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Appendix I

Overview of Survey and Administrative Data

Data for quantitative tests of our hypotheses summarized in the main text and explicated in this
Appendix come from original surveys we designed and conducted during recent elections in Ghana,
Kenya, Uganda, and Afghanistan. We also gathered and used quantitative administrative data to
bolster descriptive analyses in text (such as census and electoral data), as well as to assist with
robustness checks of quantitative results. In what follows, we briefly provide an overview of these
data sources, and then present analyses (including descriptive statistics, quantitative tests, and
robustness checks) in order below to reflect their ordering in the main text. Each country section ends
with photographic documentation of election days by the authors, referenced in the text.

In Section 3, our analyses rely on surveys from three African countries. In Ghana, our survey
data are drawn from two surveys. The first is a nationally representative household survey of registered
Ghanaian voters we conducted a few weeks before its December 2008 general election (with 2,033
respondents from all ten regions), as well as an exit poll (election day survey) (with 4,022 respondents
from all regions). The quantitative tests rely on the former (pre-election) survey. We conducted two
separate sets of nationally representative surveys in Kenya: a three-wave telephone panel (CATI)
(February-April 2013), and an election day exit poll (March 4, 2013)—quantitative analyses rely on the
CATI surveys. In Uganda, we conducted two nationwide surveys: a pre-election survey fielded in late
January and early February of 2011 (with 5,000 respondents), and an exit poll on February 18, 2011
(with 3,963), with quantitative tests based on the pre-election survey. In Section 4 on Afghanistan, our
data come from two surveys before and after the September 2010 Parliamentary Elections: a pre-
election survey conducted in August 2010 (the month before the election, with 2,904 respondents)
and a post-election survey enumerated after the results were adjudicated (in November 2010, with
3,048 respondents). The quantitative analyses in Section 4 rely on the latter (post-election) survey.



Appendix A. Ghana

Administrative data and survey details

In Section 3.1, we employ administrative data from the Ghanaian government, and survey data from
two surveys we conducted during Ghana’s 2008 election. The first survey is a pre-election nation-wide
household public opinion survey of registered voters that gauged opinions about the upcoming
election. The second is an election day nation-wide exit poll, administered to voters directly after they
voted.

Administrative Data
We obtained census data from the Ghana Statistical Service and data on turnout from the Electoral
Commission of Ghana.

Pre-election Survey

We conducted a pre-election household survey in mid-November 2008, a few weeks before the
December 7, 2008 elections, of registered voters. In total, we surveyed 2,033 Ghanaians in all ten
regions of the country. We sampled from the final registry of voters produced by the Electoral
Commission of Ghana, using multi-stage sampling with proportional distributions to regions, districts,
and constituencies, including random selection of enumeration areas, households, and respondents.
The survey was conducted in a variety of languages, at the respondent’s choice: Twi, Ewe, Mole-
Dagbani, Ga, and English. Our quantitative tests below (and referenced in the main text) rely on data
from this survey.

Exit Poll

An exit poll is a survey of voters on election day directly after they have cast a ballot (in our cases,
“exiting” the polling center location). They are typically used to understand voting behavior and
voters’ sentiments as close to an election as possible and contemporaneous to a respondent having
cast a ballot. They are therefore restricted to those who are not only registered but have participated
in the election. Exit polls are also used to assess various aspects of the process related to the
administration of the election from the perspective of voters, such as average wait times, ease of
casting a ballot, beliefs about ballot secrecy, etc.'

We sampled our exit poll in Ghana in a similar manner to the pre-election survey, although its
administration was different. Using the registry of voters, we sampled from the final list of polling
locations published by Ghana’s Electoral Commission, using multi-stage sampling with proportional
distributions to regions, districts, constituencies, and polling locations; with random selection of voters
leaving voting centers (fingers marked with ink). This sampling procedure was done to allow
projection to the population of Ghanaian voters, where each voter had an equal probability of
selection. The exit poll ultimately included 4,022 voters, in all 110 districts and 227 parliamentary

I For more information on the use of exit polls to study voting behavior and election administration in emerging
democracies, see also Bjornlund (2004), Ferree and Long (2016), Gibson and Long (2009), Hoffman and Long (2013),
Long and Gibson (2015), and Long et al. (2014).



constituencies, across 237 polling centers. Enumerators administered the survey by arriving at the
assigned polling location in the morning of the election, and then approached every second voter
exiting the polling station (who had an inked finger, proving they were a voter) only at that station. At
each station we interviewed roughly ten to twenty voters, following best practices (Levy 1983). The
survey was conducted in a variety of languages, at the respondent’s choice: Twi, Ewe, Mole-Dagbani,
Ga, and English. We employ responses to only a few questions from the exit poll in mostly descriptive
analyses (Table A.2).



Administrative and Exit Poll Descriptive Statistics

Table A.1: Ethnic Groups in Ghana

Ethnic group Share of Total Population
Akan 49%

-- Ashanti 15%

— Akim 6%

-- Fante 10%

-- Others 18%

Ewe 13%

Ga 8%

Mole-Dagbani | 15%

Others 15%

Source: Ghana Statistical Service



Table A.2: Support of NPP and NDC candidates by ethnic group

Ethnic group Presidential Vote Parliamentary Vote
NPP NDC NPP NDC
Akan 67% 22% 62% 22%
-- Ashanti 83% 10% 75% 10%
-- Akim 75% 15% 72% 15%
-- Fante 51% 37% 47% 38%
-- Others 62% 22% 58% 24%
Ewe 18% 72% 17% 70%
Ga 36% 49% 36% 50%
Mole-Dagbani 35% 54% 32% 52%
Others 37% 48% 36% 44%

Source: Authors’ Exit Poll (2008 election)



Table A.3 2008 Turnout in Ghana by region

Region Turnout
Western 67%
Central 69%

Greater Accra 67%

Volta 67%
Eastern 67%
Ashanti 74%

Brong Ahafo 69%

Northern 75%
Upper East 1%
Upper West 69%
Total 70%

Source: Electoral Commission of Ghana



Measures and coding rules for quantitative analysis

We describe the measures and coding rules we use from the 2008 pre-election survey that form the
basis of quantitative analysis in section 3.1.4. Descriptive statistics are in Table A.4, main tests are in
Tables A.5-6, and robustness checks are in Tables A.7-9.

Likely to 1 ote

Our main dependent variable is a proxy for self-reported intention to vote, following approaches
employing self-reported voting behavior from survey data (Bratton, Mattes and Gyimah-Boadi 2005,
Kasara and Suryanarayan 2015). Specifically, we asked: “How /likely are you to change your mind abont for
whom to vote for President/ [Menber of Parliament] between now and election day: are you very likely, somewhat likely,
somewhat unlikely, or very unlikely to change your mind?’ The variable Likely to 1/ote takes a value of 1 if they
responded “somewhat” or “very unlikely” to change their minds, and 0 otherwise.

Self-reported turnout provides empirical advantages and limitations in tests of electoral
participation. Importantly, our study requires operationalizing individual turnout to examine how
perceptions of social sanctioning affect a person’s propensity to vote. Administrative turnout data
would not allow us to explore motivations at the individual level. To know whether people intend to
or have voted, it makes sense to ask them. Overall, we expect most people to report honestly and
sincerely, especially since our survey enumerators were not members of any of the communities where
they interviewed respondents, and they all read standardized scripts indicating that the survey was for
an academic study, not to be shared with the government or any political parties.” But we recognize
self-reported intentions to vote could also pose some inferential problems in Ghana. In the run-up to
the 2008 election, it could be the case that some registered voters could have replied that they would
vote regardless of their true intentions. Although the degree to which this affects our analyses depends
on context (we discuss Kenya, Uganda, and Afghanistan in subsequent subsections), here we address
how this concern affected our question wording in Ghana.

On the advice of our research partners and as piloted in focus groups, we leveraged the fact
that Ghana has a stable two-party system to include a slightly different wording that we thought could
be a proxy for intentions to vote while also more accurately reflecting real turnout. We did so based
on the likelihood of whether respondents would “change their minds” about for whom to vote. In a
consolidated competitive party system with previous alternations of power and only two viable parties
from which to choose, expressing a likelthood of changing one’s mind in advance of an election
plausibly proxies for voters less engaged with the process to begin with and therefore less likely to
eventually turn out relative to those who had already made up their minds (and were therefore unlikely
to change for whom to vote). Given that most Ghanaians who knew they would vote had already
made up their minds atleast by a few weeks before the election (and likely well before that), we thought
it would be extremely unlikely that registered voters with strong intentions to vote would actually
change their mind about who they were planning to vote for as matter of deciding between the NDC
and NPP on the presidential ballot. Instead, we thought it much more likely that respondents who

2 Theoretically, a researcher could verify self-reported turnout against administrative records that allow one to link a
response on a survey to public records. Although accessing public voting records is a method used in studies of US voting
(Getber, Green and Larimer 2008), it violates many countries’ election guidelines (including in our cases).
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were more likely to change their minds would be less likely to vote. Therefore, in the main quantitative
analysis we leverage responses to changing one’s mind about the presidential vote in the construction
of Likely to 17ote. In the robustness checks, we rerun our main analyses using a different specification
of Likely to 1Vote from a separate question with the same wording but that specified changing one’s
mind about which parliamentary candidate they intended to vote for, in case either the presidential or
parliamentary races systematically drove different levels of enthusiasm for turnout (as indicated by the
likelihood of changing one’s mind).

Descriptive statistics suggest that our approach may have worked to elicit more accurate
responses. Observed turnout in 2008 was 70%; our measure of intention to vote is not far off with
77% of respondents saying they were unlikely to change their minds about for whom to vote for
president (Table A.4), and 73% for MP.

Social Sanctioning

Our key independent variable regarding social sanctioning is built from a question asking voters
whether they think it is important for other members of their community to vote even if undesirable
candidates appear on the ballot. “T'hinking about elections in Ghana, how important is it for everyone in_your
community to vote, even if they do not like the candidates: is it very important, somewhat important, or not very
important?” We generate the dichotomous variable Social Sanctioning, which carries a value of 1 if
individuals respond “very important” and 0 otherwise.

The question’s wording permits us to measure the extent to which voters build expectations
about the behavior of other players with whom they will need to cooperate in order to succeed and
avold negative payoffs (derived from the ABM model, Appendix II). Importantly, we asked the
question in relation to the potential for unpopular candidates as we thought simply asking whether
respondents thought members of their community should vote would elicit nearly universally positive
responses (confirmed by a similar Round 6 Afrobarometer question; see also footnote 15 in text). The
question wording is intended to evoke for the respondent a neighbor who, having weighed all of the
psychological and material incentives that contribute to their considerations, still prefers not to vote.
It is these neighbors about whom we seek our respondents’ opinions. Put differently, the phrasing
establishes “baseline” conditions set to a neighbor who would not otherwise turn out to isolate the
desire to vote for reasons that are beyond psychological or material incentives; in short, we want to
locate the “tie-breaking” reason to turn out within community expectations. Doing so allows us to
investigate an important aspect in how social pressures and sanctioning drive turnout: the population
of “sanctioners” are those who believe members of their community should always vote regardless of
candidate desirability. Respondents who do not perceive this strict expectation to vote could do so
either because they do not believe community members should always vote, or because they like the
candidates. The goal of the wording is to isolate the conditions under which we believe sanctioning
operates: when others expect one to vote (and pay the associated costs in opportunity cost or risk) for
a person who would not otherwise vote. 66% perceived social sanctioning with this measure (Table

A4).
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Ethnic Identifier
To create a measure for whether affective attachments to one’s ethnic group and the psychic benefits
voting contains drove an expressive desire to vote, we followed similar measures derived from
questions on the Afrobarometer survey that measure ethnic identification (Bratton and Kimenyi 2008;
Eifert, Miguel and Posner 2010; Robinson 2014). The survey first asked respondents their
language/ethnic group, followed by the question “Le# us suppose you had to choose between being a Ghanaian
and being a [insert name of language/ ethnic group]. Which of these groups do you feel most strongly attached to?” We
create the dichotomous variable “E#hnic 1dentifier” which takes a value of 1 for ethnic identifiers who
responded that they felt strongly or mostly attached to their language/ethnic group, and 0 otherwise.
Measuring the strength of ethnic attachments poses difficulties given that while ethnic identity
itself is easy to report, how “close” a person feels towards their group is less clear. However, our
question and similar questions are validated against each other by generating similar response
frequencies across surveys in the same country. With this definition of Ethnic ldentifier, 6% of
Ghanaians (Table A.4) were ethnic identifiers. Because this coding could be considered too restrictive
by placing respondents who replied that they felt equally close to their ethnic group and nationality
(40%) in the excluded category (or perhaps because they actually felt closer to their group than
nationality but were afraid to say so), we provide a robustness check of main tests below using a more
expansive definition of ethnic identifier that bins those “equal” respondents with the positive Ethnic
Ldentifiers.

Vote-buying

Measuring the extent of vote buying in a given election is hard through a survey because respondents
may be unwilling to give truthful responses due to negative perceptions of explicit contingent
exchanges. For that reason, we did not ask Ghanaians directly whether they had received a gift or
money in exchange for voting, but rather whether they thought parties providing positive selective
incentives in the form of vote buying to people was important. “Thinking about the upcoming elections,
political parties may reward their supporters with gifts and money in exchange for support. Do you think it is very
important, somewhat important, or not very important that political parties reward their supporters with gifts and money
in excchange for support?” We create the dichotomous variable [7ofe-Buying to carry a value of 1 responding
to positive responses to this question “very or somewhat important,” and 0 otherwise. 30% of our
sample expressed expectations of vote buying (Table A.4). It is important to note that this variable
captures attitudes about vote buying—not the de facto level of patronage or gift-giving. We also
phrased the question to read as though positive responses were not socially undesirable.

Viiolence and Other Socio-Demographic & Political Controls

To control for the potential demobilizing effects or fears of violence, our survey also asked whether
respondents thought violence was likely in their communities on election day, creating the dummy
Violence (=1 if they reported that they thought it would be very or somewhat likely). Because socio-
economic covariates likely correlate with turnout, we include controls for Education (=1 if highest
education obtained was primary school or less), Urban residence, Female, Employed (=1 if currently

12



holding a job, to proxy for income), and NDC Partisan (=1 if they report that they feel very or
somewhat close to the NDC, to proxy for election specific political dynamics likely to affect turnout).
Descriptive statistics for these variables appear in Table A.4.
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Quantitative Analysis

Table A.4 Descriptive statistics for quantitative analysis in Ghana

Variable Mean & Std Dev
Likely to Vote 76
(:42)
Social Sanctioning .66
(.47)
Ethnic Identifier .06
(.24)
Vote-buying .30
(.46)
Violence 14
(.35)
Education .62
(:48)
Female 42
(:49)
Urban .64
(:48)
Employed .61
(:49)
NDC Partisan 18
(:39)

Source: Authors’ Pre-election Survey

The descriptive results of variables used in our quantitative analysis paint an interesting picture of the
Ghanaian electorate. 76% of respondents expressed a likelihood of voting (proxied with Lzkely o 1 ote),
which was not far off from reported turnout in 2008 of 70%. Perceptions of possible social
sanctioning are somewhat large, at 66%, while expressive ethnic identification (6%) and expectations
of vote buying (30%) are lower. 14% of the registered electorate feared violence in their community
on election day.

To test our hypotheses more precisely, we conduct (unconditional) differences in means tests
in Table A.5 by looking at the probability of Likely to 1"ote across core variables. Our measure of Socia/
Sanctioning is associated with an 8 percentage point improvement in the likelithood of voting, increasing
from 71% to 79% (p<<0.01). We find no statistically significant difference in ethnic identifiers reporting

14



intent to vote, though those who report vote buying are slightly less likely to vote. Those who expect
violence are 13 points less likely to intend to vote.

Table A.5 Difference in means in intention to vote, Ghana

Social Sanctioning = 1 Social Sanctioning = 0 Difference
0.79 0.71 0.08 3%k
(.011) (.017) (.0198)
Ethnic identifier = 1 Ethnic Identifier = 0 Difference
0.76 0.77 -0.0052
(.038) (.010) (.039)
Vote-buying =1 Vote-buying = 0 Difference
0.72 0.79 -0.070**
(.018) (.011) (.020)
Violence =1 Violence = 0 Difference
0.65 0.78 -0.13%kk
(.028) (.:0099) (.027)

Standard errors in parenthesis p<0.01***, p<0.05%*, p<0.1* Source: Authors’ Pre-election Survey

In a second set of statistical exercises, we conduct multivariate tests in Table A.6, which reports
ten linear probability estimations on the likelihood of turnout,” with coefficients and robust standard
errors (in parentheses) clustered at the primary sampling unit level (enumeration area). Models 1-4 test
the theory’s basic predictions with the variables Social Sanctioning, Ethnic ldentifier, and 1 ote-buying,
Models 5-10 include controls.

The multivariate tests in Table A.6 support our first two hypotheses. Social Sanctioning is a
significant and positive predictor of turnout across model specification. As voters’ beliefs about the
importance of their community members’ voting increases, so does their own likelihood of turning
out, by 4-5 percentage points. Coefficients for Ethnic Identifier and 1 ote-buying are not well estimated,
neither is [olence. Urban voters are consistently less likely to turn out, while unsurprisingly NDC
Partisans are significantly more likely to turn out.

3 Following Angtist and Pischke (2008), linear probability models provide ease of interpretation for binary outcome data;
coefficients show the marginal effect of each variable moving from a mean in the control to a percentage point change
indicated by the coefficient (positive coefficients indicating a greater likelihood of reporting having voted). We report
alternative MLE /probit estimates (Table A.8).
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Table A.6 Intention to Vote in Presidential Race, Ghana

(1) (2) (3) (4) (5) (6) (7) (8) 9) (10)
Social Sanctioning  0.0439* 0.0439*  0.0436*  0.0439* 0.0427* 0.0428* 0.0422*
(0.0253) (0.0254)  (0.0254) (0.0254)  (0.0253) (0.0254) (0.0254)
Ethnic Identifier -0.0296 -0.0300 -0.0297 -0.0336 -0.0336
(0.0446) (0.0447)  (0.0447) (0.0446) (0.0447)
Vote-buying -0.00591 -0.00170  -0.00173 -0.000561  -0.00293
(0.0247) (0.0248)  (0.0248) (0.0247) (0.0248)
Violence -0.0268 -0.0258 -0.0261
(0.0308) (0.0308) (0.0308)
Female -0.0147 -0.0118
(0.0196) (0.0196)
Urban -0.123** -0.122%*
(0.0518) (0.0518)
Education -0.0188 -0.0162
(0.0229) (0.0229)
Employed -0.00447 -0.00601
(0.0212) (0.0212)
NDC Partisan 0.0735%**  0.0741%*¥*  0.0743***
(0.0262) (0.0262) (0.0263)
Constant 0.735%%*  (0.766%**  0.766%**  0.768%**  (0.737FF*  (0.741%¥**  (.833***  (.722%**  (.725%F*  (.825%**
(0.0187)  (0.00886) (0.0113) (0.00949) (0.0208) (0.0213) (0.0437)  (0.0192) (0.0212) (0.0453)
Observations 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013
R-squared 0.352 0.351 0.351 0.351 0.352 0.352 0.354 0.355 0.355 0.358
Standard errors in parentheses, clustered by PSU
**¥ p<0.01, ** p<0.05, * p<0.1
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Robustness Checks

We perform a series of robustness checks to support our quantitative tests.

Robustness Check on Likely to 1 ote
We first check the robustness of results using a different dependent variable that is a version of Likely
to Vote, but specifying changing one’s mind about for whom to vote in the parliamentary election.
Presidential and parliamentary elections are held concurrently in Ghana. Candidates for parliament
compete in 275 single-member simple-plurality winner-take-all (SMP) constituencies (extended from
230 after 2008). In 2008, the NPP won 107 seats and the NDC won 116. (Minor parties rounded out
the rest). In Table A.7 below, we conduct a robustness check with the same variables and structure as
Table A.6, but with Likely o 1'ote now referring to MP rather than president. “How likely are you to change
your mind about for whom to vote for Member of Parliament between now and election day: are you very likely, somewhat
likely, somewhat unlikely, or very unlikely to change your mind?” Likely to Vote =1 with Somewhat and very
unlikely, 0 otherwise.

Results in Table A.7 with this different dependent variable echo and are substantively stronger
than those in Table A.6: Social Sanctioning is a consistent indicator of 6-7% increase in intention to vote
in the parliamentary race.

Table A.7 Intention to vote in parliamentary race, Ghana

@) @ @) (4) (5) (6) ™ 8 ) (10)

Social Sanctioning  0.0688*** 0.0666%**  0.0664**  0.0691***  0.0674***  0.0654**  0.0652**
(0.0257) (0.0258)  (0.0258)  (0.0258) (0.0256) (0.0257) (0.0258)

Ethnic Identifier -0.0131 -0.0101 -0.00988 -0.0142 -0.0152
(0.0453) (0.0453)  (0.0453) (0.0452) (0.0453)

Vote-buying -0.0358 -0.0308 -0.0308 -0.0295 -0.0300
(0.0250) (0.0251)  (0.0251) (0.0251) (0.0251)

Violence -0.0177 -0.0164 -0.0197
(0.0313) (0.0313) (0.0313)

Female -0.00958 -0.00715
(0.0199) (0.0199)

Urban -0.0400 -0.0416
(0.0526) (0.0526)

Education -0.00686 -0.00428
(0.0232) (0.0232)

Employed -0.0167 -0.0177
(0.0215) (0.0215)
NDC Partisan 0.0847***%  0.0845***  0.0853***
(0.0265) (0.0266) (0.0267)

Constant 0.682%**  (0.729%%*  (.739%%*  0.730%**  0.694%**F  0.696%**  0.726%**  0.668***  0.679%**  0.725%**
(0.0190)  (0.00900) (0.0114) (0.00963)  (0.0211)  (0.0216)  (0.0444) (0.0195) (0.0215) (0.0459)

Observations 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013
R-squared 0.394 0.391 0.392 0.391 0.394 0.394 0.394 0.397 0.398 0.399

Standard errors in parentheses
¥ p<0.01, ** p<0.05, * p<0.1

Note: standard ervors clustered at PSU.

Robustness Check on Model Specification

In Table A.8 we replicate Table A.5, estimated using a probit rather than linear probability model. We
see that the effect of social sanctioning remains robust and significant to the inclusion of alternate
explanations as well as controls.
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Table A.8 MLE replication of intent to vote (Table A.4.1), Ghana

(1) @) (3) (4) (5) (6) (7) (8) 9) (10)

Social Sanctioning ~ 0.0822%** 0.0727*%%  0.0672***  0.0810%**  0.0815*%** 0.0719***  0.0656***
(0.0270) (0.0258)  (0.0254)  (0.0263)  (0.0271)  (0.0260)  (0.0251)
Ethnic Attachment -0.00430 -0.00150 -0.00509 -0.00312 -0.0145
(0.0406) (0.0411)  (0.0419) (0.0412)  (0.0429)

Vote-buying -0.0701%* -0.0573%%  -0.0498* -0.0589%* -0.0494*
(0.0298) (0.0200)  (0.0288) (0.0201)  (0.0280)

Violence -0.124%%* -0.109%** -0.105%**
(0.0337) (0.0333) (0.0321)
Female -0.0286 -0.0308
(0.0221) (0.0220)
Urban -0.0239 -0.0222
(0.0295) (0.0287)

Education -0.0673%** -0.0617***
(0.0243) (0.0236)
Employed 0.0278 0.0267
(0.0237) (0.0233)
NDC Partisan 0.0465 0.0490 0.0536*

(0.0321)  (0.0306)  (0.0289)

Observations 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013
Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1

Note: Probit marginal effects, errors clustered by PSU.

Robustness Check on Ethnic Identification

As a robustness check to the construction of Ethnic Identifier used in Table A.4, we expand the category
(Ethnic Identifier) to include those who treport only or mostly identifying with their tribe/language
group, as well as those who report feeling equally tied to their ethnic group and identity as a Ghanaian.
In Table A.8, our core findings do not change with the expanded category.

18



Table A.8 Core results (Table A.5) using expanded definition of ethnic identification

1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
Social Sanctioning 0.0439* 0.0448*%  0.0445*  0.0439* 0.0427* 0.0436* 0.0431*
(0.0253) (0.0254)  (0.0254) (0.0254)  (0.0253) (0.0254) (0.0254)
Ethnic identifier (expanded) 0.0282 0.0298 0.0300 0.0275 0.0323
(0.0241) (0.0241)  (0.0241) (0.0240) (0.0241)
Vote-buying -0.00591 -0.00287  -0.00289 -0.00190  -0.00438
(0.0247) (0.0247)  (0.0247) (0.0247) (0.0247)
Violence -0.0268 -0.0264 -0.0266
(0.0308) (0.0308) (0.0308)
Female -0.0147 -0.0128
(0.0196) (0.0196)
Urban -0.123** -0.127%*
(0.0518) (0.0520)
Education -0.0188 -0.0156
(0.0229) (0.0229)
Employed -0.00447 -0.00531
(0.0212) (0.0211)
NDC Partisan 0.0735%**  0.0725%**  0.0725%**
(0.0262) (0.0262) (0.0263)
Constant 0.735%*%  0.751%%*  0.766%*F*  0.768%**  (.722%F*F (. 725%%*  (.833%**  (.722%FF  (.710%FF  (.811%F*
(0.0187)  (0.0139) (0.0113) (0.00949) (0.0237)  (0.0242) (0.0437)  (0.0192) (0.0241) (0.0461)
Observations 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013 2,013
R-squared 0.352 0.351 0.351 0.351 0.352 0.353 0.354 0.355 0.355 0.358

Standard errors in parentheses, clustered by PSU
** p<0.01, ** p<0.05, * p<0.1
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Authors’ Documentation of Election Day

Figure A.1 Voting in Accra, 2008 Source: Authors

Panel A: 1V oters waiting in quene for polling station to open in morning

... ERPT

Panel B: Voters waiting in quene for polling station to open in morning
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Panel C: To facilitate transparency, voting location ontside of school building in yard within school compound
- A YO ¢ ‘
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en and begin voting
<22 fes

Panel E: 1 oters waiting for outdoor polling station to op

Panel F: VVoters queneing on street to enter polling station compound
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Panel G: Voters queneing on street to enter polling station componnd

Panel H: After conclusion of voting, area residents returning to polling station to observe the vote count
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Figure A.2 Voting in Cape Coast, 2008 Sowrce: Authors

Panel A: Voters in rural polling station queneing to vote (early afternoon)

Panel B: Voters in rural polling station queneing to vote (early afternoon)
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Panel C: Voters in rural polling station queneing to vote (late afternoon)

25



Figure A.3 Campaign billboard for Nana Akuffo-Ado (NPP) demonstrating finger inking

and “power of the thumb”, 2008 Soxrce: Authors

PP,

VOTE NANA AKUFO-ADDO
__ VOTE NANA AKUFO-ADDO
: for the BEST

HEALTHCARE,
EDUCATION
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Appendix B. Kenya

Administrative Data and Survey Details

In Section 3.2, we cite administrative data from the Kenyan electoral commission, and discuss survey
data from surveys we conducted during Kenya’s 2013 election. The first survey set was a three wave
pre- and post-election panel survey delivered to the same sample over three waves (two before the
election and one after), administered by phone via Computer-Assisted Telephonic Interviews (CATI).
An additional survey was an election day nation-wide exit poll survey, administered to voters directly
after they voted.

Administrative Data

The electoral results cited in the text regarding voter turnout come from the government’s official
statistics published by the Independent Election and Boundaries Commission (IEBC, formerly the
Electoral Commission of Kenya, ECK).

Computer-Assisted Telephonic Interviews (CATI) Survey Panel

We conducted three waves of a Computer Assisted Telephone Interviews (CATI) panel during the
2013 election. The sample (of roughly 5,500 initial respondents from all of Kenya’s 47 counties), drew
from a baseline collection of mobile numbers whose users had consented to be contacted, a collection
assembled by our implementing partner from household surveys conducted over the previous years.
We sampled from these by county to create a representative frame, asking roughly 4,500 voting aged
Kenyans (sampled in the first wave, there was slight attrition in the second and third waves such that
our final sample size was about 4,200). The first wave was fielded from January 26 to February 1, 2013
(about one month before the election). The second wave was fielded between February 23 and March
2, 2013 (the week before the election). The third wave was fielded after the election, following the
final adjudication of the result by the Supreme Court (April 6-14). The survey carried an overall
response rate of 95% (in English and Swahili) with a re-contact rate of 97% in Wave 3 from the Wave
1 sample. Our primary analysis below comes from the first of three waves of a nationally representative
survey.

Exit Poll

Our nationally representative exit poll survey was conducted on election day, March 4, 2013, in all of
Kenya’s 47 counties, and included 404 (out of 31,977) polling stations, with a total sample of 6,258
voters. Using the Independent Election and Boundaries Commission (IEBC)’s final registry of voters,
surveys were allocated proportionate to size (registered voters). Enumerators randomly selected every
second voter leaving the polling station; respondents could choose to take the survey in English or
Swahili, conducted on LG Android smartphones that allowed for real-time transmission of results.
The survey had a response rate of 88%.
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Administrative and Exit Poll Descriptive Statistics

Table B.1: Support of 2013 candidates by ethnic group

Ethnic Presidential Vote Total
group Y%
Uhuru Kenyatta/ Raila Odinga/ Others Refused to
William Ruto Kalonzo Musyoka Answer

Kikuyu 83% 4% 3% 10% 21%
Kalenjin 74% 11% 4% 12% 11%
Luo 1% 94% 1% 4% 11%
Kamba 12% 63% 6% 18% 8%
Luhya 6% 53% 22% 18% 14%
Kisii 15% 72% 4% 9% 6%
Mijikenda 13% 72% 7% 8% 6%
Maasai 29% 60% 2% 9% 2%
Meru 75% 10% 4% 11% 6%
Somali 41% 48% 8% 2% 3%
Total 41% 41% 7% 12% 100%

Source: Authors’ Exit Poll
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Measures and Coding Rules for Quantitative Analysis

Our main quantitative analysis discussed in text comes from the first (pre-election) wave of our CATI
panel. Descriptive statistics are in Table B.2, main tests are in Tables B.2-3, and robustness checks are
in Tables B.4-7.

Likely to 1 ote

Our dependent variable is by self-reported intention to vote (asked only of registered voters before
the election). The first wave of the CATI asked: “Do you plan to vote?” creating the variable Likely to
ote, which =1 if Yes.

As we mention in our discussion of Ghana above, self-reported turnout is a necessary
empirical measure for our quantitative tests. Unlike Ghana, we asked a question directly about voting
intentions since some of the general concerns that pertain to self-reported turnout and their specific
application in Ghana did not generate as much cause for concern in Kenya. Confirmed by our research
partners, piloted in focus groups, and based on our previous experience observing elections in Kenya,
we deemed the likelihood that Kenyans would misreport turn-out to be fairly low (and the likelihood
that actual turnout would climb from 2007 a real possibility). Moreover, we believe aspects of our
research design bolster this supposition. CATI surveys are done over the phone, and therefore a
respondent is less likely to perceive pressure one way or the other to answer a certain way based on
enumerators.* While Kenya’s lack of a stable party system might from a certain perspective portend a
lack of interest in mobilizing turnout, we note that its recent elections have seen rates higher than
Ghana. Moreover, the dynamic appears to work in an opposite direction in Kenya: although the party
system itself is volatile and evolving, particularly the identity and nature of the national coalitions (as
we review in text), mobilization at the local level is quite strong due to a variety of factors where voters
are frequently in contact with candidates directly or their agents.

Our measure of turnout in Lzkely o 1ote is not far off from official turnout statistics: 95% of
Wave 1 CATI respondents replied that they intended to turn out. The response dropped slightly to
94% in Wave 3 after the election. Both averages are somewhat higher than the official turnout of 86%.

Social Sanctioning

Our proxy for social sanctioning is a measure built from a question of whether respondents had been
contacted by any political agents during the campaign, the type of community-level broker or organizer
likely to galvanize turnout among area residents at the behest of candidates and the communities they
represent. We asked: “Have you been contacted by a candidate or member of a party during this campaign?” Yes
= 1. As discussed in the text, local candidates and the political machines they build to mobilize voters
are an important aspect that drives turnout in Kenya specifically, given its fractionalized party system
and that community norms to vote are often expressed directly through candidates or their agents to
the communities they represent. Candidates and their parties, such as they are, are localized such that
contact by a candidate’s agents is an important mechanism through which social pressure is likely

4 As in Ghana, our survey enumerators were not members of the communities in which they interviewed respondents
(and were all based in a call center in Nairobi), and they all read standardized scripts indicating that the survey was for an
academic study, not to be shared with the government or any political parties.
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realized. About a month before the election, about 20% of Kenyans reported local contact, our
measure of Social Sanctioning. (In Table B.5 we also show an alternative measure for robustness based
on whether political agents had thus far encouraged voting, with 50% replying yes).

Ethnic Ldentifier

As we did in Ghana to obtain a measure for ethnic identifiers in Kenya, the survey first asked
respondents their language/ethnic group, followed by the question “Let us suppose you had to choose
between being a Kenyan and being a [insert name of langnage/ ethnic group]. Which of these groups do you feel most
strongly attached to?” We created the dichotomous variable “Efhnic Identifier” which takes a value of 1 for
ethnic identifiers who responded that they felt strongly or mostly attached to their language/ethnic
group, and 0 otherwise. In the main analysis (Table B.3-4) we only include as Ethnic Identifiers those to
report feeling strongly attached only to their ethnic group or more to their ethnic group than Kenyan
(3%). We expand to include those who feel equally ethnic and Kenyan (19%) in Table B.7.

Vote-buying

Our measure of vote buying comes from the question: “Hawve you been offered money or gifts to vote for a
particular candidate?” Yes = 1. Reports of 1ote-buying are somewhat low—~8% report that they had been
offered money or gifts to vote for a particular candidate (Table B.2).

Viiolence and Other Socio-Demographic & Political Controls

We obtain a measure for Violence based on the question: During this election campaign, how likely or unlikely
Is election related violence in your area?” with very or somewhat likely = 1. We obtained information about
whether respondents resided in an Urban setting, their gender (Female = 1), were Employed = 1, had
more than a primary school education (Education = 1), and intention to be a Kenyatta voter (= 1).
Descriptive statistics for these variables appear in Table B.2.
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Quantitative Analysis

Table B.2 Descriptive statistics, Kenya

Variable Mean & Std Dev
Likely to Vote .95
(.21)
Social Sanctioning .20
(.40)
Ethnic Identifier .03
(17)
Vote-buying .08
(.27)
Violence 21
(:41)
Education 49
(:50)
Female A48
(.50)
Urban 44
(:50)
Employed 45
(.50)
Kenyatta 1 oter 35
(:48)

Source: Authors’ CATIL, Wave 1

In Table B.2, similar to Ghana, the descriptive results of variables used in our quantitative analysis
from the CATT survey portray an interesting Kenyan electorate. 95% reported being likely to turn out,
a bit more than the 86% reported in official statistics. Our proxy for possible perceptions of social
sanctioning based on contact by political agents was 20%, with 3% identifying ethnically (19% when
expanded to include “equal”), 8% reporting vote buying, and 21% predicting election violence was
“very” or “somewhat” likely to occur in their community in 2013.

In (unconditional) differences in means tests in Table B.3, we examine differences in mean
turnout across the four main explanatory variables. Average turnout for those who perceive Social
Sanctioning 1s 2% higher than those who do not (statistically significant, but likely only a slight increase
since reported levels of voting were already high). We see no statistical difference in turnout among
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either Ethnic Identifiers or those who reported 1ofe-buying. The mean turnout among those who expect

violence is likely is 3% less than those who do not, a statistically significant difference.

Table B.3 Difference in mean turnout, Kenya

Social Sanctioning = 1 Social Sanctioning = 0 Difference
0.97 0.95 0.02%%%
(.005) (.003) (.007)
Ethnic identifier = 1 Ethnic Identifier = 0 Difference
0.95 0.95 -0.008
(.018) (-0029) (.017)
Vote-buying =1 Vote-buying = 0 Difference
0.94 0.96 -0.015*
(.012) (.003) (.011)
Violence =1 Violence = 0 Difference
0.93 0.96 -0.027*%*
(.007) (.003) (.007)

Standard errors in parenthesis ***p<0.01, **p< 0.05, *p<0.1 Source: Authors’ CATI wave 1

Next, we conduct multivariate tests in Table B.4, which reports nine linear probability
estimations on likelthood of turnout, with coefficients and robust standard errors (in parentheses)
clustered at the county level. Our key independent variable on the importance of Social Sanctioning is
significant and positively predicts turnout across model specifications (with and without controls). As
voters’ contact with local parties increases, so does their likelihood of turning out. Second, the
coefficient for Ethnic Identifier is not significant. The coefficients for ote-buying and 1iolence are
negative and significant. Kenyatta 1oter is positive and highly significant across models, suggesting
strong partisans are more likely to turnout (in an election that Kenyatta won). Education is positive and
weakly significant, while Female and Urban voters are less likely to vote.
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Table B.4 Drivers of turnout in Kenya

(1) ) (3) (4) (5) (6) (7) (8) (9)

Social Sanctioning  0.0196%** 0.0221%**  0.0211***  0.0218%**  (.0221%**  (0.0208***
(0.00720) (0.00728)  (0.00730)  (0.00727)  (0.00728)  (0.00730)

Ethnic Identifier -0.00935 -0.00722 -0.00856 -0.00810 -0.00767 -0.00964

(0.0173) (0.0173)  (0.0173)  (0.0173)  (0.0173)  (0.0173)

Vote-buying -0.0147 -0.0159 -0.0164 -0.0149 -0.0160 -0.0154

(0.0109) (0.0110)  (0.0110)  (0.0110)  (0.0110)  (0.0110)
Violence -0.0264%**  -0.0259***  -0.0250***  -0.0251%%*  -0.0255%**  -0.0239***
(0.00711)  (0.00715)  (0.00715)  (0.00714)  (0.00715)  (0.00716)

Female -0.00979* -0.00969*
(0.00585) (0.00586)

Education 0.0112* 0.0103*
(0.00606) (0.00610)

Employment 0.00220 0.00229
(0.00595) (0.00595)
Kenyatta Voter 0.0245%** 0.0243***
(0.00712) (0.00713)

Urban -0.00828 -0.00567
(0.00694)  (0.00700)

Constant 0.950%**  0.955%**%  0.956%** 0.960%** 0.957%** 0.955%** 0.948%** 0.961%*** 0.949%**
(0.00323)  (0.00202) (0.00300)  (0.00325)  (0.00360)  (0.00595)  (0.00440)  (0.00470)  (0.00722)

Observations 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246
R-squared 0.011 0.009 0.010 0.012 0.014 0.015 0.016 0.014 0.017
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Robustness Checks

Robustness Check on an Alternate Measure of Social Sanctioning

As a robustness check, we also estimate the main results using a different proxy variable for social
sanctioning, which we call Encourage. Respondents were asked, “Have candidates or their agents actively
enconraged you to vote?” = 1 if Yes (50%).

Table B.5 Main results replicated with alternate measure of Soczal Sanctioning (encourage)

(1) ) 3) (4) (5) (6) (7) (8) (9)

Encourage 0.0203*** 0.0216%*%*%  0.0221%%*%  0.0218%**%  0.0217***  (0.0222***
(0.00580) (0.00581)  (0.00582)  (0.00581)  (0.00581)  (0.00582)

Ethnic Identifier -0.00935 -0.00500 -0.00645 -0.00588 -0.00545 -0.00753

(0.0173) (0.0173) (0.0173) (0.0173) (0.0173) (0.0173)

Vote-buying -0.0147 -0.0139 -0.0146 -0.0129 -0.0139 -0.0137

(0.0109) (0.0109)  (0.0109)  (0.0109)  (0.0109)  (0.0109)
Violence -0.0264%**  -0.0263***  -0.0254*%**  -0.0255%**  -0.0259%**  -0.0243***
(0.00711)  (0.00715)  (0.00715)  (0.00714)  (0.00715)  (0.00715)

Female -0.0106* -0.0105*
(0.00583) (0.00583)

Education 0.0122%* 0.0114*
(0.00606) (0.00610)

Employment 0.00315 0.00324
(0.00595) (0.00595)
Kenyatta Voter 0.0249*** 0.0247%%*
(0.00712) (0.00712)

Urban -0.00846 -0.00566
(0.00694)  (0.00699)

Constant 0.944%%%  0.955%**  (0.956%** 0.960*** 0.950%** 0.948%** 0.941%%* 0.954%%* 0.942%%*

(0.00409)  (0.00202) (0.00300)  (0.00325)  (0.00438)  (0.00654)  (0.00507)  (0.00531)  (0.00773)

Observations 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246
R-squared 0.012 0.009 0.010 0.012 0.015 0.016 0.017 0.015 0.018
Standard errors clustered at County in parentheses
*** p<0.01, ** p<0.05, * p<0.1
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Robustness Check on Model Specification
In Table B.6 we replicate our main results using MLE, reporting marginal effects of probit estimates,

otherwise identically specified, and clustered at the county level.

Table B.6 MLE replication, Kenya

1) (2) (3) (4) (5) (6) (7) (8) (9)

Social Sanctioning  0.0206*** 0.0223***  0.0216%**  0.0217%%*  (0.0222%%*  0.0210%**
(0.00621) (0.00619) (0.00628) (0.00608) (0.00622) (0.00616)

Ethnic Identifier -0.00800 -0.00500 -0.00614 -0.00534 -0.00551 -0.00669
(0.0191) (0.0178) (0.0180) (0.0174) (0.0182) (0.0178)

Vote-buying -0.0148 -0.0179 -0.0184 -0.0168 -0.0180 -0.0174

(0.0139) (0.0145) (0.0144) (0.0141) (0.0146) (0.0142)
Violence -0.0272%%%  _0.0260***  -0.0248***  -0.0236***  -0.0253***  -0.0221***
(0.00790) (0.00741) (0.00722) (0.00717) (0.00732) (0.00685)

Female -0.00893* -0.00892*
(0.00516) (0.00508)

Education 0.00814 0.00806
(0.00540) (0.00544)

Employment 0.00302 0.00270
(0.00603) (0.00594)
Kenyatta Voter 0.0189%** 0.0188***
(0.00571) (0.00576)

Urban -0.00493 -0.00240
(0.00483) (0.00485)

Observations 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246
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Robustness Check on Ethnic Identification

In Tables B.3-4, we use a construction of Ethnic Identifier as described above. In Table B.7, we replicate

B.4 using those who identify only as their tribe/ethnic group, or mostly as their tribe/ethnic group in

Ethnic Identifier. 19% of Kenyans in our survey fall into this restricted definition, which matches other

surveys from Kenya where research shows that 17-26% of respondents identify closely with their
ethnic group (depending on how the question is asked) (Bratton and Kimenyi 2008; Long 2012). We
find the core results remain substantively similar in Table B.7 with this expanded definition of Ethnic

Ldentifier.

Table B.7 Main results, expanded definition of ethnic identifier

1) ) ®3) (4) (%) (6) @) ®) )

Social Sanctioning 0.0196*** 0.0222%%%  0.0212%%F  0.0219%**  0.0222%**  0.0210%**
(0.00720) (0.00728)  (0.00730)  (0.00727)  (0.00728)  (0.00729)

Ethnic Identifier (expanded) -0.0169%* -0.0165*%*  -0.0165**  -0.0167**  -0.0168**  -0.0169**
(0.00736) (0.00735)  (0.00735)  (0.00734)  (0.00735)  (0.00734)

Vote-buying -0.0147 -0.0151 -0.0156 -0.0141 -0.0152 -0.0146
(0.0109) (0.0110)  (0.0110)  (0.0110)  (0.0110)  (0.0110)
Violence -0.0264***  -0.0258***  _0.0249***  -0.0250%**  -0.0254***  -0.0239***
(0.00711)  (0.00714)  (0.00715)  (0.00714)  (0.00715)  (0.00715)

Female -0.00989* -0.00977*
(0.00585) (0.00585)

Education 0.0110* 0.0101*
(0.00605) (0.00609)

Employment 0.00197 0.00205
(0.00595) (0.00595)

Kenyatta Voter 0.0246%** 0.0243%**
(0.00712) (0.00712)

Urban -0.00862 -0.00601
(0.00694)  (0.00700)

Constant 0.950%%%  0.958***  (.956*** 0.960*** 0.960*** 0.958%** 0.951%* 0.964*** 0.953***
(0.00323)  (0.00320) (0.00300)  (0.00325)  (0.00382)  (0.00610)  (0.00457)  (0.00489)  (0.00736)

Observations 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246 5,246
R-squared 0.011 0.010 0.010 0.012 0.015 0.016 0.017 0.015 0.018

Standard errors in parentheses, clustered at the County

*** p<0.01, ** p<0.05,

Note: standard ervors clustered at the county level.
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Authors’ documentation of Election Day

Figure B.1 Kenyan voters queue to get into school grounds prior to the opening of the station on election
day at Westlands Primary School in Nairobi. (Source: authors)
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Figure B.2 Kenyan voters queue inside school grounds on election day at Westlands Primary School in
Nairobi. (Source: anthors)
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Figure B.3 Kenyan voters queue in Kibera Social Grounds late afternoon in 2013 (Source: anthors)
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Figure B.4 Kenyan voters queuing in 2013 (Source: anthors)
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Figure B.5 A voter has his finger marked after voting in Nairobi (Source: anthors)

41



Figure B.6 Example of a Tally




;> Martha Karua SC ]
@MarthaKarua

Evidence | have voted. Have you?
#KenyaDecides2022

12:26 AM - Aug 9, 2022 - Twitter for iPhone

Figure B.7 Candidate for Deputy President in 2022 Martha Karua posts a picture of her inked finger.

Source: Twitter @Martha Karua, August 9, 2022
https://twitter.com/MarthaKarua/status/15568593859257548812s=20&t=30GcKwhj2MsXkJ01RC-5qw
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Appendix C. Uganda

Administrative Data and Survey Details

In Section 3.3, we employ administrative data from the Ugandan government, and data from three
surveys we conducted during Uganda’s 2011 election (which could be taken in English or a variety of
Ugandan languages). We conducted two nationwide surveys—a pre-election survey fielded in late
January and early February 2011, and an exit poll conducted on election day. We also draw
descriptively from a constituency-wide pre- and post-election panel survey conducted in the
constituency of Kawempe South in Kampala.

Administrative Data
We obtained census data from the Ugandan Statistical Service and electoral data from the Ugandan
Electoral Commission.

Pre-election survey

Our nationwide pre-election survey was fielded in late January and early February of 2011 (2-3 weeks
prior to the election). The pre-election survey sample included 5,005 respondents from 1,001 polling
centers (5 respondents per polling center), a nation-wide, representative household survey of
registered Ugandan voters. We sampled polling centers for this project using two separate protocols.’
In the Eastern, Central, and Western regions, we sampled using a multi-stage cluster design. In the
first stage, we selected 25 counties, stratified by presidential margin of victory in the previous 2006
election. In the Northern region, to include more centers which had experienced violence in the war
with the Lord’s Resistance Army, we included more centers in subcounties that had recorded a violent
event (in ACLED) or shared a border with a subcounty that had a violent event. Within those eligible
subcounties, we randomly selected centers.

Exit poll

The exit poll was conducted on election day, February 18, 2011. It was sampled proportionate to the
registered voters at each polling station as gazetted by the Electoral Commission, surveying a total of
3,963 voters in all regions (randomly sampled at 283 polling stations). Every second voter was
surveyed, and the response rate was about 90%.

Constituency-wide post-election survey

In addition to the nationwide surveys, we conducted a smaller, constituency-wide household survey
in urban Kampala (Kawempe South constituency).” We draw from the post-election survey data,
which included 1,143 respondents contacted in the few days after the election. Surveys were allocated
to parishes proportionate to the number of registered voters. Within each parish, enumerators

5> Because the Central, West, and East were sampled slightly differently than was the North, we include robustness
checks below that show the North separately and the Central, West, and East separately.

6 See Ferree et al. (2020), parishes that included few registered voters—because they contained Makerere University—
wete excluded, in total 10 parishes were included.
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conducted a random walk, surveying one house in a block of four, then skipping two houses before
identifying the next block of four houses. Respondents could take the survey in English or Lugada.
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Administrative and Exit Poll Descriptive Statistics

Table C.1 Turnout in presidential elections in Uganda, 1996-2021

Nationwide Turnout | Museveni Vote
(percent of registered | (percent of votes)
voters)

1996 72.9% 74%

2001 69.7% 69%

2006 69.9% 60%

2011 59.3% 68%

2016 67.6% 61%

2021 59.4% 58%

Source: Electoral Commission of Uganda

Table C.2 Distribution of ethnic groups in Uganda

Ethnic group Percentage (2014 census) | Museveni Vote Total (2011)
Baganda 16.5% 44%
Banyankole 9.6% 73%
Basoga 8.8% 72%
Bakiga 7.1% 69%
Iteso 7.0% 54%
Langi 6.3% 67%
Bagisu 4.9% 66%
Acholi 4.4% 39%
Lugbara 3.3% 70%
Other Ethnic Group 32.1% 70%

Sources: Colummn 1: Uganda Bureau of Statistics, 2014 Census; Column 2: Authors’ exit poll (2011)
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Table C.3 Presidential vote choice by region 2011

Presidential Vote

Parliamentary Vote

Museveni Other NRM Other
Northern 59.59% 40.41% 57.31% 42.69%
Eastern 66.22% 37.78% 63.71% 36.29%
Western 71.55% 28.45% 70.82% 29.18%
Central 53.93% 46.07% 52.78% 47.22%

Source: Authors’ Exit Poll

Table C.4 Turnout by region, Uganda

Turnout among registered voters 2006
Northern 66%
Eastern 71%
Western 75%
Central 65%

Source: Uganda Electoral Commiission
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Measures and Coding Rules for Quantitative Analysis

We describe the measures and coding rules we use from the 2011 pre-election survey that form the
basis of quantitative analysis in text. Descriptive statistics are in Table C.6, main tests are in Table C.6-
7, and robustness checks are in Tables C.8-11.

Likely to 1 ote

We construct voting intentions in response to the question: “Do you plan to turn out in the upcoming
presidential and parliamentary elections?” Yes = 1. 88% of respondents replied that they intended to vote,
compared to the official rate of just below 60%. As a check that the drop-off was not systematic, we
conducted a brief validation check vis-a-vis support for the president. In our pre-election survey, 59%
of respondents reported intending to vote for Museveni, in our exit poll, 62% report having voted for
Museveni. Recall, Museveni’s vote share in 2011 was 59%. While self-reports of intent to participate,
turnout, and vote choice are vulnerable to response bias, we were less concerned considering how
close our sample hewed to the official record.

Social Sanctioning
Our primary social sanctioning measure in Uganda is in response to the question: “Regardless of whether
you will actually vote, do you think your neighbors will know whether you turned out or stayed home, or will they not

b p—

know?’ “Yes, they will know if I turned out or stayed home” = 1, others = 0. Following our theory,
beyond expectations to vote, individuals must also perceive the ability of community members to
retain monitoring capacity and observe their participation, captured in this question, which we also
label Social Sanctioning (Neighbors Know). We pose the question regarding “your neighbors” to probe
directly at the social and local act of voting also following our sampling procedure of gaining
respondents clustered near polling centers—at least partially visible to community members regardless
of the benefits conferred to individuals privately. 63% responded that their neighbors knew their
turnout decision. While this construction places weight on the perceptions of observability (INeighbors
Expect), something we add to in Section 4, we think it is a good precursor to establishing the effect of

one necessary component of social sanctioning.

Ethnic Identification

As described above in Ghana and Kenya, we first asked Ugandan respondents their ethnic group,’
tollowed by: “Let us suppose that you had to choose between being a Ugandan and being a [respondent’s tribe]. W hich
of the two groups do you feel most strongly attached to?” Ethnic ldentifier =1 for respondents who feel more
attached to their ethnic identity relative to their national identity as Ugandans. 12% of respondents
reported feeling more strongly attached (or only) attached to their ethnic group, relative to their
national identity as Ugandans (Table C.5), 45% felt equally Ugandan and their ethnic group (an
expanded definition of Etbnic Identifier that we employ for robustness checks below includes those
responding “equally” with those who respond closer to their ethnic group).

" Table C.4 expands this definition, but does not alter our findings.

48



Vote-bnying:

As a proxy for perceptions regarding politicians’ proclivity to engage in contingent exchanges for
electoral support, we asked: “In_your opinion, which of the following is the most important reason you do not get
more services from the central government: misuse of funds, favouritism, or not enough money?” We obtain a measure
of vote buying based =1 if “Misuse of funds” is the reason given. 48% of our respondents believed
misuse of funds was the reason why they didn’t get more services from the central government. While

not a direct measure of vote-buying, this measure probes beliefs about corruption.

Viiolence and Other Socio-Demographic & Political Controls

For violence, when asked about the likelihood on the upcoming election day of “olence in_your area:
do you think this is very likely, somewhat likely, somewbat unlikely, or very unlikely?” 37% of respondents
believed it to be very or somewhat likely. Like our other cases, we include control dummy variables
tor Female, Urban, Income, Education, and for contextual political dynamics, Museveni 1/ oter (=1 if they
expressed intention to vote for Museveni for president). Table C.5 reports the descriptive statistics

used in analysis below.
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Quantitative Analysis

Table C.5 Descriptive statistics, Uganda

Mean/sd

Likely to Vote 0.88
(0.32)

Ethnic Identifier 0.12
(0.32)

Vote-buying (Misuse of Funds) 0.48
(0.50)

Social Sanctioning (Neighbors Know) 0.63
(0.48)

Violence 0.37
(0.48)

Education 0.39
(0.49)

Household Income 3.74
(4.03)

Female 0.44
(0.50)

Museveni Voter 0.59
(0.49)

Source: Authors’ pre-election survey

Table C.5 presents the descriptive statistics for our pre-election survey that underlies our quantitative
analysis in text. 88% of respondents say they will vote. Our proxy for possible perceptions of social
sanctioning was 63%, with 12% ethnic identifiers, and 48% perceptions of possible vote buying. 37%
predicted election [7olence was “very” or “somewhat” likely to occur in their community.

Looking at unconditional differences in means tests in Table C.6, in support of our theory,
among those who report that their neighbors will know whether or not they voted, intent to turn out
was 91%, among those who reported their neighbors would not know, turnout was 84%, this
difference is statistically significant. We find no statistically significant difference in means across
psychic and extrinsic drivers of turnout: ethnic identifiers, those who expect violence, or misuse of

funds.
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Table C.6 Difference in mean turnout

Social Sanctioning Social Sanctioning Difference
(Neighbors Know) =1 (Neighbors Know) = 0

0.91 0.84 -0.065%**

(.005) (.00806) (.010)
Ethnic identifier = 1 Ethnic Identifier = 0 Difference

0.89 0.88 -0.010

(.013) (.005) (.014)
Misuse of Funds =1 Misuse of Funds = 0 Difference

0.88 0.88 -0.004

(.007) (.0006) (.0092)
Violence =1 Violence = 0 Difference

.88 .89 -.012

(.008) (.0059) (.010)

Standard errors in parenthesis ***p<0.01, **p< 0.05, *p<0.1

Next, we turn to a multivariate analysis to account for the conditional effects of these
relationships. Linear probability estimates are reported in Table C.7. In Models 1-4 we look at
unconditional relationships, observing a strong, positive association between Social Sanctioning
(Neighbors Know) and Likely to 17ote, and no statistically significant relationships between Ezhnic Identifier,
Misuse of Funds, or 1iolence and 17oting. Controlling for psychic and material drivers of voting—we see
community observation of turnout decisions remains (strengthens) as a driver of turnout. Results

remain robust to inclusion of controls that may affect turnout decisions (Model 6-9).°

8 Table C.10 replicates this analysis using MLE; results remain robust.
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Table C.7 Drivers of turnout in Uganda

(1) (2) (3) (4) (5) (6) (7) (8) 9)
Neighbors Know 0.0433%** 0.0481%F*  (0.0479***  (0.0482%*%*  (0.0384***  (.0389***
(0.0106) (0.0113)  (0.0113)  (0.0113)  (0.0105)  (0.0105)
Ethnic identifier 0.0160 0.0129 0.0126 0.0132 0.0215* 0.0214*
(expanded) (0.0114) (0.0121)  (0.0121)  (0.0121)  (0.0112)  (0.0112)
Violence Expected 0.0136 0.0141 0.0145 0.0134 0.0265**  0.0264**
(0.0110) (0.0111)  (0.0111)  (0.0111)  (0.0104)  (0.0104)
Misuse of Funds -0.00319  -0.000595 -0.000822 -0.000401 0.00272 0.00231
(0.00979)  (0.0105)  (0.0105)  (0.0105)  (0.00978)  (0.00978)
Income 0.00190 0.00210*
(0.00136) (0.00127)
Female 0.00111 -0.00985
(0.00920) (0.00858)
Urban -0.111%* -0.0799**
(0.0434) (0.0404)
Museveni Voter 0.221%%% (). 221%F*
(0.00976)  (0.00977)
Constant 0.854%F*% (. 873%%F  (.881%**  (.884%*F*  ().843%** 0.836%** 0.857%** 0.707%%* 0.714%F*
(0.00766)  (0.00747) (0.00564) (0.00601)  (0.0125)  (0.0140)  (0.0138)  (0.0131)  (0.0153)
Observations 4,916 4,936 4471 4,952 4,358 4,358 4,358 4,358 4,358
R-squared 0.478 0.477 0.483 0477 0.495 0.496 0.496 0.562 0.563
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Robustness Checks

Regional robustness checks of main models

Due to the sampling procedure for the pre-election survey as described above, Tables C.8 and C.9
replicate Table C.7, but for the Non-Northern regions (C.8) and for the Northern region (C.9). All
core results hold.

Table C.8 Non-North drivers of voting

1) (2) (3) (4) (5) (6) (7) (®) )

Neighbors Know 0.0358*** 0.0383***  0.0376***  0.0383*** (.0329**  (.0328%*
(0.0135) (0.0142)  (0.0143)  (0.0142)  (0.0128)  (0.0128)
Ethnic identifier 0.0261 0.0190 0.0188 0.0194 0.0444**  0.0431°%*
(0.0202) (0.0212)  (0.0213)  (0.0212)  (0.0191)  (0.0191)
Violence Expected -0.00161 -0.00465 -0.00390 -0.00634 0.00926 0.00910
(0.0138) (0.0140)  (0.0140)  (0.0140)  (0.0126)  (0.0126)
Misuse of Funds -0.0182 -0.0128 -0.0127 -0.0124 -0.00869  -0.00878
(0.0124)  (0.0131)  (0.0131)  (0.0131)  (0.0118)  (0.0118)
Income 0.00173 0.00182
(0.00160) (0.00143)
Female 0.00817 -0.00657
(0.0116) (0.0104)

County 0.0265

(0.199)
Urban -0.139%** -0.0761*
(0.0474) (0.0427)
Museveni Voter 0.264%%*  0.263%**
(0.0120)  (0.0120)
Constant 0.868*** 0.888***  (.900***  (0.900*** 0.879*** 0.487 0.898***  (,694*** (. 701%*F*

(0.00977)  (0.00509) (0.00689) (0.00776)  (0.0133)  (2.868)  (0.0148)  (0.0146)  (0.0175)

Observations 2,946 2,944 2,695 2,964 2,621 2,621 2,621 2,621 2,621
R-squared 0.456 0.456 0.461 0.457 0.472 0.473 0.475 0.575 0.576
Standard errors in parentheses, clustered at PSU
0,01, ** p<0.05, * p<0.1
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Table C.9 North drivers of voting

1) (2) (3) 4) (5) (6) (7) (®) 9)
Neighbors Know 0.0547*** 0.0621%%*%  0.0638%**  0.0621*%%*  0.0490*%**  (.0503%**
(0.0172) (0.0186)  (0.0186)  (0.0186)  (0.0180)  (0.0180)
Ethnic identifier 0.0183 0.0135 0.0120 0.0134 0.0243 0.0246
(0.0216) (0.0232) (0.0232) (0.0232) (0.0224) (0.0224)
Violence Expected 0.0363** 0.0425** 0.0421** 0.0425%*  0.0521***  0.0520%**
(0.0182) (0.0182)  (0.0182)  (0.0182)  (0.0176)  (0.0176)
Misuse of Funds -0.0182 0.0170 0.0153 0.0170 0.0188 0.0178
(0.0124)  (0.0174)  (0.0174)  (0.0174)  (0.0168)  (0.0168)
Income 0.00205 0.00246
(0.00256) (0.00248)
Female -0.00929 -0.0147
(0.0151) (0.0146)
County -0.187**
(0.0860)
Urban -0.0118 -0.0501
(0.0993) (0.0962)
Museveni Voter 0.160%**  0.162%**
(0.0164)  (0.0164)
Constant 0.834%** 0.866***  0.853***  (.900*** 0.803%** 7.067F*F 0.804*** 0.729%** 0.734%**
(0.0123)  (0.00693) (0.00963) (0.00776)  (0.0172)  (2.885)  (0.0215)  (0.0183)  (0.0237)
Observations 1,970 1,992 1,776 2,964 1,737 1,737 1,737 737 1,737
R-squared 0.504 0.502 0.507 0.457 0.523 0.525 0.523 0.555 0.556
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Robustness Check on Model Specification

We replicate the analysis using MLE. Table C.10 reports marginal effects from an identically specified

probit estimation.

Table C.10 MLE replication

Note: Estimates are probit estimations.
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1) (2 3) (4) (5) (6) (7) 8
vote vote vote vote vote vote vote Turnout
Neighbors Know 0.0654*** 0.0613***  0.0873*%**  0.0872***  (0.0880***
(0.0128) (0.0131) (0.0253) (0.0263) (0.0267)
Ethnic identifier 0.0103 0.00208 0.0763** 0.0842**
(0.0169) (0.0176) (0.0329) (0.0330)
Violence Expected -0.0123  -0.00774 0.0367 0.0308
(0.0121)  (0.0122) (0.0256) (0.0260)
Misuse of Funds 0.00401 -0.00297 -0.00653 -0.0242
(0.0110) (0.0116) (0.0254) (0.0259)
Income -0.00178 5.21e-05
(0.00292) (0.00322)
Education 0.103*** 0.132***
(0.0229) (0.0243)
Urban -0.125%**
(0.0473)
Female -0.0303 -0.0121
(0.0229) (0.0241)
Observations 4,916 4,936 4,952 4,471 4,358 1,979 1,771 1,721
Robust standard errors in parentheses
*** p<0.01, ** p<0.05, * p<0.1




Robustness Check on Ethnic Identification

As a robustness check, we also examine whether restricting our definition of who is an “ethnic
identifier” is consequential; in short, it is not. In Table C.11 we report estimates that include those
captured by our prior ethnic identifier construction but not those who identify equally with their tribe
and as Ugandan in Ethnic identifier. 12% of respondents are identified by this narrower definition, but
it does not affect our core results.

Table C.11: Restricted definition of Ethnic Identifier
1) (2) 3) (4) (5) (6) (7) (8) 9)

Neighbors Know 0.0433*** 0.0477%%%  0.0342%**  (0.0337***  0.0378***  (.0383***
(0.0106) (0.0113)  (0.00998)  (0.00986)  (0.0105)  (0.0107)

Ethnic identifier 0.0223 0.0161 0.0342** 0.0355%*
(0.0147) (0.0156) (0.0145)  (0.0147)

Misuse of Funds -0.00319 -0.000961 0.00210 -0.00234
(0.00979) (0.0105) (0.00977)  (0.00991)

Violence Expected 0.0136 0.0142 0.0266**  0.0260**
(0.0110)  (0.0111) (0.0103)  (0.0105)

Income 0.00128 0.00130
(0.00119) (0.00131)
Urban -0.0831**
(0.0410)
Education 0.0317%%* 0.0264***
(0.00887) (0.00949)

Female -0.0131 -0.00688
(0.00821) (0.00879)

Museveni Voter 0.231%FF  (.228%**  (.222%** (., 225%F*
(0.00921)  (0.00913)  (0.00976)  (0.00989)

Constant 0.854*** 0.879%**  (0.884***  ().881%** 0.849%%* 0.712%%* 0.727*%* 0.715*** 0.712%%*

(0.00766)  (0.00411)  (0.00601) (0.00564)  (0.0105)  (0.0111)  (0.00876)  (0.0114)  (0.0146)

Observations 4,916 4,936 4,952 4,471 4,358 4,799 4,916 4,358 4,247
R-squared 0.478 0.477 0.477 0.483 0.495 0.562 0.549 0.562 0.574
Standard errors in parentheses, clustered at PSU
*** p<0.01, ** p<0.05, * p<0.1
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Authors’ Documentation of Election Day

Figure C.1: Ugandans queue on election day morning in Kampala. (Source: authors)
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Figure C.2: Voters wait for the polling station to open on Election day morning in Kampala (Sowrce: anthors)
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Figure C.3. Community gathers to watch the counting of ballots on election day evening in Kampala (Source:

anthors)
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Figure C.4 Voter dipping their finger in ink after voting (Source: anthors)
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Appendix D. Afghanistan

Surveys

While our analysis in Section 4 primarily leverages our post-election survey, we ran two surveys in
Afghanistan during the 2010 election: the post-election survey and a pre-election survey. Several
challenges affected the ability to draw a sample for our surveys. Afghanistan has not conducted a
recent census and has no voter registry, making any proportional distribution of the sample difficult
and based on poor estimates. Security problems related to the ongoing insurgency and other violence
made it dangerous to conduct surveys in many districts, as well as administratively and financially
difficult. Therefore, a nationally representative survey of Afghanistan was impossible at the time. As
a result, we focused enumeration on areas within provincial centers across 19 (of 34) provinces, in all
regions of the country, including all ISAF military commands and the capital city Kabul.’

Pre-election survey

One month before the election (August 2010), we fielded a baseline survey of households living in the
immediate vicinity of 450 polling centers. The survey contained 2,904 respondents. To obtain a
representative sample of respondents living near polling centers, enumerators employed a random
walk pattern starting at the polling center, with random selection of every fourth house or structure.
Respondents within households are randomly selected using a Kish grid. The survey had 50 percent
male and female respondents each and enumerators conducted interviews in either Dari or Pashto.

Post-election survey

We fielded the survey directly after the government finished adjudicating electoral disputes and
certified winning candidates for parliament. Within provincial centers, we used the same polling
centers as the pre-election survey as primary sampling units (adding 18 for a total of 468) and instituted
random walk patterns for selection of households and random selection of respondents (yielding a 50
percent female sample) via a Kish grid. Afghanistan’s Independent Election Commission (IEC)
gazetted 5,548 polling centers in 2010; our sample represents 8.5% of the total number of planned
centers projected to open on election day. Enumerators conducted surveys with individuals separately
from other household members to guarantee respondent privacy. Although our sample shows a bias
towards more urban and safer areas under government control, we note that half of the polling centers
in our sample reside in locations deemed rural. While our results are not representative of the country
as a whole, they are to the 19 provincial centers sampled, with 3,048 total respondents.

Measures and Coding Rules

Turnout

9 In addition to Kabul, in RC-East, sampled provinces included Paktia, Parwan, Kapisa, Panjshir, Bamyan, and Nangarhar;
in RC-North, Balkh, Faryab, Jowzjan, Samangan, Badakhshan, and Takhar; in RC-West, Herat and Ghor; in RC-South,
Kandahar, Helmand, Oruzgan, and Dai Kundi.
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“Did you turn out and vote in the Wolesi Jirga elections in September 20107” Coding: “Yes’=1 &
“No”=0. Using self-reported turnout presents both opportunities and challenges in Afghanistan,
similar to our discussion in Appendix A. Trying to employ actual turnout figures in this case also faces
a number of constraints. Lacking a recent census and a voter registry linking individual voters to a
particular polling center, it is impossible to know within any center how many eligible voters cox/d have

" Nonetheless, we perform validation checks with official

voted relative to how many ballots are cast.
statistics (Table D.4), providing evidence that our reported turnout figure hews quite closely to actual
turnout in our sample and accords with other approximations recorded by election observers. We

believe this is the most appropriate, most direct available measure.

Neighbors Excpect
“In your opinion, do you think_your neighbors excpect you to vote even if you do not like the candidates?”’
Coding: “Yes”=1 & “No”= 0.

Neighbors Know
“Regardless of whether you actually voted: In_your opinion, do your neighbors know if you voted or if you did
not vote?” Coding: “Yes” =1 & “No” = (.

Social Sanctioning
“Yes” = 1 if Neighbors Expect = 1 & Neighbors Know= 1, & =0 otherwise.

Ethnic Identifier
“Let us suppose you had to choose between being an Afghan and being a [insert name of langunage/ ethnic
group|. Which of these groups do you feel most strongly attached to?” Coding: “Mostly or Strongly | name
of language/ethnic group]”

Vote-buying
“Thinking about the elections, candidates may have rewarded their supporters with gifts and money in exchange
Jor support. Do you think it is very important, somewhat important, or not very important that political parties
reward their supporters with gifts and money in exchange for support?” Coding: “Very & Somewhat
important” = 1 & “Not very important” =0.

Community V'iolence
“Have you lived in a neighborbood that has excperienced attacks in the last 5 years?’. Coding: “Yes” = 1
& “No and Don’t know” = 0.

10 Per our discussion in Appendix A, it is impossible to obtain public records of individuals’ turnout in Afghanistan.
Threats against polling centers and voters with marked fingers by the Taliban prevented us from conducting an exit poll.
We could not enumerate a survey until the conclusion of the election process.
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Wolesi Jirga Important
“Now I want you to think about the role of the Wolest Jirga in Afghanistan’s government. Ls the Wolesi Jirga
very important, somewhat important, somewbat not important, or not at all important in helping to improve
life in your neighborhood?’ Coding: “Very and somewhat important”= 1 & “Somewhat not
important or not at all important”= 0.

Services
“In_your opinion, does the opportunity to vote in the Wolesi Jirga elections increase the quality of services in
your neighborhood?” “Yes” = 1 & “No and Don’t know”= 0.

Male
Male” = 1 & “Female” = 0.

Literate
“What is the highest level of education that you have completed?” Coding: “Literate”= 1 for any amount
of formal schooling &“Not gone to school / Illiterate”=0.

Electricity
“Are you able to use electricity in your house most of the day, only part of the day, only a few days a week, or
not at all?” Coding: “Most and only part of the day”’=1 & “Only a few days a week and not at
all”=0.

Pashtun
Coding=1 if respondent identifies as a Pashtun & =0 otherwise.

Trust Sample

“How much do you trust your neighbors?’ Coded 1 if “very much” or “somewhat” & 0 otherwise.
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Descriptive Statistics

Table D.1 Survey summary statistics, Afghanistan

Variable N Mean SD
Turnout 3048 0.669 0.471
Social Sanctioning 3048 0.279  0.449
Neighbors Know 3048 0470 0.449
Neighbors Expect 3048 0.432 0.495
Vote-buying 3048 0.246 0.431
Ethnic Attachment 3048 0.056  0.230

Community Violence 3048 0.261  0.439
Wolesi Jirga Important | 3048 0.776  0.417

Services 3048 0.555  0.497
Male 3048 0.500  0.500
Urban 3048 0.495  0.500
Literate 3048 0.653 0.476
Electricity 3048 0.603 0.489
Pashtun 3048 0.325  0.469
Trust Sample (=1) 3048 0.635 0.481

Validation and Robustness Checks

We provide a number of validation and robustness checks here that correspond to the main analysis
in Section 4. For ease of exposition, we first briefly summarize these additional results, with fuller
explications and tables that follow.

First, given that parliamentary races occur at the provincial level, we re-estimated all models
from Tables 4.1 and 4.2 using province fixed effects to account for unobserved heterogeneity that
could affect turnout from provincial factors (Tables D.7 and D.8), such as the slate of candidates or
ethnic composition or fractionalization. Province fixed effects do not change the significance or
substantive impact of our core variables of interest, adding confidence in our predictions and
suggesting the dynamics of social sanctioning work in addition to local political features and ethnic
demography (see also footnote 10 in text). We believe that these results are not surprising given that,
like many developing countries, Afghanistan is multi-ethnic at the national level but much less so at
the provincial level. Moreover, even in provinces that are diverse, people still live in local mono-ethnic
neighborhoods. Qualitative discussions of ethnic geography in Afghanistan confirm these dynamics
(e.g., Barfield 2010).

Next, we consider systematic measurement bias in our dependent variable, which would occur
if some respondents incorrectly report for reasons of social desirability that they had turned out when
they had not, creating unidirectional bias potentially artificially inflating the number of voters. If this
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bias exists, we think it is small and orthogonal to our core theoretical measures driving turnout. Our
question on voting came at the very beginning of the survey, before any of the questions for
independent variables and covariates, and respondents had no way to predict subsequent questions.
Therefore, any bias would not account for the differences between the potential effects of these
variables; and question order can help alleviate endogeneity problems (Ferree 2010). Additionally,
while 67% could overestimate the likely national turnout figures, our survey was limited to areas that
were more urban and safer, making voting easier than rural and more violent areas (Democracy-
International 2011). We are skeptical that response bias significantly inflates reported turnout 3
months after the election. In a pre-election survey directly before the election, 76% of respondents
reported an intention to vote. This declines nine points to 67% in our post-election survey regarding
actual turnout. If response bias systematically drives responses, intended and reported turnout should
match with no drop-off between survey rounds, which is not observed. Finally, response bias would
need to be unreasonably high to account fully or mostly for the large significant effect of our treatment
variable, rendering the actual probability of turnout significantly below both reported and certified
levels. Therefore, while we cannot completely exclude the possibility that some respondents
misreported turnout, it is unlikely the true turnout was dramatically lower in our sampled areas or
response bias accounts for our results.

Last, we provide additional robustness checks of core results using alternative measures and
specifications and administrative data. Because measuring the strength of ethnic attachments poses
difficulties, we use a more expansive definition in Table D.12; results are consistent with our main
results by including all who felt they identified as being just as Afghan as a member of their ethnic
group as well as more or all with their ethnic group. Regarding our measure of vote-buying as explained
in text, while it avoids the degree of desirability bias compared to other measures that probe an
individual’s actual receipt of gifts in exchange for votes, it could reasonably potentially under count
expectations of vote-buying. If so, we expect our results would be more stable and well-estimated,
although we do not think the magnitude of the effect would grow significantly. Regarding self-
reported exposure to violence for our violence measure, perhaps because our survey question on
violence asked about attacks within the last five years, prior exposure to violence may lose salience
over time and explain the null results of this variable in our main tests. As a check on respondents’
reported experience of violence, we also used event data on local (to the polling center) attacks in the
pre-clection period; Table D.5 reports results. Using micro-level conflict event data, we find similar
substantive (and much better estimated) results as reported violence (small to no effect).

Potential Response Bias

One potential criticism of survey data is that some respondents could lack true opinions (or fail to
express them) regarding the questions probed on the survey, and therefore provide responses where
an answer to one question biases their responses to others or an unobserved factor drives responses
across questions. Related to observational data more generally, this bias is similar to endogeneity or
an unmeasured/unobserved variable systematically driving responses to observables, such that the
errors of the responses to these questions are correlated and therefore provide systematically biased
estimates. For example, if an unobserved variable X captures a person’s level of happiness, an “angry”
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respondent who is not happy with the government could consistently provide negative responses to
questions about support for the government (variable A) and the perception of the quality of service
provision (variable B), regardless of how they actually perceive these separate from being angry
because the respondent is merely expressing anger and frustration, as opposed to a “real” opinion of
A or B unrelated to X. This is equivalent to an unobserved spurious factor driving covariation between
variables. A separate, but related concern, is that the answer on one question could drive the answer
to another and be endogenous. Importantly for our purposes, this would mean that our dependent
variable (voting) drives responses to our key explanatory variable. For either case to be true, responses
across these questions must be highly and systematically correlated.

To examine these potentials in our survey data from Afghanistan, Table D.3 shows r
coefficients between survey measures (pairwise correlations) used in analysis. As Table D.3 shows,
across any of our measures, we do not see a high correlation. Additionally, the » coefficient between
variables is usually less then 0.10, and there is no systematic relationship between our key measures of
Social Sanctioning and all other measures. Therefore, while we cannot definitively rule out that there
could be some biased responses or unobserved factors driving certain responses, we do not see
evidence to cause us to worry about systematic response bias driving our results. Moreover, below,
we provide controls for province to account for unobserved heterogeneity at the local provincial level.

Last, we do not believe Social Sanctioning, our core independent variable, is endogenous to our
dependent variable on turnout. First, the question on turnout came at the beginning of the survey
before any other questions and expectations that we would ask anything with respect to social
sanctioning, ethnic attachments, or vote-buying. Second, Social Sanctioningis generated from combining
two seemingly unrelated measures, Neighbors Expect and Neighbors Know. Accordingly, in Table D.2, we
show the off-diagonal cross-tabulation of both measures, which are all well-populated, suggesting a
lack of systematic correlation or endogeneity. Third, as we mention in the book and explore further
in the next section, the self-reported turnout in the survey hews closely to administrative estimates,
suggesting that responses on reported turnout reflect actual behavior, as opposed to responses
endogenous to other seemingly unrelated survey questions that would also have to correlate almost
perfectly with observed turnout recorded in administrative data that was generated without respect to
our survey.
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Table D.2: Cross Tabulation of Social Sanctioning components

Neighbors do Neighbors | Total
not expect expect
Neighbors Don’t Know | 1150 (71%) 465 (29%) | 1615
(66%) (35%) (53%)
Neighbors 582 (41%) 851 (59%) | 1433
Know (34%) (65%) (47%)
Total 1732 (57%) 1316 (33%) | 3048 (100%)

(100%)
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Figure D.1: Demographic correlates of Soczal Sanctioning
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Table D.3 Pairwise Correlations
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Table A-3: Pairwise correlations

Social Vote Ethnic Community WJ
Sanctioning Buying Attachment Violence Pashtun Services Importance Urban Literate Electricity
Social Sanctioning 1.0000
Vote Buying 0.0158 1.0000
Ethnic Attachment 0.0431 0.0468  1.0000
Community Violence -0.0949 0.0019  0.0282 1.0000
Pashtun -0.1619 0.1037  0.0297 0.2465 1.0000
Services 0.1823 0.0021  -0.0383 -0.0046 -0.1561  1.0000
Wolesi Jirga Importance 0.0661 0.0407 -0.0923 0.0182 -0.0503  0.3735  1.0000
Urban -0.0937 0.0920 -0.0661 0.0802 0.1677  -0.0391 0.0471 1.0000
Literate 0.0186 -0.0153 -0.1053 0.0136 -0.0564  0.1254  0.1176 0.1764 1.0000
Electricity 0.0237 -0.0792 -0.0862 -0.0144 -0.2127  0.0598  0.0641 0.1632 0.1020  1.0000




Measuring Turnout

One challenge to studies of voting behavior in Afghanistan involves estimating turnout without an
appropriate measure of voting eligible population (as discussed in the book). While in Afghanistan it
is impossible to construct the denominator of turnout given the lack of official registration rolls or a
census to calculate the voting eligible population, we have done additional “back of the envelope”
calculations given knowledge of the process and available data.'" This measure gives us additional
confidence in using our self-reported turnout measure from the survey.

The IEC gazetted centers prior to election day using their estimates of where voters were likely
to turn out. Each polling center (such as a school) was allocated at least one stream within it (such as
a classroom), and some centers were allocated multiple streams. By law, the cap on the number of
ballots cast at a single stream was 600. Provisions were made to add streams should the number of
voters exceed 600. Using the actual number of streams at centers, rather than the gazetted number, as
well as the number of votes recorded at that center, we are able to estimate a non-traditional measure
of turnout (lacking a total number of registered voters per stream or center). We use the number of
streams multiplied by 600 to give a measure of the maximum theoretical turnout projected by the IEC.
Next, we divided the total number of votes cast at the polling center by the calculated maximum
theoretical turnout. If that turnout estimate was greater than one, we know that streams were added
in increments of 600, giving us an estimate for the number of streams, in addition to those gazetted
that were added in that center. If the turnout estimate was below one, we know that no streams were
added.

Using this updated number of streams and the total number of votes, we calculate a new
turnout estimate. Table D.4 shows the IEC certified vote count, the number of votes cast at polling
centers that were open on election day, as well as the final number of streams. We calculate an
estimated maximum turnout rate of 75% nationwide, and 73% in Kabul based on the IEC’s certified
results. However, these numbers represent an unlikely upper-bound. On election day, the IEC
reported initial and only partial turnout figures of 40 percent from 3,642,444 ballots cast (although it
remained unclear how the IEC calculated a denominator). Eventually, the IEC certified a total turnout
of about 5,600,000 votes once all opened stations had reported. This increased the turnout rate to
about 62% nation-wide calculated from their original projections. The IEC would eventually overturn
vote totals for some candidates or polling stations after its own adjudication process of allegations of
fraud and those of the Electoral Complaints Commission. Any candidate or polling center deemed to
have any fraudulent votes tended to have all of their or its ballots erased, so that final turnout numbers
most likely under-report the actual turnout rate. Observers and media consistently reported higher
turnout in urban compared to rural areas (Democracy-International 2011), suggesting that the
reported turnout in our sample (67%) from provincial centers hews closely within the range of the

M Author 2 served as an accredited election observer for the 2009, 2010, and 2014 Afghan elections working with the
largest international election observation mission. Our calculations are therefore based on intuitions presented here, and
reflect direct on-the-ground experience working with electoral administrators, civil society groups, media, and independent
observers who worked to validate turnout.
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IEC’s figures, and gives us confidence that our self-reported numbers from our survey are not driven
by response bias.

Additionally, we note that given the layout of polling stations and inking, monitoring capacity
is possible, even if somewhat limited compared to our African cases, although it too is likely
complicated by the logistical challenges of voting and an environment of heightened political tensions
between formal politicians and non-state insurgents who seek to undermine the vote. At the same
time, directly observing Ao individual Afghans vote is complicated by secret ballot procedures in
place. While ballot secrecy violations occasionally occur in Afghanistan, voters’ privacy is usually
maintained where voters cast ballots behind cardboard screens (Democracy International 2011). In
our pre-election survey, 66% of Afghan respondents reported they believed their ballot to be secret,
24% not secret, and 11% did not know. Of the people who said not secret, only 38% (9% of the total
sample) cited a candidate or political agent as the source of the violation; others were more likely to
mention family members, consistent with our theory that members of a community have incentives
for all of them to vote and therefore understandably probably share with close intimates for whom
they voted.
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Table D.4 Number of votes by Province (2010)

Province IEC IEC Adjusted Count Streams
Certified Open Streams Open
Badakhshan | 252410 209429 446
Badghis 128256 118452 237
Baghlan 230671 222818 475
Balkh 274642 248030 574
Bamyan 124212 117602 259
Daikondi 158981 134662 282
Farah 96581 18329 67
Faryab 246815 237257 469
Ghazni 247862 212084 470
Ghor 284481 205191 370
Helmand 40899 32535 112
Herat 498301 188552 401
Juzjan 106697 104812 242
Kabul 512842 511138 1111
Kandahar 235592 191169 417
Kapisa 60056 74750 170
Khost 68762 32122 87
Kunarha 96561 96561 200
Kunduz 137864 121076 326
Laghman 90007 74552 181
Logar 68559 25898 70
Nangerhar 360140 284405 694
Nimroz 19208
Nooristan 50937 24699 54
Paktia 186521 146929 278
Paktika 172190 105067 230
Panjshir 22918 21971 80
Parwan 127680 113727 252
Samangan 117536 104940 210
Sar-i-Pul 141564 134037 279
Takhar 232489 161616 337
Urozgan 19269 19269 67
Wardak 174884 129409 255
Zabul 16303 15093 44
Total 5602690 4438181 9726

Source: IEC
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Violence

As a robustness check to using self-reported exposure to violence, which for the reasons discussed in
the main text we believe is the correct measure of the concept, we also conducted a robustness check
using more recent attacks data, referred to as “SIGACTS” (for “‘significant activity”)."” SIGACT' are
declassified reports on violent activity between insurgents and US/ISAF forces. We use SIGACTS
data that are geo-coded to the nearest polling center, our primary sampling unit, to measure highly
local attacks within the six months prior to the election.

Table D.5 reports these results. Model 1 is specified identically to Table 2, model 10. Model 2
here is identical to Table 3, model 3, estimated on the non-trusting subsample. Model 3 is specified as
Table 3, model 6, on the trusting subsample. We note that SIGACTSs data are not available for all of
the polling centers, so our samples are slightly smaller than in Tables 4.1 and 4.2 above. There are no

substantive changes using this alternative to violence compared to self-reported violence.

Table D.5 Probit estimates on Likelihood of Voting (=1), Violence Robustness check

12 See Shaver and Wright (2017).
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1) (2) 3)

vote vote vote
Social Sanctioning 0.216%** 0.314%** 0.165%**
(0.0203) (0.0372) (0.0225)
Vote Buying 0.00804 0.0735* -0.0301
(0.0237) (0.0418) (0.0280)
Ethnic Attachment 0.0392 -0.0284 0.0783*
(0.0379) (0.0687) (0.0435)
SIGACTS -1.77e-05***  _1.39e-05***  -1.85e-05***
(3.04e-06)  (4.73¢:06)  (3.99-06)
WJ Important 0.146%** 0.110%** 0.163***
(0.0255) (0.0406) (0.0312)
Services 0.256%** 0.277*** 0.238%**
(0.0220) (0.0360) (0.0257)
Male 0.0771*** 0.107*** 0.0478**
(0.0199) (0.0366) (0.0238)
Urban 0.0755%** 0.0733* 0.0672%*
(0.0244) (0.0406) (0.0273)
literacy 0.124%** 0.0994%** 0.138%**
(0.0222) (0.0380) (0.0265)
electricity -0.0123 0.0463 -0.0444*
(0.0210) (0.0373) (0.0237)
pashtun -0.137*** -0.176%*** -0.0887***
(0.0265) (0.0388) (0.0318)
Sample Full Trust =0 Trust =1
Observations 2,790 1,028 1,762

Robust standard errors in parentheses
Rk p<0.01, ** p<0.05, * p<0.1

This accords with qualitative accounts as well. In 2009, “the Taliban has conducted a series of
calibrated attacks aimed at using the minimum amount of violence to reduce voting as much as
possible” (Kagan, 2009). Semple (2014) notes that while issuing instructions to commanders to disrupt
the 2014 election, Taliban leadership gave field commanders discretion over their choice of tactics and
targets, in part reflecting concern regarding potential harm to noncombatants. Some observers even
argued that the Taliban used election violence not to directly inflict harm on civilians, but rather to
intimidate and deter voters (DI, 2010, 36)—“to give citizens the sense that they are unsafe and can
become victims at any moment” (Coburn and Larson, 2014, 171). The primary goal of violence in this
context “is not the number of casualties, but the impact that it has on the wider population” (Coburn
and Larson, 2014, 171).
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Additional Models and Analyses

Component Parts to Social Sanctioning Measure

Our theory asserts that perceptions of social sanctioning contain two important component parts.
First, neighbors must expect a person to vote, corresponding to variable Nezghbors Expect. Recall that
we specify this in cases where voters do not like the candidates on offer, as we discuss in the main
text. Second, communities must also be able to monitor potential voting, corresponding to the variable
Neighbors Know. Our theory does not preclude the possibility that these individual components can
increase turnout on their own. We argue that their joint effect is larger than either on its own. In Table
D.6, we recreate our main analysis from Table 2 in the book and show the component parts across
individual models and including controls. Nezghbors Expect and Neighbors Know increase the likelihood
of turning out, but there is a larger effect of the variable Social Sanctioning, combining Nezghbors Expect
and Nezghbors Know, across models in Table 2.
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Table D.6: Likelihood of Voting (=1), Social Sanctioning components separated

(1) (2) (3) (4) (5) (6)

Neighbors Know 0.180%** 0.179%** 0.144%**
(0.02) (0.02) (0.02)

Neighbors Expect 0.169%** 0.168%** 0.106***
(0.02) (0.02) (0.02)
Vote-buying 0.028 0.028 0.013 0.014
(0.02)  (0.02)  (0.02)  (0.02)
Ethnic Attachment -0.019 -0.026 0.016 0.010
(0.04)  (0.04)  (0.04)  (0.04)
Community Violence -0.003 -0.009
(0.02)  (0.02)

W.J Importance 0.133%**  (.139%**
(0.02)  (0.02)

Services 0.215%**  (.214%%*
(0.02)  (0.02)

Male 0.074%%*  0.064***
(0.02) (0.02)
Urban 0.000 0.000

() ()

Literacy 0.099%**  (.099%**
(0.02)  (0.02)
Electricity 0.031 0.036
(0.02)  (0.02)
Pashtun 0.015 0.014
(0.03)  (0.03)

Constant 0.584%** (. 596%*%* (.578%F* (. 500%** (.249%%F (. 272%*%*
(0.01)  (0.01)  (0.01)  (0.01)  (0.03)  (0.03)

N 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000
r2 0.315 0.310 0.315 0.310 0.398 0.389
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Provincial Factors and Local Ethnic Diversity

Because parliamentary races occur at the provincial level in Afghanistan, some of the variation in
turnout could plausibly result from province-level factors. In particular, we note the slate of candidates
and ethnic composition at the province level forming two important factors that could shape
participation. To address this, we rerun all models from Tables 2 and 3 using province fixed effects
(see Tables D.7 and D.8, respectively). The inclusion of fixed effects (Tables D.7 and D.8) does not
change the significance of our core variables of interest. Therefore, we have confidence in our results
are not driven by unobserved heterogeneity at the provincial level, or more specifically, the local slate
of candidates or degree of ethnic diversity. We believe that these results are not surprising given points
we raise in the main text. First, like many developing democracies, Afghanistan is multi-ethnic at the
national level, but much less so at the provincial level. Moreover, even in provinces that are diverse,
people still live in local mono-ethnic neighborhoods. In the capital city of urban Kabul, for example,
sectarian divisions between neighborhoods going back to the civil war divide the main ethnic groups
between areas, so people's neighbors are almost always their co-ethnics. Qualitative discussions of
ethnic geography in Afghanistan confirm these dynamics (e.g., Barfield 2010).

Robustness Check for Province Fixed Effects
Tables D.7 and D.8 replicate the main tables but include province fixed effects.
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Table D.7: Province Fixed Effects

78

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)

Social Sanctions 0.217*** 0.216%**  0.216%** 0.217**  0.171***  0.190***  0.166*** 0.166%**
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
Vote-buying 0.035 0.031 0.031 0.031 0.022 0.025 0.016 0.016
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
Ethnic Attachment -0.024 -0.028 -0.028 -0.028 0.005 0.007 0.009 0.009
(0.04) (0.04) (0.04) (0.04) (0.04) (0.04) (0.04) (0.04)
Community Violence -0.002 -0.010 -0.001 -0.007 -0.008
(0.02) 0.02)  (0.02)  (0.02)  (0.02)
Pashtun 0.009 0.017 0.020
(0.03) (0.03) (0.03)

Services 0.243%*%* 0.211%%*  (.210%*%*
(0.02) 0.02)  (0.02)

Male 0.070%%*  0.074***  0.069%** 0.068***
(0.02) (0.02) (0.02) (0.02)
Urban 0.000 0.000 0.000 0.000
(0.00) (0.00) (0.00) (0.00)

Literacy 0.105%%*  0.116%**  0.098*** (.099***
(0.02) (0.02) (0.02) (0.02)
Electricity 0.036 0.037 0.034 0.035
(0.02) (0.02) (0.02) (0.02)

WJ Important 0.205%*%  (.138%** ().138***
(0.02)  (0.02)  (0.02)

Constant 0.608***  0.660*** 0.670*** 0.602*** 0.603*** 0.599%** (.353*** (.315%%* 0.277*** (0.270%**
(0.01)  (0.01)  (0.01)  (001)  (0.01)  (0.01)  (0.02)  (0.03)  (0.03)  (0.03)

N 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000
r2 0.317 0.290 0.289 0.318 0.318 0.318 0.388 0.368 0.398 0.398

Table A-7: With Province Fixed Effects



Table D.8: Trust Model with Province Fixed Effects

(1) (2)

()

(4)

(5)

(6)

Social Sanctions 0.267FFF  0.237FF*  (0.220%%*  0.226%** 0.181%FF (.179***
(0.04)  (0.04)  (0.04)  (0.03)  (0.03)  (0.03)
Vote-buying 0.077 0.034 0.052 0.005 -0.006 -0.004
(0.04)  (0.04)  (0.04)  (0.03)  (0.03)  (0.03)
Ethnic Attachment -0.109 -0.097 -0.090 0.036 0.050 0.072
(0.07)  (0.07)  (0.07)  (0.05)  (0.05)  (0.05)
Community Violencee 0.006 0.005 0.008 0.006
(0.04) (0.04) (0.03) (0.03)

WJ Important 0.122%*%  0.119** 0.160%**  (0.148***
(0.04)  (0.04) (0.03)  (0.03)

Services 0.203%**  (.190%** 0.246%%*  (,233***
(0.04) (0.04) (0.02) (0.02)
Male 0.087** 0.032
(0.03) (0.02)
Urban 0.000 0.000
(0.00) (0.00)

Literacy 0.072* 0.112%**
(0.03) (0.02)
Electricity 0.117%* -0.035
(0.04) (0.03)
Pashtun 0.032 0.016
(0.06) (0.04)

Constant 0.506%*%  0.339%**  (.189%** (.647*** (.382%** (.325%**
(0.02)  (0.03)  (0.05)  (0.01)  (0.03)  (0.04)

N 1111.000 1111.000 1111.000 1937.000 1937.000 1937.000
r2 0.515 0.548 0.564 0.355 0.422 0.434

Table A-8: Trust model with Province Fixed Effects

Interactions for Trust

In Table 3 we break apart the total survey sample by respondents who report that they trust their
neighbors (“Trust Sample”) and those who do not. In Table D.9, we re-run the models from Table 3
on the full sample but including an interaction variable for Social Sanctioning and Trust, Social
Sanctions*Trust. As the coefficients show, the effect of social sanctioning declines for people who
trust their neighbors, consistent with our results in Table 3 and Figure 2. The interaction term
demonstrates a reducing effect of trust on social sanctioning, although the interaction term falls just
below standard levels of significance. Because we think the theoretical concept most important to
capture here is the effect of social sanctioning in the trusting context, we report those results in Table

3.
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Table D.9 Trust Interactions

(1) (2) (3) (4)

Social Sanctions 0.258%** (. 257*%* (.221%%* (.213%**
(0.03)  (0.03)  (0.03)  (0.03)
Trust 0.086*** (0.085%**  (.067** 0.045%*

(0.02) (0.02) (0.02) (0.02)
Social Sanctions*Trust  -0.067 -0.066 -0.077 -0.073
(0.04) (0.04) (0.04) (0.04)

Vote-buying 0.027 0.006 0.014
(0.02) (0.02) (0.02)
Ethnic Attachment -0.025 -0.011 0.009
(0.04) (0.04) (0.04)
Community Violence -0.004 -0.007
(0.02) (0.02)

WU Important 0.144%**  (.135%**
(0.02) (0.02)

Services 0.227%%*  (.211%**
(0.02) (0.02)

Male 0.065%**
(0.02)
Urban 0.000
(0.00)

Literacy 0.098%**
(0.02)
Electricity 0.033
(0.02)
Pashtun 0.022
(0.03)

Constant 0.555%%%  (0.550%**  (0.342%** (. 247***
(0.02) (0.02) (0.02) (0.03)

N 3048.000 3048.000 3048.000 3048.000
r2 0.321 0.322 0.382 0.399
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MLE of Tables 4.1 and 4.2

We replicate our main analyses, using MLE.

Table D.10: Probit Model on Likelihood of Voting (Table 2), Marginal Effects

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9  Model 10

Social Sanctioning 0.258 0.259 0.257 0.242 0.206 0.246 0.214 0.206
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Vote-buying 0.019 0.016 0.016 0.034 0.024 0.007 0.007 0.017
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Ethnic Attachment -0.042 -0.072 -0.069 -0.06 0.007 0.016 0.021 0.024
(0.04) (0.04) (0.04) (0.04) (0.04) (0.04) (0.04) (0.04)

Community Violence -0.034 -0.021 -0.045 -0.052 -0.024
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02)

Wolesi Jirga Importance 0.255 0.145 0.147
(0.02) (0.02) (0.02)

Services 0.290 0.261 0.250
(0.02) (0.02) (0.02)

Male 0.079 0.073 0.073 0.079
(0.02) (0.02) (0.02) (0.02)

Urban 0.055 0.011 0.03 0.050
(0.02) (0.02) (0.02) (0.02)

Literate 0.124 0.145 0.126 0.119
(0.02) (0.02) (0.02) (0.02)

Electricity -0.006 0.026 0.015 -0.01
(0.02) (0.02) (0.02) (0.02)
Pashtun -0.148 -0.115 -0.117
(0.03) (0.03) (0.03)
Pseudo R2 0.0522  0.0002  0.0003  0.0533  0.054 0.0695 0.1692  0.1224  0.1715  0.1797

N 3048 3048 3048 3048 3048 3048 3048 3048 3048 3048

Marginal effects of probit regression. Robust standard errors clustered by PSU (polling center)
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Table D.11: Probit Model of Community Trust (Table 3)

Model 1_Model 2 Model 3 Model 4 Model 5 Model 6

Social Sanctioning _ 0.355  0.325 _ 0.316  0.198  0.152 _ 0.151
(0.03)  (0.03)  (0.04)  (0.02)  (0.02)  (0.02)
Vote-Buying 0.088 0053 0069  -0.028 -0.023  -0.014
(0.04)  (0.04)  (0.04)  (0.03)  (0.03)  (0.03)
Ethnic Attachment  -0.096  -0.053  -0.014  -004 0011  0.043
(0.07)  (0.07)  (0.07)  (0.05)  (0.05)  (0.04)

Community Violence -0.087 -0.062 -0.013 0.002
(0.04)  (0.04) (0.03)  (0.03)
W.J Importance 0.125 0.120 0.161 0.156
(0.04)  (0.04) (0.03)  (0.03)
Services 0.294 0.279 0.247 0.229
(0.03) (0.03) (0.02) (0.03)
Male 0.124 0.044
(0.04) (0.02)
Urban 0.064 0.037
(0.04) (0.03)
Literate 0.095 0.132
(0.04) (0.02)
Electricity 0.052 -0.043
(0.04) (0.02)
Pashtun -0.139 -0.086
(0.04) (0.03)
Trust Sample? No No No Yes Yes Yes
Pseudo R2 0.082 0.1707 0.2077 0.0379 0.1314 0.1581
N 1111 1111 1111 1937 1937 1937

Marginal effects of probit regression. Robust standard errors clustered by PSU (polling center)
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Ethnic Attachment Robustness Checks

To account for a more restrictive definition of Ethnic Attachment, in Table D.12, respondents’ ethnic
attachment, Moderate Ethnic Attachment, is coded to = 1 for respondents that identify more (or only)
with their ethnicity. Those who identify equally with their ethnicity and being an Afghan and those
who feel only Afghan or more Afghan than their ethnicity are coded =0 as non-ethnic identifiers.
Results with this expanded definition do not change from Table 2.

83



Table D.12: Table 2 replicated, with robust definition of Ethnic Attachment

(1) (2) 3) (4) (5) (6) (7) (8) ) (10)
vote vote vote vote vote vote vote vote vote vote

Social Sanctions 0.217*** 0.217**  0.217**> 0.217**  0.172***  0.191***  0.167***  0.167***
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
Vote-buying 0.035 0.030 0.030 0.030 0.023 0.026 0.017 0.017
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
Ethnic Identifier (Moderate) -0.006 0.007 0.007 0.007 0.023 0.017 0.023 0.022
(0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02) (0.02)
Community Violence -0.002 -0.011 -0.001 -0.007 -0.008
(0.02) (0.02) (0.02) (0.02) (0.02)
Pashtun 0.009 0.016 0.019
(0.03) (0.03) (0.03)

Services 0.244*** 0.211***  0.211***
(0.02) (0.02) (0.02)

Male 0.069***  0.074***  0.068***  0.068***
(0.02) (0.02) (0.02) (0.02)
Urban 0.000 0.000 0.000 0.000

() () () ()

Literacy 0.106***  0.117***  0.099***  0.100***
(0.02) (0.02) (0.02) (0.02)
electricity 0.037 0.037 0.034 0.035
(0.02) (0.02) (0.02) (0.02)

WJ Important 0.205***  0.137**  0.138***
(0.02) (0.02) (0.02)

Constant 0.608***  0.660***  0.670*™*  0.599***  0.599***  0.596***  0.345***  0.309***  0.270***  0.264***
(0.01) (0.01) (0.01) (0.01) (0.01) (0.02) (0.02) (0.03) (0.03) (0.03)

N 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000 3048.000
r2 0.317 0.290 0.289 0.318 0.318 0.318 0.389 0.368 0.398 0.398
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Author Documentation of Election Day

Figure D.2: Polling Location (Source: Author’s Photo)
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Panel D: Voters quene outside of female polling location (Kabui)
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Panel E: Entrance to polling center (security gnards checking voters’ registration cards to allow entry), Kabul
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Figure D.3: Party agent and community residents consult posted tally day after election, Kabul (Source: Author’s
Photo)
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Figure D.4: Inking of Afghan voter’s finger (Source: UNAMA/ Fardin W aezi)
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Appendix II: Agent Based Model

Appendix E. Agent Based Model Overview

E.1 Overview

We derive our predictions on the drivers and relative levels of turnout formally using an Agent-Based
Model (ABM). As a complement to our less technical treatment of the model in text Section 2, this
Appendix E provides readers a better guide to the structure and parameters of the ABM. The appendix
includes the expected utility calculations used by the agents, the default settings, and a discussion of
each parameter, as well as a more in-depth discussion of the predictions of the model. We divide this
appendix into two sections. In the first, we give a brief overview of the method and illustrate the
simulations that produce the hypotheses we describe in the main text Section 2 and that we test in
Sections 3 and 4. In the second, we more specifically discuss details of the model and initial parameter
settings.

E.2 Description of the Model

We use an Agent-Based Model (ABM) of cooperation to manipulate the basic Prisoner's Dilemma
setup described in Table 1 (in text). As described by Axelrod (1997), agent-based modeling provides
a way to perform thought experiments. The discussion here is intended for those interested in how
we derived our predictions. In our approach, most of the propositions are fairly intuitive when
thinking about groups of actors who are incentivized to solve cooperation problems like those faced
by voters, but the simulations serve as a way to verify the underlying intuition. The ABM allows us to
introduce the role of population dynamics and individuals’ reputations within the population as key
characteristics that increase or decrease cooperation (Jung and Lake 2011a). These characteristics may
include payoffs to the game, individuals’ beliefs about the population, and affective ties of
membership.

We model turnout as a problem of cooperation first, and only secondarily a problem of
coordination. This dynamic is captured in a prisoner's dilemma-like framework, where ideal points are
taken into account. Patterns of agent cooperation and coordination within a population faced with
prisoner’s dilemma ordered payoffs is analogous to voter turnout, especially since individuals have
incentives to free-ride, as they will enjoy the benefits of distribution regardless of whether or not they
turn out. Voters also prefer to turn out with others with whom they have strong ties. We are agnostic
as to the source of these ties (they may be ethnic, social, partisan, or ideological). To capture this
concept of affective ties theoretically, we subtract a weighted penalty from the benefits to mutual
turnout. Effectively, this means that cooperation/turnout with people who are unlike a voter on this
dimension provides less utility than cooperation/turnout with people who ate similat to a voter in this
regard.

Our ABM generated hypotheses follow insights as in Jung and Lake (2011a). A population of
voters face a decision to turn out or stay home summarized in Figure E.1. Their payoffs are ordered
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according to the classic prisoner’s dilemma. These voters face the cooperative dilemma summarized
above and will pay various costs to turnout.

Voter 2

Turnout Stay home
Voter 1 Turnout 3k, 3k 05
Stay home 50 1

Figure E.1 Default payoffs for turnout simulations

We simulate 100 agent populations where we look at the population effects of pairwise
interactions to cooperate (Turn out) or defect (Stay home), where agents face varying incentives and
costs to voting in the face of social sanctions, vote buying, and ethnic attachments. Agents seeking
mechanisms to overcome cooperation problems can make use of weak political parties, social
networks, as well as the payoffs for cooperation. Here, the basic model of cooperation reflects a
comparative lack of partisanship and institutionalized parties, similar to the discussion of our case of
Afghanistan (Section 4)." In each simulation we look at the cooperation rates in the population.
Because we view cooperation as analogous to turning out to vote, these correspond to simulated
turnout rates in the population. Each prediction results from varying the basic incentives to turn out
or stay home. We present comparative statics that sweep these parameters from low to high and track
turnout in that population. The default settings reflect a weak party infrastructure as well as a relatively
low level of partisanship, similar to other emerging democracies.

Social sanctioning

Within the prisoner’s dilemma setup described in Table 1, we conceptualize an environment with
social sanctioning as one in which there are increasingly negative payoffs from a lack of community
investment in public goods. The modeling framework allows us to decrement the payoffs for mutual
defection over multiple iterations of the simulation and track the rate at which agents (voters)
cooperate. Figure E.2 shows the turnout on the y-axis as social sanctions for not voting increase (or
the DD payoff becomes worse, read from right to left). Like the figures below, this is a comparative
static result.

13 The single non-transferable vote with large district magnitudes has impeded a lack of political party development in
Afghanistan, and nearly all candidates run as independents. Therefore, there is no de facto level of partisanship among
Afghan voters (see Section 4). But even in Ghana with a consolidated two-patty system, expressed levels of partisanship
by survey respondents were still low (see Section 3).
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Moving from right to left, the graph demonstrates that turnout increases dramatically as the
threat or perception of negative payoffs for staying home increases. Conversely, as those penalties
become less costly, turnout decreases significantly, leaving mainly strong partisans. Indeed, the net
payoff to such an outcome need only be slightly less than what they would otherwise get from not
voting to induce dramatic increases in predicted turnout. Social sanctions of this sort therefore need
not be particularly costly to deliver to have a dramatic effect. We therefore argue that the social
sanctioning mechanism is an important predictor for explaining the expressed levels of turnout

witnessed in new democracies.
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Figure E.2. Turnout levels as penalties for not participating become increasingly large
[note: Seed 738623: DD payoff decremented from1.0 by 0.1 over 20 increments. Smoothed]

Ethnic attachment

Figure E.3 simulates the turnout obtained by increasing the weight on affective ties of group
membership from strong feelings of ethnic identity. Mechanically, this is equivalent to subtracting the
weighted difference between agents’ randomly assigned ideological/ethnic values. Theoretically, the
larger the weight on the difference that gets subtracted from any cooperative outcome should decrease
turnout rates. These comparative static results show that high values on the salience on these affective
components should in fact slightly dectrease cooperation/turnout, or localize it. Essentially, when the
costs to cooperate with people whose ideal points are distant from their own increase, cooperation in
the population is not significantly affected; people are only willing to cooperate with those who are
ethnically very similar. This could result in pockets of cooperation when the affective ties/ethnic
groups are geographically concentrated, but what we see below is that even large increases in the
salience of identity does not seem to affect turnout. Specifically, a stronger attachment to one’s ethnic

group does not seem to affect turnout (cooperation).
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Figure E.3 Cooperation/Turnout as the strength of identity increases.
[Note: Seed 274625. Ideology incremented from 0 by 0.1x20]

Vote-Buying

Vote-buying includes the expectation of a tangible good provided by a party or candidate in exchange
for turning out, like money or a gift. Within the framework of the prisoner’s dilemma, this is equivalent
to adding to the voter’s expected payoff for turning out, or increasing the payoff for mutual
cooperation. Figure E.4 below illustrates changes in level of turnout created by simulating increases
in the benefits to mutual cooperation (delivering vote-buying). Figure E.4 shows the comparative
static results of moving both up and down from the standard payoff of 3, in increments of 0.2. These
increases in the payoffs (along the x-axis) produce dramatic results in the predicted level of turnout,
but only as the payoffs for mutual turnout become increasingly large compared to the status quo
benefits to turnout.

Immediately we can see that payoffs need to be unreasonably high to obtain participation
above what is observed in our cases and many emerging democracies. Essentially, ceteris paribus, an
added payoff of about 1.0 unit, or half of the expected long-term communal returns to turnout, would
be needed to achieve high levels of cooperation driven by vote-buying. The credibility of nascent
parties in emerging democracies to have the resources available to offer incentives large enough to
offset the disincentives to vote seems questionable. Additionally, as we discuss in the main text, the
human and physical infrastructure to target and identify cooperative voters, monitor their behavior,
and deliver these rewards seems lacking. Therefore, we do not think that vote-buying alone, or any
marginal payouts through vote-buying, explains increasing levels of turnout for the marginal voter.
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Figure E.4: Cooperation/Turnout as benefits to mutual cooperation increase (vote-buying)
[Notes: Seed: 7954. CC payoff incremented from 3.0 by 0.1 over 20 increments. Smoothed|]

E.3 Additional Details and Initial ABM Settings

In this portion of the appendix, we outline the ABM’s mechanics (rather than the results) in greater
detail. We discuss the types of agents, the setup of the simulations, expected utility calculations, and
the default parameters.

Voters, as agents, play a prisoner’s dilemma (PD) in which they have an assigned strategy: all
cooperate (ALLC), all defect (ALLD) or tit-for-tat (TFT). Agents also have an individual ideal point
[0,1]. This is designed to capture the idea that not all cooperative actions are created equal; two agents
on the far left may view mutual cooperation as more beneficial than one of those agents will feel
cooperation with an agent on the far right will be. To capture this, instances of mutual cooperation
can be thought of as conducted at the midpoint of the two players’ ideological preferences. This
weighted difference is subtracted from the payoff for cooperation.

The model begins with user specification of the parameters. Payoffs are set. Each of the four
outcomes of a PD (i.e., CC, CD, DC, and DD) is specified. In our model, higher payoffs to the CC
outcome are analogous to positive psychological benefits that an individual feels from voting their
identity or otherwise support their “duty” to vote. They may also be akin to the tangible benefits from
voting, such as personalistic goods received through vote-buying. We think of the CC outcome as
occurring when an individual and the randomly selected member of her community both turn up at
their polling station. The CC outcome should indicate investment in the collective goods. Additionally,
worse payoffs for not voting, the DD outcome, are analogous to a social punishment from not voting,
in which case sanctioning from community members drives cooperation. The DD outcome occurs
when an individual actor defects against a randomly chosen member of her community, who also
defects. This community has minimal investment in collective goods. The CD and DC payoffs are the
situations in which free-riding takes place: either the individual or its community fails to invest,

producing a socially suboptimal investment.
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Next, we set the population of actors. The number of actors of each strategy type is allocated
to determine the predisposition to cooperation. “Nice” populations are populated predominantly with
ALLC and TFT agents, while “nasty” populations are heavy on ALLD strategy types.

The affective spread is set, but for these examples we do not deviate from a normally
distributed population centered at 0.5. The weight on affective ties is also set. The higher the weight,
the less attractive cooperation with an “unlike” agent becomes. The focus on ethnicity is analogous to
the discussion of strong ideological and/or partisan attachments found in the literature that may drive
voting from a sense of duty to one’s group or achieving psychological benefits from voting. Setting
this dynamic allows us to incorporate psychic explanations for cooperation as a baseline for
determining turnout given hardcore partisans.

To examine turnout, we look at the default rate of cooperation in the population. Some players
will be predisposed to cooperate. Secondly, we will look at the observed cooperation rate in this
simulated world.

Agents begin the simulation randomly paired and playing their default strategy for a set
number of rounds to gather some sense of the population they are in: is it nice or nasty, are their
beliefs relatively moderate, or are they assessed heavy penalties for defection? These beliefs will
continue to be updated as voting is iterative, even though agents (voters) have some baseline beliefs
that aid their decision-making. In the case of voting, this could arise from witnessing turnout in
previous elections.

After the short learning phase, agents are given the option of leaving the standard PD to join
either a network or a hierarchy. The network allows them to buy information about another player;
essentially to find out if the person they are paired with in the next round is likely to cooperate or
defect, and if they are likely to have to pay a heavy penalty ideologically for playing this person. The
fee is exogenously set. Communities, such as villages in Afghanistan or Kenya clustered around village
focal points that serve as polling stations, are analogous to potential networks of this kind.

The hierarchy is a way for agents to buy third party enforcement to mandate cooperation
among member players. Joining this organization mandates cooperation among members. If an agent
is paired with another member of the hierarchy in a round, it cooperates at the mandated rate, or is
assessed a penalty for suckering someone in its organization. A large number of players using this
form of organization will increase the cooperation rate in the population, particularly if these players
are ALLD types. Hierarchies are exogenously created, at a specified ideal point (at which cooperation
takes place), with a known rate of induced cooperation and penalty. Here, they are analogous to
political parties or ethnic organizations.

After players have chosen their organization, they play a randomly chosen member of their
community according to their strategy as well as their organizational choice.

Expected Ultility Calculations

This section defines and explains the expected utility calculations that agents make when deciding to
join a market, hierarchy, or network. In addition to the user-defined parameters summarized in Table
E.1, agents are defined by their probability of cooperation (y), which is either fixed (ALLC y =1 and
ALLD y = 0) or variable (TFT y = 0 or 1). For purposes of calculating an agent’s expected utility (as
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opposed to the actual payoffs defined above in the text), k; = w(| pi-p | /2), whete p is the agent’s belief
(continuously updated) about the mean ideal point of the population. For the hierarchy, ki, = w|pps|:

In addition, the following endogenous variables are created and updated as the simulation unfolds:
® the agent’s belief about the cooperation rate of the population
® proportion of the population the agent has not already played

For each agent

Expected Utility in the Market (1)

The payoff for a market interaction is essentially the probability of getting each outcome based on the
probability that the actor itself will cooperate (determined by their strategy type) multiplied by the
probability that they believe their opponent will cooperate (determined by their beliefs about the
cooperation rate in the population).

M = (vBR = kij) +vS(1=B)+ BT(1—~)+ P(1—v)(1-B) (1)

Expected Utility in the Network for Fixed Strategy Players (2)

M-¢ (2)

Expected Utility in the Network for Contingent Strategy Players (3)

The value of the network is essentially the likelihood that the player receives information about its
current partner that changes its behavior (in most cases to prevent being suckered, or receiving the
CD payoff) plus the likelihood it does not, less the fee imposed to join the network and gain

information (¢).

- I(Z Ba")(BR - kyj) + P(1 - B)|+ M1 — o) — ¢ (3)
=1

ol

n

Expected Utility in the Hierarchy (4)
The utility for entering a hierarchy will depend on the proportion of the population in the hierarchy
the player will join (0), weighed against the likelihood of cooperation within the hierarchy (¢), the

punishment for defection (»), the tax rate (T) and the ideal point of the hierarchy (Py)

0{(¢°R — ki) +qS(1 —q) + [qT(1 —q) —v] + [P(1 —q)* =]} —(1 - )M — 7 (4)

Agents choose that organization with the highest expected utility in each round. Actual payoffs may
differ from expected payoffs for any individual agent, but on average will be equal.
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Table E.1 Default parameter values for simulations
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Parameter | Symbol | Desecription Default Value
General
Increments Times the simulation is run incrementing | 20
a parameter
Repetitions Times the identical simulation is repeated | 5
with different random seeds
Rounds Number of rounds of play 20
Mean for Distribution of actors’ policy preferences | 0.5
ideal point in population
Weight on | W Weight on policy preferences 1.0
ideal
Learning Set as either number of rounds or popu- | 10 rounds
rounds lation convergence to within a proportion
of the true population mean
Agents 100
(Total)
All Cooper- Number of actors of type always cooperate
ate
All Defect Number of actors of type always defect
TFT Number of actors playing tit-for tat strat-
egy
Payofts
R R Payoff for CC outcome 3
S S Payoff for CD outcome 0




Parameter | Symbol | Deseription Default Value

T T Payoff for DC outcome 5

P P Payoff for DD outcome 1

Hierarchy

Initial size | @ Proportion of the population in hierar- | 10
chy. In first round of play, this variable is
set exogenously; after the first round, this
variable is endogenous and defined as the
number of players in the previous round.

Penalty V Penalty for defection within the hierarchy | 0.5

Prob of Co- Rate at which the agents cooperate with | 0.99

operation other agents in the hierarchy

Tax T Tax assessed on members of the hierarchy | 0.2

Ideal point | pp Ideal point of the hierarchy 0.5

Network

Cost & Fee for joining the network 0.2

Width a Number of past cooperative partners each | 3
agent i can ask for information about
agent j

Depth L Number of levels agent i can survey 3

Memory mn How many past moves each agent remem- | 5

bers within the network




References and Related Works

Abrahamsen, R, and G Bareebe. 2021. “Uganda’s Fraudulent Election.” Journal of Democracy 32(2):
90-104.

Adedeji, JL. 2001. “The Legacy of JJ Rawlings in Ghanaian Politics, 1979-2000.” African Studies
Quarterly 5(2): 1-27.

Africa Eye .2021. “The ultra-violent cult that became a global mafia” BBC World Service 13
December 2021 https://www.bbc.com/news/wotld-africa-59614595.

Ajulu, R. 2002. “Politicised Ethnicity, Competitive Politics and Conflict in Kenya: A Historical
Perspective.” African Studies 61(2): 251-68.

Al-Jazeera 2019. Voter turnout falls sharply in Afghan presidential election. November 29, 2019.
https:/ /www.aljazeera.com/news/2019/9/29 /votet-turnout-falls-sharply-in-afghan-
presidential-election

Alesina, A, and EL Ferrara. 2002. “Who Trusts Others?” Journal of public economies 85(2): 207-34.

Alizada, N et al. 2021. Democracy Report 2021: Autocratization Turns 1iral. Gothenburg: V-Dem
Institute.

Alvarez, RM, SD. Hyde and Thad E. Hall. Election Fraud: Detecting and Deterring Electoral Manipulation.
Brookings Institution Press, 2009.

Amankwaah, C. 2013. Election-Related Violence: The Case of Ghana. Nordiska Afrikainstitutet.

Angrist, |D., and | Pischke. 2008. Mostly Harmless Econometrics: An Empiricist’s Companion. Princeton
university press.

Arriola, LR. 2012. Multi-Ethnic Coalitions in Africa: Business Financing of Opposition Election Campaigns.
Cambridge University Press.

Asia Foundation. 2019. A Survey of the Afghan People 2019. San Francisco: The Asia Foundation.

Atkinson, MD., and A Fowler. 2014. “Social Capital and Voter Turnout: Evidence from Saint’s Day
Fiestas in Mexico.” British Journal of political science: 41-59.

Axelrod, R. 1997. The Complexity of Cooperation: Agent- Based Models of Competition and Collaboration.
Princeton University Press.

Baldwin, K. 2016. The Paradox of Traditional Chiefs in Democratic Africa. Cambridge University Press.

Banerjee, Mukulika. 2007. “Sacred Elections.” Economic and Political Weekly 42(17): 1556—62.

Barfield, T. 2010. Afghanistan: A Cultural and Political History. Princeton University Press.

Barkan, J. 1976. “Comment: Further Reassessment of ‘Conventional Wisdom:” Political Knowledge
and Voting Behavior in Rural Kenya.” American Political Science Review.

1997. “African Elections in Comparative Perspective.” In Elections: Perspectives on Establishing
Democratic Practices, United Nations Department for Development Support and Management
Services, 3-27. https://digitallibrary.un.org/record /247744 /files/ST_TCD_SER.E_31-
EN.pdf.

Bates, R. 1983. “Modernization, Ethnic Competition, and the Rationality of Politics in
Contemporary Africa.” In State VVersus Ethnic Claims: African Policy Dilemmas, Eds. Rothchild
and Olorunsola, Westview Press.

2005. Beyond the Miracle of the Market: The Political Economy of Agrarian Development in Kenya.
Cambridge University Press.

14 Although the References section in the main text corresponds to all direct in-text references and quotations, space
limitations in the main text required by the Cambridge Elements seties prevented us from including much of the work
that contributed to this project. We have decided to include a longer bibliography of references and related work here for
that reason.

99



BBC 2008. “T'svangirai Rejects ‘Sham’ Ballot.” http://news.bbc.co.uk/2/hi/africa/7478399.stm.

_.2013.  “Queues as Kenyans go to the polls in crucial election”

https:/ /www.bbc.com/news/wotld-africa-21651267

.2016. “Ghana elections: Long queues in tight presidential poll”

https:/ /www.bbc.com/news/wotld-africa-38228005

Bauer, M et al. 2016. “Can War Foster Cooperation?” Journal of Economic Perspectives 30(3): 249—74.

BBC News. 2008. “T'svangirai Rejects ‘Sham’ Ballot.”
http://news.bbe.co.uk/2/hi/africa/7478399.stm.

Beaulieu, E. 2014. Electoral Protest and Democracy in the Developing World. Cambridge University Press.

Beaulieu, E. and SD Hyde. 2009. “In the shadow of democracy promotion: strategic manipulation,

international observers and election boycotts” Comparative Political Studies 42(3): 392-415.

Bekoe, DA., and SM. Burchard. 2017. “The Contradictions of Pre-Election Violence: The Effects of
Violence on Voter Turnout in Sub-Saharan Africa.” African Studies Review 60(2): 73-92.

Bekoe, D. 2012. “Voting in Fear: Electoral Violence in Sub-Saharan Africa.” In 1Votes, Money and
Violence: Political Parties and Elections in Sub-Sabaran Africa, United States Institute of Peace, 21—
33.

Bellows, J, and E Miguel. 2009. “War and Local Collective Action in Sierra Leone.” Journal of Public
Economics 93(11-12): 1144--1157.

Berman, E. 2011. Radical, Religions and Violent: The New Economics of Terrorism. MIT Press.

Berman, E., M. Callen, C. Gibson, J. Long and A. Rezaee.. 2019. “Election Fairness and
Government Legitimacy in Afghanistan.” Journal of Economic Bebavior & Organization 168:
292-317.

Berman, E, JH. Felter, and JN. Shapiro. 2018. Swall Wars, Big Data: The Information Revolution in
Modern Conflict.

Berman, E, JH Felter, JN. Shapiro, and E Troland. 2013. “Modest, Secure, and Informed: Successful
Development in Conflict Zones.” American Economic Review 103(3): 512--517.

Berrebi, C, and EF. Klor. 2008. “Are Voters Sensitive to Terrorism? Ditect Evidence from the
Israeli Electorate.” The American Political Science Review 102(3): 279-301.

Besley, T, S Coate, and G Loury. 1993. “The Economics of Rotating Savings and Credit
Associations.” The American Economic Review 83(4): 792-810.

Besley, T, and P Torsten. 2011. Pillars of Prosperity: The Political Economics of Development Clusters.

Birch, S. 2010. “Perceptions of Electoral Fairness and Voter Turnout.” Comparative Political
Studies 43(12): 1601-1622.

. 2020. Electoral Violence, Corruption, and Political Order. Princeton University Press.

Bjorkman M and ] Svensson. 2009. “Power to the people: evidence from a randomized field
experiment on community-based monitoring in Uganda” Quarterly Journal of Economics
124(2):735-769

Bjornlund, E. 2004. Beyond Free and Fair: Monitoring Elections and Building Democracy. Woodrow Wilson
Center Press.

Blair, RA. 2021. “Civil War and Citizens’ Demand for the State: An Empirical Test of Hobbesian
Theory.” British Journal of Political Science: 1-21.

Blaise, A. 2000. To Iote or Not to 1ote: The Merits and Limits of Rational Choice Theory. Pittsburgh Univ.
Press.

Blattman, C 2009. “From Violence to Voting: War and Political Participation in Uganda.” Awerican
Political Science Review 103(02): 231--247.

100



Blattman, C, Mathilde E, and N Fiala (2018) “Do Anti-Poverty Programs Sway Voters? Experimental
Evidence from Uganda” The Review of Economics and Statisties (2018) 100 (5): 891-905.

Blattman, C, H Larreguy, B Marx, and OR. Reid. 2019. Eat Widely, 1 ote Wisely? Lessons from a
Campaign Against 1ote Buying in Uganda. National Bureau of Economic Research. Working
Paper. https://www.nber.otg/papers/w26293

Blaydes, L. 2010. Elections and Distributive Politics in Mubarak’s Egypt. Cambridge University Press.

Boamah, F. 2014. “How and Why Chiefs Formalise Land Use in Recent Times: The Politics of Land
Dispossession through Biofuels Investments in Ghana.” Review of African Political Economy
41(141): 406-23.

Bogaards, M. 2013. “Political Parties.” In Routledge Handbook of African Politics, eds. Nic Cheeseman,
David M. Anderson, and Andrea Scheibler. Routledge, 265-74.

Boone, C. 2003. Political Topographies of the African State: Territorial Authority and Institutional Choice.
Cambridge University Press.

Boulding, CE. 2010. “NGOs and Political Participation in Weak Democracies: Subnational

Evidence on Protest and Voter Turnout from Bolivia” The Journal of Politics 72(2)

. 2014. NGOs, Political Protest, and Cipil Society Cambridge University Press.

Boulding, C, and C Holzner. 2021. Voice and Inequality: Poverty and Political Participation in Latin

American Democracies. Oxford, New York: Oxford University Press.
Branch and Mampilly 2005. “Winning the war, but losing the peace? The dilemma of SPLM/A civil

administration and the tasks ahead” The Journal of Modern African Studies 43(1):1-20

Bratton, M. 1998. “Second Elections in Africa.” Journal of Democracy 9(3): 51—60.

Bratton, M, and MS. Kimenyi. 2008. “Voting in Kenya: Putting Ethnicity in Perspective.” Journal of
Eastern African Studies 2: 272--289.

Bratton, M, R Mattes, and E Gyimah-Boadi. 2005. Public Opinion, Democracy, and Market Reforn in
Africa. Cambridge University Press.

Bratton, M, and N van de Walle. 1997. Democratic Experiments in Africa: Regime Transitions in
Comparative Perspective. Cambridge University Press.

Brietley, S, and G Ofosu. 2016. “9 Things You Should Know about Ghana’s Election.” Washington
Posthttps:/ /www.washingtonpost.com/news/monkey-cage/wp/2016/12/07 /nine-things-
you-should-know-about-ghanas-election/

Brusco, V, M Nazareno, and Stokes. 2004. “Vote Buying in Argentina.” Latin American Research
Review 39(2): 66-88.

Burbidge, D. 2014. ““Can Someone Get Me Outta This Middle Class Zone?!” Pressures on Middle
Class Kikuyu in Kenya’s 2013 Election.” The Journal of Modern African Studies 52(2): 205-25.

Burchard, S. 2015. Election Violence in Sub-Saharan Africa: Causes and Consequences. Lynne Rienner
Publishers

Burgess, R et al. 2015. “The Value of Democracy: Evidence from Road Building in Kenya.”
American Economic Review 105(6): 1817-51.

Byarugaba, F. 2003. “Bunyoro Voters Wary og ‘Unholy’ Alliances in 1996 Elections,” in Makara eds

Voting for Democracy in Uganda.

Callen, M, CC. Gibson, DF. Jung, and JD. Long. 2016. “Improving Electoral Integrity with
Information and Communications Technology.” Journal of Experimental Political Science 3(1): 4—
17.

Callen, M, M Isaqzadeh, JD Long, and C. Sprenger. 2014. “Violence and Risk Preference :
Experimental Evidence from Afghanistan.” American Economic Review 104(1): 123--148.

Callen, M, and JD. Long. 2015. “Institutional Corruption and Election Fraud: Evidence from a Field

101



Experiment in Afghanistan.” American Economic Review 105(1): 354-81.

Cammett, M, and L. MacLean. 2014. The Politics of Non-state Social Welfare The Politics of Non-State
Social Welfare. Cornell University Press.

Carey, JM., and MS Shugart. 1995. “Incentives to Cultivate a Personal Vote: A Rank Ordering of
Electoral Formulas.” Electoral studies 14(4): 417-39.

Carlson, E. 2015. “Ethnic Voting and Accountability in Africa: A Choice Experiment in Uganda.”
World Politics 67(2): 353—85.

Carreras, M, and N Castafieda-Angarita. 2014. “Who Votes in Latin America? A Test of Three
Theoretical Perspectives.” Comparative Political Studies 47(8): 1079—1104.

The Carter Center n.d.: “Voter Identification Requirements,”
https:/ /www.cartercenter.org/resources/pdfs/peace/democracy/des/voter-identification-
requirements.pdf

CDD-Ghana and CODEO. 2016. Educating the Public on 1 oting on Policy Issues: Reducing 1V ote Buying in
Election 2076. The Ghana Center for Democratic Development and The Coalition of
Domestic Election Obsetvers.https://www.codeoghana.org/assets/downloadables/ CDD-
GHANA_CODEOY%20PRELIMINARY%20STATEMENT%200N%20VOTE%20BUY1
NG.pdf.

Chabal, P., and JP Daloz. 1999. Africa Works: Disorder as Political Instrument. Indiana University Press.

Chacha, BK. 2010. “Pastors or Bastards? The Dynamics of Religion and Politics in the 2007 General
Elections in Kenya.” In Tensions and Reversals in Democratic Transitions: The Kenya 2007 General
Elections, eds. K Kanyinga and D Okello. Society for International Development and
Institute for Development Studies, 101-38.

Chandra, K. 2004. Why Ethnic Parties Succeed. Cambridge University Press.

Chawla, N. 2015. “The Naxal Challenge to Electoral Process.” The Hindu.

Cheeseman, N, GLynch, and ] Willis. 2021. T’he Moral Economy of Elections in Africa: Democracy, 1 oting
and Virtue. Cambridge University Press.

Cheeseman, N, and S Shisuwa. 2020. “Democracy.” African Studies Review.

Chege, M. 2018. “Kenya’s Electoral Misfire.” Journal of Democracy 29(2): 158-72.

Chopra, T. 2008. Building Informal Justice in Northern Kenya. Nairobi: World Bank and Legal Resources
Foundation Trust. https://openknowledge.wotldbank.org/handle/10986/12602.

Sheptak, Russell. 2013. “Honduras Election: How Votes Are Counted... Counts” Christian Science
Monitor November 21, 2013 https://www.csmonitor.com/World/Americas/Tatin-America-
Monitor/2013/1121/Honduras-election-How-votes-are-counted-counts

Coburn, N. 2010. Connecting with Kabul: The Importance of the Wolesi Jirga Election and Local Political

Networks in Afghanistan. Afghanistan Research and Evaluation Unit.

https://crossettlibrary.dspacedirect.org/bitstream/handle/11209/10478 /2010_Coburn_AR

EU_Connecting%20with%20Kabul.pdf?sequence=1&isAllowed=y.

. 2016. Losing Afghanistan Losing Afghanistan: An Obituary for the Intervention. Stanford

University Press.

https:/ /www.degruyter.com/document/doi/10.1515/9780804797801 /html (June 20, 2021).

Coburn, N, and A Larson. 2013. Derailing Democracy in Afghanistan. Columbia University Press.

Cohen, DK, DF Jung, M Weintraub. 2023. “Collective Vigilantism in Global Comparative
Perspective” Comparative Politics 55(2):239-261

Commonwealth Observer Group, 2011. “Uganda Presidential and Parliamentary Elections 2011
https://aceproject.org/ero-en/regions/africa/ UG /uganda-interim-statement-presidential-
and-1

Collier, P, and PC. Vicente. 2012. “Violence, Bribery, and Fraud: The Political Economy of
Elections in Sub-Saharan Africa.” Public Choice 153: 117--147.

102



Commissions of Inquiry - CIPEV Report (Waki Report). 2008. Truth, Justice, and Reconciliation
Commission. Government Documents and Regulations.

Condra, LN. et al. 2019a. “Clerics and Scriptures” British Journal of Political Science 49 (2), 401-19

Condra, LN. et al. 2019b. “Damaging Democracy? Security Provision and Turnout in Afghan
Elections.” Econonics & Polities 31(2): 163-93.

Condra, LN., JD. Long, AC. Shaver, and AL. Wright. 2018. “The Logic of Insurgent Electoral
Violence.” American Economic Review 108(11): 3199-3231.

Conroy-Krutz, ], and C Logan. 2012. “Museveni and the 2011 Ugandan Election: Did the Money
Matter?” The Journal of Modern African Studies: 625-55.

Cookman, C. 2020. Assessing Afghanistan’s 2019 Presidential Election. United States Institute of Peace.
https:/ /www.usip.otrg/sites/default/files /2020-08/pw_166-
assessing_afghanistans_2019_presidential_election-pw.pdf.

Cox, G. 1997. Making V'otes Count: Strategic Coordination in the World’s Electoral Systems. Cambridge
University Press.

Crawford, B, and A Lijphart. 1995. “Explaining Political and Economic Change in Post-Communist
Eastern Europe: Old Legacies, New Institutions, Hegemonic Norms, and International
Pressures.” Comparative Political Studies 28(2): 171-99.

Crook, RC. 2003. “Decentralization and poverty reduction in Africa: the politics of local-central
relations” Public Adnrinistration and Development. 23(1):77-88

Dahir, AL. 2021. ““Tell Us If He’s Dead’: Abductions and Torture Rattle Uganda.” The New York
Times. https:/ /www.nytimes.com/2021/04 /11 /wotld/africa/uganda-election-
disappearances-museveni.html.

Dal Bo, P, A Foster, and L Putterman. 2010. “Institutions and Behavior: Experimental Evidence on
the Effects of Democracy.” American Econonric Review 100(5): 2205-29.

De Kadt, D, and HA. Larreguy. 2018. “Agents of the Regime? Traditional Leaders and Electoral
Politics in South Africa.” The Journal of Politics 80(2): 382-99.

Democracy International. 2011. Democracy International Election Observation Mission Afghanistan
Parliamentary Elections 2010. Technical Report.
http://democracyinternational.com/resoutces/ election-obsetrvation-missionto-afghanistan-
2010-parliamentary-elections-report/.

Desposato, S and E Scheiner. 2008. “Governmental Centralization and Party Affiliation: Legislator
Strategies in Brazil and Japan.” Awmerican Political Science Review 102(4): 509—24.

Daily Monitor 2017. “Age Limit: Police Block Bobi Wine Procession.” 2017. Daily Monitor.
https:/ /www.monitor.co.ug/uganda/news/national /age-limit-police-block-bobi-wine-
procession-1719270

Diamond, L. 1997. Civil Society and Development of Democracy. Instituto Juan March de Estudios e

Investigaciones

. 2015. “Facing Up to the Democratic Recession” Journal of Democracy 26(1): 141-155

Dickson, ES., and K Scheve. 2006. “Social Identity, Political Speech, and Electoral Competition.”
Journal of Theoretical Politics 18(1): 5-39.

Dimitrova-Grajzl, V, E Simon, and A Fischer. 2010. “Political Efficacy of Emerging Elites in Post-
Socialist Countries: The Impact of Disciplinary Culture and Political Opportunities.”
Transition Studies Review 17(4): 807-21.

Downs, A. 1957. An Economic Theory of Democracy. Harper & Row.

Dreier, SK. JD. Long, and S Winkler. 2020 “African, Religious, and Tolerant? How Religious
Diversity Shapes Attitudes Toward Sexual Minorities in Africa” Politics and Religion 13(2):273-
303

103



Graphic Online 2020. “Dumelo Wants Voting Halted at Polling Station over the Absence of
Indelible Ink.” 2020. Graphic Online. https:/ /www.graphic.com.gh/news/politics/dumelo-
wants-voting-halted-at-polling-station-over-the-absence-of-indelible-ink.html

Dupuy, B 2017. Kenyan Women Hold Election Sex Strike to Get Their Husbands to Vote Their
Candidate https://finance.yahoo.com/news/kenyan-women-hold-election-sex-

150801757 html

The Economist 2022. “Afghans are more pessimistic about their future than ever”

https:/ /www.economist.com/asia/2022/01/29/afghans-are-more-pessimistic-about-their-future-
than-ever

The Economic Times, 2018. “Restaurants in Pak offer free food deals to motivate people to vote”

https://economictimes.indiatimes.com/news/international/wotld-news/restaurants-in-pak-offer-
free-food-deals-to-motivate-people-to-vote/articleshow/65131762.cms

Economist Intelligence Unit. 2021. Democracy Index.
https:/ /www.eiu.com/n/campaigns/democracy-index-2021/

Eifert, B, E Miguel, and DN. Posner. 2010. “Political Competition and Ethnic Identification in
Africa.” American Journal of Political Science 54(2): 494--510.

Elections Observations Group (ELOG). 2013. The Historic Vote: ELOG Observation Report of
the General Elections 2013. Nairobi, Kenya (July 30). Available at: http://www .elog.ot.ke/.

Elgie, R, and C Fauvelle-Aymar. 2012. “Turnout under Semipresidentialism: First-and Second-Order
Elections to National-Level Institutions.” Comparative Political Studies 45(12): 1598—1623.

Erlich, A. 2020. “Can Information Campaigns Impact Preferences toward Vote Selling? Theory and
Evidence from Kenya.” International Political Science Review 41(3): 419-35.

Erlich, A., DF Jung, JD Long, C Mclntosh. 2018. “The double-edged sword of mobilizing citizens
via mobile phone in developing countries” Development Engineering 3:34-46.

Ewans, M. 2002. Afghanistan: A Short History of Its People and Politics. Harper Collins.

Fafchamps, M. 1992. Solidarity Networks in Preindustrial Societies: Rational Peasants with a Moral
Economy,” Economic Development and Cultural Change 41(1).

. 2003. Market Institutions in Sub-Saharan Africa: Theory and Evidence. MIT press.

Fearon, JD., and DD. Laitin. 1996. “Explaining Interethnic Cooperation.” AAPSR: 715-35.

Ferejohn, JA., and MP. Fiorina. 1974. “The Paradox of Not Voting: A Decision Theoretic Analysis.”
American Political Science Review 68(2): 525-306.

. 1975. “Closeness Counts Only in Horseshoes and Dancing.” Awserican Political Science Review

69(3): 920-25.

Ferree, K 2010. “The Social Origins of Electoral Volatility in Africa.” British Journal of Political Science
40(4): 759-79.

Ferree, KE. 2010. Framing the Race in South Africa: The Political Origins of Racial Census. Cambridge UP.

Ferree, KE., CC. Gibson, and JD. Long. 2014. “Voting Behavior and Electoral Irregularities in

Kenya’s 2013 Election.” Journal of Eastern African Studies 8(1): 153-72.

. 2021. “Mixed Records, Complexity, and Ethnic Voting in African Elections.” World

Development 141: 105418.

Ferree, KE., DF. Jung, RA. Dowd, and CC. Gibson. 2020. “Election Ink and Turnout in a Partial
Democracy.” British Journal of Political Science 50(3): 1175-91.

Ferree, KE, CC Gibson, DF Jung, ]D Long, C Mclntosh, AE Erlich. 2024. “How Technology Shapes
the Crowd: Participation in the 2014 South African Election” Economic Development and Cultural Change
72(4)

Ferree, KE., and JD. Long. 2016. “Gifts, Threats, and Perceptions of Ballot Secrecy in African
Elections.” African Affairs 115(461): 621-45.

104



Ferree, KE., GB Powell, and E Scheiner. 2014. “Context, Electoral Rules, and Party Systems.”
Annual Review of Political Science 17(1): 421-39.

Finan, F, and L Schechter. 2012. “Vote-Buying and Reciprocity.” Econometrica 80(2): 863-81.

France 24. 2019. https://www.france24.com/en/20190110-dt-congo-catholic-church-election-tally-
different-winner-tshisekedi-fayulu

Franklin, Mark N. 2004, 1oter turnout and the dynamics of electoral competition in established democracies since
1945. Cambridge University Press.

Frempong, A. 2001. “Ghana’s Election 2000: The Ethnic Under Current.” In Deepening Democracy in
Ghana: Politics of the 2000 Elections, Accra: Freedom Publications.

Fridy, KS. 2007. “The Elephant, Umbrella, and Quarrelling Cocks: Disaggregating Partisanship in
Ghana’s Fourth Republic.” African Affairs 106(423): 281-305.

Gachubhi, K. 2017. “Bars to Remain Closed on Elections Day.” The Standard.
https:/ /www.standardmedia.co.ke/rift-valley/article /2001250410 /bats-to-remain-closed-
on-elections-day.

Gecaga, MG. 2007. “Religious Movements and Democratisation in Kenya: Between the Sacred and
the Profane.” In Kenya: The Struggle for Democracy, eds. GR Murunga and SW Nasong’o.
London and New York: CODESRIA and Zed Books, 58—89.

Gerber, AS., and DP. Green. 2000. “The Effects of Canvassing, Telephone Calls, and Direct Mail
on Voter Turnout: A Field Experiment.” Awmerican Political Science Review 94(3): 653--663.

Gerber, AS., DP. Green, and CW. Larimer. 2008. “Social Pressure and Voter Turnout: Evidence
from a Large-Scale Field Experiment.” American Political Science Review 102(01): 33--48.

Getmansky, A, and T Zeitzoff. 2014. “Terrorism and Voting: The Effect of Rocket Threat on
Voting in Israeli Elections.” The American Political Science Review 108(3): 588—604.

Gibson, CC., and JD. Long. 2009. “The Presidential and Parliamentary Elections in Kenya,
December 2007.” Electoral studies 28(3): 497-502.

Gibson, JL. 2001. “Social Networks, Civil Society, and the Prospects for Consolidating Russia’s
Democratic Transition.” American Journal of Political Science 45(1): 51-68.

Gingyera-Pinyewa, AGG and Q. Obong-Oula. 2003. “The Political ‘Moods’ of Northern Uganda,

1986-96: A Study of the Presidential and Parliamentary Elections,” in Voting for Democracy in
Uganda edited by S. Makara, G. Tukahebwa, and F. Byarugaba, LDC Publishers: Kampala.

Githongo, J. 2007. “Kenya’s Fight Against Corruption: An Uneven Path to Political Accountability.”
In Cato Institute Development Briefing Paper,.

Golden, MA. 2003. “Electoral Connections: The Effects of the Personal Vote on Political
Patronage, Bureaucracy and Legislation in Postwar Italy.” British journal of political science: 189—
212.

Golooba-Mutebi, F. 2008. “Politics and Local Government in Uganda.” In Foundations for Local
Governance: Decentralization in Comparative Perspective, ed. Fumihiko Saito. Leipzig: Physica-
Verlag, 137—-64.

Golooba-Mutebi, F, and S Hickey. 2016. “The Master of Institutional Multiplicity? The Shifting
Politics of Regime Survival, State-Building and Democratisation in Museveni’s Uganda.”
Journal of Eastern African Studies 10: 601-18.

Gonzalez-Ocantos, E et al. 2012. “Vote Buying and Social Desirability Bias: Experimental Evidence
from Nicaragua.” Awmserican Journal of Political Science 56(1): 202—-17.

Gottlieb, J. 2017. “Explaining Variation in Broker Strategies: A Lab-in-the-Field Experiment in
Senegal.” Comparative Political Studies 50(11): 1556-92.

Gottlieb, J, and H Larreguy. 2020. “An Informational Theory of Electoral Targeting in Young
Clientelistic Democracies: Evidence from Senegal.” Quarterly Journal of Political Science 15(1):

105



73-104.

Government of Uganda, Uganda Electoral Commission. 1Vofer Education Messages on the 1 oting Process.
https:/ /www.ec.or.ug/pub/VE_messages.pdf.

Grasse, D., Sexton, R., and A Wright. 2022. “The Logic and Impacts of Rebel Public Service Provision:
Evidence from Taliban Courts in Afghanistan.” Working Paper:
https://staticl.squatrespace.com/static/53fc9eb3e4b01bd08e4a58ba/t/620ec3db76a6ae5a05
76bb34/1645134812784/ Afghanistan-Courts-GSW.pdf

Green, E 2010. “Patronage, District Creation, and Reform in Uganda” Studies in Comparative
International Development 45(1):83-103.

Green, D., and A. Gerber. 2004. Get out the Vote: How to Increase 1 oter Turnout. Brookings Institution.

Green, DP., AS. Gerber, and David W. Nickerson. 2003. “Getting Out the Vote in Local Elections:
Results from Six Door-to-Door Canvassing Experiments.” Journal of Politics 65(4): 1083--
1096.

Greif, A. 1993. Contract enforceability and economic institutions in early trade: The Maghribi
trader’s coalition. American Economic Review.

Grossman,G and JLewis 2014 “Administrative Unit Proliferation” Awmerican Political Science Review
108(1):196-217

Grossman, G and K Michelich. 2019 “Information Dissemination, competitive pressure and politician
performance between elections: a field experiment in Uganda” American Political Science Review.

Guardado, | and L. Wantchekon (2017) “Do electoral handouts affect voting behaviour?” Afro
Barometer Working Paper No. 171

Gugerty, MK, and M Kremer. 2002. “The Impact of Development Assistance on Social Capital:
Evidence from Kenya.” In The Role of Social Capital in Development: An Empirical Assessment,
eds. Christiaan Grootaert and Thierry van Bastelaer. Cambridge University Press.

Gyimah-Boadi, E. 2009. “Another Step Forward for Ghana.” Journal of democracy 20(2): 138-52.

. 2015. “Africa’s Waning Democratic Commitment.” Journal of Democracy 26(1): 101-13.

Habyarimana, J, M Humphreys, DN. Posner, and JM. Weinstein. 2007. “Why Does Ethnic Diversity
Undermine Public Goods Provision?” American Political Science Review 101(04): 709--725.

Hafner-Burton, EM., SD. Hyde, and RS. Jablonski. 2014. “When Do Governments Resort to
Election Violence?” British Journal of Political Science 44(1): 149-79.

Haggard, S, and R Kaufman. 2021. “Backsliding: Democratic Regress in the Contemporary World.”
Elements in Political Economy.

Harding, R. 2015. “Attribution And Accountability: Voting for Roads in Ghana.” World Politics 67(4):
656-89.

Harris, JA 2021. “Election Administration, Resource Allocation, and Turnout: Evidence From
Kenya.” Comparative Political Studies 54(3—4): 623-51.

Harris, JA, and DN. Posner. 2019. “(Under What Conditions) Do Politicians Reward Their
Supporters? Evidence from Kenya’s Constituencies Development Fund.” Awmerican Political
Science Review 113(1): 123-309.

Hartzell, CA., and M Hoddie. 2015. “The Art of the Possible: Power Sharing and Post-Civil War
Democracy.” World Politics 67: 37.

Herrera, H, Massimo Z, and S Nunnari. 2016. “Turnout across Democracies.” Awmerican Journal of
Political Science 60(3): 607-24.

Hidalgo, FD, and S Nichter. 2016. “Voter Buying: Shaping the Electorate through Clientelism.”
American Journal of Political Science 60(2): 436-55.

Hoffman, BD, and JD Long. 2013. “Parties, Ethnicity, and Voting in African Elections.” Comparative

106



Polities 45: 127--1460.

Hoffman, Barak and Lindsay Robinson. 2009. "Tanzania's Missing Opposition." Journal of Democracy,
vol. 20 no. 4, 2009, p. 123-136. Project MUSE, doi:10.1353/jod.0.0117.

Horowitz, D. 1985. Ethnic Groups in Conflict. University of California Press.

Horowitz, J, and | Long. 2016. “Strategic Voting, Information, and Ethnicity in Emerging
Democracies: Evidence from Kenya.” Electoral Studies 44: 351-61.

Huckfeldt, R., and J. Sprague. 1995. Citizens, Politics and Social Communication: Information and Influence in
an Election Campaign. Cambridge University Press.

Huntington, SP. 1993. 4 The Third Wave: Democratization in the Late Twentieth Century. University of
Oklahoma.

Hyde, SD. 2011 The Pseundo Democrat's Dilenmma Cornell University Press

. 2020. “Democracy’s Backsliding in the International Environment” Science 369 (6508), 1192-

1196

Ichino, N, and N Nathan. 2016. “Democratizing the Party: The Effects of Primary Election
Reforms in Ghana.” British Journal of Political Science: 1-18.

IDEA. 2021. Voter Turnout Database. International Idea. https://www.idea.int/data-tools/country-
view/156/40.

Jenkins, S. 2020. “Violence as an Election Strategy.” In The Oxford Handbook of Kenyan Politics, eds. N
Cheeseman, K Kanyinga, and G Lynch. Oxford University Press, 369—84.

Jockers, H, D Kohnert, and P Nugent. 2010. “The Successful Ghana Election of 2008: A
Convenient Myth ?” The Journal of Modern African Studies 48(1): 95-115.

Jung, DF., and DK Cohen. 2020. Lynching and Local Justice: Legitimacy and Accountability in Weak States.
Cambridge University Press.

Jung, DF., and DA. Lake. 2011a. “Markets, Hierarchies, and Networks: An Agent-Based
Organizational Ecology.” Awmserican Journal of Political Science 55(4): 972--990.

Jung, Danielle F. and Lake, David A. 2011b. “Otrganizations and the Evolution of Cooperation” Paper 5.
http://opensiuc.lib.siu.edu/pnconfs_2011/5

Kakumba, RM. 2020. Double Standard? Ugandans See 1 ote Buying as ‘Wrong and Punishable, > 1 ote Selling
Less So. https:/ /media.africaportal.org/documents/ad415-
ugandans_more_opposed_to_vote_buying than_vote_selling-
afrobarometer_dis_eAqPNecr.pdf.

Kalipeni, E. 1997. “Regional Polarisation in Voting Pattern: Malawi’s 1994 Elections.” Afiican Journal
of Political Science/ Revue africaine de science politique: 152—G7.

Kanyinga, K, JD Long, and D Ndii. 2010. “Was It Rigged? A Forensic Analysis of Vote Returns in
Kenya’s 2007 Election.” In Tensions and Reversals in Democratic Transitions: The Kenya 2007
General Elections, eds. Karuti Kanyinga and Duncan Okello. University of Nairobi, 373—414.

Kasara, K, and P Suryanarayan. 2015. “When Do the Rich Vote Less than the Poor and Why?
Explaining Turnout Inequality across the Wortld.” Awserican Journal of Political Science 59(3):
613-27.

Kasfir, N. 1999. ““No-Party’ Democracy in Uganda.” In Democratization in Africa, eds. Larry
Diamond and Marc F. Plattner. Baltimore and London: The Johns Hopkins University
Press, 201-15.

Katumanga, Musambayi. 2015, “Insecurity and Election Outcomes: The Case of Kenya in 2013
General Elections” in Kenya’s 2013 General Election: Stakes, Practices, and Outcomes

Keatley, P. 2003. “Idi Amin.” The Guardian.
https:/ /web.atchive.org/web/20130727231321 /http:/ /www.guardian.co.uk/news/2003/au
g/18/guardianobituaries (June 26, 2021).

107



Kelley, ] 2012. Monitoring Democracy. Princeton University Press.

Khalilzad, Z. 2016. The Envoy: From Kabul to the White House, My Journey through a Turbulent World. St.
Martin’s.

Kim, EK. 2018. “Sector-Based Vote Choice: A New Approach to Explaining Core and Swing
Voters in Africa.” International Area Studies Review 21(1): 28-50.

Kimenyi, MS. 1997. Ethnic Diversity, Liberty and the State: The African Dilemma. Edward Elgar
Publishing.

Kimenyi, MS., and RG Romero. 2008. “Tribalism as a Minimax-Regret Strategy: Evidence from
Voting in the 2007 Kenyan Elections.”

Kitschelt, H., and SI. Wilkinson. 2007. Patrons, Clients and Policies: Patterns of Democratic Accountability
and Political Competition. Cambridge University Press.

Klaus, K, and JW. Paller. 2017. “Defending the City, Defending Votes: Campaign Strategies in
Urban Ghana.” The Journal of Modern African Studies 55(4): 681-708.

Kochore, HH. 2020. “North Eastern: From the Periphery to the Center.” In The Oxford Handbook of
Kenyan Politics, eds. Nic Cheeseman, Karuti Kanyinga, and Gabrielle Lynch. Oxford
University Press.

Kokutse, F. 2020. “Ghana Votes for President in Test of Country’s Stability.” Associated Press.
https://abcnews.go.com/International /wireStory/ghana-votes-president-reputation-
stability-74578835.

Kongkirati, P. 2016. “Thailand’s Failed 2014 Election: The Anti-Election Movement, Violence and
Democratic Breakdown.” Journal of Contemporary Asia 46(3): 467-85.

Kopinski, D., A. Polus, and W. Tycholiz. 2013. “Resource Curse or Resource Disease? Oil in
Ghana.” African Affairs 112(449): 583-601.

Kostadinova, T., and T]. Power. 2007. “Does Democratization Depress Participation? Voter
Turnout in the Latin American and Eastern European Transitional Democracies.” Political
Research Quarterly 60: 363--377.

Kostelka, F. 2017. “Does Democratic Consolidation Lead to a Decline in Voter Turnout? Global
Evidence Since 1939.” Awmserican Political Science Review 111(4): 653—67.

Koter, D. 2013. “King Makers: Local Leaders and Ethnic Politics in Africa.” World Politics 65(2):
187-232.

Kraemer, R. 2014. Can Afghanistan Survive Its Presidential Election? Foreign Policy Research Institute.
https:/ /www.fpti.org/article/2014/08/ can-afghanistan-survive-its-presidential-election/

Kramon, E. 2013. 1Vote Buying and Electoral Turnout in Kenya. Lynne Rienner Publishers.

. 2016. “Where Is Vote Buying Effective? Evidence from a List Experiment in Kenya.”

Electoral Studies 44: 397-408.

Kron, J. 2011. “Opposition Leader Besigye Arrested in Uganda Protest.” The New York Times.
https://www.nytimes.com/2011/04/19 /wotld/africa/19uganda.html.

Kuenzi, M, and GMS. Lambright. 2007. “Voter Turnout in Africa’s Multiparty Regimes.”
Comparative Political Studies 40(6): 665-90.

2011. “Who Votes in Africa? An Examination of Electoral Participation in 10 African
Countties.” Party Politics 17(6): 767-99.

Lake, DA. 2011. Hierarchy in International Relations. Cornell University Press.

. 2016. The Statebuilder’s Dilemma: On the Limits of Foreign Intervention. Cornell University Press.

Larreguy, H, ] Marshall, and P Querubin. 2016. “Parties, Brokers, and Voter Mobilization: How
Turnout Buying Depends upon the Party’s Capacity to Monitor Brokers.” Awmserican Political
Sczence Review 110(1): 160-79.

Larvie, J. 2008. “Oral History Program Series: Elections.”

108



https://successfulsocieties.princeton.edu/sites/successfulsocieties / files /interviews / transcti
pts/3230/John_Latvie.txt.

Lazar, S. 2004. “Personalist Politics, Clientelism and Citizenship: Local Elections in El Alto,
Bolivia,” Bulletin of Latin American Research

Leeson, PT., and C Harris. 2018. “Wealth-Destroying Private Property Rights.” World Development
107: 1-9.

Levi, M. 1989. Of Rule and Revenue. University of California Press.

Levitsky, S, and LA. Way. 2010. Competitive Authoritarianism: Hybrid Regimes after the Cold War.
Cambridge

Levy, M. R. 1983. “The Methodology and Performance of Election Day Polls.” Public Opinion Quarterly
47(1): 54-67.

Lijphart, A. 1991. “Constitutional Choices for New Democracies.” Journal of Denocracy: 72—84.

Lindberg, SI., and MKC. Morrison. 2005. “Exploring Voter Alignments in Africa: Core and Swing

Voters in Ghana.” The Journal of Modern African Studies 43(4): 565-86.

. 2008. “Are African Voters Really Ethnic or Clientelistic? Survey Evidence from Ghana.”

Political Science Quarterly 123(1): 95-122.

Logan, C. 2009. “Selected Chiefs, Elected Councillors and Hybrid Democrats: Popular Perspectives
on the Co-Existence of Democracy and Traditional Authority.” The Journal of Modern African
Studies 47(1): 101-28.

Long, JD. 2012. “Voting, Fraud, and Violence: Political Accountability in African Elections.”

University of California, San Diego.

. 2020. “Civil Conflict, Power Sharing, Truth and Reconciliation (2005-2013).”” In The Oxford

Handbook of Kenyan Politics, eds. Nic Cheeseman, Karuti Kanyinga, and Gabrielle Lynch.

Oxford University Press, 82-95.

Long, JD., and CC. Gibson. 2015. “Evaluating the Roles of Ethnicity and Performance in African
Elections: Evidence from an Exit Poll in Kenya.” Political Research Quarterly 68(4): 830—42.

Long, JD., K Kanyinga, KE. Ferree, and C Gibson. 2013. “Kenya’s 2013 Elections: Choosing Peace
over Democracy.” Journal of Democracy 24(3): 140-55.

Lynch, G. 2011. I Say to You: Ethnic Politics and the Kalejin in Kenya. The University of Chicago Press.

. 2018. Performances of Injustice: The Politics of Truth, Justice and Reconciliation in Kenya. Cambridge:

Cambridge University Press

Lyne, M. 2008. The Voter’s Dilemma and Democratic Accountability: Latin America and Beyond. Penn State
Press.

Lynge-Mangueira, H. 2013. “How to Rig an Election and What Two Constituencies in Ghana Might
Teach Us about Defining and Measuring Electoral Rigging.” Presented at the Electoral
Integrity Project Annual Workshop, Weatherhead Center, Harvard University, Cambridge,
MA.

Mackie, G. 2003. Democracy Defended. Cambridge University Press.

Magalhaes, PC. 2014. “Government Effectiveness and Support for Democracy.” Eurgpean Journal of
Political Research 53(1): 77-97.

Magaloni, B. 2000. oting for Autocracy: Hegemonic Party Survival and Its Demise in Mexico. Cambridge
University Press Cambridge.

Magdy, Samy. 2019. “Rights Group Denounces ‘Unfree and Unfair’ Egyptian Vote.” Associated Press.

Makara, S. 2003. “Voting for Democracy in Uganda: Issues in Recent Elections, 1996-2001,” pp. 1-
32. In Voting for Democracy book.

.2003. “The Buganda Issues in Electoral Politics During the 1996 Presidential Elections: A
Case of Rakai District,” 116-135. In Voting for Democracy book.
Makara, S, 1. Rakner, and L. Sviasand. 2009. “Turnaround: The National Resistance Movement and

109



the Reintroduction of a Multiparty System in Uganda.” International Political Science Review
30(2): 185-204.

Malejacq, R. 2020. Warlord Survival The Delusion of State Building in Ajfghanistan. Cornell University
Press.

Malkasian, C. 2013. War Comes to Garmser: Thirty Years of Conflict on the Afghan Frontier. Oxford
University Press, Incorporated.

Mamdani, M. 1996. Citizen and Subject: Contemporary Africa and the 1 egacy of Late Colonialism. Princeton

Mares, 1. 2015. From Open Secrets to Secret 1 oting: Democratic Electoral Reforms and 1V oter Autonomy. New

York: Cambridge University Press.

. 2021. Democratization after Democratization

Mares, I, and L Young. 2016. “Buying, Expropriating, and Stealing Votes.” Annual Review of Political
Sczence 19(1): 267-88.

Mares, I, and LE. Young. 2018. “The Core Voter’s Curse: Clientelistic Threats and Promises in
Hungarian Elections.” Comparative Political Studies 51(11): 1441-71.

Mari, G. 2019. “Confessions of a Jubilee Supporter.” The Elephant.
https:/ /www.theelephant.info/reflections/2019/05/24/ confessions-of-a-jubilee-supporter/

Martinez-Bravo, M, G Padro i Miquel, N Qian, and Y Yao. 2017. Social Fragmentation, Public Goods and
Elections: Evidence from China. Working Paper.

Meilsin, RJ. 1982. “Rural Voters, despite Fears, Hike for Miles.” The New York Times.

Melia, TO. 2002. Afghan Perspectives on Democracy: A Report on Focus Groups in the Kabul Area On the Eve
of the Emergency Loya Jirga. Washington, DC: National Democratic Institute for International
Affairs. https://www.ndi.org/sites/default/files/1411_af_report_052802_5.pdf.

Meredith, M. 2005. The Fate of Africa: A History of the Continent Since independence. New York: Public

Affairs.

Metzroth, K. 2010. “Civil Society and the Road to Kronti Ne Akwamu: Ghana’s 2008 Electoral
Experience.” Georgetown University.

Migdal, J. 1988. Strong Societies and Weak States: State-Society Relations and State Capabilities in the Third
World. Princeton University Press.

Miguel, E, and MK Gugerty. 2005. “Ethnic Diversity, Social Sanctions, and Public Goods in
Kenya.” Journal of Public Economies 89(11-12): 2325--2368.

Mitullah, WV. 2015. “Negotiated Democracy: A Double-Barrelled Sword” in Kenya’s 2013 General
Election: Stakes, Practices, and Outcomes

Mishler, W, and Richard Rose. 1997. “Trust, Distrust and Skepticism: Popular Evaluations of Civil
and Political Institutions in Post-Communist Societies.” The journal of politics 59(2): 418-51.

Mobasher, Mohammad Bashir. 2017. “Political Laws and Ethnic Accommodation: Why Cross-
Ethnic Coalitions Have Failed to Institutionalize in Afghanistan.” University of Washington.

Moloney, A. 2006. “Colombia’s Guerrilla Democracy.” Slaze.

Morrison, MKC. 2004. “Political Parties in Ghana through Four Republics: A Path to Democratic
Consolidation.” Comparative Politics 36(4): 421-42.

Mottison, MKC., and JW Hong. 2006. “Ghana’s Political Parties: How Ethno/Regional Vatiations
Sustain the National Two-Party System.” The Journal of Modern African Studies 44(4): 623—47.

Morton, RB. 1987. “A Group Majority Voting Model of Public Good Provision.” Social Choice and
Welfare 4(2): 117--131.

Moser and Scheiner. 2012. Electoral Systems and Political Contexct: How the Effects of Rules 1 ary.
Cambridge

Mpagi, C. 2018. “Return of Queue Voting System in Uganda.” The East African.

Mueller, SD. 2008. “The Political Economy of Kenya’s Crisis.” Journal of Eastern African Studies 2(2):

110



185-210.

. 2020. “High-Stakes Ethnic Politics.” In The Oxford Handbook of Kenyan Politics, eds. Nic

Cheeseman, Karuti Kanyinga, and Gabrielle Lynch. Oxford University Press.

Muhula, R. 2020. “The Limits of Multi-Partyism (1992-2005).” In The Oxford Handbook of Kenyan
Politics, eds. Nic Cheeseman, Karuti Kanyinga, and Gabrielle Lynch. Oxford University
Press.

Mukhopadhyay, D. 2014. Warlords, Strongman Governors, and the State in Afghanistan. Cambridge
University Press.

Murtazashvili, I, and ] Murtazashvili. 2015. “Anarchy, Self-Governance, and Legal Titling.” Public
Choice 162(3): 287-305.

Murtazashvili, J. 2016. Informal Order and the State in Afghanistan. Cambridge University Press.

. 2022. Collapse of Afghanistan Journal of Democracy 33:1

Murunga, GR. 1999. “Urban Violence in Kenya’s Transition to Pluralist Politics, 1982-1992.” Africa
Development XXIV (1 & 2): 165-98.

Musambi, E. 2017. “Electoral Commission Wins Rare Praise from Kenyans.” Nairobi News.
https://nairobinews.nation.co.ke/news/electoral-commission-wins-praise-kenyans

Mushemeza, ED. 2001. “Issues of Violence in the Democratisation Process in Uganda.” Africa
Development 26(1/2): 55-72.

Mutibwa, PM. 1992. Uganda Since Independence: A Story of Unfulfilled Hopes. Africa World Press.

Mwenda, AM. 2007. “Personalizing Power in Uganda.” Journal of democracy 18(3): 23-37.

Mwenda, AM., and R Tangri. 2005. “Patronage Politics, Donor Reforms, and Regime Consolidation
in Uganda.” African Affairs 104(416): 449-67.

Myburgh, J, and H Giliomee. 2010. “One-Party Dominance in South Africa.” In Dominant Political
Parties and Democracy: Concepts, Measures, Cases and Comparisons, Routledge, 175.

Nathan, NL. 2019a. “Electoral Consequences of Colonial Invention: Brokers, Chiefs, and

Distribution in Northern Ghana.” World Politics 71(3): 417-56.

. 2019b. Electoral Politics and Africa’s Urban Transition: Class and Ethnicity in Ghana. Cambridge

upP

Ndegwa, SN. 1997. “Citizenship and Ethnicity: An Examination of Two Transition Moments in

Kenyan Politics.” The American Political Science Review 91(3): 599-616.

. 2003. “Kenya: Third Time Lucky?” Journal of Democracy 14(3): 145-58.

Ndiso, J. 2017. “Some Kenyans, Keen to Vote, Rent Babies to Jump Long Queues.” Rexuters.
https:/ /www.reuters.com/article/us-kenya-election-babies-idUSKBN1AO1]1

Nickerson, DW. 2005. “Partisan Mobilization Using Volunteer Phone Banks and Door Hangers.”
The ANNALS of the American Academy of Political and Social Science 601(1): 10--27.

Nichter, S. 2008. Vote Buying or Turnout Buying? Machine Politics and the Secret Ballot. Awmerican
Political Science Review, 102(1), 19-31. doi:10.1017/5S0003055408080106
2018. Votes for Survival: Relational Clientelism in Latin America. Cambridge University Press.

Novaes, LM. 2018. “Disloyal Brokers and Weak Parties.” Awserican Journal of Political Science 62(1): 84—

98.
Nugent, P. 2001. “Ethnicity as an Explanatory Factor in the Ghana 2000 Elections.” African Issues
29(1/2): 2-7.

. 2006. “Banknotes and Symbolic Capital: Ghana’s Elections Under the Fourth Republic.” In
Votes, Money and 1 iolence: Political Parties and Elections in Sub-Saharan Africa, ed. A Mehler.
Nordic Africa Institute.

. 2009. “Nkruman and Rawlings: Political Lives In Parallel?” Transactions of the Historical Society
of Ghana (12): 35-56.

Nunn, N. and L. Wantchekon. 2011. “The Slave Trade and the Origins of Mistrust in Africa,”

111



American Economic Review 101(7): 3221-52.

Nyairo, Joyce. 2015 “Drivers of “‘Victory’ of ‘Loss™ in Kenya’s 2013 General Election: Stakes,
Practices, and Outcome

O’Brien, DBC. 2003. Symbolic Confrontations: Muslims Imagining the State in Africa. C. Hurst & Co.
Publishers.

Odote, Collins. 2020. The 2013 elections and the peace narrative (2013-2015)

Oduol, Jacqueline Adhiambo. 2015“Exclusionary Practices in the Elections of March 2013 in
Kenya: How Gender Issues were Negotiated by Leaders and Voters” in Kenya’s 2013
General Election: Stakes, Practices, and Outcomes,

Ofosu, G, ] Asunka, S Brierley, and E Kramon. 2019. “Electoral Fraud or Violence: The Effect of
Observers on Party Manipulation Strategies.” George Ofosu.

Ofosu, GK. 2019. “Do Fairer Elections Increase the Responsiveness of Politicians?” Awserican
Political Science Review 113(4): 963-79.

Okombo, O, and Olang’ Sana. 2010. Balaa Mitaani: The Challenge of Mending Ethnic Relations in the
Nairobi S lums. Nairobi: Friedrich Ebert Stiftung. https://library.fes.de/pdf-
files/bueros/kenia/07884.pdf.

Okuku, J. 2002. “Ethnicity, State Power and the Democratisation Process in Uganda.” Nordiska
Afrikainstitutet. Discussion Paper 17.

Okyerefo, MPK, DY Fiaveh, and KT Asante. 2011. “Religion as a Tool in Strengthening the
Democratic Process in Ghana.” Journal of African Studies and Development 3(6): 124-30.
Oloka-Onyango, |, and ] Ahikire, eds. 2017. Controlling Consent: Uganda’s 2016 Elections. Africa World

Press.

Oloo, A. 2020. “The Weaknesses of Political Parties.” In The Oxford Handbook of Kenyan Politics, eds.
Cheeseman, Kanyinga, and Lynch. Oxford University Press.

Olson, Mancur. 1965. The Logic of Collective Action

Omar, QA. 2013. A Fort of Nine Towers: An Afghan Family Story. 1st ed. New York: Farrar, Straus and
Giroux.

Omotola JS. 2013. “The Electoral Commission of Ghana and the Administration of the 2012
Elections.” Journal of African Elections 12(2): 34-55.

Oset, A. 2013. “Political Parties in Ghana: Agents of Democracy?” Journal of Contemporary African

Studies 31(4): 543—063.

. 2016. “Formal Party Organisation and Informal Relations in African Parties: Evidence

trom Ghana.” The Journal of Modern African Studies 54(1): 37-66.

Oucho, JO. 2002. Undercurrents of Ethnic Conflicts in Kenya. BRILL.

Owusu, M. 1996. “Tradition and Transformation: Democracy and the Politics of Popular Power in
Ghana.” The Journal of Modern African Studies 34(2): 307—43.

Paller, JW. 2019. Democracy in Ghana: Everyday Politics in Urban Africa. Cambridge University Press.

Paris, R. 2004. Az War’s End: Building Peace After Civil Conflict. Cambridge University Press.

Parliament of Uganda. 2005. Parliamentary Elections Act. https:/ /aceproject.org/ero-
en/regions/africa/ UG /uganda-parliamentary-elections-act-2005.

Partlow, J. 2017. A Kingdom of Their Own: The Family Karzai and the Afghan Disaster. Vintage.

“Polling Stations Open in Kenya despite Calls for Boycott.” 2017. France 24.
https:/ /www.france24.com/en/20171026-polling-booths-open-kenya-despite-calls-boycott-
vote

Pillai 2014. Students show Inked finger, avail discounts
https:/ /www.hindustantimes.com/india/students-show-inked-finger-avail-discounts-after-
polls/story-SclvNUNtM4Y 53v2preePJLhtml

112



Popkin, S., J. Gorman, C. Phillips, and J. Smith. 1976. “Comment: What Have You Done for Me
Lately? Toward an Investment Theory of Voting.” Awmerican Political Science Review 70(30):
779--805.

Posner, D. 2005. Institutions and Ethnic Politics in Africa. Cambridge University Press.

Przeworski, A, SC Stokes, and BManin. 1999. 2 Democracy, Accountability, and Representation. Cambridge
University Press.

Putnam, RD. 2000. Bow/ing Alone: America’s Declining Social Capital. Routledge.

Rabushka, A and K Shepsle 1972 Politics in Plural Societies

Rashid, A. 2008. Descent Into Chaos: The US and the Failure of Nation Building in Pakistan, Afghanistan, and

Central Asia. Penguin.

. 2010. Taliban: Militant Islam, Oil and Fundamentalism in Central Asia. 2nd ed. Yale University

Press.

Repucci, S, and A Slipowitz. 2021. Freedons in the World 2021: Democracy under Siege. Freedom House.
https://freedomhouse.otg/report/freedom-world /2021 /democracy-undet-siege.

Riker, WH., and Peter C. Ordeshook. 1968. “A Theory of the Calculus of Voting.” Awmerican Political
Science Review 62(01): 25--42.

Robinson, AL. 2014. “National Versus Ethnic Identification in Africa: Modernization, Colonial
Legacy, and the Origins of Territorial Nationalism.” World Politics 66(4): 709--746.

Rosenzweig, LR. 2019. Social V'oting in Semi-Authoritarian Systems. Working paper.

Rubin, BR. 1995. The Fragmentation of Afghanistan: State Formation and Collapse in the International Systens.

Yale.

. 2013. Afghanistan from the Cold War throngh the War on Terror. Oxford University Press.

Rueda, MR. 2017. “Small Aggregates, Big Manipulation: Vote Buying Enforcement and Collective
Monitoring.” American Journal of Political Science 61(1): 163-77.

Rutten, M, A Mazrui, and F Grignon. 2001. Out for the Count: The 1997 General Elections and Prospects
Jfor Democracy in Kenya. Kampala: Fountain Publishers.

Salahuddin, S. 2020. “Fears Raised over Influx of Fake Afghan Poll Cards.” Rewters.
https:/ /www.reuters.com/article/us-afghanistan-election/ fears-raised-over-influx-of-fake-
afghan-poll-cards-idUSTREG8C4]T20100914.

Samuels, DJ. 2002. “Pork Barreling Is Not Credit Claiming or Advertising: Campaign Finance and
the Sources of the Personal Vote in Brazil.” The journal of Politics 64(3): 845—063.

Schafter, F. 2003. Democracy in Translation. Ithaca: Cornell University Press.

Schroen, GC. 2005. First In: An Insider’s Account of How the CLA Spearheaded the War on Terror in
Afshanistan. Presidio Press/Ballantine Books.

Seekings, J. 2013. “Social Policy.” In Routledge Handbook of African Politics, eds. Nic Cheeseman, David
M. Anderson, and Andrea Scheibler. New York: Routledge, 309-21.

Shaver, Andrew and Austin Wright. 2017. “Data on Combatant Activity during Afghanistan War
Advance Scientific Investigation of Insurgency.” Unpublished manuscript.

Simpser, A. 2013. Why Governments and Parties Manipulate Elections: Theory, Practice, and Implications.
Cambridge.

Sinclair, B. 2012. The Social Citizen: Peer Networks and Political Bebavior. University of Chicago Press.

Smith, A, and B Bueno de Mesquita. 2012. “Contingent Prize Allocation and Pivotal Voting.” British
Journal of Political Science: 371-92.

Smith, SS. 2011. Afghanistan’s Troubled Transition: Politics, Peacekeeping, and the 2004 Presidential Election.
FirstForumPress.

Snyder, J. 2000. From Voting to Violence: Democratization and Nationalist Conflict. Norton.

Staff, Reuters. 2021. “Uganda’s Museveni Wins Sixth Term, Rival Alleges Fraud.” Rewuters.
https:/ /www.reuters.com/article/uk-uganda-election-idUSKBN29MO4E (June 27, 2021).

113



Stasavage, D. 2005. “The Role of Democracy in Uganda’s Move to Universal Primary Education.”
The Journal of Modern African Studies 43(1): 53-73.

Steele, A. 2011. “Electing Displacement: Political Cleansing in Apartado, Colombia.” Journal of
Conflict Resolution 55(3): 423--445.

Michalopoulos S and E Papaioannou. 2014. “On the Ethnic Origins of African Development:
Chiefs and Precolonial Political Centralization.” Acadenzy of Management Perspectives 29(1).

Krasner, SD and JM. Weinstein. 2014. “Improving Governance from the Outside In.” Annnal Review
of Political Science 17: 123—45.

Scott, J. 1969. “Corruption, Machine Politics, and Political Change.” American Political Science Review
63(4):

1142-1158.

. 1977. The Moral Economy of the Peasant: Rebellion and Subsistence in Southeast Asia. New Haven:

Yale

University Press.

Stokes, SC. 2005. “Perverse Accountability: A Formal Model of Machine Politics with Evidence
from Argentina.” The American Political Science Review 99(3): 315--325.

Stokes, SC., T Dunning, M Nazareno, and V Brusco. 2013. Brokers, 1 oters, and Clientelism: The Puzzle
of Distributive Politics. Cambridge University Press.

Straus, S, and C Taylor. 2009. “Democratization and Electoral Violence in Sub-Saharan Africa,
1990-2007.” In APSA 2009 Toronto Meeting Paper,.

Shughart and Mainwaring. 1997. “Presidentialism and Democracy in Latin America: Rethinking the
Terms of the Debate,.” Presidentialism in Latin America: 12-54.

Tapscott, R. 2016. “Where the Wild Things Are Not: Crime Preventers and the 2016 Ugandan
Elections.” Journal of Eastern African Studies 10(4): 693—712.

Throup, D, and C Hornsby. 1998. Multi-Party Politics in Kenya: The Kenyatta & Moi States & the Triumph
of the System in the 1992 Election. James Currey Publishers.

Tripp, AM. 2010. 6 Museveni’s Uganda: Paradoxes of Power in a Hybrid Regime. Boulder: Lynne Rienner

Publishers.

. 2000. Women and Politics in Uganda, Madison: University of Wisconsin Press

Tsai, LL. 2007. Accountability without Democracy: Solidary Groups and Public Goods Provision in Rural China.
Cambridge University Press.

Tucker, J. 2006. Regional Economic Voting: Russia, Poland, Hungary, Slovakia and the Czech Republic, 1990-
1999.

Cambridge University Press.

Tullock, G. 1967. Towards a Mathematics of Politics. Ann Arbor, MI: University of Michigan Press.

“Uganda: Elections Marred by Violence.” 2021. Human Rights Watch.
https:/ /www.hrw.otg/news/2021/01/21/uganda-elections-martred-violence (June 27,
2021).

Uganda Presidential Elections Act of 2005. Part VI https:/ /ulii.org/akn/ug/act/2005/16/eng%402015-
10-01.

Uhlaner, CJ. 1986. “Political Participation , Rational Actors, and Rationality: A New Approach and
Rationality.” Political Psychology 7(3): 551--573.

Unit, Economist Intelligence. 2021. Democracy Index 2020: In Sickness and in Health?

VOA News. 2009. “Ghana Voters Combine Christmas With Political Gift-Giving.” 1"O.A News.
https:/ /www.voanews.com/archive/ghana-voters-combine-chtistmas-political-gift-giving.

van de Walle, N. 2003. “Presidentialism and Clientelism in Africa's Emerging Party Systems.” The

114



Journal of Modern African Studies 41(2): 297--321.

Wamai, N. 2020. “International Relations and the International Criminal Court.” In The Oxford
Handbook of Kenyan Politics, eds. N Cheeseman, K Kanyinga, and G Lynch. Oxford University
Press.

Wamwere, K. 2008. Towards Genocide in Kenya: The Curse of Negative Ethnicity. Mvule Africa Publishers.

Wantchekon, L. 2003. “Clientelism and Voting Behavior: Evidence from a Field Experiment in
Benin.” World Politics 55(03): 399--422.

Wanyama, FO. 2010. “Voting Without Institutionalized Political Parties: Primaries, Manifestos and
the 2007 General Elections in Kenya.” In Tensions and Reversals in Democratic Transitions: The
Kenya 2007 General Elections, eds. Kanyinga and Okello. University of Nairobi, 61-100.

Wattenberg, BJ. 1986. “The Whole World Is Watching.” Newsweek.

Weidmann, NB., and Michael Callen. 2012. “Violence and Election Fraud: Evidence from
Afghanistan.” British Journal of Political Science : 1--23.

Wegner, Eva. 2018. “Local-Level Accountability in a Dominant Party System.” Government and
Opposition 53(1): 51-75.

Welch, GH. 2020. Ghana Election: Fanlt 1.ines in a Resilient Democracy. Chatham House.

Wilder, A. 2005. A House Divided? Analysing the 2005 Afghan Elections. Afghanistan Research and
Evaluation Unithttps://areu.org.af/wp-content/areu_publications/2015/12/531E-A-
House-Divided-IP-print.pdf.

Wilkinson, SI. 2006. Votes and Violence. Cambridge University Press.

Willis, J, G Lynch, and N Cheeseman. 2017. “The Voting Machine: The Material Culture of Polling
Stations in Ghana, Kenya and Uganda.” Politigue Africaine (144).

World Development Indicators. 2019. World Bank.
https://data.wotldbank.org/indicator/NY.GDP.PCAP.CDrlocations=UG-GH-AF-KE.

You and Your MP. 2005. Nairobi: Centre for Governance and Development.

Youde, J. 2005. “Economics and Government Popularity in Ghana.” Electoral Studies 24(1): 1-16.

Young, DJ. 2009. “Is Clientelism at Work in African Elections? A Study of Voting Behavior in
Kenya and Zambia.” Working Paper No. 100.

115



