informal social control than streets
with little crime, but just because there is not as much informal social control
does not mean that there is none. These are not places of chaos and hopeless-
ness; they possess meaningful levels of informal social control and guardianship
(Weisburd, Uding, et al., ; see also Weisburd, Kuen, et al., ).

Many residents of hot spot streets are optimistic about the possibilities for
their communities in the future. One resident told us that he was aware of the
perception that most people had about neighborhoods like his but that its
not as bad as people think the place is. It is not that residents of high-crime
streets do not recognize the problems on their street; the point is that despite
these problems, residents cared for their community and held out hope that
things could get better. For example, one resident of a violent segment talked
openly about weekly occurrences of violence and murders nearby but said that
he still loves [the street], with concerns. He talked about the sense of
neighborhood and cooperation among the homeowners and about how he is
coordinating a community organization to try to do the work that the city is
not doing, such as cleaning and community policing. He was carrying papers
on which he had written his observations about the area that he planned to dis-
cuss with neighbors next month, at their rst meeting. He said, | don t know
how successful the effort will be, but I m crossing my ngers.

In Chapter , we described the crime levels of the streets, and how these were used
to distinguish between the ve street types. Before concluding our descriptive review
of the social structure and social context of hot spot streets, we want to consider
features of the streets often related to crime by scholars. Broken Windows theory,
for example, links disorder and crime in a development sequence in which the
inability of a community to control disorder leads to more serious crimes (Wilson
and Kelling, ). Sampson ( ) and Sampson and Raudenbush ( ) have
argued that social disorder is strongly related to crime (while highlighting that
both are related to low levels of collective ef cacy), and for that reason the two can
often be con ated (see also Gau and Pratt, ). Given the importance of disorder
in discussions of crime, we review measures of disorder below. We would expect
a strong relationship between disorder and our street segment types given prior
research in this area (Lane et al., ;Yang, ). One consequence of crime and
disorder is fear of crime (Brunton-Smith and Sturgis, ; Kuenetal., ; Zhao
et al., ). Again, scholars have generally seen fear as a consequence of crime
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Social Structure and Social Context

and disorder, though there are many studies that show that this relationship is
not necessarily objective and is often conditioned on the backgrounds of those
surveyed (Carvalho and Lewiis, ; Schafer et al., ; see also O Brien et al.,

).

Social and Physical Disorder

Observed Disorder Measures
Applying the systematic social observation (SSO) method described in Chapter
, we measured social disorder in wave . Drawing upon the physical obser-
vation (PO) data collection (see Chapter ), we observed physical disorder on
streets during each wave of the survey. Our ndings provided in Table
suggest that it is not only crime, but also disorder more generally that is found
on hot spot streets compared to cool or cold spots.

All four of our observational measures of social disorder show signi cant
variability across the street types we studied. And in all cases the hot spot streets
are much more likely to evidence social disorder than cool or cold spots and the
differences are often large. For example, in more than percent of the three
twenty-minute observations we conducted on combined drug and violence hot
spots in wave of our study, our researchers identi ed loud noise, youth loi-
tering, or drug activities. This was true for percent or fewer of the cool spot
streets, and in the case of loud noise or drug activities, there were no such events
recorded by our observers on cold spot streets with little or no crime.

Overall, the drug hot spots and violent hot spots evidenced less social dis-
order than the combined drug/crime hot spots, but still much more social dis-
order than found in the cold and cool crime streets. In fact, in the qualitative
visits to the streets, the eld researchers often noted the lack of people outside
on the cold and cool streets, whereas they experienced more foot traf ¢ and
street activity on the hot spots. This ranged from more prosocial behaviors
such as neighbors sitting on porches visiting and kids playing basketball, to
disorderly behavior indicators, such as young men standing around on corners
or drug dealing. On one violent hot spot the eld researchers noted that there
were a lot of people walking around, walking by, and on their porches and
most of them said hello to us and asked how we were doing. Alternatively, on
a drug spot, the eld researchers described apparent drug dealing activities

a few people passed by a man with scars on his neck who was on his phone, a couple
of individuals with bags and money in their hand who did not make eye contact and
did not seem to be fully aware of us when they passed by. Another three men came and
walked by us, walking quickly, and counting a large amount of money openly.

The differences between hot spots and non hot spots are even more pro-
nounced for observed physical disorder. Across the three waves of our study,
we examined structural physical disorder, such as broken windows, abandoned
buildings, and burned or boarded-up buildings. We also had measures of side-
walk physical disorder, such as litter, broken bottles and glass, and cigarette or
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Social and Physical Disorder and Fear of Crime

Individual measures of observed social and physical disorder by
segment type

Type of street segment

Cold Cool Drug Violent Combined
(N=") (N= ) (N= ) (N= ) (N= )

Observed disorder measures % % % % %

Observed social disorder
(wave only)
Loud disputes*
Youth loitering***
Loud noise***
Drug activities***

Observed structural
physical disorder
Buildings with broken

windows
Wave ***
Wave ***
Wave ***
Vacant lots
Wave **
Wave ***
Wave ***
Burned or boarded-up
buildings
Wave ***
Wave ***
Wave ***

Observed sidewalk physical
disorder
Litter

Wave ***
Wave ***
Wave ***
Broken bottle and glass
Wave ***
Wave ***
Wave ***
Cigarette and cigar butt
Wave ***
Wave ***
Wave ***

Note: *p . ,**p< . ,**p< | ; Outcomes represent the percentage of observers
who reported presence of indicator at least once.
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cigar butts on the street. All of these measures showed signi cant differences
in all three waves of the study across the street types (see Table . ). And these
differences are often dramatic. For instance, between % and % of the hot
spot streets had buildings with broken windows, compared to only %
of the cold spot streets and % of the cool spots. More than % of the
hot spot streets had burned or abandoned buildings, whereas this was true for
less than % of the cold spot streets and between and % of the cool
spots. Litter on the street was also observed on more than % of the hot spot
streets, but only between % and % of the cold spots. Broken bottles or
broken glass was observed on more than % of hot spot streets but on less
than one- fth of the cold spot streets, and most of the combined hot spots had
visible cigarette/cigar butts, compared to % or fewer of cold spots.

Our qualitative eld researchers also observed notable differences in physical
disorder across the different segment types, and it was expressed by residents in
the qualitative interviews as well. The cold and cool spots were often described
as having little to no trash and the homes and yards being well cared for and
maintained, whereas on the hot spots the eld researchers noted traditional
indictors of disorder like lots of trash, broken glass, and boarded-up homes.
One cold street was noted by one of the eld researchers as having

owers everywhere, decorated front lawns and stoops. It was the thing | noticed most
about the street, the various colors of owers and the plants gro